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Preface

The purpose of this book is to present arbitrage theory and its applications to pricing problems for financial
derivatives. It is intended as a textbook for graduate and advanced undergraduate students in finance, economics,
mathematics, and statistics and I also hope that it will be useful for practitioners.

Because of its intended audience, the book does not presuppose any previous knowledge of abstract measure theory.
The only mathematical prerequisites are advanced calculus and a basic course in probability theory. No previous
knowledge in economics or finance is assumed.

The book starts by contradicting its own title, in the sense that the second chapter is devoted to the binomial model.
After that, the theory is exclusively developed in continuous time.

The main mathematical tool used in the book is the theory of stochastic differential equations (SDEs), and instead of
going into the technical details concerning the foundations of that theory I have focused on applications. The object is to
give the reader, as quickly and painlessly as possible, a solid working knowledge of the powerful mathematical tool
known as It6 calculus. We treat basic SDE techniques, including Feynman-Kac¢ representations and the Kolmogorov
equations. Martingales are introduced at an early stage. Throughout the book there is a strong emphasis on concrete
computations, and the exercises at the end of each chapter constitute an integral part of the text.

The mathematics developed in the first part of the book is then applied to arbitrage pricing of financial derivatives. We
cover the basic Black-Scholes theory, including delta hedging and “the greeks”, and we extend it to the case of several
underlying assets (including stochastic interest rates) as well as to dividend paying assets. Barrier options, as well as
currency and quanto products, are given separate chapters. We also consider, in some detail, incomplete markets.

American contracts are treated only in passing, The reason for this is that the theory is complicated and that few
analytical results are available. Instead I have included a chapter on stochastic optimal control and its applications to
optimal portfolio selection.

Interest rate theory constitutes a large part of the book, and we cover the basic short rate theory, including inversion of
the yield curve and affine term structures. The Heath-Jarrow-Morton theory is treated, both under the objective
measure and under a martingale measure, and we also present the Musiela parametrization. The basic framework for
most chapters is that of a multifactor model, and this allows us, despite the fact that we do not formally use measure
theory, to give a fairly complete treatment of the general change of numeraire
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technique which is so essential to modern interest rate theory. In particular we treat forward neutral measures in some
detail. This allows us to present the Geman-El Karoui-Rochet formula for option pricing, and we apply it to the
general Gaussian forward rate model, as well as to a number of particular cases.

Concerning the mathematical level, the book falls between the elementary text by Hull (1997), and more advanced
texts such as Duffie (1996) or Musiela and Rutkowski (1997). These books are used as canonical references in the
present text.

In order to facilitate using the book for shorter courses, the pedagogical approach has been that of first presenting and
analyzing a simple (typically one-dimensional) model, and then to derive the theory in a more complicated
(multidimensional) framework. The drawback of this approach is of course that some arguments are being repeated,
but this seems to be unavoidable, and I can only apologize to the technically more advanced reader.

Notes to the literature can be found at the end of most chapters. I have tried to keep the reference list on a manageable
scale, but any serious omission is unintentional, and I will be happy to correct it. For more bibliographic information
the reader is referred to Duffie (1996) and to Musiela and Rutkowski (1997) which both contain encyclopedic
bibliographies.

On the more technical side the following facts can be mentioned. I have tried to present a reasonably honest picture of
SDE theory, including Feynman-Kac¢ representations, while avoiding the explicit use of abstract measure theory.
Because of the chosen technical level, the arguments concerning the construction of the stochastic integral are thus
forced to be more or less heuristic. Nevertheless I have tried to be as precise as possible, so even the heuristic
arguments are the “correct” ones in the sense that they can be completed to formal proofs. In the rest of the text I try
give full proofs of all mathematical statements, with the exception that I have often left out the checking of various
integrability conditions.

Since the Girsanov theory for absolutely continuous changes of measures is outside the scope of this text, martingale
measures are introduced by the use of locally riskless portfolios, partial differential equations (PDEs) and the
Feynman-Ka¢ representation theorem. Still, the approach to arbitrage theory presented in the text is basically a
probabilistic one, emphasizing the use of martingale measures for the computation of prices.

The integral representation theorem for martingales adapted to a Wiener filtration is also outside the scope of the
book. Thus we do not treat market completeness in full generality, but restrict ourselves to a Markovian framework.
For most applications this is, however, general enough.
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1 Introduction

1.1 Problem Formulation

The main project in this book consists in studying theoretical pricing models for those financial assets which are
known as financial derivatives . Before we give the formal definition of the concept of a financial derivative we will,
however, by means of a concrete example, introduce the single most important example: the European call option.

Let us thus consider the Swedish company C&>H, which today (denoted by #=0) has signed a contract with an
American counterpart ACME. The contract stipulates that ACME will deliver 1000 computer games to Ce>H exactly
six months from now (denoted by 7= T). Furthermore it is stipulated that C¢>H will pay 1000 US dollars per game to
ACME at the time of delivery (i.e. at 7= T). For the sake of argument we assume that the present spot currency rate
between the Swedish krona (SEK) and the US dollar is 8.00 SEK/$.

One of the problems with this contract from the point of view of C¢>H is that it involves a considerable currency
risk . Since C&H does not know the currency rate prevailing six months from now, this means that it does not know
how many SEK it will have to pay at 7= T. If the cutrency rate at /= T'is still 8.00 SEK/$ it will have to pay 8,000,000
SEK, but if the rate rises to, say, 8.50 it will face a cost of 8,500,000 SEK. Thus C&&>H faces the problem of how to
guard itself against this currency risk, and we now list a number of natural strategies.

1. The most naive stratgey for Ce¢>H is perhaps that of buying one $1,000,000 today at the price of 8,000,000
SEK, and then keeping this money (in a Eurodollar account) for six months. The advantage of this procedure is
of course that the currency risk is completely eliminated, but there are also some drawbacks. First of all the
strategy above has the consequence of tying up a substantial amount of money for a long period of time, but an
even more serious objection may be that C&>»H perhaps does not have access to 8,000,000 SEK today.

2. A more sophisticated arrangement, which does not require any outlays at all today, is that C&H goes to the
forward market and buys a forward contract for $1,000,000 with delivery six months from now. Such a
contract may, for example, be negotiated with a commercial bank, and in the contract two things will be
stipulated.

* The bank will, at 7= T, deliver $1,000,000 to C&H.
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*  Ce&»H will, at 7= T, pay for this delivery at the rate of K SEK/$. The exchange rate K, which is called the
forward price , (or forward exchange rate) at /=0, for delivery at 7= T, is determined at 7=0. By the
definition of a forward contract, the cost of entering the contract equals zero, and the forward rate Kis thus
determined by supply and demand on the forward market. Observe, however, that even if the price of
entering the forward contract (at /=0) is zero, the contract may very well fetch a nonzero price during the
interval [0, T].

Let us now assume that the forward rate today for delivery in six months equals 8.10 SEK/$. If Ce>H enters the
forward contract this simply means that there are no outlays today, and that in six months it will get one $1,000,000 at
the predetermined total price of 8,100,000 SEK. Since the forward rate is determined today, C¢>H has again
completely eliminated the currency risk.

However, the forward contract also has some drawbacks, which are related to the fact that a forward contract is a
binding contract. To see this let us look at two scenarios.

* Suppose that the spot currency rate at = T turns out to be 8.20. Then C¢>H can congratulate itself, because it
can now buy dollars at the rate 8.10 despite the fact that the market rate is 8.20. In terms of the million dollars at
stake Ce»H has thereby made an indirect profit of 8,200,000 [0,1] 8,100,000 = 100,000 SEK.

* Suppose on the other hand that the spot exchange rate at /= T  turns out to be 7.90. Because of the forward
contract this means that C&H is forced to buy dollars at the rate of 8.10 despite the fact that the market rate is
7.90, which implies an indirect loss of 8,100,000 [0,7] 7,900,000 = 200,000 SEK.

3. What C&»H would like to have of course is a contract which guards it against a high spot rate at 7= T, while
still allowing it to take advantage of a low spot rate at /= 1. Such contracts do in fact exist, and they are
called European call options . We will now go on to give a formal definition of such an option.

Definition 1.1 4 European call option oz the amount of X US dollars, with strike price (exercise price) K SEK/$ and
exercise date T is a contract written at =0 with the following properties.

o The holder of the contract has, exactly at the time 1= 1, the tight to buy X US dollars at the price K SEK/$.
o The holder of the option has no obligation to buy the dollars.

Concerning the nomenclature, the contract is called an option precisely because it gives the holder the option (as
opposed to the obligation) of buying some underlying asset (in this case US dollars). A call option gives the holder
the right to buy, wheareas a put option gives the holder the right to sell the underlying object at a prespecified price.
The prefix European means that the
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option can only be exercised at exactly the date of expiration. There also exist American options, which give the
holder the right to exercise the option at any time before the date of expiration.

Options of the type above (and with many variations) are traded on options markets all over the world, and the
underlying objects can be anything from foreign currencies to stocks, oranges, timber or pig stomachs. For a given
underlying object there are typically a large number of options with different dates of expiration and different strike
prices.

We now see that C&»H can insure itself against the currency risk very elegantly by buying a European call option,
expiting six months from now, on a million dollars with a strike price of, for example, 8.00 SEK/$. If the spot
exchange rate at T exceeds the strike price, say that it is 8.20, then C & H exercises the option and buys at 8.00 SEK/
$. Should the spot exchange rate at T fall below the strike price, it simply abstains from exercising the option.

Note, however, that in contrast to a forward contract, which by definition has the price zero at the time at which it is
entered, an option will always have a nonnegative price, which is determined on the existing options market. This
means that our friends in C&&H will have the rather delicate problem of determining exactly which option they wish to
buy, since a higher strike price (for a call option) will reduce the price of the option.

One of the main problems in this book is to see what can be said from a theoretical point of view about the market
price of an option like the one above. In this context it is worth noting that the European call has some properties
which turn out to be fundamental.

* Since the value of the option (at T) depends on the future level of the spot exchange rate, the holding of an
option is equivalent to a future stochastic claim .
* The option is a derivative asset in the sense that it is defined in terms of some underlying financial asset.

Since the value of the option is contingent on the evolution of the exchange rate, the option is often called a
contingent claim . Later on we will give a precise mathematical definition of this concept, but for the moment the
informal definition above will do. An option is just one example of a financial derivative, and a far from complete list
of commonly traded derivatives is given below.

* European calls and puts
* American options

* Forward rate agreements
* Convertibles

* Futures

* Bonds and bond options
* Caps and floors

* Interest rate swaps
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Later on we will give precise definitions of (most of) these contracts, but at the moment the main point is the fact that
financial derivatives exist in a great variety and are traded in huge volumes. We can now formulate the two main
problems which concern us in the rest of the book.

Main Problems: Take a fixed derivative as given.

e What is a “fair” price for the contract?
* Suppose that we have sold a derivative, such as a call option. Then we have exposed ourselves to a certain
amount of financial risk at the date of expiration. How do we protect (“hedge”) ourselves against this risk?

Let us look more closely at the pricing question above. There exist two natural and mutually contradictory answers.

Answer 1: “Using standard principles of operations research, a reasonable price for the derivative is obtained by
computing the expected value of the discounted future stochastic payoff.”

Answer 2: “Using standard economic reasoning, the price of a contingent claim, like the price of any other
commodity, will be determined by market forces. In particular it will be determined by the supply and demand curves
for the market for derivatives. Supply and demand will in their turn be influenced by such factors as aggregate risk
aversion, liquidity preferences, etc., so it is impossible to say anything concrete about the theoretical price of a
derivative.”

The reason that there is such a thing as a theory for derivatives lies in the following fact.

Main Result: Both answers above are incorrect! It is possible (given, of course, some assumptions) to talk about the “correct” price of a
derivative, and this price is not computed by the method given in Answer 1 above.

In the succeeding chapters we will analyze these problems in detail, but we can already state the basic philosophy here.
The main ideas are as follows.
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Main Ideas:

* A financial derivative is defined in terms of some underlying asset which already exists on the market.

e The derivative cannot therefore be priced arbitrarily in relation to the underlying prices if we want to avoid

mispricing between the derivative and the underlying price .

We thus want to price the derivative in a way that is consistent with the underlying prices given by the market.

¢ We are not trying to compute the price of the derivative in some “absolute” sense. The idea instead is to
determine the price of the derivative in terms of the market prices of the underlying assets .



2 The Binomial Model

In this chapter we will study, in some detail, the simplest possible nontrivial model of a financial market—the binomial
model. This is a discrete time model, but despite the fact that the main purpose of the book concerns continuous time
models, the binomial model is well worth studying. The model is very easy to understand, almost all important
concepts which we will study later on already appear in the binomial case, the mathematics required to analyze it is at
high school level, and last but not least the binomial model is often used in practice.

2.1 The One Period Model

We start with the one period version of the model. In the next section we will (easily) extend the model to an arbitrary
number of periods.

2.1.1 Model Description

Running time is denoted by the letter 7 and by definition we have two points in time, /=0 (“today”) and 7=1
(“tomorrow”). In the model we have two assets: a bond and a stock . At time 7 the price of a bond is denoted by B,
and the price of one share of the stock is denoted by S, Thus we have two price processes B and S.

The bond price process is deterministic and given by

The constant R is the spot rate for the period, and we can also interpret the existence of the bond as the existence of a
bank with R as its rate of interest.

The stock price process is a stochastic process, and its dynamical behaviour is described as follows.
JeTR—

§u, withprobability p,,
g-d, withprobability p,

8 o=

It is often convenient to write this as
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Fig. 2.1 Price Dynamics

O

where Z is a stochastic variable defined as

u, with prebability p,,
“= d, withprobabilty p,

We assume that today's stock price s is known, as are the positive constants #, d, p, and p,. We assume that d < #, and
we have of course p, + p, = 1. We can illustrate the price dynamics using the tree structure in Fig. 2.1.

2.1.2 Portfolios and Arbitrage

We will study the behaviour of various portfolios on the (B,S) market, and to this end we define a portfolio as a vector
h=(x,). The interpretation is that x is the number of bonds we hold in our portfolio, whereas y is the number of units
of the stock held by us. Note that it is quite acceptable for x and y to be positive as well as negative. If, for example,
x = 3, this means that we have bought three bonds at time 7/=0. If on the other hand y=—2, this means that we have
sold two shares of the stock at time #=0. In financial jargon we have a long position in the bond and a short position
in the stock. It is an important assumption of the model that short positions are allowed.

Assumption 2.1.1 We assume the following institutional facts.

o Short positions, as well as fractional holdings, are allowed. In mathematical terms this means that every h € R’is an allowed
portfolio.

o There is no bid-ask spread, i.e. the selling price is equal to the buying price of all assets.

o There are no transactions costs of trading,
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o The market is completely liguid, i.e. it is always possible to buy and/ or sell unlimited guantities on the market. In particular it is
possible to borrow unlimited amounts from the bank (by selling bonds short).

Consider now a fixed portfolio /=(x,). This portfolio has a deterministic market value at /=0 and a stochastic value at
=1.

Definition 2.1 T)he value process of the portfolio b is defined by
VY =xBy +ySpt =0,1,
o1, in more detail,

A
¥y =x 1 ys

VP =x(1+4R) +yeZ.

Everyone wants to make a profit by trading on the market, and in this context a so called arbitrage portfolio is a dream
come true; this is one of the central concepts of the theory.

Definition 2.2 An arbitrage portfolio is a portfolio h with the properties

Vg =0,
FE > 0, with probability 1.

An arbitrage portfolio is thus basically a deterministic money making machine, and we interpret the existence of an
arbitrage portfolio as equivalent to a serious case of mispricing on the market. It is now natural to investigate when a
given market model is arbitrage free, i.e. when there are no arbitrage portfolios.

Proposition 2.3 The model above is free of arbitrage if and only if the following conditions hold.

de(1+R) =u
2.1)

Proof The condition (2.1) has an easy economic interpretation. It simply says that the return on the stock is not
allowed to dominate the return on the bond and vice versa. To show that absence of arbitrage implies (2.1), we assume
that (2.1) does in fact not hold, and then we show that this implies an arbitrage opportunity. Let us thus assume that
one of the inequalities in (2.1) does not hold, so that we have, say, the inequality s(1+R) > sz Then we also have
s(1+R) > sd so it is always more profitable to invest in the bond than in the stock. An arbitrage strategy is now formed
by the portfolio /=(s,—1), i.e. we sell the stock short and invest all the money in the bond. For this portfolio we
obviously have #{ =0, and as for /=1 we have

Vi =s(1+8 —sZ

which by assumption is positive.
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Now assume that (2.1) is satisfied. To show that this implies absence of arbitrage let us consider an arbitrary portfolio
such that 7§ =0. We thus have x + y5s = 0, i.e. x=—ys. Using this relation we can write the value of the portfolio at 7=1 as

1=

o yelu—(1+8)], f Z—u
yold = (1 +R)], £ Z=d.

Assume now that y>0. Then 4 is an arbitrage strategy if and only if we have the inequalities

ux1+R
d>11R

but this is impossible because of the condition (2.1). The case y <0 is treated similarly.

At first glance this result is perhaps only moderately exciting, but we may write it in a more suggestive form. To say
that (2.1) holds is equivalent to saying that 1+R is a convex combination of # and 4, i.e.

11 Rmg,-ulgy-d.

where ¢,4,2 0 and ¢, + ¢, = 1. In particular we see that the weights ¢, and ¢, can be interpreted as probabilities for a
new probability measure () with the property O(Z=u)=q, O(Z=d)=q,. Denoting expectation w.r.t. this measure by E¢

we now have the following easy calculation

1 _
[, 50 +ggad] — T+ R s(1+8) —s

I pfreq L
T+rE Bl-77

We thus have the relation

s— s,
which to an economist is a well known relation. It is in fact a risk neutral valuation formula, in the sense that it gives
today's stock price as the discounted expected value of tomorrow's stock price. Of course we do not assume that the
agents in our market are risk neutral — what we have shown is only that if we use the {-probabilities instead of the
objective probabilities then we have in fact a risk neutral valuation of the stock (given absence of arbitrage). A
probability measure with this property is called a risk neutral measure , or alternatively a risk adjusted measure or a
martingale measure . Martingale measures will play a dominant role in the sequel so we give a formal definition.

Definition 2.4 A probability measure Q is called a martingale measure if the following condition holds.

o J D
Sy = 1+RE [51].
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Fig. 2.2 Contingent Claim

sel LTl

We may now state the condition of no arbitrage in the following way.

Proposition 2.5 The market model is arbitrage free if and only if there exists a martingale measure Q.

For the binomial model it is easy to calculate the martingale probabilities. The proof is left to the reader.
Proposition 2.6 For the binomial model above, the martingale probabilities are given by

_(+R-d
T =TT
u—(1+&)
4 =———

u—d

2.1.3 Contingent Claims

Let us now assume that the market in the preceding section is arbitrage free. We go on to study pricing problems for
contingent claims.

Definition 2.7 A contingent claim (financial derivative) is any stochastic variable X of the form X=® (Z), where Z is the
Stochastic variable driving the stock price process above.

We interpret a given claim X as a contract which pays X SEK to the holder of the contract at time 7=1. See Fig, 2.2,
where the value of the claim at each node is given within the corresponding box. The function @ is called the contract
function . A typical example would be a European call option on the stock with strike price K. For this option to be
interesting we assume that s/ <K<sx. If §, >K then we use the option, pay K to get the stock and then sell the stock on
the market for s#, thus making a net profit of s#—K. If §,<K then the option is obviously worthless. In this example we
thus have

su—K, f Z —u,
A= )
0, if Z =d,

and the contract function is given by
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Fw) —su—K,
&) =0

Our main problem is now to determine the “fair” price, if such an object exists at all, for a given contingent claim X If
we denote the price of X at time 7 by IT (4 X), then it can be seen that at time 7= 1 the problem is easy to solve. In
order to avoid arbitrage we must (why?) have

IOy -=X

and the hard part of the problem is to determine IT (0; X). To attack this problem we make a slight detour.

Since we have assumed absence of arbitrage we know that we cannot make money out of nothing, but it is interesting
to study what we can achieve on the market.
Definition 2.8 A given contingent claim X is said to be reachable if there exists a portfolio b such that

f

vi=x,

with probability 1. In that case we say that the portfolio h is a hedging portfolio or a replicating portfolio. If all clains can be
replicated we say that the market is complete .

If a certain claim X is reachable with replicating portfolio 4, then, from a financial point of view, there is no difference
between holding the claim and holding the portfolio. No matter what happens on the stock market, the value of the
claim at time 7=1 will be exactly equal to the value of the portfolio at /=1. Thus the price of the claim should equal the
market value of the portfolio, and we have the following basic pricing principle.

Pricing principle 1 If a claim X is reachable with replicating portfolio b, then the only reasonable price process for X is given by

I (g &) =Vf,c =01

The word “reasonable” above can be given a more precise meaning as in the following proposition. We leave the proof
to the reader.

Proposition 2.9 Suppose that a claim X is reachable with replicating portfolio h. Then any price at 1=0 of the claim X, other thanvi
will lead to an arbitrage possibility.

We see that in a complete market we can in fact price all contingent claims, so it is of great interest to investigate when
a given market is complete. For the binomial model we have the following result.

Proposition 2.10 Assume that the general binomial model is free of arbitrage. Then it is also complete.
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Proof We fix an arbitrary claim X with contract function @, and we want to show that there exists a portfolio /=(x,))
such that

V{' =d(u), t Z=u
i =%(d),  Z=d

If we write this out in detail we want to find a solution (x,)) to the following system of equations

(14+Rx+ay =&MW,
(11 Rix L ady =%(d)

Since by assumption #>d, this linear system has a unique solution, and a simple calculation shows that it is given by

__ 1, u®ld)  d¥(u)
r= 1+_R #—d '
2.2)
1, B —B(d)
Sk u—d '
2.3)

2.1.4 Risk Neutral Valuation

Since the binomial model is shown to be complete we can now price any contingent claim. According to the pricing
principle of the preceding section the price at /=0 is given by

I (0. X) =],

and using the explicit formulas (2.2)—(2.3) we obtain, after some reshuffling of terms,

TT(0XY =x+up

1 (I+8—d u—(1+E&)
- 1+R{ u—d b+ u—d ‘Il(d)}'

Here we recognize the martingale probabilities ¢, and ¢, of Proposition 2.6. If we assume that the model is free of
arbitrage, these are true probabilities (i.e. they are nonnegative), so we can write the pricing formula above as

IL (0 2) =5 (800 -4, + (@) “a4)

The right hand side can now be interpreted as an expected value under the martingale probability measure ), so we
have proved the following basic pricing result, where we also add our old results about hedging;
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Proposition 2.11 If the binomial model is free of arbitrage, then the arbitrage free price of a contingent claim X is given by

I (0 H) = -:—REQ[X]'

2.4
Here the martingale measure Q is uniquely determined by the relation
Sy =21,
(2.5
and the explicit expression for q and qare given in Proposition2.6. Furthermore the claim can be replicated using the portfolio
pml SH)_db)
(2.6
2.7

We see that the formula (2.4) is a “risk neutral” valuation formula, and that the probabilities which are used are just
those for which the stock itself admits a risk neutral valuation. The main economic moral can now be summarized.

Motxal:

*  When we compute the arbitrage free price of a financial derivative we carry out the computations as if we live in
a risk neutral world.

e This does not mean that we de facto live (or believe that we live) in a risk neutral world.

e The valuation formula holds for all investors, regardless of their attitude towards risk, as long as they prefer
more deterministic money to less.

* The formula above is therefore often referred to as a “preference free” valuation formula.

We end by studying a concrete example.

Example 2.12 We set s = 100, » = 1.2, d = 0.8, p =0.6, p =0.4 and, for computational simplicity, R = 0. By convention,
the monetary unit is the US dollar. Thus we have the price dynamics

100,
120, with probability 0.6.
80, with probabdity 0.4,

o]

1]

Ho=

If we compute the discounted expected value (under the objective probability measure P) of tomorrow's price we get

_1 gF 1120 - .
B (51] =1 [120-06.+80-04] — 104
This is higher than the value of today's stock price of 100, so the market is risk averse. Since condition (2.1) obviously

is satisfied we know that the market is
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arbitrage free. We consider a European call with strike price K = 110, so the claim X is given by

10, i &) —120
0, i 5y =30

Using the method of computing the price as the discounted expected values under the objective probabilities,
Le. “Answer 17 in Section 1.1, this would give the price as

I (U.X)—ﬁ[10-0.6+0-0.4]—6.

Using the theory above it is easily seen that the martingale probabilities are given by g, = ¢, = 0.5, thus giving us the
theoretical price

II (0.X)—ﬁ[10-0.5+0-0.5]—5.

We thus see that the theoretical price differs from the naive approach above. If our theory is correct we should also be
able to replicate the option, and from the proposition above the replicating portfolio is given by

¢ —12:0-08-10 _ .
12-08
_ 1 . 10-0 _1

Y T00 12-08 4

In everyday terms this means that the replicating portfolio is formed by borrowing $20 from the bank, and investing
this money in a quarter of a share in the stock. Thus the net value of the portfolio at /=0 is five dollars, and at /=1 the
value is given by

7= -204g10=10, i 5=10,

i ——20+%-80—0, £ 5 —80,

so we see that we have indeed replicated the option. We also see that if anyone is foolish enough to buy the option
from us for the price $6, then we can make a riskless profit. We sell the option, thereby obtaining six dollars. Out of
these six we invest five in the replicating portfolio and invest the remaining one in the bank. At time #=1 the claims of
the buyer of the option are completely balanced by the value of the replicating portfolio, and we still have one dollar
invested in the bank. We have thus made an arbitrage profit. If someone is willing to sell the option to us at a price
lower than five dollars, we can also make an arbitrage profit by selling the portfolio short.

We end this section by making some remarks.

First of all we have seen that in a complete market, like the binomial model above, there is indeed a unique price for
any contingent claim. The price is given
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by the value of the replicating portfolio, and a negative way of expressing this is as follows. There exists a theoretical
price for the claim precisely because of the fact that, strictly speaking, the claim is superfluous — it can equally well be
replaced by its hedging portfolio.

Secondly we see that the structural reason for the completeness of the binomial model is the fact that we have two
financial instruments at our disposal (the bond and the stock) in order to solve two equations (one for each possible
outcome in the sample space). This fact can be generalized. A model is complete (in the generic case) if the number of
underlying assets (including the bank account) equals the number of outcomes in the sample space.

If we would like to make a more realistic multiperiod model of the stock market, then the last remark above seems
discouraging. If we make a (non-recombining) tree with 20 time steps this means that we have 2% ~ 10° elementary
outcomes, and this number exceeds by a large margin the number of assets on any existing stock market. It would
therefore seem that it is impossible to construct an interesting complete model with a reasonably large number of time
steps. Fortunately the situation is not at all as bad as that; in a multiperiod model we will also have the possibility of
considering intermediary trading , i.c. we can allow for portfolios which are rebalanced over time. This will give us
much more degrees of freedom, and in the next section we will in fact study a complete multiperiod model.

2.2 The Multiperiod Model
2.2.1 Portfolios and Arbitrage

The multiperiod binomial model is a discrete time model with the time index 7 running from # = 0 to # = T, where the
horizon T is fixed. As before we have two underlying assets, a bond with price process B, and a stock with price
process S

We assume a constant deterministic short rate of interest R, which is interpreted as the simple period rate. This means
that the bond price dynamics are given by

Dygr = (1+R)By.

By -1
The dynamics of the stock price are given by
Sn-l—] —S.‘l'zn-
Sy ==

Here Z,. .. ,Z_ are assumed to be ii.d. (independent and identically distributed) stochastic variables, taking only the

two values # and 4 with probabilities

P(Zymu) mp,.
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Fig. 2.3 Price Dynamics

N
u o
K‘#!I:

'(F d , —-II

. fﬂ'ﬁfl\sir/L-h%""'-- U __’__,a-""’l\:i‘_I

() e

ERC T
l\j_d_/J\-u,_q_ " __..-"’l\_llfﬂ;’l

P(Zymd) mpy.

We can illustrate the stock dynamics by means of a tree, as in Fig. 2.3. Note that the tree is recombining in the sense
that an “up”-move followed by a “down”-move gives the same result as a “down”-move followed by an “up”-move.

We now go on to define the concept of a dynamic portfolio strategy.
Definition 2.13 A4 portfolio strategy is a stochastic process

[y = (xpyy). £ml,. .. T)

such that his a function of 8,8, . . ., S_. For a given portfolio strategy h we set hy = hby convention. The value process
corresponding to the portfolio b is defined by

PP =xe(1 4 B) 4+

The interpretation of the formal definition is that x is the amount of money which we invest in the bank at time 7—1
and keep until time 7 We interpret y, as the number of shares that we buy at time 7/—1 and keep until time % We allow
the portfolio strategy to be a contingent strategy, i.e. the portfolio we buy at #is allowed to depend on all information
we have collected by observing the evolution of the stock price up to time % We are, however, not allowed to
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look into the future. The entity # above is of course the market value of the portfolio (x,y) (which has been held since
t—1) at time 7.

The portfolios which primarily interest us are the self-financing portfolios, i.e. portfolios without any exogenous
infusion or withdrawal of money. In practical terms this means that in a self-financing portfolio strategy the accession
of a new asset has to be financed through the sale of some other asset. The mathematical definition is as follows.

Definition 2.14 A portfolio strategy b is said to be self-financing #f the following condition holds for all +=0,. . . [ T—1

(11 R) | ySy=xpq1 | ¥r415n

The condition above is simply a budget equation. It says that, at each time time 7 the market value of the “old”
portfolio (x, y) (which was created at 7—1) equals the purchase value of the new portfolio (x,,,7,.,), which is formed at #
(and held until #+1).

We can now define the multiperiod version of an arbitrage possibility.
Definition 2.15 An arbitrage possibility is a self-financing portfolio b with the properties
vy =o,

PFEz0) =1,
Fri>0 >0

We immediately have the following necessary condition for absence of arbitrage.
Lemma 2.16 If the model is free of arbitrage then the following conditions necessarily must hold.

de(1+R) 2u

2.8)

The condition above is in fact also sufficient for absence of arbitrage, but this fact is a little harder to show, and we will
prove it later. In any case we assume that the condition holds.

Assumption 2.2.1 Henceforth we assume that d < u, and that the condition (2.8) holds.

As in the one period model we will have use for “martingale probabilities” which are defined and computed exactly as
before.

Definition 2.17 The martingale probabilities q and q are defined as the probabilities for which the relation

1
1+R

E71 Sppalfe—s]

5=

holds.
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Proposition 2.18 T)he martingale probabilities are given by

_(+R)-d
¥ T a—d
u—(1+K)

9 = w—d

2.2.2 Contingent Claims

We now give the formal definition of a contingent claim in the model.

Definition 2.19 4 contingent claim is a stochastic variable X of the form
X =857,

where the contract function @ zs some given real valued function.

The interpretation is that the holder of the contract receives the stochastic amount X at time # = T. Notice that we are
only considering claims that are “simple”; in the sense that the value of the claim only depends on the value S, of the
stock price at the final time 1. It is also possible to consider stochastic payoffs which depend on the entire path of the
price process during the interval [0,7], but then the theory becomes a little more complicated, and in particular the
event tree will become nonrecombining,

Our main problem is that of finding a “reasonable” price process
(M (X =0..... T}
for a given claim X, and as in the one period case we attack this problem by means of replicating portfolios.
Definition 2.20 A given contingent claim X is said to be reachable if there exists a self-financing portfolio b such that
vh=x,

with probability 1. In that case we say that the portfolio b is a hedging portfolio or a replicating portfolio. If all claims can be
replicated we say that the market is (dynamically) complete .

Again we have a natural pricing principle for reachable claims.

Pricing principle 2 If a claim X is reachable with replicating (self-financing) portfolio h, then the only reasonable price process for X s
given by

0@ =vli=01... .7

Let us go through the argument in some detail. Suppose that X is reachable using the self-financing portfolio 4. Fix #
and suppose that at time 7 we have access to the amount #7. Then we can invest this money in the portfolio 4, and
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since the portfolio is self-financing we can rebalance it over time without any extra cost so as to have the stochastic
value 7} at time 1. By definition v} =x with probability 1, so regardless of the stochastic movements of the stock price
process the value of our portfolio will, at time T, be equal to the value of the claim X. Thus, from a financial point of
view, the portfolio 4 and the claim X are equivalent so they should fetch the same price.

The “reasonableness” of the pricing formula above can be expressed more formally as follows. The proof is left to the
reader.

Proposition 2.21 Suppose that X is reachable using the portfolio h. Suppose furthermore that, at some time 1, it is possible to buy X at
a price cheaper than (or to sell it at a price higher than)vi . Then it is possible to make an arbitrage profit.

We now turn to the completeness of the model.
Proposition 2.22 The multiperiod binomial model is complete, i.e. every claim can be replicated by a self-financing portfolio.

It is possible, and not very hard, to give a formal proof of the proposition, using mathematical induction. The formal
proof will, however, look rather messy with lots of indices, so instead we prove the proposition for a concrete
example, using a binomial tree. This should (hopefully) convey the idea of the proof, and the mathematically inclined
reader is then invited to formalize the argument.

Example 2.23 We set T'= 3, §=80, » = 1.5, 4 = 0.5, ,=0.6, p,=0.4 and, for computational simplicity, R = 0.

The dynamics of the stock price can now be illustrated using the binomial tree in Fig. 2.4, where in each node we have
written the value of the stock price.

We now consider a particular contingent claim, namely a European call on the undetlying stock. The date of expiration
of the option is T = 3, and the strike price is chosen to be K = 80. Formally this claim can be described as

X —max[Sy— K.0].

We will now show that this particular claim can be replicated, and it will be obvious from the argument that the result
can be generalized to any binomial model and any claim.

The idea is to use induction on the time variable and to work backwards in the tree from the leaves at # = T to the root
at /=0. We start by computing the price of the option at the date of expiration. This is easily done since obviously
(why?) we must have, for any claim X the relation

II(TX)—-X.

This result is illustrated in Fig. 2.5, where the boxed numbers indicate the price of the claim. Just to check, we see that
if §, = 90, then we exercise the option,
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Fig. 2.4 Price dynamics
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pay 80 to obtain the stock, and then immediately sell the stock at market price 90, thus making a profit of 10.

Our problem is thus that of replicating the boxed payoff structure at # = 3. Imagine for a moment that we are at some
node at # = 2, e.g. at the node S, = 180. What we then see in front of us, from this particular node, is a simple one
period binomial model, given in Fig. 2.6, and it now follows directly from the one period theory that the payoft
structure in Fig. 2.6 can indeed be replicated from the node §, = 180. We can in fact compute the cost of this
replicating portfolio by risk neutral valuation, and since the martingale probabilities for this example are given by
g, = q,= 0.5 the cost of the replicating portfolio is

1
——[130-0.5+10-0.5] = 100.
1+0[ ]

In the same way we can consider all the other nodes at # = 2, and compute the cost of the corresponding replicating
portfolios. The result is the set of boxed numbers at # = 2 in Fig. 2.7.

What we have done by this procedure is to show that if we can find a self-financing portfolio which replicates the
boxed payoff structure at # = 2, then it is in fact possible to replicate the original claim at #= 3. We have thus reduced
the problem in the time variable, and from now on we simply reproduce the construction above, but this time at 7=1.
Take, for example, the node §, = 40. From the point of view of this node we have a one period model given by Fig.2.8,
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Fig. 2.5
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and by risk neutral valuation we can replicate the payoff structure using a portfolio, which at the node S, = 40 will cost

1
5-05+0-05] =25
l+0[ ]

In this manner we fill the nodes at /=1 with boxed portfolio costs, and then we carry out the same construction again
at 7=0. The result is given in Fig. 2.9.

We have thus proved that it is in fact possible to replicate the European call option at an initial cost of 27.5. To check
this let us now follow a possible price path forward through the tree.
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Fig, 2.7

Fig, 2.8
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We start at /=0, and since we want to reproduce the boxed claim (52.5,2.5) at /=1, we can use Proposition 2.11 to

compute the hedging portfolio as x, = —22.5, y, =5/8. The reader should check that the cost of this portfolio is exactly
27.5.

Suppose that the price now moves to §,=120. Then our portfolio is worth

222-(1 101 g 120 =322,

Since we now are facing the claim (100,5) at #= 2 we can again use Proposition 2.4 to calculate the hedging portfolio as
x, = —42.5, y, = 95/120, and the reader should again check that the cost of this portfolio equals the value of our
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Fig. 2.9

(fl;?\-"’: ; 5 t}_lﬁ
J

A NG

() [0

M

old portfolio, i.e. 52.5. Thus it is really possible to rebalance the portfolio in a self-financing manner.

We now assume that the price falls to §, = 60. Then our portfolio is worth

25

425-(1F0Y b o 60 m= ),
120

Facing the claim (10,0) at # = 3 we use Proposition 2.4 to calculate the hedging portfolio as x, = =5, y, = 1/6, and again
the cost of this portfolio equals the value of our old portfolio.

Now the price rises to S, = 90, and we see that the value of our portfolio is given by

5-(140) 1 {-90=10.
which is exactly equal to the value of the option at that node in the tree. In Fig. 2.10 we have computed the hedging
portfolio at each node.

If we think about the computational effort we see that all the value computations, i.e. all the boxed values, have to be
calculated off-line. Having done this we have of course not only computed the arbitrage free price at /=0 for the claim,
but also computed the arbitrage free price, at every node in the tree.

The dynamic replicating portfolio does not have to be computed off-line. As in the example above, it can be computed
on-line as the price process evolves over time. In this way we only have to compute the portfolio for those nodes that
we actually visit.
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Fig. 2.10
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We now go on to give the general binomial algorithm. In order to do this we need to introduce some more notation to
help us keep track of the price evolution. It is clear from the construction that the value of the price process at time #
can be written as

Sr=ad k=0, ¢

where £ denotes the number of up-moves that have occurred. Thus each node in the binomial tree can be represented
by a pair (4£) with £ = 0,. . . , 7

Proposition 2.24 (Binomial algorithm) Consider a T-claim X = O (8). This claim can be replicated using a self-financing
portfolio. If 1/ (k) denotes the value of the portfolio at the node (t,k) then 17 (k) can be computed recursively by the scheme

k) = T R o @l + 1) +a k),

Vet =ta’ TN,

where the martingale probabilities q and q are given by

_(+R-d
wo- u—= '

_u=(+R&
qa =T a—-d

With the notation as above, the hedging portfolio is given by
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1wk} —dVi(k+1)
1+R u—d '
V(e + 1) — (ke
@y =l LD —Vih)

D51 u—d

x(k) =

In particular, the arbitrage free price of the claim at 1=0 is given by 17 (0).
From the algorithm above it is also clear that we can obtain a risk neutral valuation formula.

Proposition 2.25 The arbitrage free price at =0 of a T-claim X is given by

1
gt

I (0 X) — -E?(x).
(

where Q) denotes the martingale measure, or more explicitly

Proof The first formula follows directly from the algorithm above. If we let Y denote the number of up-moves in the
tree we can write

X =27 = plsu’d’ ),
and now the second formula follows from the fact that Y has a binomial distribution.
We end this section by proving absence of arbitrage.
Proposition 2.26 The condition
d<{1+R) <u
Is a necessary and sufficient condition for absence of arbitrage.

Proof The necessity follows from the corresponding one period result. Assume that the condition is satisfied. We want
to prove absence of arbitrage, so let us assume that 4 (a potential arbitrage portfolio) is a self-financing portfolio
satisfying the conditions

PEz0) =1,
PIES0) >0

From these conditions, and from the risk neutral valuation formula, it follows that

v —-—— 2% >0,
118

which shows that / is not an arbitrage portfolio.
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2.3 Exercises

Exercise 2.1

(a) Prove Proposition 2.6.
(b) Show, in the one period binomial model, that if IT (1; X) # X with probability 1, then you can make a riskless
profit.

Exercise 2.2 Prove Proposition 2.21.

Exercise 2.3 Consider the multiperiod example in the text. Suppose that at time /=1 the stock price has gone up to
120, and that the market price of the option turns out to be 50.0. Show explicitly how you can make an arbitrage profit.

Exercise 2.4 Prove Proposition 2.24, by using induction on the time horizon T.

2.4 Notes

For the origins of the binomial model, see Cox and Rubenstein (1979), and Rendleman and Bartter (1979). The book
by Cox and Rubenstein (1985) has become a standard reference.



3 Stochastic Integrals

3.1 Introduction

The purpose of this book is to study asset pricing on financial markets in continuous time. We thus want to model
asset prices as continuous time stochastic processes, and the most complete and elegant theory is obtained if we use
diffusion processes and stochastic differential equations as our building blocks. What, then, is a diffusion?

Loosely speaking we say that a stochastic process X is a diffusion if its local dynamics can be approximated by a
stochastic difference equation of the following type.

e+ A8) — X (e) — ple. X (A + o (e X ()08,
3.1)

Here Z(J) is a normally distributed disturbance term which is independent of everything which has happened up to
time 7, while g and o are given deterministic functions. The intuitive content of (3.1) is that, over the time interval [7 7 +
A 4, the X-process is driven by two separate terms.

* A locally deterministic velocity p (£X(?).
* A Gaussian disturbance term, amplified by the factor o (£1.X(?)).

The function p is called the (local) drift term of the process, whereas o is called the diffusion term. In order to model
the Gaussian disturbance terms we need the concept of a Wiener process.

Definition 3.1 A stochastic process W is called a Wiener process if the following conditions hold.

1. W(0)=0.
The process W has independent increments, i.e. if r<s = t < u then W(u)=W(7) and W(s)—W1(r) are independent stochastic

variables.
3. For s < t the stochastic variable W()—W1(s) bas the Gaussian distributionioys—c) .
4. W has continuous trajectories.

In Fig. 3.1 a computer simulated Wiener trajectory is shown.
We may now use a Wiener process in order to write (3.1) as
Xie+ Af) = X(6) — ple XA + ot L AR(E),
(3.2
where A W17 is defined by
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Fig. 3.1 A Wiener Trajectory
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Let us now try to make (3.2) a bit more precise. It is then tempting to divide the equation by Azand let A7 tend to zero.
Formally we would obtain

X = e X W) + o (X)),

(3.3)

X(0) —a.

where we have added an initial condition and where (3.4

4
)=
v =4

is the formal time derivative of the Wiener process W.

If » were an ordinary (and well defined) process we would now in principle be able to solve (3.3) as a standard ordinary
differential equation (ODE) for each #-trajectory. However, it can be shown that with probability 1 a Wiener trajectory
is nowhere differentiable (cf. Fig. 3.1), so the process » cannot even be defined. Thus this is a dead end.

Another possibility of making eqn (3.2) more precise is to let Az tend to zero without first dividing the equation by Az
Formally we will then obtain the expression

AX() —p(X()d: + o X)),
A0y =a,

(3.5)
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and it is now natural to interpret (3.5) as a shorthand version of the following integral equation

+ T
Aigy=a | [u(s)f(sj)d& I ]a[s.){[s))dﬂ’(&).
u (1]

(3.6)

In eqn (3.6) we may interpret the ds-integral as an ordinary Riemann integral. The natural interpretation of the 4P~
integral is to view it as a Riemann—Stieltjes integral for each W-trajectory, but unfortunately this is not possible since
one can show that the W-trajectories are of locally unbounded variation. Thus the stochastic dW-integral cannot be
defined in a naive way.

As long as we insist on giving a precise meaning to eqn (3.2) for each -trajectory separately, we thus seem to be in
a hopeless situation. If, however, we relax our demand that the dlW-integral in eqn (3.6) should be defined
trajectorywise we can still proceed. It is in fact possible to give a global (I*-)definition of integrals of the form

T
] gla)dWis)
il

(3.7

for a large class of processes g This new integral concept—the so called It6 integral—will then give rise to a very
powerful type of stochastic differential calculus—the It6 calculus. Our program for the future thus consists of the
following steps.

1. Define integrals of the type

T
/ gls)d Wis).
i

2. Develop the corresponding differential calculus.
3. Analyze stochastic differential equations of the type (3.5) using the stochastic calculus above.

3.2 Information

Let X be any given stochastic process. In the sequel it will be important to define “the information generated by X as
time goes by. To do this in a rigorous fashion is unfortunately outside the scope of this book, but for most practical
purposes the following heuristic definitions will do nicely.

Definition 3.2 The symboisF denotes “the information generated by X on the interval [0,47, or alternatively “what has happened to X
over the interval [0,4”. If, based upon observations of the trajectory {X(s); 0 < 5= 2}, it is possible to decide whether a given event A has
occurred or not, then we write this as

Ae 37

If the value of a given stochastic variable Z can be completely determined given observations of the trajectory {X(s); 0 < s< t}, then we also
write
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ze 37

If'Y is a stochastic process such that we have
e §F
Sor all t = 0 then we say that Y is adapted 7 the filtration (#7) ... The above definition is only intended to have an

intuitive content, since a precise definition would take us into the realm of abstract measure theory. Nevertheless it is
usually extremely simple to use the definition, and we now give some fairly typical examples.

1. If we define the event A by A = {X(s) < 3.14, for all s < 9} then we have 4 7.

2. For the event.A4 = {X(10) > 8} we have 4 2. Note, however, that we do not have 4 #7, since it is impossible
to decide if .4 has occurred or not on the basis of having observed the X-trajectory only over the interval [0,9].

3. For the stochastic variable Z, defined by

we have ze gf.
4. If W is a Wiener process and if the process X is defined by

X(t) = sup W(s)

Pty

then X is adapted to the W-filtration.
5. With W as above, but with X defined as

X(f) = sup Wis),
s&2r+l

X is not adapted (to the W-filtration).

3.3 Stochastic Integrals

We now turn to the construction of the stochastic integral. For that purpose we consider as given a Wiener process W,
and another stochastic process g In order to guarantee the existence of the stochastic integral we have to impose some
kind of integrability conditions on g, and the class £* turns out to be natural.

Definition 3.3
(1) We say that the process g belongs to the class L7 [a,b) if the following conditions are satisfied.

M [281e(6)1ds < o2 .
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o The process g is adapted to the ¥ -filtration.
(17) We say that the process g belongs to the class [7if g € £7[0,4 for all >0.

Our object is now to define the stochastic integral [fz@awie, for a process g € £ [a,0], and this is carried out in two
steps.

Suppose to begin with that the process g € [? [4,0] is simple , i.e. that there exist deterministic points in time = £ < ¢,
< -+ <t = b, such that gis constant on each subinterval. In other words we assume that g(s) = g(2) for s € [7,2,,)). Then
we define the stochastic integral by the obvious formula

b n-=1
f ZOAW() = S glt) Wlts1) — W],
@ k=0

(3.8)

Remark 3.3.1 Note that in the definition of the stochastic integral we take so called forward increments of the Wiener
process. More specifically, in the generic term (0 Wexsn) 7)) of the sum the process gis evaluated at the left end 7, of
the interval [#, 7, ] over which we take the W-increment. This is essential to the following theory both from a
mathematical and (as we shall see later) from an economical point of view.

For a general process ¢e£?a2) which is not simple we may schematically proceed as follows.

1. Approximate g with a sequence of simple processes g, such that

b ;
f 5[ (gle)  gts) *]ds 10,
a

2. For each 7 the integral [is,awe is a well defined stochastic variable Z, and it is possible to prove that there
exists a stochastic variable Z such that Z — Z (in ) as #n — .
3. We now define the stochastic integral by

h b
f glsldWis) = hmJ g, (&0 W),
a n— a

(3.9)

The most important properties of the stochastic integral are given by the following proposition. In particular we will
use the property (3.12) over and over again.

Proposition 3.4 Let g be a process satisfying the conditions
/hmg“(snds <ea,
(3.10)

gisadapted to the ZF y-ﬁluanon.

(3.11)
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Then the following relations hold

B
E[j gf_s_)dW(s_)] =0
a

(3.12)

(] - [
(3.13)

]ﬂ "W s ¥ -tcasurable.
(3.14)

Proof A full proof is outside the scope of this book, but the general strategy is to start by proving all the assertions
above in the case when gis simple. This is faitly easily done, and then it “only” remains to go to the limit in the sense of
(3.9). We illustrate the technique by proving (3.12) in the case of a simple g We obtain

h nol
E[ / gr:swwrsﬂ =) altn) [Wltxr1) — We)1 ]
sl k=0

n-=1
=Y Eletee) W tte 1) — WiEd 1.

k=0

Since g is adapted, the value g(#,) only depends on the behavior of the Wiener process on the interval [0,2]. Now, by
definition W has independent increments, so [W(7,,) — W(¢)] (which is a forward increment) is independent of g(z,).
Thus we have

Rlg(t) (Wt 1) = W] =Elg0)] - EIW 1) = W)
=Elg(6)] -0 =0.

Remark 3.3.2 It is possible to define the stochastic integral for a process g satisfying only the weak condition
y(/hg“f_s_us < oo> =1

(3.15)

For such a general g we have no guarantee that the properties (3.12) and (3.13) hold. Property (3.14) is, however, still
valid.
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3.4 Martingales

The theory of stochastic integration is intimately connected to the theory of martingales, and the modern theory of
financial derivatives is in fact based mainly on martingale theory. Unfortunately for us, martingale theory requires some
basic knowledge of abstract measure theory, and a formal treatment is thus outside the scope of this book.

Because of its great importance for the field, however, it would be unreasonable to pass over this important topic
entirely, and the object of this section is to (informally) introduce the martingale concept.

Let us therefore consider a given filtration (“flow of information”) (#: sy, where, as before, the reader can think of #,
as the information generated by all observed events up to time % For any stochastic variable Y we now let the symbol

e

denote the “expected value of Y] given the information available at time 7. A precise definition of this object requires
measure theory, so we have to be content with this informal description. Note that for a fixed 7 the object #1 171 is a
stochastic variable. If, for example, the filtration is generated by a single observed process X, then the information
available at time 7 will of course depend upon the behaviour of X over the interval [0, 4, so the conditional expectation
# &, will in this case be a function of all past X-values {X(s): s < #}. We will need the following two rules of
calculation.

Proposition 3.5
o IfY and Z are stochastic variables, and Z is 2 .-measurable, then

Bl Z-Y|Fy =z Bl 1F,]

o IfY is a stochastic variable, and if s < #, then

EIE | V&) F =8 1Fs)

The first of these results should be obvious: in the expected value # 2-1%: we condition upon all information
available at time 7 If now z¢ #,, this means that, given the information 2., we know exactly the value of Z, so in the
conditional expectation Z can be treated as a constant, and thus it can be taken outside the expectation. The second
result is called the “law of iterated expectations”, and it is basically a version of the law of total probability.

We can now define the martingale concept.
Definition 3.6 A stochastic process X is called an(3» -martingale #f the following conditions hold.

o X is adapted to the filtration (#: .
 Foralt

E[X()]] < co.
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o Forall s and t with s < t the following relation holds

Bl X)) & 4] = K(s).

A process satisfying, for all s and t with s =< 1, the inequality

Bl X)) 5] £X(e),
zs called a supermartingale , and a process satisfying

Bl X®)|F 12 X6,
zs called a submartingale .

The first condition says that we can observe the value X(7) at time # and the second condition is just a technical
condition. The really important condition is the third one, which says that the expectation of a future value of X, given
the information available today, equals today's observed value of X. Another way of putting this is to say that a
martingale has no systematic drift.

It is possible to prove the following extension of Proposition 3.4.

Proposition 3.7 For any processees (s the following hold.

.B'|: fx[s)a‘w(u]
3

3""]-0.

As a corollary we obtain the following important fact. corollary 3.8 For any process g € £7, the process X, defined by
Ay = /L; rgf_s_).:f Wiz,

s an(3¥y-martingale. In other words, modulo an integrability condition, every stochastic integral is a martingale .

Proof Fix s and # with s < £ We have

. £
LI AOTELS! —S[ f (T ()
i}

32"]

7 T’] + E[ ] rg(ﬂdW(r)

3

= E[ jo * g 7 ﬁ"]

The integral in the first expectation is, by Proposition 3.4, measurable w.r.t. #¥, so by Proposition 3.5 we have

E'|: fsgf_‘rMW(r)
il

From Proposition 3.4 we also see that #[ [emaw)|#¥]=0, so we obtain

3?‘] =fg(r:mmfm
u

B[ X(z)|?fr] =-£z{-r)z31f’(-) +0=Xis.
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We have in fact the following stronger (and very useful) result.

Lemma 3.8 Within the framework above, and assuming enough integrability, a stochastic process X (having a stochastic differential) is a
martingale if and only if the stochastic differential has the form

dX () — g(e)dWie),
i.e. X has no di-term.

Proof We have already seen that if X has no dr-term then X is a martingale. The reverse implication is much harder to
prove, and the reader is referred to the literature cited in the notes below.

3.5 Stochastic Calculus and the 116 Formula

Let X be a stochastic process and suppose that there exists a real number x, and two adapted processes y and o such
that the following relation holds for all # = 0.

T T
Aty =xa | [ l(s)ds | / a{shd Wis).
] I

(3.16)

As usual W is a Wiener process. To use a less cumbersome notation we will often write eqn (3.16) in the following
form

dX () = ple)dt + o(ed WiE),

(3.17)

X)) —a

(3.18)

In this case we say that X has a stochastic differential given by (3.17) with an initial condition given by (3.18). Note
that the formal string dX(?) = p ()dt + o (HdIWV(?) has no independent meaning, It is simply a shorthand version of the
expression (3.16) above. From an intuitive point of view the stochastic differential is, however, a much more natural
object to consider than the corresponding integral expression. This is because the stochastic differential gives us the
“infinitesimal dynamics” of the X-process, and as we have seen in Section 3.1 both the drift term u(s) and the diffusion
term o(s) have a natural intuitive interpretation.

Let us assume that X indeed has the stochastic differential above. Loosely speaking we thus see that the infinitesimal
increment 4X(?) consists of a locally deterministic drift term (947 plus an additive Gaussian noise term o (HdW/(?).
Assume furthermore that we are given a C'*-function

FfRy = R R
and let us now define a new process Z by
Z(6) — £ (6 ().

We may now ask what the local dynamics of the Z-process look like, and at first it seems fairly obvious that, except for
the case when fis linear in x, Z will
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not have a stochastic differential. Consider, for example, a discrete time example where X satisfies a stochastic
difference equation with additive Gaussian noise in each step, and suppose that f{£,x)=¢". Then it is clear that Z will not
be driven by additive Gaussian noise—the noise will in fact be multiplicative and log-normal. It is therefore extremely
surprising that for continuous time models the stochastic differential structure with a drift term plus additive Gaussian
noise will in fact be preserved even under nonlinear transformations. Thus the process Z will have a stochastic
differential, and the form of 4Z is given explicitly by the famous It6 formula below. Before turning to the It6 formula
we have to take a closer look at some rather fine properties of the trajectories of the Wiener process.

As we saw earlier the Wiener process is defined by a number of very simple probabilistic properties. It is therefore
natural to assume that a typical Wiener trajectory is a fairly simple object, but this is not at all the case. On the
contrary—one can show that, with probability 1, the Wiener trajectory will be a continuous function of time (see the
definition above) which is nondifferentiable at every point. Thus a typical trajectory is a continuous curve consisting
entirely of corners and it is of course quite impossible to draw a figure of such an object (it is in fact fairly hard to
prove that such a curve actually exists). This lack of smoothness gives rise to an odd property of the quadratic variation
of the Wiener trajectory, and since the entire theory to follow depends on this particular property we now take some
time to study the Wiener increments a bit closer.

Let us therefore fix two points in time, s and 7 with s < 7, and let us use the handy notation

At —t—s,
AWEY =W - Wis.

Using well known properties of the normal distribution it is fairly easy to obtain the following results, which we will use
frequently.

E[AF] =0,

(3.19)
Alam?]=n,

(3.20)
Par[AF] — At,

(3.21)

Var{(a)*) =2(a0)*
(3.22)

We see that the squared Wiener increment (A (%)) has an expected value which equals the time increment Az The
really important fact, however, is that, according to (3.22), the variance of [A W/(?)]* is negligible compared to its
expected value. In other words, as Af tends to zero [A W(7)]* will of course also tend to zero, but the variance will
approach zero much faster than the expected value. Thus [A W(?)]* will look more and more “deterministic” and we
are led to believe that in the limit we have the purely formal equality
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w1 =de.

(3.23)

The reasoning above is purely heuristic. It requires a lot of hard work to turn the relation (3.23) into a mathematically
precise statement, and it is of course even harder to prove it. We will not attempt either a precise formulation or a

precise proof. In order to give the reader a flavor of the full theory we will, however, give another argument for the
relation (3.23).

Let us therefore fix a point in time # and subdivide the interval [0,/ into » equally large subintervals of the form
tLa+nil, where £ = 0,1, ..., » — 1. Given this subdivision, we now define the quadratic variation of the Wiener
process by S, ie.

$n= 3 [wl)-wle- o]

(3.24)

and our goal is to see what happens to §, as the subdivision becomes finer, i.e. as 7 — . We immediately see that

RIS, = ZRHW[%] - W[(x' - 'J)f—,)]zw
S li-oi]-

Using the fact that I has independent increments we also have

VarlSy] — 'im[[w[a%) —~w(i- l)f—g)—r]

1=1

n 2 )
£ 2
—542{—1}—7
1=1

n

Thus we see that E [§] = # whereas 17ar{§] — 0 as » — . In other words, as # — % we see that §, tends to the
deterministic limit £ This motivates us to write

f ’uw ¥ =t
(3.25)
of, equivalently,
[dW)* =dt.

(3.26)

Note again that all the reasoning above has been purely motivational. In this text we will have to be content with
accepting (3.26) as a dogmatic truth, and now we can give the main result in the theory of stochastic calculus—the It6
formula.
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Theorem 3.10 (Itd's formula) Assume that the process X has a stochastic differential given by
dX () = pl0)dt + o (W ).
(3.27)

where . and o are adapted processes, and let f be a C'*~function. Define the process Z by Z(1) = fit, X(?)). Then Z has a stochastic
differential given by

3 8 8 8
Af (X)) = {T{ + fla_{ - %nza_é}d: + na—':dm;)
= X

(3.28)

Remark 3.5.1 In the statement of the theorem above we have, for readability reasons, suppressed a lot of variables.
The term »%, for example, is shorthand notation for

L BF
B ea))
and correspondingly for the other terms.

Proof A full formal proof is outside the scope of this text, so we only give a heuristic proof. (See Remark 3.5.2 below:)
If we make a Taylor expansion including second order terms we obtain

85 .,  8f 1 6%

! 2 2
&f ==Lar+~Lax+1 Ju,\’)2+laf(d;)3+ 87 iax
ot < dx

didX,
2 g4 dtdx

dx

By definition we have (3.29)
dX(8) — p(e)de + o(EIW(E),
so, at least formally, we obtain
@x)? = ulde)® + 2potdn)@W) + o @)’

The term containing (d7)’ above is negligible compared to the dt-term in (3.27), and it can also be shown that the
(dh)(dW)-term is negligible compared to the df-term. Furthermore we have (d/WW)* = dt from (3.23), and plugging in all
this into the Taylor expansion (3.29) gives us the result.

It may be hard to remember the It6 formula, so for practical purposes it is often easier to copy our “proof” above and
make a second order Taylor expansion.

Proposition 3.11 (Itd's formula) With assumptions as in Theorem 3.10, df is given by

2
& =2La+ 8L oy + 127y
gt dx 2 5,2
where we use the following formal multiplication table. (3.30)
@n® =n,
de-div =10,
@m?’ —d

Remark 3.5.2 As we have pointed out, the “proof” of the It6 formula above does not at all constitute a formal proof.
We end this section by giving an outline of the full proof. What we have to prove is that, for all 7, the following relation
holds with probability one.
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. _rrles B 1 a8%
FlX(E)) -~ F(0,X(0)) __£[c?z l'“c?x I2cr axz}is

T g f
|_/;a P dWis).
(3.31)
We therefore divide the interval [0,/ as 0 = 7 < 7 < ... </ = tinto » equal subintervals. Then we have
n-1
J@X@) = FOXO) =D F 1 X (tp41)) = F X (@),
k=0
Using Taylor's formula we obtain, with subscripts denoting partial detivatives and obvious notation, (3.32)
Sl X)) = Sl X)) =0 e X+ (e X (e )JAK g
+3 1 X AXD + Ly,
where O, is the remainder term. Furthermore we have (3.33)
hel el
AXy =X{tgs) .X(I;,]=_[: .u(s)a‘:ﬂ[ﬂ a(s)d W(s)
=blte) At | oltg) AW | S,
where S, is a remainder term. From this we obtain (3.34)
(AX0* = @80 + 200 U AAF + 07 (1) (A1) + P,
(3.35)

where P, is a remainder term. If we now substitute (3.33)—(3.35) into (3.32) we obtain, in shorthand notation,

FEXW)  FOX0) =1y 1Ly | L3 | ;14 Pk 1 K2 bR

where

It =Ff () Aei; =FrS el AL,

I3 =Ff (o () A4 =P/ o 1) (M),
Ky =S ) nt i) (A0 Ky =T, tdntdo () AAW,
E =Ep (@ + 5 + 55}
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Letting # — % we have, more or less by definition,

t +
I / FileXia)ds, I3 L (e X(s)uis)ds
u

T
I3 / T lsXis))als)d Wis).
Jo

Very much as when we proved earlier that )’ (A W)= # it is possible to show that
' 1
fa l/j”(.s‘l(sjjo (s)ds.
(L

and it is fairly easy to show that K and K, converge to zero. The really hard part is to show that the term R, which is a

large sum of individual remainder terms, also converges to zero. This can, however, also be done and the proof is
finished.

3.6 Examples

In order to illustrate the use of the It6 formula we now give some examples. All these examples are quite simple, and
the results could have been obtained as well by using standard techniques from elementary probability theory. The full
force of the It6 calculus will be seen in the following chapters.

The first two examples illustrate a useful technique for computing expected values in situations involving Wiener
processes. Since arbitrage pricing to a large extent consists of precisely the computation of certain expected values this
technique will be used repeatedly in the sequel.

Suppose that we want to compute the expected value 2111 where Y is some stochastic variable. Schematically we will
then proceed as follows.

1. Try to write Yas Y=Z(¢) where £ is some point in time and Z is a stochastic process having an It6 differential.
2. Use the It6 formula to compute 4Z as, for example,

dZ(t) = plde +ol()dW(e),
Z(0) =z

3. Write this expression in integrated form as

T T
2ty == 1 [ Wis)ds | / a{shd Wis).
u u

4. Take expected values. Using Proposition 3.4 we see that the 4lF-integral will vanish. For the ds-integral we may
move the expectation operator inside the integral sign (an integral is “just” a sum), and we thus have

T
HL(t)] =zp | [H[u(&}]ds.
u

Now two cases can occut.
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(a) We may, by skill or pure luck, be able to calculate the expected value E [u (s)] explicitly. Then we only have to
compute an ordinary Riemann integral to obtain E [Z(/)], and thus to read off E [Y] = E [Z(2)].

(b) If we cannot compute E [ (s)] directly we have a harder problem, but in some cases we may convert our
problem to that of solving an ordinary differential equation (ODE).

Example 3.12 Compute E [IW*()].
Solution:

Define Z by Z(?) = W*(J). Then we have Z(#) = f(£,X(#) where X = Wand fis given by f#.x) = x*. Thus the stochastic
differential of X is trivial, namely ZX = 4W, which, in the notation of the It6 formula (3.28), means that p = 0 and
o = 1. Furthermore we have % =0Z=4" and %2-{7 —122", Thus the 1t6 formula gives us

dzZ(ty =6wi(n)de + A @awe),
2(0) =0

Written in integral form this reads

L o
L) =01 bjW (ghds | 4/W () W(s).
u U

Now we take the expected values of both members of this expression. Then, by Proposition 3.4, the stochastic integral
will vanish. Furthermore we may move the expectation operator inside the ds-integral, so we obtain

L
HLEe] =6[.B’[W (s) |ds.
u

Now we recall that E [IP?(s)] = s, so in the end we have our desired result
EW0] =£120) =6]rsds= 32
u

Example 3.13 Compute E [¢""].
Solution:
Define Z by Z(#) = ¢"". The It6 formula gives us

dZ(t) = ,:age"um.ﬂ I e D),

so we see that Z satisfies the stochastic differential equation (SDE)
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dZ() = %u?m)m + @R (W),
Z(0) =1

In integral form this reads

. 1" '
=11 o [d(s_)(ds) | er.f Zisid Wis).
< Jy i

Taking expected values will make the stochastic integral vanish. After moving the expectation within the integral sign
in the ds-integral and defining 7 by m(?) = E [Z(#)] we obtain the equation

mify=11 ;u;xjurm(s] ().
This is an integral equation, but if we take the ~derivative we obtain the ODE

E z
m(e) = om),

m(0) =1
Solving this standard equation gives us the answer

Ele"‘mJ = BL2(0)] =m(t) =12

It is natural to ask whether one can “compute” (in some sense) the value of a stochastic integral. This is a fairly vague
question, but regardless of how it is interpreted, the answer is generally no. There are just a few examples where the
stochastic integral can be computed in a fairly explicit way. Here is the most famous one.

Example 3.14 Compute

T
/W[s]dW{-S.).
u

Solution:

A natural guess is perhaps that [jweawe) =@. Since It6 calculus does not coincide with ordinary calculus this guess
cannot possibly be true, but nevertheless it seems natural to start by investigating the process Z(?) = W?(%). Using the
It6 formula on the function flzx) = x* and with X = I we get

dZ(e) —dt + 2W()dW(e).

In integrated form this reads
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- T
whin =t 1 2 [ W(s)dW(s).
u

SO we get our answer

+ W“?
f; W(s)dW(s) = # - ’E

We end with a useful lemma.

Lemma 3.15 Lez 6 (9) be a given deterministic function of time and define the process X by
Xy = /L; ols)d Wis).
(3.36)
Then X(7) has a normal distribution with zero mean, and variance given by
far = I‘CJ.‘1 §)ds.
Varl£() [U ()d

This is of course an expected result because the integral is “just” a linear combination of the normally distributed
Wiener increments with deterministic coefficients. See the exercises for a hint of the proof.

3.7 The Multidimensional 1t6 Formula

Let us now consider a vector process X = (X, . .. ,X)’, where the component X, has a stochastic differential of the
form

4
dX() = w(Ode + Y oy (OdW ()
j=1

and W, ..., W, are d independent Wiener processes.

Defining the drift vector u by

the J-dimensional vector Wiener process W by

and the # X d-dimensional diffusion matrix o by
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T T2 ... Fld
T T4y ... Tlg
TF= .
1 1 !
Tul Tmz ... Ond

we may write the X-dynamics as
dX() = (e + oI E).
Let us furthermore define the process Z by
2(e) = £ (e.X()).

where f/: R, X R" — R is a (' mapping. Then, using arguments as above, it can be shown that the stochastic
differential df is given by

& EXW) = —d: + T‘ —JX 1yye XX
Bx;

el
s b‘a,

(3.37)
with the extended multiplication rule (see the exercises)
(@) (aWy) =0, tor i%
Written out in full (see the exercises) this gives us the following result.
Theorem 3.16 (Itd's formula) e the n-dimensional process X have dynamics given by
AX(©) = ple)dt + o OAW (D).
with notation as above. Then the following hold.

o The process f (t, X () has a stochastic differential given by

df = +£g 8f >_‘ z+£a—fad‘ﬁ?'
- 8%, " J@xa = By

Here the row vector 6is the ith row of the matrix o, i.e.

o5 — [og1. . . . w4l

and the matrix C is defined by

where * denotes transpose.
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o Alternatively, the differential is given by the formula

n " 2
X)) = i—{m +5 2k 4 15 8 rax,

= s “’s}:‘l &A‘,b’x‘,
with the formal multiplication table
@)’ —o,
di-dW =0,
@dw)? =dei=1,.. .4,

Al -dW; =05t ]

Remark 3.7.1 (Ité's formula) The 1t6 formula can also be written as
AP S P 5
df { o +?:?,u, 5, T3l Ha]}dﬁL FIRGAE

i=1
where H denotes the Hessian matrix

2
o
¥ Ox;8x;

and 77 denotes the trace of a matrix. The trace is defined, for any square matrix A, as the sum of the diagonal
elements, i.e.

A= Ay
T

See the exercises for details.

3.8 Correlated Wiener Processes

Up to this point we have only considered independent Wiener processes, but sometimes it is convenient to build
models based upon Wiener processes which are correlated. In order to define such objects, let us therefore consider 4
independent standard (i.e. unit variance) Wiener processes # , ..., # . Let furthermore a (deterministic and constant)
matrix

i b o big

s— dn Gn .. bua

G bnz o bag

be given, and consider the #-dimensional processes W, defined by

W — 6
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where

Wy
W= |
W}‘l

In other words

a
Wy = 6i—1. .
j=1

Let us now assume that the rows of 5 have unit length , i.e.

|| =1, #=1,... 0,

where the Euclidean norm is defined as usual by

X

)
i

1=1

Then it is easy to see (how?) that each of the components IV, . . ., W separately are standard (i.e. unit variance)

Wiener processes. Let us now define the (instantaneous) correlation matrix o of I/ by
pydt = Cov|dW,dW,|.
We then obtain
pydt = R[dW, - dW;] — R[dW;] - R[dW;] = B[dW; - dW;]

d d
—E[> 6udi - > 6pdi] = > Sl - dF)
k=1 I=1 ki

= i‘ Bl =846
k=i
Le.
p=66"
Definition 3.17 The process W, constructed as above, is called a vector of correlated Wiener processes, with correlation matrix o.
Using this definition we have the following It6 formula for correlated Wiener processes.

Proposition 3.18 (Itd's formula) Tuke a vector Wiener process W = (W,,. . ., W) with correlation matrix o as given, and
assume that the vector process X = (X, . . ., X)'has a stochastic differential. Then the following hold.
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o For any Cfunction f; the stochastic differential of the process ft,X(?)) is given by

muu))=—m+T‘a—]dX 2 Bri0m,

with the formal multiplication table

@n?® =o,
dr-dW; =0,1=1, M,
AW -dW; = pydt.

o If, in particular, & = n and dX has the structure

dXy = pdt +odWi i =1,

where L. . ., wand 6. . ., care scalar processes, then the stochastic differential of the process ft, X(29)) is given by

dW}

a7 Al
df={w+:} .U'Fa_"" J:f‘:lo'ra_r.os_; 8 3 dﬁ+2‘01

We end this section by showing how it is possible to translate between the two formalisms above. Suppose therefore
that the #-dimensional process X has a stochastic differential of the form

dX () = ple)dt + o(ed WiE),

Le. (3.38)

A
dXi(e) = pe(e)de + > _oy(OdWi(0.i 1. n
j=t

gt

A - R - |

Thus the drift vector process p is given by (3.39)

and the diffusion matrix process o by

T T4y ... Tlg

T=

Tul Tmz ... Ond
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W is assumed to be d-dimensional standard vector Wiener process (i.e. with independent components) of the form

Wy
w=|: |
Wa

The system (3.38) can also be written as
dX(6) = (Ot + o ().
where, as usual, o, is the ith row of the matrix o. Let us now define 7 new scalar Wiener processes #, ..., # by

W= L ol i=1 . n
llel

We can then write the X-dynamics as

X i) — psle)de +llos (). i = 1. m

(3.40)
As is easily seen, each #, is a standard scalar Wiener process, but #, ..., #, are of course correlated. The local
correlation is easily calculated as
AT, ] i /]
Py = B[dWdl¥;] = ———— gty = —————
' T el el T el e
Summing up we have the following result.
Proposition 3.19 The system
)
dXi() = pele)de + 3oy (DdWi(e). i=1,. .. m,
j=1
where W,,. . ., Ware independent, may equivalently be written as (3.41)
dX () = peleyde + S (OdF, =1, A
(3.42)

where® , . . ., & have the local correlation matrix . The connections between (3.41) and (3.42) are given by the following expressions.

W - Lc:,-ﬁ"’, i =1 ..
[l=l
&; :||a'l-||, i =1,...m
*
7,05
by = - - L

—_— iJ =
ll] - Nl
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3.9 Exercises

Exercise 3.1 Compute the stochastic differential /Z when

@) Z0) = ¢,
(b) zw =fiew@awe , where g is an adapted stochastic process.
© Z(h) = ¢

(d) Z(# = ¢, where X has the stochastic differential

dX(8) — pdt + od Wie)

(4 and o are constants).
(e) Z() = X’(?), where X has the stochastic differential

X (6) = X (O)dt + X (AW (e).
Exercise 3.2 Compute the stochastic differential for Z when 2 =55 and X has the stochastic differential

dX(t) — aX ()dt + o X (£)dW(e).

By using the definition Z = X' you can in fact express the right hand side of dZ entirely in terms of Z itself (rather
than in terms of X). Thus Z satisfies a stochastic differential equation. Which one?

Exercise 3.3 Let o () be a given deterministic function of time and define the process X by

.
()= / alshd Wis).
u

(3.43)

Use the technique described in Example 3.13 in order to show that the characteristic function of X(#) (for a fixed 7) is
given by

g[c,-m}] - m{ “: f o 3(:;&:}, uCAh,
n

(3.44)

thus showing that X(#) is normally distibuted with zero mean and a variance given by
Varld(8)] = | o (s)ds.
ar|A(8)] /Jo (s)ds
Exercise 3.4 Suppose that X has the stochastic differential
dX(6) — X (6t + o (W),

where a is a real number whereas ¢ (#) is any stochastic process. Use the technique in Example 3.13 in order to
determine the function 7(?) = E[X(?)].
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Exercise 3.5 Suppose that the process X has a stochastic differential

X (6) = (Ot + o (O (2),
and that u () = 0 with probability one for all # Show that this implies that X is a submartingale.
Exercise 3.6 A function /(x,, . . . ,x) is said to be harmonic if it satisfies the condition

S~0%

VAV
-

0,

It is subharmonic if it satisfies the condition

Let I/, ... ,IW, be independent standard Wiener processes, and define the process X by X() = AW, . .., W ().
Show that X is a martingale (submartingale) if / is harmonic (subharmonic).

Exercise 3.7 The object of this exercise is to give an argument for the formal identity

diF, -dWy =0,
when W, and W, are independent Wiener processes. Let us therefore fix a time # and divide the interval [0,7] into
equidistant points 0 = 7 < 7, < *- < ¢ = /, where «=%-:. We use the notation

AWe) = Wilte) = Wiltg—1). 1 =12
Now define O, by

n
G = D AW () - AF ().
k=1

Show that ¢ — 0 in I? i.e. show that

Fl@,] =0
var[@,] »0.

Exercise 3.8 Let X and Y be given as the solutions to the following system of stochastic differential equations.

¥ = wXdt— VAW, X(0) = s,
dY —o¥dt+ XdW, Y(0) =y,

Note that the initial values x

».), are deterministic constants.
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(a) Prove that the process R defined by R(?) = X* () + Y* (9 is deterministic.
(b) Compute E[X(?)].

Exercise 3.9 For a # X n matrix A, the trace of A is defined as

"
r(d) = Ay
i=1

(@ If Bis n X dand Cis d X n, then BC is # X n. Show that

tr(BCY = Z ByCy
7

(b) With assumptions as above, show that

tri{BCY —er(CH).

(c) Show that the It6 formula in Theorem 3.16 can be written

H n
df - {ﬂ L P Hc]}a‘t +3 2w,
8t = dx; 2 £ 8x;

where H denotes the Hessian matrix

¥ Ox;dx;

Exercise 3.10 Prove all claims in Section 3.8.

3.10 Notes

As a (far reaching) introduction to stochastic calculus and its applications, Qksendal (1995) is in a class of its own.
Standard references on a more advanced level are Karatzas and Shreve (1988), and Revuz and Yor (1991). The theory
of stochastic integration can be extended from the Wiener framework to allow for semimartingales as integrators, and
a classic in this field is Meyer (19706). Standard references are Jacod and Shiryaev (1987), Elliott (1982), and Dellacherie
and Meyer (1972). An alternative to the classic approach to semimartingale integration theory is presented in Protter

(1990).



4 Differential Equations

4.1 Stochastic Differential Equations

Let M(n,d) denote the class of #» X 4 matrices, and consider as given the following objects.

¢ A d-dimensional (column-vector) Wiener process W.
* A (column-vector valued) function p: R, X R— R
* A function o: R, X R'— M(n,d).

e A real (column) vector x;, € R".

We now want to investigate whether there exists a stochastic process X which satisfies the stochastic differential
equation (SDE)

dX s — pleXdt +ole X )d Wy,

4.1
KXo=xp ( )
(4.2)
To be more precise we want to find a process X satisfying the integral equation
Hy=xg | /PM(&,XS_) ds | /10'{5‘._:’{,) dWe, toral £2 0.
(4.3)

The standard method for proving the existence of a solution to the SDE above is to construct an iteration scheme of
Cauchy-Picard type. The Idea is to define a sequence of processes X', X', X% .. . according to the recursive definition

X7 =xq

4.4

n+l1 4 " r »
Ay =xo b | pleds) ds | | olsds) W
u

(4.5)

Having done this one expects that the sequence ("2, will converge to some limiting process X, and that this X is a
solution to the SDE. This construction can in fact be carried out, but as the proof requires some rather hard
inequalities we only give the result.

Proposition 4.1 Suppose that there exists a constant K such that the following conditions are satisfied for all x, y and 1.

[#ex) — st 2K ¥))

(4.6)

lotex) -~ o)) 2Kl ],

4.7
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en] 1 eten] K0 1 .

(4.8)
Then there exists a unique solution to the SDE (4.1)-(4.2). The solution has the properties
1. X iss¥ -adapted.
2. X bas continuous trajectories.
3. X is a Markov process.
4. There exists a constant C such that
el s o0+ o)
4.9)

The fact that the solution X is ] -adapted means that for each fixed 7 the process value X is a functional of the
Wiener trajectory on the interval [0, 4, and in this way an SDE induces a transformation of the space C[0, ) into
itself, where a Wiener trajectory I (w) is mapped to the corresponding solution trajectory X (w). Generically this
transformation, which takes a Wiener trajectory into the corresponding X-trajectory, is enormously complicated and it
is extremely rare that one can “solve” an SDE in some “explicit” manner. There are, however, a few nontrivial
interesting cases where it is possible to solve an SDE, and the most important example for us is the equation below,
describing the so called geometric Brownian motion (GBM).

4.2 Geometric Brownian Motion

Geometric Brownian motion will be one of our fundamental building blocks for the modeling of asset prices, and it

also turns up naturally in many other places. The equation is one of two natural generalizations of the simplest linear
ODE and looks as follows.

Geometric Brownian motion:
dX, = oXdt + o X AW,

(4.10)

J’Lro = Xg.

(4.11)
Written in a slightly sloppy form we can write the equation as
1{} = [ﬂ' | O'H',t] Xt

where p; is “white noise”, i.e. the (formal) time derivative of the Wiener process. Thus we see that GBM can be
viewed as a linear ODE, with a stochastic coefficient driven by white noise. See Fig. 4.1, for a computer simulation of
GBM with « = 1, 6 = 0.2 and X(0) = 1. The smooth line is the graph of the expected value function E[X] =1 - ¢". For
small values of o, the trajectory will (at least initially) stay fairly close to the expected value function, whereas a large
value of ¢ will give rise to large random deviations. This can clearly be seen when we
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Fig. 4.1 Geometric Brownian Motion: « = 1, 6 = 0.2

D 1 1 1 1 1 1 1 1 1
o 0z 04 0.g 0.8 1 12 1.4 1.6 1.8 2

Fig. 4.2 Geometric Brownian Motion: « = 1, 6 = 0.4
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compare the simulated trajectory in Fig. 4.1 to the three simulated trajectories in Fig, 4.2 where we have ¢ = 0.4.

Inspired by the fact that the solution to the corresponding deterministic linear equation is an exponential function of
time we are led to investigate the process Z, defined by Z = In X, where we assume that X is a solution and that X is
strictly positive (see below). The It6 formula gives us

1 1
dz = -dX + 3

p

{—#}[d)ﬂz

2 .2

~Loraxar+ oxawy + 1 { - L}J}fza'r
X X

= {odt + 0dW} — 2o%dt
Thus we have the equation
a7z, — 1 2 s
e dt + odW,,
ZO — In Xo-
This equation, however, is extremely simple: since the right hand side does not contain Z it can be integrated directly to
: , 1 2
L’r: l.l'l)-n + [Uf - EO )f"'OWI,
which means that X is given by
JYI = Xy " CXp {[G’. %O’g)l I O'WIE}.
(4.12)
Strictly speaking there is a logical flaw in the reasoning above. In order for Z to be well defined we have to assume that
there actually exists a solution X to eqn (4.10) and we also have to assume that the solution is positive. As for the
existence, this is covered by Proposition 4.1, but the positivity seems to present a bigger problem. We may actually
avoid both these problems by regarding the calculations above as purely heuristic. Instead we define the process X by
the formula (4.12). Then it is an easy exercise to show that X thus defined actually satisfies the SDE (4.10)—(4.11).

Thus we really have proved the first part of the following result, which will be used repeatedly in the sequel. The result
about the expected value is an easy exercise, which is left to the reader.

Proposition 4.2 The solution to the equation
dX; = oXdl + o X dW,,

(4.13)
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zs given by dX;= oaXdl + o X dW,,
X(1) = xg-cxp {(cx %O’ZJf [ oW(Z)}. (4.14)
The expected value is given b
7 s (4.15)
E[X.] = xpe.
(4.10)
4.3 The Linear SDE
In this section we will study the linear SDE, which in the scalar case has the form
dxX, =aXdi+ odW.,
Xn — X0
4.17)

This equation turns up in various physical applications, and we will also meet it below in connection with interest rate
theory.

In order to get some feeling for how to solve this equation we recall that the linear ODE

dx,:

t = axy | My,

wherte # is a deterministic function of time, has the solution

t
t t—
x=e%xg + /ea( Duds.

0

(4.18)
If we, for a moment, reason heuristically, then it is tempting to formally divide eqn (4.17) by 4z This would (formally)
give us
dx, . _dw,
AT T

and, by analogy with the ODE above, one is led to conjecture the formal solution
t W t _
X, = eaz);o n 0/ eatr—x)#d*q: eatXO n Grf Ca(z—xjdwg.
0 0

Generally speaking, tricks like this will not work, since the solution of the ODE is based on ordinary calculus, whereas
we have to use It6 calculus when dealing with SDEs. In this case, however, we have a linear structure, which means
that the second order term in the Itd6 formula does not come into play. Thus the solution of the linear SDE is indeed
given by the heuristically derived formula above. We formulate the result for a slightly more general situation, where
we allow X to be vector-valued.

Proposition 4.3 Consider the n-dimensional linear SDE

dX; = (AX,+ b)dt + o dW,,
XU =X

(4.19)
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where A is an n X n matrix, b is an R'-valued deterministic function (in column vector form), o is a deterministic (row vector) function
taking values in R, and W and d-dimensional Wiener process. The solution of this equation is given by

t ¢
Xr:eArxD+/e‘m_g)béds+feA(r_3)crde3.
0 0

Here we have used the matrix exponential ¢", defined by (4.20)
Al i A ~
e = nl

k=0

Proof Defining the process X by (4.20) and using the It6 formula, it is easily seen that X satisfies the SDE (4.19). See

the exercises for some details.

In the exercises you will find results about the moments of X, as well as details about the matrix exponential.

4.4 The Infinitesimal Operator

Consider, as in Section 4.1, the #-dimensional SDE
dX, = p(LX)d1l + o (LX)dW,,

(4.21)

Through the It6 formula, the process above is closely connected to a partial differential operator 4, defined below.
The next two sections are devoted to investigating the connections between, on the one hand, the analytical properties
of the operator 4, and on the other hand the probabilistic properties of the process X above.

Definition 4.4 Given the SDE in (4.21), the partial differential operator A, referred to as the infinitesimal operator of X, is
defined, for any function h(x) with h € C*(R’), by

n n 2
o 8k 1 U &
Ah(tx) = E w(tx) o7 (x) + E Cy(tx) 8; a?x (x),
- i & 1UX;
i=1 ij=1

where as before

C(tx) — o(tx)o (£3).
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This operator is also known as the Dynkin operator , the It6 operator , or the Kolmogorov backward operator .
We note that, in terms of the infinitesimal generator, the Itd formula takes the form

df (t.X,) — {% + I_If}dr—i— [V, f]odW,

where the gradient V_is defined for 4 € C'(R’) as

va=| . 2]

ax17 7 ox,

4.5 Partial Differential Equations

In this section we will explore the intimate connection which exists between stochastic differential equations and
certain parabolic partial differential equations. Consider for example the following so called Cauchy problem .

We are given three scalar functions p (4x), o (£x) and @ (x). Our task is to find a function I which satisfies the
following boundary value problem on [0,1] X R.

o*F
ax*

OF OF 12 _
81 (I:vx) + ju’[:rsx) ax + 20 (Irx) (Irx) - Oa

(4.22)
F(Tx)=®(x).

(4.23)

Now, instead of attacking this problem using purely analytical tools, we will produce a so called stochastic
representation formula , which gives the solution to (4.22)—(4.23) in terms of the solution to an SDE which is
associated to (4.22)—(4.23) in a natural way. Thus we assume that there actually exists a solution F to (4.22)—(4.23). Let
us now fix a point in time 7 and a point in space x. Having fixed these we define the stochastic process X on the time
interval [#1] as the solution to the SDE

d‘Y-S = JLL(J.“\FS') dJ’ + J(_S:‘Y-S) dw,’,‘a

4.24
X=x (4.24)
and the point is that the infinitesimal generator 4 for this process is given by (4.25)
& 12, 8
A= p(tx)—— + 50°(1x) Pl

which is exactly the operator apearing in the PDE above. Thus we may write the boundary value problem as
oF B
—ap X)) +AF(1x) =0,

(4.26)
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F(Tx)=®(x).
Applying the It6 formula to the process F(s.X(s)) gives us

(4.27)
F(I.Xr) =F(Xy)
T
ar v ,
-+ /; {E(ﬁ,Xg) + AF (5, X;) }dd
’ oF
+ [ o(s,Xs E(ﬁw ()W 5.
(4.28)

Since, by Assumption, I actually satisfies eqn (4.20), the time integral above will vanish. If furthermore the process
o(s,Xs)%(s,Xg) is sufficiently integrable and we take expected values, the stochastic integral will also vanish. The
initial value X, = x and the boundary Condition F(T)x) = @ (x) will eventually leave us with the formula

F(1x) = Ex [2(X )],

where we have indexed the expectation operator in order to emphasize that the expected value is to be taken given the
initial value X, = x. Thus we have proved the following result, which is known as the Feynman-Kac stochastic
representation formula .

Proposition 4.5 (Feynman-Kac) Assume that F is a solution to the boundary value problem

a
a

aF aF 1 2 a

W(f,x) I _M(ITX')W | E(f (f,.\‘:] xz (f,x) = 0,
F(Tx) —@(x).

Assume furthermore that the process

aF -
O—(JaXS) E (S,_(l .‘:“)

25 in [ (see Definition 3.3), where X is defined below: Then F has the representation

F(1x) = Ex [2(X )],

where X satisfies the SDE
4.29)
dX o= u(s,X)ds + o(5,X)dW s,
X;=x. (4.30)
(4.31)

Note that we need the integrability Assumption o-(s,Xs)%i (5,X;) €£% in order to guarantee that the expected value of
the stochastic integral in (4.28) equals zero. In fact the generic situation is that a boundary value problem of the type
above—a so called parabolic problem—will have infinitely many solutions,
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(see John 1982). It will, however, only have one “nice” solution, the others being rather “wild”, and the proposition
above will only give us the “nice” solution.

We may also consider the closely related boundary value problem

OF OF 1 2 o*F B
“ar &X) + p(tx) o + 50 (;,x)?(f,x) +rF(tx) =0,
F(Tx)=®(x), (432)

(4.33)

where ris a given real number. Equations of this type appear over and over again in the study of pricing problems for
financial derivatives. Inspired by the ODE technique of integrating factors we are led to multiply the entire eqn (4.32)
by the factor ¢, and if we then consider the process Z(s) = " F(s,.X(s)), where X as before is defined by (4.30)—(4.31),
we obtain the following result.

Proposition 4.6 (Feynman-Kac) Assume that F is a solution to the boundary value problem:

OF OF 1 2, \8F _
5 (89) + B G0 + 30700~ (0) + () =0,

F(Tx)=®(x).

(4.34)
. (4.35)
Assume furthermore that the process cr(s,l’g)%(s,)(g) zs in f7, where X is defined below: Then F bas the representation
F(rx) = T8, [2(X )],
where X satisfies the SDE
(4.30)
dX .= p(s,X)ds + o (8, X)dW,
Example 4.7 Solve the PD e 37
xample 4.7 Solve the PDE (438)
8 1 2 0%F

a7 X) + 350 ?(u) =0,

F(T.x) = x*,
where ¢ 1s a constant.
Solution:

From Proposition 4.5 we immediately have
F(tx) = By X7,

where

dX .= 0+ds + odW,
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Xi=x.
This equation can easily be solved, and we have
Xr=x+o[Wr—W],
so X, has the distribution N [x,0y/ 7 — ¢] . Thus we have the solution
F(tx) =E[X7]=VarlXs] + (E[X71)

— -‘.TI(T— f) + P

61

Up to now we have only treated the scalar case, but exactly the same arguments as above will give us the following

result.
Proposition 4.8 Take as given
o A (colummn-vector valued) function p: R, X R'— R
o A function C: R, X R'— M(n,n), which can be written in the form
C(tx) = o(tx)a (1),

Jor some function o: R, X R'— M(n,d).
o A real valued function ®: R" — R.
* A real number r.

Assume that F: R, X R" — R is a solution to the boundary value problem

Fi n 2

ar ] ' ar : 1 v s, N OTF . ] _

(1) + zl:“f“*”—a_x, () + 3 Cylt) Fx o, () ~rF() =0,
1= 1,1=1

F(Tx) —®&(x).

Assume furthermore that the process

~ L AF .
EJII\S)XS‘) 3.)51 (saX.YJ
i—

is in [ (see Definition 3.3), where X is defined below: Then F has the representation
F(tx) = e "R [2(XD)],
where X satisfies the SDE

dX .= pu(sX)dl + o (8, X)dW,

/Yx = X.

We end this section with a useful result. Given Lemma 3.9 the proof is easy and left to the reader.

(4.39)

(4.40)

(4.41)
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Proposition 4.9 Consider as given a vector process X with generator A, and a function F(2,x). Then, modulo some integrability
conditions, the following hold.

o The process F(t,X) is a martingale relative to the filtration 3 if and only if F satisfies the PDE

8F B
ar +AF =0.
o Forevery (t,x) and T = t, we have

F(tx) = Ey[F(T.X7)].

4.6 The Kolmogorov Equations

We will now use the results of the previous section in order to derive some classical results concerning the transition
probabilities for the solution to an SDE. The discussion has the nature of an overview, so we allow ourselves some
latitude as to technical details.

Suppose that X is a solution to the equation
dX, = p(LX)d1l + o (LX)dW,,

with infinitesimal generator 4 given by
(4.42)

NS B INA~ L8 ,
(Af)(sy) = Hi(s,y) (s,y) + Ci(s,y) (5,5),
; ! dy, ZUZ=:1 Yy 8y, 8y,

where as usual
C(tx) — o(tx)o” (1),
Now consider the boundary value problem

(04 +a)sy) =0, () e @D R
.

u(T,y) —Ig(y), yeR",
where I, is the indicator function of the set B. From Proposition 4.8 we immediately have

u(s,y) = Esy[[s(X7)] = P(X7€B|X; =y ),

where X is a solution of (4.42). This argument can also be turned around, and we have thus (more or less) proved the
following result.

Proposition 4.10 (Kolmogorov backward equation) ILer X be a solution to eqn (4.42). Then the transition
probabilities P(s,y, t,8) = P(X; € B|X(s) =y ) are given as the solution to the equation

(92 1 ap)s 28y =0, ) c ) <R,
P(Ly, t,B) = Ig(y). (4_43)
(4.44)
Using basically the same reasoning one can also prove the following corresponding result for transition densities.

Proposition 4.11 (Kolmogorov backward equation) ez X be a solution to eqn (4.42). Assume that the measure P(s,y;t,dx)
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has a density p(s,y;t,x)dx. Then we have

(% - Ap] (s, :8) = 0, (5,¥) € (0,£) x R",

pisy. 1x) — by, as 5 — L (445)

(4.46)

The reason that eqns (4.43) and (4.45) are called backward equations is that the differential operator is working on the
“backward variables” (s,9). We will now derive a corresponding “forward” equation, where the action of the differential
operator is on the “forward” variables (#x). For simplicity we consider only the scalar case.

We assume that X has a transition density. Let us then fix two points in time s and T with s < 1. Now consider an
arbitrary “test function”, i.e. an infinite differentiable function A(#x) with compact support in the set (5,7) X R. From
the It6 formula we have

Te v T,
WX ) = h(s.X,) + / (% +A}?)(Z,Xr)dr+ / %(I,Xf)dW;.

Applying the expectation operator Esy[ ], and using the fact that, because of the compact support, h(Ix) = b
(5,) = 0, we obtain

(=3 T
f / (s, ;f,x)(% I AA(tx)dxdr = 0.

. . . . d . .
Partial integration with respect to 7 (for =) and with respect to x (for 4) gives us

fax) T
/ /h(r,x)( % IA*)p(s,y; 1.x)dxdr= 0,

where the adjoint operator 4* is defined by

. 2
(477 )0 = — L0 r 0] + 5325 [P a0/ ]

2
X
Since this equation holds for all test functions we have shown the following result.

Proposition 4.12 (Kolmogorov forward equation) Assume that the solution X of eqn (4.42) has a transition density
Pp(syst,x). Then p will satisfy the Kolmogorov forward equation

%p(x,y; LX) = A*p(_g,y', tx), (tx)e(0,T) = R,
pls,y, tx) — &y, as t] s (4.47)

(4.48)

This equation is also known as the Fokker-Planck equation . The multidimensional version is readily obtained as

0 ,
5y Py 1x) = 4" plsy; 1),

where the adjoint operator 4* is defined by
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* “ z
(4" )0 = = Dl f (0] + 3D 5T [0 £ ()]
i i X

=1 fj=1

Example 4.13 Let us consider a standard Wiener process with constant diffusion coefficient o, i.e. the SDE
dx, = odW,.
The Fokker-Planck equation for this process is

ap .12 ﬁzl’ by
(5,9, 1x) o (5,y; LX),
at 27 oyt

and it is easily checked that the solution is given by the Gaussian density

1 1 (x—)°
plsy tx) = f— eXpP 57 — |
oy 2x(1—3) “ot(f—g)
Example 4.14 Consider the GBM process
dX, = oXdt + o XdW,.
The Fokker-Planck equation for this process is

L7 L@l r 22 o] — @ fawntoy ix
o (0 = 3= [o pey 10 | = - exployi 1],

ie.
%{;— %' 2\"i£ | (3 2 u).l‘—t:;% (-Jl u)p

A change of variables of the form x = ¢ reduces this equation to an equation with constant coefficients, which can be
solved by Fourier methods. For us it is perhaps easier to get the transition density directly by solving the SDE above.
See the exercises below.

4.7 Exercises
Exercise 4.1 Show that the scalar SDE

dX, = oaXdt+ odW,

Xo X,

has the solution
X(H=e" x+ o[e“"’““‘%mf(s),
S0

(4.49)
by differentiating X as defined by eqn (4.49) and showing that X so defined actually satisfies the SDE.
Hint: Write eqn (4.49) as
X,=Y:+ZRe,

where
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|
]

t
R, = / e “dw,,
J0
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and first compute the differentials dZ, 7Y and 4R. Then use the multidimensional 1t6 formula on the function fyz,7) =

Jytzxn

Exercise 4.2 Let A be an # X » matrix, and define the matrix exponential ¢ by the series

xX)
= A*
A = E o
k=0
This series can be shown to converge uniformly.

(a) Show, by taking derivatives under the summation sign, that

At
d;t =A™
(b) Show that
e’ — I,

where 0 denotes the zero matrix, and I denotes the identity matrix.

(c) Convince yourself that if 4 and B commute, i.e. AB = BA, then

Hint: Write the series expansion in detail.

(d) Show that ¢ is invertible for every .4, and that in fact

[eA] e e
(e) Show that for any A, 7 and s

(A _ At A

(f) Show that

* *

() =

Exercise 4.3 Use the exercise above to complete the details of the proof of Proposition 4.3.
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Exercise 4.4 Consider again the linear SDE (4.19). Show that the expected value function 7() = E[X(/)], and the
covariance matrix C(9) = {Cov (X/(7),X()}, are given by

t
m(r) =etxg+ f e p(5)ds,
]
t . -
c) = [ A5 (9o (et s,
J0O

where * denotes transpose.
Hint: Use the explicit solution above, and the fact that

5 * . * .,

cir) — E[X,_rXt ] —m{tym (f).

Geometric Brownian motion (GBM) constitutes a class of processes which is closed under a number of nice
operations. Here are some examples.
Exercise 4.5 Suppose that X satisfies the SDE

dX, = oXdt + o XdW,.

Now define Y by v, = x¥, where § is a real number. Then Y is also a GBM process. Compute 4Y and find out which
SDE Y satisfies.

Exercise 4.6 Suppose that X satisfies the SDE
dX, = oXdt + o X AW,
and Y satisfies
dY, = Yl + 6YdV,,

where ”is a Wiener process which is independent of W, Define Z by Z = % and derive an SDE for Z by computing

dZ and substituting Z for % in the right hand side of 4Z. If X is nominal income and Y describes inflation then Z
describes real income.

Exercise 4.7 Suppose that X satisfies the SDE
dX; = oXdt + o X dW,,
and Y satisfies

dY,; = ~Ydt + 6Y.dW,.

Note that now both X and Y are driven by the same Wiener process W, Define Z by Z = % and derive an SDE for Z.
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Exercise 4.8 Suppose that X satisfies the SDE
dX, = oXdt + o X AW,
and Y satisfies
dY, = Yt + 6YdV,,

where 17 is a Wiener process which is independent of W. Define Z by Z = X - Y and derive an SDE for Z. If X
describes the price process of, for example, IBM in US$ and Y is the currency rate SEK/US$ then Z describes the
dynamics of the IBM stock expressed in SEK.

Exercise 4.9 Use a stochastic representation result in order to solve the following boundary value problem in the
domain [0,7] X R.

2
(3;’: + px (?F + I szz 8 F

=0

F(Tx) — In(xh).
Here p and o are assumed to be known constants.

Exercise 4.10 Consider the following boundary value problem in the domain [0,1] X R.

aF AF 1 2 a'r 3

W | ‘H-(f,.xja | 5(}' (fy?f)? | k(f,x) = 0,
F(Tx) —@(x).

Here y, o, £ and @ are assumed to be known functions.

Prove that this problem has the stochastic representation formula

T
F(rx) = Ee[2(X7)] + / By [K(s.X5)]ds,
‘

where as usual X has the dynamics
AX, = pu(s,X)ds | o(8,X)dW,,
4X£r .
Hint: Define X as above, assume that ¥ actually solves the PDE and consider the process Z = F(5,X).

Exercise 4.11 Use the result of the previous exercise in order to solve

2
?F + Ix28 F +x =0,
o1 2 pxt

F(Tx) — In(sh).



68 DIFFERENTIAL EQUATIONS

Exercise 4.12 Consider the following boundary value problem in the domain [0,1] X R.

atr
ox*

aF arF 1 2
W | ‘:'L(f,.x)a I Eﬂ" (f,.?f.')

I r(tx)F =0,
F(Tx) —@ox).

Here p (4x), o (t,x), 1(#x) and @ (x) are assumed to be known functions. Prove that this problem has a stochastic
representation formula of the form

. o Trsxdds
ﬁ'(r,x)—ﬂg,x[m(xf)er e }

by considering the process 7Z,= F(5,X;) x exp [f:r(u,ru)d@ on the time interval [£7T].

Exercise 4.13 Solve the boundary value problem

aF 1 2 8% 1.2 8%
(Lx,y) + 5o (txy) + ,6 (Lx,y) =0,
o1 20 ax? 2 ay*

F(Txy) —ay.
Exercise 4.14 Go through the details in the derivation of the Kolmogorov forward equation.
Exercise 4.15 Consider the SDE
dX, = odi + ocdW,,
where o and ¢ are constants.

(a) Compute the transition density p(s,y;4x), by solving the SDE.
(b) Write down the Fokker-Planck equation for the transition density and check the equation is indeed satisfied by
your answer in (a).

Exercise 4.16 Consider the standard GBM
dX, = oXdl + o XdW,

and use the representation
Xr:chxp{[oc %Jﬂ(l $ 1 o[, WS]}

in order to derive the transition density p(s,5;4x) of GBM. Check that this density satisfies the Fokker-Planck equation
in Example 4.14.

4.8 Notes

All the results in this chapter are standard and can be found in, for example, Karatzas and Shreve (1988), Revuz and
Yor (1991), Oksendal (1995). For an encyclopedic treatment of the probabilistic approach to parabolic PDEs see
Doob (1984).



5 Portfolio Dynamics

5.1 Introduction

Let us consider a financial market consisting of different assets such as stocks, bonds with different maturities, or
various kinds of financial derivatives. In this chapter we will take the price dynamics of the various assets as given, and
the main objetive is that of deriving the dynamics of (the value of) a so called self-financing portfolio. In continuous
time this turns out to be a fairly delicate task, so we start by studying a model in discrete time. We will then let the
length of the time step tend to zero, thus obtaining the continuous time analogs. It is to be stressed that this entire
section is only motivating and heuristic. The formal definitions and the corresponding theory will be given in the next
section.

Let us thus study a financial market, where time is divided into periods of length 8, and where trading only takes place
at the discrete points in time # A 4, 7 =0, 1, ... . We consider a fixed period [# #+ A 7). This period (where of course #
= n A t for some 7) is henceforth referred to as “period 7. In the sequel we will assume that all assets are stocks, but
this is purely for linguistic convenience.

Definition 5.1

N = the muwmber of  different g of  sfocks
hi(t) =  number of shares of ppe i held during rthe period [rp 4+ Ar)
REY = the porifolbe [M(8),. . Jhu(8)] held dwrmng porned ©

c(t) — the amount of money gpent on  consumption per umif  time

durirg  the  period [0 4 A
Si(t) — the price of owme share of bpe i during the period [+ A2)
Vi) = the value of the portfohe h af twwe L

The information and the decisions in the model are structured as follows.

* At time 7 ie. at the start of period # we bring with us an “old” portfolio h(r — A ) = {h(t— A 7,i=1,...,N}
from the previous period # — A

e At time 7 we can observe the price vector S(A) = (5,(9), . . . ,5,().

¢ At time 7 after having observed S(7), we choose a new portfolio 4(7), to be held during period # At the same time
we also choose the consumption rate ¢(7) for the period % Both /(7 and () are assumed to be constant over the
period 7
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Remark 5.1.1 Note that, so far, we only consider nondividend paying assets. The case of dividend paying assets is
slightly more complicated, and since it will only be used in Chapter 11, we omit it from our main discussion. See
Section 5.3 below for details.

We will only consider so called self-financing portfolio—consumption pairs (4,¢), i.e. portfolios with no exogenous
infusion or withdrawal of money (apart of course from the ¢~term). In other words, the purchase of a new portfolio, as
well as all consumption, must be financed solely by selling assets already in the portfolio.

To start the analysis we observe that our wealth 1(?), i.e. the wealth at the start of period # equals the value of the old
portfolio A(z — A 7). Thus we have

N
V) = ZL—,(; — ANS(0) =h(t — ADS(),

i=1

(5.1
whete we have used the notation

=Sy

for the inner product in R™. Equation (5.1) simply says that at the beginning of period 7 our wealth equals what we get
if we sell our old portfolio at today's prices. We may now use the proceeds of this sale for two purposes.

* Reinvest in a new portfolio /(7).
* Consume at the rate ¢() over the period #

The cost of the new portfolio /(#), which has to be bought at today's prices, is given by

N
> @80 =hS(),

i=1
whereas the cost for the consumption rate ¢(7) is given by ¢ A % The budget equation for period 7 thus reads

At — ADS(E) = RIS +ole)As

(5.2
If we introduce the notation
AX() = X(£) - X(1— Ap),
for an arbitrary process X, we see that the budget equation (5.2) reads
SR +c (A 0.
(5.3)

Since our goal is to obtain the budget equation in continuous time it is now tempting to let A # — 0 in eqn (5.3) to
obtain the formal expression
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Sy () +oltide — 0.

This procedure is, however, not correct, and it is important to understand why that is so. The reasons are as follows.

* All stochastic differentials are to be interpreted in the It sense.
e The It6 integral [ gHdW(?) was defined as the limit of sums of the type

D 8t F(tns1) = Wt)],

where it was essential that the Wincrements were forward differences.
* In eqn (5.3) we have a backward /-difference.

In order to get It6 differentials we thus have to reformulate eqn (5.3). This is done by adding and subtracting the term
S(+=A H A h(?) to the left hand side, and the budget equation now reads

St — AR + AS AR + o) =0

Now, at last, we may let A # — 0 in the budget eqn (5.4), giving us

54
SEdh(E) +dh(OdS(E) +c(O)dt 0.
Letting A # — 0 in eqn (5.1) gives us (5.5)
Vi) —hie)S(e).
and if we take the It6 differential of this expression we get (5.6)
P (e) = h(OS(E) + SOdR(E) +dSEOdh(E).
(5.7

To sum up, eqn (5.7) is the general equation for the dynamics of an arbitrary portfolio, and eqn (5.5) is the budget
equation which holds for all self-financing portfolios. Substituting (5.5) into (5.7) thus gives us our desired object,
namely the dynamics of (the wealth of) a self-financing portfolio.

dIF(e) = R(E)dS(E) — cle)de.

In particular we see that in a situation without any consumption we have the following ["~dynamics.

(5.8)

dF(e) — R(£)dB(E).

(5.9)

Remark 5.1.2 The natural economic interpretation of eqn (5.9) is of course that in a model without any exogenous
income, all change of wealth is due to changes in asset prices. Thus (5.8) and (5.9) seem to be rather self-evident, and
one may think that our derivation was rather unneccesary. This is, however, not the case, which we realize if we recall
that the stochastic differentials in (5.8) and (5.9) are to be interpreted in the It6 sense, where it is important that the
integrator increment dS(7) is a forward increment. If we had chosen to define our stochastic integral in some other way,
e.g. by using backward increments (this can actually be done), the formal appearance of (5.8)—(5.9) would have been
quite different. The real content , on the other hand, would of course have been the same.
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5.2 Self-Financing Portfolios

Having gone through the derivations of the preceding section there are some natural questions.

1. In which sense (I, P-a.s., etc.) is the limiting procedure of letting A # — 0 to be interpreted?
2. Equation (5.8) is supposed to be describing the dynamics of a self-financing portfolio in continuous time, but
what is “continuous time trading” supposed to mean “in reality”?

The answer to these questions is simply that the preceding reasoning has only been of a motivating nature. We now
give a purely mathematical definition of the central concepts. The interpretations of the concepts are of course those
of the preceding section.

Definition 5.2 et the N-dimensional price process {S(8);/= 0} be given.

1. it A portfolio strategy (most often simply called a portfolio) is any F f ~adapted N-dimensional process {h(f);t = 0}.
2. The portfolio b is said to be Markovian #f 7t is of the form

h(1) = h(1,5(1)),

Sfor some function b : R, X R"— R
3. The value process [7corresponding to the portfolio b is given by

N
h
Ve = E hi(D)S(1).
i—1
4. A consumption process s any F ‘f -adapted one-dimensional process {c(f);t = 0}. (5.10)
5. A portfolio—consumption pair (hy) is called self-financing if the value process 1" satisfies the condition

N
avt = Zh,.(r)dsj(r) — e(nydt,

ze. if =1
(5.11)
Aty = h()ds(t) — e(t)dt.

Remark 5.2.1 Note that, in general, the portfolio A(7) is allowed to depend upon the entire past price trajectory {S(x); #
< #}. In the sequel we will almost exclusively be dealing with Markovian portfolios, i.e. those portfolios for which the
value at time 7 depends only on today's date 7 and today's value of the price vector S(7).

For computational purposes it is often convenient to describe a portfolio in relative terms instead of in absolute terms
as above. In other words, instead of specifying the absolute number of shares held of a certain stock, we specify the
relative proportion of the total portfolio value which is invested in the stock.

Definition 5.3 For a given portfolio h the corresponding relative portfolio u is given by
hSi(1L
ui(f) - %Ua 1— 19 .o '9N9
0

(5.12)
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where we have

N

Y un=1.

i—1
The self-financing condition can now easily be given in terms of the relative portfolio.

Lemma 5.4 A portfolio—consumption pair (h,e) is self-financing if and only if

ds(t)

S.(1) — c(t)dt.

N
aviy =v"m Yy " uo)
i—1

(5.13)

In the future we will need the following slightly technical result which roughly says that if a process looks as if it is the
value process of a self-financing portfolio, then it actually is such a value process.

Lemma 5.5 Lef ¢ be a consumption process, and assume that there exist a scalar process Z and a vector process q=(q,, . . . , q) Stch
that
N
dS(t
dz(t) = Z(1) E Q;(f)+o — e(nydt,
; Si(0)
i—1
N (5.14)
E q;(t) = 1.
Now define a portfolio b by =1
(5.15)
(DZ(1
h(t) = q;(ﬂ )2(1)
S:(1)
(5.16)

Then the value process 17is given by V'=Z, the pair (h,e) is self-financing, and the corresponding relative portfolio u is given by n = q.
Proof By definition the value process 1”7 is given by I”()=A()S (9, so eqns (5.15) and (5.16) give us

N N N
Vi = s =Y g (020 =20y g1 = Z(0.

i—1 i—1 i—1
(5.17)

Inserting (5.17) into (5.16) we see that the relative portfolio # corresponding to 4 is given by # = ¢. Inserting (5.17) and
(5.16) into (5.14) we obtain

N
avhiy = " h(0)ds,(1) — e(nydr,

i—1

which shows that (4,¢) is self-financing.
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5.3 Dividends

This section is only needed for Chapter 11. We again consider the setup and notation of Section 5.1, with the addition
that the assets now may pay dividends.

Definition 5.6 We take as given the processes D (?), . . . , D (9), where D(?) denotes the camulative dividends paid to the holder
of one unit of asset i during the interval (0,4. It D has the structure

dD (1) = 6;(1)dt,
for some process S, then we say that asset i pays a continnons dividend yield .

The dividends paid to the holder of one unit of asset 7 during (5,7 are thus given by D ()—D(s), and in the case of a
dividend yield we have

t
D;(t) = /@-(s_)ds.
J0

We assume that all the dividend processes have stochastic differentials.

We now go on to derive the dynamics of a self-financing portfolio, and as usual we define the value process |7 by
V() = h(DS(0).

The difference between the present situation and the nondividend paying case is that the budget equation (5.2) now

has to be modified. We have to take into account the fact that the money at our disposal at time 7 now consists of two
terms.

* The value of our old portfolio, as usual given by

h(t — ADS().
* The dividends earned during the interval (/— A # 7. These are given by

N
> “hi(t — AN [Di(1) — Dt — A = h(t — ADAD(D).
i—1
The relevant budget equation is thus given by
h(t — ADS() | h(i - ADAD() = h(D)S(1) (DAL
(5.18)

Going through the same arguments as in Section 5.1 we end up with the following dynamics for a self-financing
portfolio

N N
av(n =Y h0ds(n) + » h(0dD,(1) — c(t)dr,
i—1 i—1

and we write this as a formal definition.
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Definition 5.7

1. The value process 175 given by

N
rhy = m0si.

i—1

(5.19)
2. The (vector valued) gain process G is defined by
G(t) =8() | D).
(5.20)
3. The portfolio—consumption pair (hy) is called self-financing zf
N
avin = E hy(HdG(1) — c()dt.
i—1
(5.21)
With notation as above we have the following obvious result.
Lemma 5.8 [ terms of the relative portfolio weights, the dynamics of a self-financing portfolio can be expressed as
N
dG(t
avi =v -y w0 S ryar
Si(?)
i—1
(5.22)

5.4 Exercises

Exercise 5.1 Work out the details in the derivation of the dynamics of a self-financing portfolio in the dividend paying
case.



6 Arbitrage Pricing

6.1 Introduction

In this chapter we will study a special case of the general model set out in the previous chapter. Let us therefore
consider a financial market consisting of only two assets: a risk free asset with price process B, and a stock with price
process S. What, then, is a risk free asset?

Definition 6.1 The price process B is the price of a risk free asset if it has the dynamics
dB(1) = r()B(1)dL,
(6.1)

where r is any adapted process.
The defining property of a risk free asset is thus that it has no driving /IW-term. We see that we also can write the B-
dynamics as
dB(1)
dt

r()B(1),

so the B-process is given by the expression

t
B(t) =B(0) exp /r(,s*_)ds.
/0

A natural interpretation of a riskless asset is that it corresponds to a bank with the (possibly stochastic) short rate of
interest 72 An important special case appears when 7 is a deterministic constant, in which case we can interpret B as the
price of a bond.

We assume that the stock price S is given by
dS(1) = S((1.8(0))d1 + S()o(,S()dW (1),
(6.2)

where Jj7 is a Wiener process and « and o are given deterministic functions. The reason for the notation Jj7, instead of
the simpler W, will become clear below. The function o is known as the volatility of ., while « is the local mean rate
of return of §.

Remark 6.1.1 Note the difference between the risky stock price S, as modeled above, and the riskless asset B. The rate
of return of B is formally given by

dB (1)
e = ()
B(t) - dt

This object is locally deterministic in the sense that, at time # we have complete knowledge of the return by simply
observing the prevailing short rate
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n(?). Compare this to the rate of return on the stock S. This is formally given by

ds() ()
R hy hy
Sy - = S + ot ()8

and this is not observable at time 7 It consists of the terms o (£5(%)) and o (£,5(?)), which both are observable at time 7
plus the “white noise” term A (1) , which is random. As opposed to the risk free asset, the stock thus has a stochastic
rate of return , even on the inﬁnitesimal scale.

The most important special case of the above model occurs when 7, « and ¢ are deterministic constants. This is the
famous Black—Scholes model .

Definition 6.2 The Black—Scholes model consists of two assets with dynamics given by
dB(1) = rB(1)dl,
(6.3)

dS(t) = aS()dt + aS(1)dW (1),
(6.4)

where 1, o and o are deterministic constants.

6.2 Contingent Claims and Arbitrage

We take as given the model of a financial market given by eqns (6.1)—(6.2), and we now approach the main problem to
be studied in this book, namely the pricing of financial derivatives. Later we will give a mathematical definition, but let
us at once present the single most important derivative—the European call option.

Definition 6.3 .4 European call option n:t) exercise price (or strike price) K and time of maturity (exercise date) T on
the underlying asset S 7s a contract defined by the following clanses.

o The holder of the gption has, at time T, the right to buy one share of the underlying stock at the price K SEK from the underwriter
of the option.

o The holder of the option is in no way obliged to buy the underlying stock.

o The right to buy the underlying stock at the price K can only be exercised at the precise time T

Note that the exercise price K and the time of maturity T are determined at the time when the option is written, which
for us typically will be at #= 0. A European put option is an option which in the same way gives the holder the right
to sell a share of the underlying asset at a predetermined strike price. For an American call option the right to buy a
share of the underlying asset can be exercised at any time before the given time of maturity. The common factor of all
these contracts is that they all are completely defined in terms of the underlying asset 5, which makes it natural to call
them derivative instruments or contingent claims . We will now give the formal definition of a contingent claim.
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Fig. 6.1 Contract Function. European Call, K = 100
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Definition 6.4 Consider a financial market with vector price process S. A contingent claim ith date of maturity (exercise
date) 1, also called a 'I-claim, is any stochastic variable,  F ‘15,: A contingent claim vy is called a sioaple claim if it is of the form y, =
@ (S(1)). The function ® is called the contract function .

The interpretation of this definition is that a contingent claim is a contract, which stipulates that the holder of the
contract will obtain ¥ SEK (which can be positive or negative) at the time of maturity 1. The requirement that
Y & ‘;,31 simply means that, at time 7, it will actually be possible to determine the amount of money to be paid out.
We see that the European call is a simple contingent claim, for which the contract function is given by

P(x) =max[x K,0].

The graphs of the contract functions for European calls and puts can be seen in Figs 6.1-6.2. It is obvious that a
contingent claim, e.g. like a European call option, is a financial asset which will fetch a price on the market. Exactly
how much the option is worth on the market will of course depend on the time # and on the price S(#) of the
underlying stock. Our main problem is to determine a “fair” (in some sense) price for the claim, and we will use the
standard notation

I (4X)
(6.5)

for the price process of the claim y, where we sometime suppress the y. In the case of a simple claim we will
sometimes write IT (% D).
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Fig. 6.2 Contract Function. European Put, K = 100

o 1 | 1 1 . . " . ‘
o 20 40 &0 &0 100 120 140 180 180 200

If we start at time T the situation is simple. Let us first look at the particular case of a European call.

1. If S(T) = K we can make a certain profit by exercising the option in order to buy one share of the underlying
stock. This will cost us K SEK. Then we immediately sell the asset on the stock exchange at the price S(1), thus
giving us a net profit of §(T) — K SEK.

2. If (1) < K the option has no value whatsoever.

Thus we see that the only reasonable price IT (1) for the option at time T is given by

II (T)=max[S(T) K.,0].

(6.6)
In exactly the same way we see that for a more general contingent claim y we have the relation
I (T:x) =x
(6.7)
and in the particular case of a simple claim
IT (T x) = (5(1)).
(6.8)

For any time # < T'it is, however, far from obvious what the correct price is for a claim y. On the contrary it seems to
be obvious that there is no such thing as a “correct” or “fair” price. The price of an option, like the price of any other
asset, is of course determined on the (option) market, and should therefore be an extremely complex aggregate of, for
example, the various attitudes to risk
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on the market and expectations about the future stock prices. It is therefore an extremely surprising fact that, given
some fairly mild assumptions, there is a formula (the Black—Scholes formula) which MD>gives the unique price of the
option. The main Assumption we will make is that the market is efficient in the sense that it is free of arbitrage
possibilities . We now define this new and central concept.

Definition 6.5 A arbitrage possibility on a financial market is a self-financed portfolio b such that

vh0y =0,

(6.9)

vy s 0P — as.
6.10)

We say that the market is atbitrage free if there are no arbitrage possibilities.

An arbitrage possibility is thus equivalent to the possibility of making a positive amount of money out of nothing with
probability 1. It is thus a riskless money making machine or, if you will, a free lunch on the financial market. We
interpret an arbitrage possibility as a serious case of mispricing in the market, and our main Assumption is that the
market is efficient in the sense that no arbitrage is possible.

Assumption 6.2.1 We assume that the price process I1 () is such that there are no arbitrage possibilities on the market consisting of
(B@, SO, IT ().

A natural question now is how we can identify an arbitrage possibility. The general answer to this question
unfortunately requires quite a lot of fairly heavy probabilistic machinery. Happily enough there is a partial result which
is sufficient for our purposes.

Proposition 6.6 Suppose that there exists a self-financed portfolio h, such that the value process 1" has the dynamics

dv’ey = ki ar,
(6.11)

where & is an adapted process. Then it nmust hold that k(f) = 1(?) for all 1, or there exists an arbitrage possibilzty.

Proof We sketch the argument, and assume for simplicity that £ and r are constant and that £ > 7 Then we can
borrow money from the bank at the rate 7 This money is immediately invested in the portfolio strategy 4 where it will
grow at the rate £ with &£ > . Thus the net investment at # = 0 is zero, whereas our wealth at any time # > 0 will be
positive. In other words we have an arbitrage. If on the other hand » > £, we sell the portfolio 4 short and invest this
money in the bank, and again there is an arbitrage. The cases with nonconstant and nondeterministic 7 and £ are
handled in the same way.

The main point of the above is that if a portfolio has a value process whose dynamics contain no driving Wiener
process, i.e. a locally riskless porfolio , then the rate of return of that portfolio must equal the short rate of interest.
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To put it in another way, the existence of a portfolio 4 is for practical purposes equivalent to the existence of a bank
with £ as its short rate of interest. We can then paraphrase the lemma above by saying that on an arbitrage free market
there can only be one short rate of interest.

We now return to the question of how the price process I (% y) for a contingent claim y can behave, and the main Idea
is the following, Since the claim is defined entirely in terms of the underlying asset(s), we ought to be able to price it in
terms of the price of the underlying asset(s) if arbitrage possibilities are to be avoided. Thus we are looking for a way to
price the derivative in a way which is consistent with the price process of the underlying asset.

To take a simple example, it is quite obvious that for a European call we must have the relation IT () =< §(% in an
arbitrage free market, because no one in their right mind will buy an option to buy a share at a later date at price K if
the share itself can be bought cheaper than the option. For a more formal argument, suppose that at some time # we
actually have the relation IT () > 5(7). Then we simply sell one option. A part of that money can be used for buying the
underlying stock and the rest is invested in the bank (i.e. we buy the riskless asset). Then we sit down and do nothing
until time 1. In this way we have created a self-financed portfolio with zero net investment at time # At time T we will
owe max [$(1) — K,0] to the holder of the option, but this money can be paid by selling the stock. Our net wealth at
time T will thus be S(T)—max [S(T) — K,0], which is positive, plus the money invested in the bank. Thus we have an
arbitrage.

It is thus clear that the requirement of an arbitrage free market will impose some restrictions on the behavior of the
price process IT (4 ). This in itself is not terribly surprising. What is surprising is the fact that in the market specified
by eqns (6.1)—(6.2) these restrictions are so strong as to completely specify, for any given claim y, the unique price
process IT (% ) which is consistent with absence of arbitrage. For the case of simple contingent claims the formal
argument will be given in the next section, but we will now give the general idea.

To start with, it seems reasonable to assume that the price IT (% %) at time 7 in some way is determined by expectations
about the future stock price S(7). Since § is a Markov process such expectations are in their turn based on the present
value of the price process (rather than on the entire trajectory on [0,7]). We thus make the following assumption.

Assumption 6.2.2 We assume that

1. The derivative instrument in question can be bonght and sold on a market.
2. The market is free of arbitrage.
3. The price process for the derivative asset is of the form

IT (& x) = F(5(1)),

6.12)

where F is some smooth function.
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Our task is to determine what F might look like if the market consisting of S(7), B() and I1 (# y) is arbitrage free.
Schematically we will proceed in the following manner.

1. Consider a, o, @, I and r as exogenously given.
Use the general results from Section 5.2 to describe the dynamics of the value of a hypothetical self-financed
portfolio based on the derivative instrument and the underlying stock (nothing will actually be invested in or
loaned by the bank).

3. It turns out that, by a clever choice, we can form a self-financed portfolio whose value process has a stochastic
differential without any driving Wiener process. It will thus be of the form (6.11) above.

4. Since we have assumed absence of arbitrage we must have &£ = =

5. The Condition £ = rwill in fact have the form of a partial differential equation with F as the unknown function.
In order for the market to be efficient I must thus solve this PDE.

6. The equation has a unique solution, thus giving us the unique pricing formula for the derivative, which is
consistent with absence of arbitrage.

6.3 The Black—Scholes Equation

In this section we will carry through the schematic argument given in the previous section. We assume that the a priori
given market consists of two assets with dynamics given by

dB(1) = rB(1)d1,

_ 6.13
dS(t) = S(H(LS(D))dt + S(H)o(t.8(1))dW (1), R

(6.14)
where the short rate of interest 7 is a deterministic constant. We consider a simple contingent claim of the form
X = @(5(T)),

(6.15)
and we assume that this claim can be traded on a market and that its price process IT (7) = IT (% @) has the form
IT () = F(,5(1)),

(6.16)

for some smooth function I Our problem is to find out what I must look like in order for the market [S(7), B(?), IT (9]
to be free of arbitrage possibilities.

We start by computing the price dynamics of the derivative asset, and the It6 formula applied to (6.16) and (6.14) gives

us
dll (1) = c (D11 (B)dt + o,()11 (HdW (1),
where the processes « (/) and o (#) are defined by (6.17)

Fy+ oSF, + 30°S™F,
F 2

() =

(6.18)
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oSF
a.(t) = T

Here subscripts denote partial derivatives, and we have used a shorthand notation of the form

(6.19)
oSF B ag(tL,5(1))S(D)F(1.5(1))
F F(t,3(1))

and similarly for the other terms above.

Let us now form a portfolio based on two assets: the underlying stock and the derivative asset. Denoting the relative
portfolio by (#,#) and using eqn (5.13) we obtain the following dynamics for the value 17 of the portfolio.

v = V{us[adr - Jdﬁ_/':l 4 u,r[oz,,_dr + J;;dﬁ’] }

where we have suppressed % We now collect d#- and 4y -terms to obtain (6.20)

AV = V[ugo + o) dt + Vugo + uyo,] dW.
(6.21)

The point to notice here is that both brackets above are linear in the arguments # and #. Recall furthermore that the
only restriction on the relative portfolio is that we must have

Uy | Uyp=1,
for all 7 Let us thus define the relative portfolio by the linear system of equations
Uy | Uyp=1,

U0 | Ug0 = 0. (6.22)

(6.23)

Using this portfolio we see that by its very definition the driving /IV-term in the I"“dynamics of eqn (6.21) vanishes
completely, leaving us with the equation

AV =V ug | uyo,]di

(6.24)

Thus we have obtained a locally riskless portfolio, and because of the requirement that the market is free of arbitrage,
we may now use Proposition 6.6 to deduce that we must have the relation

UL | U0y = T

This is thus the Condition for absence of arbitrage, and we will now look more closely at this equation.

(6.25)
It is easily seen that the system (6.22)—(6.23) has the solution

(6.26)
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— g
Uy —,
Og— O
which, using (6.19), gives us the portfolio more explicitly as 627)
S(OF (6,5(1))

US(I) = »
—F(t,5(1)) (6.28)

Uy(t) = '

SOF(t.5(1) — F(1.5(0)

(6.29)

Now we substitute (6.18), (6.28) and (6.29) into the absence of arbitrage Condition (6.25). Then, after some
calculations, we obtain the equation

F(t,5(8)) + riS(HF (£,5(8)) + %oz(t‘,S(r))Sz(t)Fm(t,S(t) —rF(8,5(t)) — 0.

Furthermore, from the previous section we must have the relation
IT (T) =2(5(7)).

These two equations have to hold with probability 1 for each fixed # Furthermore it can be shown that under very
weak assumptions (which trivially are satisfied in the Black—Scholes model) the distribution of S(7) for every fixed #> 0
has support on the entire positive real line. Thus S(#) can take any value whatsoever, so F has to satisfy the following
(deterministic) PDE.

F(ts) + rsF(Ls) + %.‘.’2{72(f,S)F'SS(f,S) _pF(ts) =0,

F(T.s) = ®(s).

Summing up these results we have proved the following proposition, which is in fact the most central result in the
book.

Theorem 6.7 (Black—Scholes equation) Assume that the market is specified by eqns (6.13)—(6.14) and that we want to price a
contingent claim of the form (6.15). Then the only pricing function of the form (6.16) which is consistent with the absence of arbitrage is
when F is the solution of the following boundary value problem in the domain [0,T] X K..

Fi(ts) + 1F(15) + 3570 (65)F o (15) — 1F(15) =0,

F(T,8) = ®(s). (6.30)
(6.31)
Before we go on to a closer study of the pricing equation (6.30) let us make a few comments.

Firstly it is important to stress the fact that we have obtained the price of the claim y in the form IT (4 y) = F(1,5()), 1.e.
the price of the claim is given as a function of the price of the underlying asset §. This is completely in line with the
basic Idea explained eatrlier, that the pricing of derivative assets is a question of pricing the derivative in a way which is
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consistent with the price of the underlying asset. We are thus not presenting an absolute pricing formula for y. On the
contrary, derivative pricing is all about relative pricing, i.e. pricing the derivative asset in terms of the price of the
underlying asset. In particular this means that in order to use the technique of arbitrage pricing at all we must have one
or several underlying price processes given a priofi.

Secondly a word of criticism. At a first glance our derivation of the pricing equation (6.30) seems to be fairly
convincing, but in fact it contains some rather weak points. The logic of the argument was that we assumed that the
price of the derivative was a function F of #and S5(#). Using this Assumption we then showed that in an arbitrage free
market F had to satisfy the Black—Scholes equation. The question now is if we really have good reasons to assume that
the price is of the form F(#,5(#). The Markovian argument given above sounds good, but it is not totally convincing,

A much more serious objection is that we assume that there actually exists a market for the derivative asset, and in
particular that there exists a price process for the derivative. This Assumption of an existing market for the derivative
is crucial for the argument since we are actually constructing a portfolio based on the derivative (and the underlying
asset). If the derivative is not traded then the portfolio cannot be formed and our argument breaks down. The
Assumption of an existing price for the derivative is of course innocent enough in the case of a standard derivative, like
a Buropean call option, which de facto is traded in large volumes. If, however, we want to price an OTC (“over the
counter”) instrument, i.e. an instrument which is not traded on a regular basis, then we seem to be in big trouble.

Happily enough there is an alternative argument for the derivation of the pricing equation (6.30), and this argument
(which will be given below) is not open to the criticism above. The bottom line is that the reader can feel safe: equation
(6.30) really is the “correct” equation.

Let us end by noting an extremely surprising fact about the pricing equation, namely that it does not contain the local
mean rate of return o (#) of the underlying asset. In particular this means that, when it comes to pricing derivatives,
the local rate of return of the underlying asset plays no role whatsoever. The only aspect of the underlying price
process which is of any importance is the volatility o (#4). Thus, for a given volatility, the price of a fixed derivative (like
a European call option) will be exactly the same regardless of whether the underlying stock has a 10%, a 50%, or even
a —50% rate of return. At a first glance this sounds highly counter-intuitive and one is tempted to doubt the whole
procedure of arbitrage pricing. There is, however, a natural explanation for this phenomenon, and we will come back
to it later. At this point we can only say that the phenomenon is closely connected to the fact that we are pricing the
derivative in terms of the price of the underlying asset.

6.4 Risk Neutral Valuation

Let us again consider a market given by the equations
dB(1) = rB(1)dt,
(6.32)

ds(t) = S(H(t.S())dt + S(Da(.S())dW (1),
(6.33)

and a contingent claim of the form y = @ (§(1)). Then we know that the arbitrage free price is given by IT (4 @) =
F(#,5(%)) where the function F is the



86 ARBITRAAGE PRICING

solution of the pricing equation (6.30)—(6.31). We now turn to the question of actually solving the pricing equation and
we notice that this equation is precisely of the form which can be solved using a stochastic representation formula a la
Feynman—Kac¢. Using the results from Section 4.5 we see that the solution is given by

Fts)y=e "7 DE, [9X(T)],

(6.34)
where the X process is defined by the dynamics
dX (u) = rX (w)du | X (u)o(uw,X (u))dW (u),
(6.35)
X() =s,
(6.36)

where Wis a Wiener process. The important point to note here is that the SDE (6.35) is of precisely the same form as
that of the price process S. The only, but important, change is that whereas § has the local rate of return o, the X-
process has the short rate of interest r as its local rate of return.

The X-process above is logically just a technical tool, defined for the moment, and in particular we can name it as we
please. In view of the resemblance between X and § it is rather tempting to call it § instead of X. This is perfectly
acceptable as long as we do not confuse the “real” S-process of (6.33) with the “new” S-process, and one way to
achieve this goal is by the following procedure.

Let us agree to denote the “objective” probability measure which governs our real model (6.32)—(6.33) by the letter P,
Thus we say that the P-dynamics of the S-process are that of (6.33). We now define another probability measure Q
under which the S-process has a different probability distribution. This is done by defining the {-dynamics of § as

dsS(t) = rS()dt | S(1)o(L,5(1))dW (1),

(6.37)

where W is a ()-Wiener process. In order to distinguish the measure under which we take expectations we introduce
some notational conventions.

Notational convention 6.4.1 For the rest of the text, the following conventions will be used.

o We identify the expectation operator by letting E denote expectations taken under the P-measure whereas ECdenotes excpectations
taken under the Q-measure.
o We identify the Wiener process. Thusyyy will denote a P-Wiener process, whereas W will denote a Q-Wiener process.

The convention on W has the advantage that it is possible, at a glance, to decide under which measure a certain SDE is
given. We will work much more often under Q) than under P, and this is the reason why the -Wiener process I has a
simpler notation than the P-Wiener process Jj7. Using this notation we may now state the following central result for
derivative pricing.
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Theorem 6.8 The arbitrage free price of the claim O (S(I)) is given by 11 (1, @) = F#,8(), where I is given by the formula
—r(I'=1) @
F(ts)y =e ™" TVE[®(S(T))],

(6.38)
where the Q-dynamics of S are those of (6.37).

There is a natural economic interpretation of the formula (6.38). We see that the price of the derivative. oiven today's
date 7 and today's stock price s, is computed by taking the expectation of the final payment Eg [®(S(T))] and then
discounting this expected value to present value using the discount factor ¢'"~. The important point to note is that
when we take the expected value we are not to do this using the objective probability measure P. Instead we shall use
the O-measure defined in (6.37). This O-measure is sometimes called the risk adjusted measure but most often it is
called the martingale measure , and this will be our terminology. The reason for the name is that under Q the
discounted process

S(t)
B(1)

turns out to be a (J-martingale. In a deeper investigation of arbitrage pricing the (J-measure is the fundamental object
of study. We formulate the martingale property as a separate result.

Proposition 6.9 (Risk neutral valuation) [ the Black—Scholes model, the price process I1 (9) for every traded asset, be it the
underlying or derivative asset, has the property that the normalized price process

T (¢
Z(t) = 2 @
B(1)
Is a martingale under the measure Q.
Proof See the exercises.

The formula (6.38) is sometimes referred to as the formula of risk neutral valuation . Suppose that all agents are risk
neutral. Then all assets will command a rate of return equal to the short rate of interest, i.e. in a risk neutral world the
stock price will actually have the (O-dynamics above (more precisely, in this case we will have O = P). Furthermore, in a
risk neutral world the present value of a future stochastic payout will equal the expected value of the net payments
discounted to present value using the short rate of interest. Thus formula (6.38) is precisely the kind of formula which
would be used for valuing a contingent claim in a risk neutral world. Observe, however, that we do not assume that
the agents in our model are risk neutral. The formula only says that the value of the contingent claim can be calculated
as if we live in a risk neutral world. In particular the agents are allowed to have any attitude to risk whatsoever, as long
as they all prefer a larger amount of (certain) money to a lesser amount. Thus the valuation formula above is
preference free in the sense that it is valid regardless of the specific form of the agents' preferences.

6.5 The Black—Scholes Formula

In this section we specialize the model of the previous section to the case of the Black—Scholes model,
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dB(1) = rB(1)dl1,

dS(t) = aS(t)dt + aS(1)dW (1), (6.39)
(6.40)

where a and o are constants. From the results of the previous section we know that the arbitrage free price of a simple
claim @ ($(1)) is given by

—r(I'—1) ¢
Fs) =e " TR ([(S(T)],
where the O-dynamics of § are given by

(6.41)

dS(u) = rS(u)du | oS(u)dW (u),
S(1) = s. (6.42)
(6.43)

In this SDE we recognize our old friend geometric Brownian motion from Section 4.2. Using the results from Section
4.2 we can thus write S(1) explicitly as

S(I'Yy=1s5 exp {(r — %O’E)(T - +aW() — W(r))}.

Thus we can write S(T) = s¢" where Y is a stochastic variable with the distribution

(6.44)
1 2 /
N — = 17 —1t —
|:(r 20 )( ).oy T t],
and we obtain the following pricing formula
(9]
F(ts) =e "T—1 / o (s”)F(y)dy,

]

(6.45)

where fis the density function for the stochastic variable Y above.

Formula (6.45) is an integral formula which, for a general choice of contract function @, must be evaluated
numerically. There are, however, a few particular cases where we can evaluate (6.45) more or less analytically, and the
best known of these is the case of a European call option, where @ has the form @ (x) = max [x — K,0]. In this case it
is convenient to normalize, and it is easy to see that we can write S(T) as

801y = se VT

+ =T — ¢ and Z is a standardized normal variable. The integral in (6.45) now becomes

OO —
/ max[se’”wu e K,U]tp(z)dz
— 0

2

whetre , = (r— %02)



THE BLACK-SCHOLES FORMULA

where ¢ is the density of the NJ[0,1] distribution, i.e.
1
@(z) — e ° 7

V27

The integrand in the integral above vanishes when

ri+oy Tz
se < K,

i.e. when g < g, where
ln(—'ﬁ' ) -
&

The integral can thus be written

/ ( }TIJ( )kp( Ydz :/ Se}:'ri(r ‘TZLp(Z)d“_/ Kgp(z)dz
29 20 “0

The integral B can obviously (why?) be written as
K +Prob (Z=zp),
and, using the symmetry of the N[0,1] distribution, this can be written as

K+Prob (Z= zp).

We denote, as is common, the cumulative distribution function of the N[0,1] distribution by N, i.e.

Nlx] = e 7 ;’2

)

Thus we can write B as
E=K'N[ zo].

In the integral .4 we complete the square in the exponent to obtain

0o rr foo 2 1 2
1/ ./ = e{_/ R L TP
2T 2 J20

_ se’ /'me—lz[z—cq/:)zd

Here we recognize the density of a N [ 0'1/;’1] distribution, so we have

89
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A=se"" - Prob (Z, > zg)
where Z'is N [ o’\/:’ll . Normalizing Z to a N[0,1] variable, and again using symmetry, we can write
A—se" - N[ —zo+aﬁ].

We have thus computed the integral in (6.45), and we finally have the following famous result, which is known as the
Black—Scholes formula .

Fig. 6.3 The Black—Scholes Price Of a Call Option: K = 100, 6 = 0.2, T — # = 0.25
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Proposition 6.10 (Black—Scholes formula) T)e price of a European call option with strike price K and time of maturity T is
given by the formula 11 () = F(#,5)), where

F(ts) = sN[d1(t)] —e "7 PEN[dy1s)].
Here IN is the cummulative distribution function for the N [0,1] distribution and

1 s 1 =
di(ts) = —— {m =+ (r—i— — )(T - :)},
T+ (K) 2
da(ts) — d(ts) — oy T — ¢, @47

(6.48)

Figure 6.3 shows the graph of the Black—Scholes pricing function (the unit of time is chosen to be one year).

(6.46)

6.6 Options on Futures

The purpose of this section is to derive the Black formulas for options written on a futures contract. Our discussion
here will be rather brief, and for more institutional and technical information the reader is referred to Chapter 20 (and
the Notes), where the contracts are discussed in more detail.

6.6.1 Forward Contracts

Consider a standard Black—Scholes model, a simple T-claim y = ®(§), and assume that we are standing at time % A
forward contract on y, made at 7, is
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a contract which stipulates that the holder of the contract pays the deterministic amount K at the delivery date 1] and
receives the stochastic amount y at 1. Nothing is paid or received at the time 7, when the contract is made. Note that
forward price K is determined already at time # It is customary to use the notation K = f{#T)y), and our primary
concern is to compute 5 T)y).

This is, however, easily done. We see that the entire forward contract is a contingent T-claim Y of the form
r'=x KX,
and, by definition, the value of Y at the time # when the contract is made equals zero. Thus we have
I (zx K)=0,
which leads to
I (=1 (4K).

Using risk neutral valuation we immediately have IT (4K) = ¢""’K and TJ (y)=¢ —r(I'—1)

have proved the first part of the following result. The second part is left as an exercise.

Y
. F‘f,s [X] , SO we
Proposition 6.11 The forward price (1,1, ), contracted at t, on the I-claim vy is given by

Q
S T.x) =FE[x]-

(6.49)
In particular, if y = S.the corresponding forward price, denoted by fit,T), is given by

FeTy =T Vg,
(6.50)

Remark 6.6.1 Note the difference between the forward price 1] y) which is a sum to be paid at T, for a forward
contract entered at time 7% and the spot price of the entire forward contract. This latter price is zero at the time 7 when
the contract is made, but at any subsequent time s >7 it will typically have a nonzero value.

6.6.2 Futures Contracts and the Black Formula

With the same setup as the previous section we will now discuss a futures contract on y. This contract is very close to
the corresponding forward contract in the sense that it is still a contract for the delivery of y at 1. The difference is that
all the payments, from the holder of the contract to the underwriter, are no longer made at T. Let us denote the futures
price by F(#T,y); the payments are delivered continuously over time, such that the holder of the contract over the time
interval [s,s + A ] receives the amount

F(s | As;T.x)  F(s;T,x)

from the underwriter. Finally the holder will receive y, and pay F(T;Ty), at the delivery date 1. By definition, the
(spot) price (at any time) of the entire
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futures contract equals zero. Thus the cost of entering or leaving a futures contract is zero, and the only contractual
obligation is the payment stream described above. See Chapter 20 for more details, and for a proof of the following
result.

Proposition 6.12 If the short rate is deterministic, then the forward and the futures price processes coincide, and we have

Q
F(,T,x) =E[x].

(6.51)

We will now study the problem of pricing a European call option, with exercise date T, and exercise price K, on an
underlying futures contract. The futures contract is a future on § with delivery date T, with T < T,. Options of this
kind are traded frequently, and by definition the holder of this option will, at the exercise time T} obtain a long position
in the futures contract, plus the stochastic amount

x =max [F(T;77) K.,0].
(6.52)

Since the spot price of the futures contact equals zero, we may, for pricing purposes, forget about the long futures
position embedded in the option, and identify the option with the claim in (6.52).

We now go on to price the futures option, and we start by using Proposition 6.12 and eqn (6.50) in order to write

er(T] Yy (T T)K,O] .

X = max [Sy — e

Thus we see that the futures option consists of ,7(7'1 T) call options on the underlying asset S, with exercise date 7
and exercise price , (71 T)gr. Denoting the price at T of the futures option by ¢, the stock price at 7 by s, and the
futures price F(#T)) by F, we thus have, from the Black—Scholes formula,

=D [sN[dl] — T _T)KN[dz]]
whete 4, and 4, are obtained from the Black—Scholes 4, and 4, by replacing & with “Ty T) - Finally we may
substitute ¢ _ f7, #(T1 1), and simplify, to obtain the so called “Black-76 formula”.
Proposition 6.13 (Black's formula) The price, at 1, of a European call option, with exercise date T and exercise price K, on a

Sfutures contract (on an underlying asset price S) with delivery date T is given by

c=e "I D[EN[d|] — EN[d2]].

where I is the futures price ' = F(LI,T)), and 6.53)

ln(%) + %(TZ(T — 1)
diy = :

U‘J’T—f
dy =dy—oyT -1t

6.7 \Volatility

In order to be able to use the theory derived above in a concrete situation, we need to have numerical estimates of all
the input parameters. In the Black—Scholes model the input data consists of the string s, 7, T, #and o. Out of these five
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parameters, s, 7, T and 7 can be observed directly, which leaves us with the problem of obtaining an estimate of the
volatility o. Here there are two basic approaches, namely to use “historic volatility” or “implied volatility”.

6.7.1 Historic Volatility

Suppose that we want to value a European call with six months left to maturity. An obvious Idea is to use historical
stock price data in order to estimate . Since, in real life, the volatility is not constant over time, one standard practice is
to use historical data for a period of the same length as the time to maturity, which in our case means that we use data
for the last six months.

In order to obtain an estimate of ¢ we assume that we have the standard Black—Scholes GBM model (6.4) under the
objective measure P We sample (observe) the stock price process § at #+1 discrete equidistant points Z,z,. . . ,z, where
A 7 denotes the length of the sampling interval, i.e. Az = £ — 7 .

We thus observe (), . .., S(z), and in order to estimate o we use the fact that § has a log-normal distribution. Let us

therefore define €. . . £ by
S(t;
=1 ((—‘))
Si-1)

From (4.15) we see that €, . . . £ are independent, normally distributed random variables with

Bl = (a - %JZ)A:;

- 2
Var[&;] = o At
Using elementary statistical theory we see that an estimate of o is given by

*
a =

where the sample variance Sg is given by

The standard deviation, D, of the estimate ¢™ is approximatively given by

o

Doy~ L=,

2n
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6.7.2 Implied Volatility

Suppose again that we want to value a European call with six months left to maturity. An argument against the use of
historical volatility is that in real life volatility is not constant, but changes over time, and thus we want an estimate of
the volatility for the coming six months. Using historical volatility we will, however, only obtain an estimate for the
volatility over the past six months. If, furthermore, our objective is to price our option consistently with respect to
other assets which are already priced by the market, then we really should use the market expectation of the volatility
for the next six months.

One way of finding the market expectation of the volatility is by getting market price data for another six month
“benchmark” option, written on the same underlying stock as the option which we want to value. Denoting the price
of the benchmark option by p, the strike price by K, today's observed value of the underlying stock by s, and writing the
Black—Scholes pricing formula for European calls by ¢(s,2,T;,0, K), we then solve the following equation for o

p=c(s,t,7,r0.K).

In other words, we try to find the value of 6 which the market has implicitly used for valuing the benchmark option.
This value of o is called the implied volatility , and we then use the implied volatility for the benchmark in order to
price our original option. Put another way, we price the original option in terms of the benchmark.

We note that implied volatilities can be used to test (in a nonstandard way) the Black—Scholes model. Suppose, for
example, that we observe the market prices of a number of European calls with the same exercise date on a single
underlying stock. If the model is correct (with a constant volatility) then, if we plot implied volatility as a function of
the exercise price, we should obtain a straight line. Contrary to this, it is often empirically observed that options far out
of the money (see Remark below) or deep into the money are traded at higher implied volatilities than options at the
money. The graph of the observed implied volatility function thus often looks like the smile of the Cheshire cat, and
for this reason the implied volatility curve is termed the volatility smile .

Remark 6.7.1 A call option is said to be “in the money” at time 7if §, > K, and “out of the money” if §, < K. For put
options the inequalities are reversed. If §, = K the option is said to be “at the money”.

6.8American Options

Up to now we have assumed that a contract, like a call option, can only be exercised exactly at the exercise time 1. In
real life a large number of options can in fact be exercised at any time prior to 7". The choice of exercise time is thus
left to the holder of the contract, and a contract with this feature is called an American contract.
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To put it more formally, let us fix a final exercise date T and a contract function ®@. The European version of this
contract will, as usual, pay the amount @ (§,) at time 7T to the holder of the contract. If the contract, on the other hand,
is of the American type, then the holder will obtain the amount @ () if he/she chooses to exetcise the contract at time
t. The situation is complicated further by the fact that the exercise time 7 does not have to be chosen a priori
(i.e.at = 0). It can be chosen on the basis of the information generated by the stock price process, and thus the holder
will in fact choose a random exercise time 1. The exercise time (or rather exercise strategy) 1 has to be chosen such
that the decision on whether to exercise the contract at time # or not, depends only upon the information generated by
the price process up to time % The mathematical formulation of this property is in terms of so called “stopping times”,
but we will not go further into this subject.

American contracts are thus more complicated to analyze than their European counterparts, since the holder of the
contract has to decide on an optimal exercise strategy . Mathematically this means that we have to solve the
“optimal stopping problem”

max |:EQ|:8_”<I>(ST):|]3

T

where 1 is allowed to vary over the class of stopping times. Problems of this kind are quite hard to solve, and
analytically they lead to so called “free boundary value problems” (or variational inequalities) instead of the
corresponding parabolic PDEs for the European counterparts. The mathematics of this lies outside the scope of this
book, but it may be of interest to know that for American contracts practically no analytical formulas are at hand. See
the Notes below for references.

One situation, however, is very easy to analyze, even for American contracts, and that is the case of an American call
option on a nondividend paying underlying stock. Let us consider an American call option with final exercise date T’
and exerise price K. We denote the pricing function for the American option by C(#s) and the pricing function for the
corresponding European option (with the same T and K) by «(25).

Firstly we note that we have (why?) the trivial inequality
C(ts) =z e(Ls).
(6.54)
Secondly we, have for all 7 < T the less obvious inequality.

c(ts)=s —Ke T Ij.

(6.55)

To see why this inequality holds it is sufficient to consider two portfolios, A and B. A consists of a long position in the
European option, whereas B consists of a long position in the underlying stock and a loan expiring at T, with face value
K. Denoting the price of A and B at any time 7 by .4, and B, respectively, it is easily seen that 4, = B, regardless of the
value of S, (analyze the two cases
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S, 2 Kand §, < K). In order to avoid arbitrage possibilities we then must have A4, = B, for all # < T, which is precisely
the content of (6.55).

Furthermore, assuming a positive rate of interest, we have the trivial inequality

(T

s —Ke z)':Js—f'(, Ve<T

b=}

so we end up with the inequality
C(ls)y>s K, Vi<T.

(6.56)

On the left hand side we have the value of the American option at time # whereas the right hand side gives us the value
of actually exercising the option at time 7 Since the value of the option is strictly greater than the value of exercising the
option, it can thus not be optimal to exercise the option at time 7 Since this holds for all 7 < T, we see that it is in fact
never optimal to exercise the option before T, and we have the following result.

Proposition 6.14 Assume that r > 0. For an American call option, written on an underlying stock without dividends, the optimal
exercise time © is given by © = "I. Thus the price of the American option coincides with the price of the corresponding European option.

For American call options with discrete dividends, the argument above can be extended to show that it can only be
optimal to exercise the option either at the final time T or at one of the dividend times. The American put option (even
without dividends) presents a hard problem without an analytical solution. See the Notes below

6.9 Exercises

Exercise 6.1 Consider the standard Black—Scholes model and a T-claim y of the form y = @ (5(1)). Denote the
corresponding arbitrage free price process by IT (7).

(a)Show that, under the martingale measure Q, I'T () has a local rate of return equal to the short rate of interest 7. In
other words show that IT () has a differential of the form

dil () =r-1I1 (Ddt | g()dWw(1).

Hint: Use the (-dynamics of S together with the fact that F satisfies the pricing PDE.
(b) -

. I . . .
Show that, under the martingale measure @, the process Z(1) = ——= is a martingale . More precisely, show that
the stochastic differential for Z has zero drift term, i.e. it is of the form

dZ(1) = Z(1)o z(1)dW(1).

Determine also the diffusion process o,(7) (in terms of the pricing function F and its derivatives).
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Exercise 6.2 Consider the standard Black—Scholes model. An innovative company, F'& H INC, has produced the
derivative “the Golden Logarithm”, henceforth abbreviated as the GL. The holder of a GL with maturity time T,
denoted as GI(T), will, at time T, obtain the sum In S(T). Note that if S(T) <1 this means that the holder has to pay a
positive amount to F& H INC. Determine the arbitrage free price process for the GL(T).

Exercise 6.3 Consider the standard Black—Scholes model. Derive the Black—Scholes formula for the European call
option.

Exercise 6.4 Consider the standard Black—Scholes model. Derive the arbitrage free price process for the T-claim y
where y is given by y = {S(1)}*. Here B is a known constant.

Hint: For this problem you may find Exercises 4.5 and 3.4 useful.

Exercise 6.5 A so called binary option is a claim which pays a certain amount if the stock price at a certain date falls
within some prespecified interval. Otherwise nothing will be paid out. Consider a binary option which pays K SEK to
the holder at date T if the stock price at time T'is in the inerval [a, 3 |. Determine the arbitrage free price. The pricing
formula will involve the standard Gaussian cumulative distribution function N.

Exercise 6.6 Consider the standard Black—Scholes model. Derive the arbitrage free price process for the claim y

S(T . - . . .
= T‘; . The times T, and T, are given and the claim is paid out at time T,.
=0

Exercise 6.7 Consider the American corporation ACMEINC. The price process S for ACME is of course denoted in
US$ and has the P-dynamics

where y is given by x =

dS = oSdt + oSdw |,

where o and o are known constants. The currency ratio SEK/US$ is denoted by Y and Y has the dynamics
dy = (Y dt+ Y dw,,

where Jj7, is independent of Jj7 . The broker firm FF & H has invented the derivative “Euler”. The holder of a T-Euler
will, at the time of maturity T, obtain the sum

x—In [ (Z(1)7]

in SEK. Here Z(J) is the price at time # in SEK of the ACME stock.

Compute the arbitrage free price (in SEK) at time 7 of a T-Euler, given that the price (in SEK) of the ACME stock is .
The Swedish short rate is denoted by 7.

Exercise 6.8 Prove formula (6.50).

Exercise 6.9 Derive a formula for the value, at s, of a forward contract on the T-claim X, where the forward contract
is made at £ and # < s < T,
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6.10 Notes

The classics in the field are Black and Scholes (1973), and Merton (1973). The modern martingale approach to
arbitrage pricing was developed in Harrison and Kreps (1981), and Harrison and Pliska (1981). A deep study of the
connections between (various formulations of) absence of arbitrage and the existence of a martingale measure can be
found in Delbaen and Schachermeyer (1994).

For a wealth of information on forward and futures contracts, see Hull (1997) and Duffie (1989). Black's formula was
derived in Black (1976). For American options see Barone-Adesi, and Elliott (1991), Geske and Johnson (1984) and
Musiela and Rutkowski (1997). The standard reference for optimal stopping problems is Shiryayev (1978), and a very
readable exposition can be found in ) ksendal (1995). Option pricing with stochastic volatility is discussed in Hull and
White (1987), and Leland (1985) studies the consequences of introducing transaction costs.



/ Completeness and Hedging

7.1 Introduction

In the previous chapter we noticed that our derivation of the pricing equation (6.30) was somewhat unsatisfactory, and
a major criticism was that we were forced to assume that the derivative asset a priori possessed a price process and
actually was traded on the market. In this chapter we will look at arbitrage pricing from a somewhat different point of
view, and this alternative approach will have two benefits. Firstly it will allow us to dispose of the annoying Assumption
above that the derivative is actually traded, and secondly it will provide us with an explanation of the surprising fact
that the simple claims investigated earlier can be given a unique price. For a more detailed discussion see Chapter 10.

We start with a fairly general situation by considering a financial market with a price vector process §' = (§', ..., 5,
governed by an objective probability measure P. The process § is as usual interpreted as the price process of the
exogenously given underlying assets and we now want to price a contingent T-claim y. We assume that all the
underlying assets are traded on the market, but we do not assume that there exists an a priori market (or a price
process) for the derivative. To avoid trivialities we also assume that the underlying market is arbitrage free.

Definition 7.1 We say that a T-claim vy can be replicated , alternatively that it is reachable or hedgeable , if there exists a self
[Jinancing portfolio h such that

vy =, P— as.

(7.1)

In this case we say that b is a hedge against y. Alternatively, b is called a replicating or hedging portfolio. If every contingent claim
25 reachable we say that the market is complete .

Let us now consider a fixed T-claim y and let us assume that y can be replicated by a portfolio 4. Then we can make
the following mental experiment.

1. Fix a point in time # with # < T
Suppose that we, at time # possess [”(7) SEK.

3. We can then use this money to buy the portfolio A(#). If furthermore we follow the portfolio strategy 4 on the
time interval [# 7] this will cost us nothing, since 4 is self-financing, At time 7" the value of our portfolio will then

be 1(T) SEK.



100 COMPLETENESS AND HEDGING

4. By the replication Assumption the value, at time T, of our portfolio will thus be exactly y SEK, regardless of the
stochastic price movements over the interval [£T].

5. From a purely financial point of view, holding the portfolio / is thus equivalent to the holding of the contract y.

6. The “correct” price of y at time 7 is thus given by IT (% ) = 17().

For a hedgeable claim we thus have a natural price process, Il (% ) = 1(?), and we may now ask if this has anything to
do with absence of arbitrage.

Proposition 7.2 Suppose that the clain vy can be hedged using the portfolio h. Then the only price process I1 (#; ) which is consistent
with no arbitrage is given by 11 (t;, ) = V7(2). Furthermore, if y can be hedged by g as well as by b then V(%) = V7(2) holds for all  with
probability 1.

Proof If at some time #we have IT (% y) < I”’(#) then we can make an arbitrage by selling the portfolio short and buying
the claim, and vice versa if IT (% ) > 17(#. A similar argument shows that we must have I*( = 17(3).

7.2 Completeness in the Black—Scholes Model

We will now investigate completeness for the generalized Black—Scholes model given by
dB(1) = rB(1)dt,

(7.2)

dS(t) = S(OHa(t.S()dt + S(H)o(,S(1) )dP_V(r),
(7.3)
where we assume that ¢ (%5) > 0 for all (%s5). The main result is the following;
Theorem 7.3 The model (7.2)—(7.3) is complete.

The proof of this theorem requires some fairly deep results from probability theory and is thus outside the scope of
this book. We will prove a weaker version of the theorem, namely that every simple claim can be hedged. This is
often quite sufficient for practical purposes, and our proof of the restricted completeness also has the advantage that it
gives the replicating portfolio in explicit form. We will use the notational convention s(?) = [/'(?),h (#)] where /’ is the
number of bonds in the portfolio, whereas 4 denotes the number of shares in the underlying stock. We thus fix a
simple T-claim of the form y = @ (§(1)) and we now want to show that this claim can be hedged. Since the formal
proof is of the form “consider the following odd construction”, we will instead start by presenting a purely heuristic
(but good) argument. This argument is, from a formal point of view, only of motivational nature and the logic of it is
rather unclear. Since the argument is only heuristic the logical flaws do not matter, since in the end we will in fact
present a rigorous statement and a rigorous proof. Before we start the heuristics, let us make more precise what we are
looking for. Using Lemma 5.5 we immediately have the following result.

Lemma 7.4 Suppose that there exists an adapted process V" and an adapted process n = [’ with
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O *
u (H+u (=1,
such that ) (®

_ (7.4)
AV (t) = V(t) {uu(t)r +u (r.‘)q.(t,S(t))}dt L V(O (Da(LS())dT (1),

(T = @ (5(1)).

(7.5

Then the claim y = D (S(1)) can be replicated nsing n as the relative portfolio. The corresponding value process is given by the process 1
and the absolute portfolio b is given by

W (V@)

0,

0= B(t)

P OO (.6
S(1)

Our strategy now is to look for a process 1" and a process # satisfying the conditions above. 7.7)

Begin Heuristics

We assume what we want to prove, namely that y = @ ($(1)) is indeed replicable, and then we ponder on what the
hedging strategy # might look like. Since the S-process and (trivially) the B-process are Markov processes it seems
reasonable to assume that the hedging portfolio is of the form A(#) = A(#5(#)) where, with a slight misuse of notation,
the 4 in the right member of the equality is a deterministic function. Since, furthermore, the value process I (we
suppress the superscript /) is defined as 1(A = (B + »'(#)S() it will also be a function of time and stock price as

V() = F(L5(1)),
(7.8)
where F is some real valued deterministic function which we would like to know more about.

Assume therefore that (7.8) actually holds. Then we may apply the It formula to [ in order to obtain the ['~dynamics
as

dv — {F, + oSF, + %JQSQFSS} dt + oSF W,
(7.9)

where we have suppressed the fact that 1”and § are to be evaluated at time # whereas o, o and I are to be evaluated at
(£S5(1)). Now, in order to make (7.9) look more like (7.5) we rewrite (7.9) as

. vy 1l 2,2,
i+ oSF+ 0 8

dvy =V
L;’

SF —
dt+V VS odiv.

(7.10)
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Since we have assumed that y is replicated by 7 we see from (7.10) and (7.5) that #* must be given by

S(HF(15(1))
F(1.5(1))

u (1) =

(7.11)

(remember that we have assumed that () = F(£5(?), and if we substitute (7.11)into (7.10) we get

y 1 2,2,
Fy+ 20"SF,

r—|—u*oa dr + Vu*JdH_/.
rF

dv =V

Comparing this expression to (7.5) we see that the natural choice for #' is given by (7.12)

1 2.2
0 F,+EJSF”
U = ,
rF

(7.13)

but we also have to satisfy the requirement #° + # = 1 of (7.4). Using (7.11) and (7.13) this gives us the relation

1 2,2
Ft"’EJSFss " — SF

rF - F
which, after some manipulation, turns out to be the familiar Black—Scholes equation (7.14)
1 2,2
F,+rSF,+ 2(7 SFe—1F =0,
(7.15)

Furthermore, in order to satisfy the relation F(T,5(1)) = @ (§(1)) of (7.5) (remember that we assume that (%) =
F(#S8(?)) we must have the boundary value

F(T,s) @ (s), forall scR,.
(7.16)
End Heuristics

Since at this point the reader may well be somewhat confused as to the logic of the reasoning, let us try to straighten
things out. The logic of the reasoning above is basically as follows.

*  We assumed that the claim y was replicable.
e Using this and some further (reasonable) assumptions we showed that they implied that the value process of
the replicating portfolio was given as (/) = F(#,5(?) where F is a solution of the Black—Scholes equation.

This is of course not at all what we wish to achieve. What we want to do is to prove that y really can be replicated. In
order to do this we put the entire argument above within a logical parenthesis and formally disregard it. We then have
the following result.
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Theorem 7.5 Consider the market (7.2)—(7.3), and a contingent claim of the form y = D (S(I)). Define F as the solution to the
boundary value problem

F,4 rsFg+ %Uzstm —rF =0,

F(Txs)= ® (s).
Then vy can be replicated by the relative portfolio

(7.17)
WO(8) = F55(1) — SOFLL5E))
F(t,5(1)) '
4" () = S(HF (1.5(1)) (7.18)
- F@s@)
(7.19)
The corresponding absolute portfolio is given by
F(1,5(1)) — S(HF (1.5(¢F)
4 = FUS0) — SO,
B (1) = F(18(D), (720
and the value process 17is given by (7.21)
Vi) = F(LS(0).
(7.22)

Proof Applying the It6 formula to the process 17(?) defined by (7.22) and performing exactly the same calculations as
in the heuristic argument above, will show that we can apply Lemma 7.4.

The result above gives us an explanation of the surprising facts that there actually exists a unique price for a derivative
asset in the Black—Scholes model and that this price does not depend on any particular assumptions about individual
preferences. The arbitrage free price of a derivative asset is uniquely determined simply because in this model the
derivative is superfluous. It can always be replaced by a corresponding “synthetic” derivative in terms of a replicating
portfolio.

Since the replication is done with P-probability 1, we also see that if a contingent claim y is replicated under P by a
portfolio 4 and if P’ is some other probability measure such that Pand P assign probability 1 to exactly the same events
(such measures P and P are said to be equivalent ), then / will replicate y also under the measure P'. Thus the pricing
formula for a certain claim will be exactly the same for all measures which are equivalent to P, It is a well known fact
(the Girsanov theorem) in the theory of SDEs that if we change the measure from P to some other equivalent
measure, this will change the drift in the SDE, but the diffusion term will be unaffected. Thus the drift will play no part
in the pricing equation, which explains why a does not appear in the Black—Scholes equation.
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Let us now list some popular claims and see which of them will fall into the framework above.

x =max [S(T) K,0] (European call option)

x =5(7) K (Forward contract) (7.23)
1 [T (7.24)
Y= max|:?/ S()dt K,O:| (Asian option)
0
x =a(T) mnl S(¢) (Lookback contract) (7.25)
=t
(7.26)

We know from Theorem 7.3 that in fact all of the claims above can be replicated. For general claims this is, however,
only an abstract existence result and we have no guarantee of obtaining the replicating portfolio in an explicit form.
The point of Theorem 7.5 is precisely that, by restricting ourselves to simple claims, i.e. claims of the form y = @
($(1)), we obtain an explicit formula for the hedging portfolio.

It is clear that the European call as well as the forward contract above are simple claims, and we may thus apply
Theorem 7.5. The Asian option (also called a mean value option) as well as the lookback present harder problems
since neither of these claims is simple. Instead of just being functions of the value of § at time T'we see that the claims
depend on the entire S-trajectory over the interval [0,1]. Thus, while we know that there exist hedging portfolios for
both these claims, we have presently no obvious way of determining the shape of these portfolios.

It is in fact quite hard to determine the hedging portfolio for the lookback, but the Asian option belongs to a class of
contracts for which we can give a fairly explicit representation of the replicating portfolio, using very much the same
technique as in Theorem 7.5.

Proposition 7.6 Consider the model

dB(1) = rB(1)dl1,

ds(1) = S(N(LS(D)dt + SN (LS dW (1), g2
and let y, be a T-claim of the form (7.28)
x= @ ((T), Z(T)),
where the process 7. is defined by (7.29)
7
Z(t) = /g(u,b‘(u))dw,
Jor some choice of the deterministic function g. Then v can be replicated using a relative portfolio given by (7.30)

F(t,8().Z(1)) ,

(7.31)
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" S(OF(£5(2),7(1))
i f—
F(t.5(0,Z2(1)
where I is the solution to the boundary value problen (732)
Fyt 51y + =570 Fog + oF, — 1F — 0
¢+ 87 s+230 ss T & z =Y,
F(T,s.z) = ® (5,2).
(7.33)
The corresponding value process 1 is given by V() = F(£,5(9),Z(9)), and F has the stochastic representation
—r(I'—1) ¢
F(tsz) =e " TVES L ®(S(T),72(T))],
where the Q-dynamics are given by (7.34)
dS(u) = rS(u)du | S(u)o(u,S(u))dW (1),
S(t) =, (7.35)
dZ(u) = g(u,S(u))du, (7.36)
Z(l) =z (7.37)
(7.38)

Proof The proof is left as an exercise for the reader. Use the same technique as in the proof of Theorem 7.5.

Again we see that the arbitrage free price of a contingent claim is given as the expected value of the claim discounted to
the present time. Here, as before, the expected value is to be calculated using the martingale measure Q instead of the
objective probability measure P. As we have said before, this general structure of arbitrage free pricing holds in much
more general situations, and as a rule of thumb one can view the martingale measure Q) as being defined by the
property that all traded underlying assets have 7 as the rate of return under Q. It is important to stress that it is only
traded assets which will have s ras the rate of return under Q. For models with nontraded underlying objects we have a
completely different situation, which we will encounter below.

7.3 Completeness—Absence of Arbitrage

In this section we will give some general rules of thumb for quickly determining whether a certain model is complete
and/or free of arbitrage. The arguments will be putely heuristic.

Let us consider a model with M traded underlying assets plus the risk free asset (i.e. totally M + 1 assets). We assume
that the price processes of the underlying assets are driven by R “random sources”. We cannot give a precise definition
of what constitutes a “random source” here, but the typical example is a driving Wiener process. If, for example, we
have five independent Wiener processes driving our prices, then R = 5. Another example of a random source
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would be a counting process such as a Poisson process. In this context it is important to note that if the prices are
driven by a point process with different jump sizes then the appropriate number of random sources equals the number
of different jump sizes.

When discussing completeness and absence of arbitrage it is important to realize that these concepts work in opposite
directions. Let the number of random sources R be fixed. Then every new underlying asset added to the model
(without increasing R) will of course give us a potential opportunity of creating an arbitrage portfolio, so in order to
have an arbitrage free market the number M of underlying assets must be small in comparison to the number of
random sources R.

On the other hand we see that every new underlying asset added to the model gives us new possibilities of replicating a
given contingent claim, so completeness requires M to be great in comparison to K.

We cannot formulate and prove a precise result here, but the following rule of thumb, or “meta-theorem”, is
nevertheless extremely useful. In concrete cases it can in fact be given a precise formulation and a precise proof. We
will later use the meta-theorem when dealing with problems connected with nontraded underlying assets in general and
interest rate theory in particular.

Meta-theorem 7.3.1 Let M denote the number of underlying traded assets in the model excluding the risk free asset, and let R
denote the number of random sources. Generically we then have the following relations.

1. The model is arbitrage free if and only if M < R.
2. The model is complete if and only if M = R.
3. The model is complete and arbitrage free if and only if M = R.

As an example we take the Black—Scholes model, where we have one underlying asset S plus the risk free asset so M =
1. We have one driving Wiener process, giving us R = 1, so in fact M = R. Using the meta-theorem above we thus
expect the Black—Scholes model to be arbitrage free as well as complete and this is indeed the case.

7.4 Exercises

Exercise 7.1 Consider a model for the stock market where the short rate of interest 7 is a deterministic constant. We
focus on a particular stock with price process S. Under the objective probability measure P we have the following
dynamics for the price process.

dS(t) = «S(O)di | oS(OdW (1) | 85(¢1  YAN().

Here Wis a standard Wiener process whereas N is a Poisson process with intensity A. We assume that «, o, 8 and A are
known to us. The 4NN term is to be interpreted in the following way.
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* Between the jump times of the Poisson process NN, the S-process behaves just like ordinary geometric Brownian
motion.
e If N has a jump at time 7 this induces § to have a jump at time % The size of the S-jump is given by

Sy S )y=6-8( ).

Discuss the following questions.

(a) Is the model free of arbitrage?

(b) Is the model complete?

(c) Is there a unique arbitrage free price for, say, a European call option?

(d) Suppose that you want to replicate a European call option maturing in January 1999. Is it posssible
(theoretically) to replicate this asset by a portfolio consisting of bonds, the underlying stock and European call
option maturing in December 2001?

Exercise 7.2 Use the Feynman—Kac technique in order to derive a risk neutral valuation formula in connection with
Proposition 7.6.

Exercise 7.3 The fairly unknown company FF' & H INC. has blessed the market with a new derivative, “the Mean”.
With “effective period” given by [1,T)] the holder of a Mean contract will, at the date of maturity T,, obtain the

amount
1 T2
—/ S(u)du.
Try—=T1Jr,

Determine the arbitrage free price, at time # of the Mean contract. Assume that you live in a standard Black—Scholes
world, and that 7 < T,.

Exercise 7.4 Consider the standard Black—Scholes model, and # different simple contingent claims with contract

functions @, ..., @ Let
n
V=3 h(DS;(1)
i—1

denote the value process of a self-financing, Markovian (see Definition 5.2) portfolio. Because of the Markovian
Assumption, [ will be of the form 1/(£5(#). Show that 17 satisfies the Black—Scholes equation.

7.5 Notes

Completeness is mathematically closely related to (rather deep) results about the possibility of representing martingales
as sums of stochastic integrals. Using this connection, it can be shown that the market is complete if and only if the
martingale measure is unique. See Harrison and Pliska (1981), Musiela and Rutkowski (1997).



8 Parity Relations and Delta Hedging

8.1 Parity Relations

Consider the standard Black—Scholes model. As we know from general theory (Theorem 7.3) this model allows us to
replicate any contingent claim using a portfolio based on the underlying asset and the risk free asset. For a nontrivial
claim the structure of the hedging portfolio is typically quite complicated, and in particular it is a portfolio which is
continuously rebalanced. For practical purposes this continuous rebalancing presents a problem because in real life
trading does have a cost. For managerial purposes it would be much nicer if we could replicate a given claim with a
portfolio which did not have to be rebalanced, in other words a portfolio which is constant over time. Such a
portfolio is known as a buy-and-hold portfolio.

If we insist on using only B and § in our replicating portfolio we cannot replicate any interesting claims using constant
portfolios, but if we allow ourselves to include some derivative, like a European call option, in our hedging portfolio,
then life becomes much simpler, and the basic result we will use is the following trivial linear property of pricing;

Proposition 8.1 et © and ¥ be contract functions for the T-claimsxy = P(S(T))and Y =Y (S(T)). Then for any real numbers
o and 3 we have the following price relation.

(5 a® | f¥) = oll(4 P) | BII(E W),
(8.1)

Proof This follows immediately from the risk neutral valuation formula (6.38) and the linear property of mathematical
expectation.

To set notation let «(#,5,K,1,,0) and p(7,5K,T,r,6) denote the price at time 7 given S(?) = s of a European call option and a
European put option respectively. In both cases T denotes the time of maturity, K the strike price, whereas r and o
indicate the dependence on model parameters. From time to time we will freely suppress one or more of the variables
(t,5,K,T;r,0). Let us furthermore consider the following “basic” contract functions.

Dg(x) = x,
8.2)

Pp(x) =1,
8.3)
DPop(x) =max[x K,0].

(8.4)
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The corresponding claims at the time of maturity give us one share of the stock, $1, and one European call with strike
price K respectively. For these claims the prices are given by

(s ®g) = S(0),

TI(r, dp) = e T t), (8.5)
(Do) = e(LS(1); K.T). (8.6)
(8.7)

Let us now fix a time of maturity T'and a T-claim y of the form y = ®(S(7")), i.e. a simple claim. It is now clear
that if @ is a linear combination of the basic contracts above, i.e. if we have

1
¢ = adg + Py + Z'}’iq)C,K,w
then we may price @ in terms the prices of the basic contract; ai (8.8)
#
1(r, @) = all(r; dg) + BlI(t, dg) + Z%ll(f.: Lok,
i—1
(8.9)

Note also that in this case we may replicate the claim @ using a portfolio consisting of basic contracts that is constant
over time, i.e. a so called “buy-and hold” portfolio. More precisely the replicating portfolio consists of

* «a shares of the underlying stock,
* B zero coupon T-bonds with face value $1,
* v, European call options with strike price K, all maturing at 1.

The result above is of course interesting only if there is a reasonably large class of contracts which in fact can be
written as linear combinations of the basic contracts given by (8.2), (8.3) and (8.4). This is indeed the case, and as a first
example we consider the European put option with strike price K, for which the contract function ®,, is defined by

Pp p(x) = max [k x,0].

i !
It is now easy to see (draw a figurel) that (8.10)

(DP,K:K@B | (I)C,K (1)89

so we have the following so called put—call parity relation.

Proposition 8.2 (Pu—call parity) Consider a Eunropean call and a European put, both with strike price K and time of maturity 1.
Denoting the corresponding pricing functions by ¢(t,5) and p(t,s), we have the following relation.

"D L o(ts) — s,

p(t,s) =Ke
(8.11)

In particular the put option can be replicated with a constant (over time) portfolio consisting of a long position in a gero conpon I-bond with
face value K, a
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long position in a European call option and a short position in one share of the underlying stock.

It is now natural to pose the following more general question. Which contracts can be replicated in this way using a
constant portfolio consisting of bonds, call options and the underlying stock? The answer is very pleasing.

Proposition 8.3 Fix an arbitrary continnous contract function © with compact support. Then the corresponding contract can be
replicated with arbitrary precision (in sup-norm) using a constant portfolio consisting only of bonds, call options and the underlying stock.

Proof It is easily seen that any affine function can be written as a linear combination of the basic contract functions.
The result now follows from the fact that any continuous function with compact support can be approximated
uniformly by a piecewise linear function.

8.2 The Greeks

Let P(#,5) denote the pricing function at time # for a portfolio based on a single underlying asset with price process
The portfolio can thus consist of a position in the underlying asset itself, as well as positions in various options written
on the underlying asset. For practical purposes it is often of vital importance to have a grip on the sensitivity of P with
respect to the following,

1. Price changes of the underlying asset.
2. Changes in the model parameters.

In case 1 above we want to obtain a measure of our risk exposure, i.e. how the value of our portfolio (consisting of
stock and derivatives) will change given a certain change in the underlying price. At first glance case 2 seems self-
contradictory, since a model parameter is by definition a given constant, and thus it cannot possibly change within the
given model. This case is therefore not one of risk exposure but rather one of sensitivity with respect to
misspecifications of the model parameters.

We introduce some standard notation.

Definition 8.4

N
Os
. 52p (8.12)
532 1
P (8.13)
P ar’
8.14
o — E (8.14)
ot
o op (8.15)
- do’

(8.16)
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Fig. 8.1 Delta For a European Call
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All these sensitivity measures are known as “the greeks”. This includes 3, which in this case is given the Anglo-
Hellenic pronounciation “vega”. A portfolio which is insensitive w.r.t. small changes in one of the parameters above is
said to be neutral , and formally this means that the corresponding greek equals zero. A portfolio with zero delta is
said to be delta neutral , and correspondingly for the other greeks. In the next section we will study various hedging
schemes, based upon the greeks, but first we present the basic formulas for the case of a call option. See Figs 8.1-8.5
for graphs of the greeks as functions of the underlying stock price.
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Fig. 8.3 Vega For a European Call

Fig. 8.4 Theta For a European Call
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Proposition 8.5 For a Enropean call with strike price K and time of maturity T we have the following relations, with notation as in the
Black—Scholes formula. The letter @ denotes the density function of the N[0,1] distribution.

A= N(dy),
RCH (8.17)
(8.18)

p=K(T —e "I IN(y).
(8.19)
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Fig. 8.5 Rho For a European Call
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Proof Use the Black—Scholes formula (6.46) and take derivatives. The (brave) reader is invited to carry this out in
detail. The calculations are sometimes quite messy.
8.3 Delta and Gamma Hedging
As in the previous section, let us consider a given portfolio with pricing function P(#s). The object is to immunize this

portfolio against small changes in the underlying asset price 5. If the portfolio already is delta neutral, i.e. if

or

Ap —
P Os

then we are done, but what can we do in the more interesting case when A, # 02 One possibility is of course to sell the
entire portfolio, and invest the sum thus obtained in the bank, but this is in most cases neither practically feasible, nor

preferable.
price of a derivative is perfectly correlated with the underlying asset price, we should be able to balance the derivative

A more interesting Idea is to add a derivative (e.g an option or the underlying asset itself) to the portfolio. Since the
against the portfolio in such a way that the adjusted portfolio becomes delta neutral. The reader will recognize this
argument from the derivation of the Black—Scholes PDE, and the formal argument is as follows.

We denote the pricing function of the chosen derivative by F(zs), and x denotes the number of units of the derivative
which we will add to the a priori given portfolio. The value 7 of the adjusted portfolio is then given by
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V—(:LS:) :P(I,S) | Xt F(f,,&')

(8.22)
In order to make this portfolio delta neutral we have to choose x such that L:i4 0, and this gives us the equation
5
or OF
— 4+ x—— — 0,
Os Os
which, with obvious notation, has the solution
Ap
x= — —.
Ap
(8.23)

Example 8.6 Let us assume that we have sold a particular derivative with pricing function F(%s), and that we wish to
hedge it using the underlying asset itself. In (8.22) we now have P = —1 - F, whereas F is replaced by s, and we get the
equation

,_i[ — F(ts) +x-s5] —0,
Os
with the solution
AF (s
¥ Ap— M
Os

We thus see that the delta of a derivative gives us the number of units of the underlying stock that is needed in order to
hedge the derivative.

It is important to note that a delta hedge only works well for small changes in the underlying price, and thus only for a
short time. In Example 8.6 above, what we did was to approximate the pricing function F(#s) with its tangent, and in
Fig. 8.6 this is illustrated for the case when F'is the pricing function of a European call option. A, equals the slope of
the tangent. In Fig. 8.1 we have a graph of the delta of a European call, as a function of the underlying stock price. As
time goes by the value of s (and # will change, and thus we will be using an old, incorrect value of A. What is done in
practice is to perform a discrete rebalanced delta hedge , which for the example above can be done along the
following lines.

* Sell one unit of the derivative at time # = 0 at the price F(0,s).

* Compute A and buy A shares. Use the income from the sale of the derivative, and if necessary borrow money
from the bank.

e Wait one day (week, minute, second). The stock price has now changed and your old A is no longer correct.

¢ Compute the new value of A and adjust your stock holdings accordingly. Balance your account by borrowing
from or lending to the bank.

* Repeat this procedure until the exercise time 1.

* In this way the value of your stock and money holdings will approximately equal the value of the derivative.
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Fig. 8.6 Linear Approximation Of a European Call
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It is in fact not hard to prove (see the exercises) the following asymptotic result.

Proposition 8.7 i a continuonsly rebalanced delta hedge, the value of the stock and money holdings will replicate the value of the
derivative.

In a (discrete) scheme of the kind above we face a dilemma concerning the frequency of the rebalancing points in time.
If we rebalance often, we will have a very good hedge, but we will also suffer from high transaction costs. The reason
why we have to rebalance is that delta changes as the underlying price changes, and a measure of the sensitivity of A
with respect to s is of course given by

aA 8P

I'=

Hs S5

. See Fig. 8.2 for a graph of the gamma of a European call. If gamma is high we have to rebalance often, whereas a low
gamma will allow us to keep the delta hedge for a longer period. It is thus preferable to form a portfolio which, apart
from being delta neutral, is also gamma neutral .

In order to analyze this in some generality, let us again consider an a priori given portfolio with price function P(#s).
For future use we state the following trivial but important facts.

Lemma 8.8 For the underlying stock, the delta and gamma are given by

From the fact that the gamma of the underlying stock equals zero, it follows that we cannot use the stock itself in order
to change the gamma of the portfolio. Since we want the adjusted portfolio to be both delta and gamma neutral, it is
also obvious that we need two different derivatives in the hedge. Let us thus fix two derivatives, e.g two call options
with different exercise prices or different times of maturity, with pricing functions Fand G. We denote the number of
units of the derivatives by x, and x, respectively, and the value of the hedged portfolio is now given by

V=P(s) | xp - F(Ls) | xg* G(Ls).
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In order to make this portfolio both delta and gamma neutral we have to choose x;, and x. such that the equations

f
O _o.
Os
%y )
Hs? ’

are satisfied. With obvious notation we thus obtain the system
AP | J(TF'AF | xG-AG:O,

Fp | Xt FF } Xa ' FG = 0, (824)

(8.25)
which can easily be solved.
It is natural, and very tempting, to construct a delta and gamma neutral hedge by the following two step procedure.

1. Choose x, such that the portfolio consisting of P and F is delta neutral. This portfolio will generally not be
gamma neutral.
2. Now add the derivative G in order to make the portfolio gamma neutral.

The problem with this scheme is that the second step in general will destroy the delta neutrality obtained by the first
step. In this context we may, however, use the fact that the stock itself has zero gamma and we can thus modify the
scheme as follows.

1. Choose x;, such that the portfolio consisting of P and F is gamma neutral. This portfolio will generally not be
delta neutral.
2. Now add the underlying stock in order to make the portfolio delta neutral.

Formally the value of the hedged portfolio will now be given by
V=P+xp I+ xg-s
and, using the lemma above, we obtain the following system.
Ap | xp* Ap | xg=0,
Tp | xp Tp=0. (8.20)

(8.27)

This system is triangular, and thus much simpler than the system (8.24)—(8.25). The solution is given by

T'p

.xF __E,

Ap-T
FEY:A0 VRN

I'p
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Fig. 8.7.
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Using the technique described above one can easily derive hedging schemes in order to make a given portfolio neutral
with respect to any of the greeks above. This is, however, left to the reader.

8.4 Exercises

Exercise 8.1 Consider the standard Black—Scholes model. Fix the time of maturity T and consider the following 1-
claim .

K if S(T)<A4
Y (K+A—-8(T) if A<S(T)<K+A4
0 it S(T)y>K | A

8.28

This contract can be replicated using a portfolio, consisting solely of bonds, stock and European call options, which is
constant over time. Determine this portfolio as well as the arbitrage free price of the contract.

Exercise 8.2 The setup is the same as in the previous exercise. Here the contract is a so called straddle , defined by

K —S(T) if 0<8(T)<K

XTSIy — K if K < S(T).

. . ) ) . 8.29
Determine the constant replicating portfolio as well as the arbitrage free price of the contract.

Exercise 8.3 The setup is the same as in the previous exercises. We will now study a so called “bull spread”
(see Fig. 8.7). With this contract we can, to a limited extent, take advantage of an increase in the market price while
being protected from a decrease. The contract is defined by

B if S(T)>B
v ({S(T) if A<S(T)<B
A il S(T) < A

8.30

We have of course the relation 4 < B. Determine the constant replicating portfolio as well as the arbitrage free price of
the contract.



118 PARITY RELATIONS AND DELTA HEADGING

Exercise 8.4 The setup and the problem are the same as in the previous exercises. The contract is defined by

0 it S(T) < 4
S(TYy A if A<S(T)<B
¢ —S(T) if B<S(T)<C
0 ift S(T) > C.

8.31

By definition the point C divides the interval [4,C] in the middle, i.e B= %.

Exercise 8.5 Suppose that you have a portfolio P with A, = 2 and I', = 3. You want to make this portfolio delta and
gamma neutral by using two derivatives Fand G, with A, = =1, T, = 2, A_ =5 and I'_ = —2. Compute the hedge.

Exercise 8.6 Consider the same situation as above, with the difference that now you want to use the underlying §
instead of G. Construct the hedge according to the two step scheme descibed in Section 8.3.

Exercise 8.7 Prove Proposition 8.7 by comparing the stock holdings in the continuously rebalanced portfolio to the
replicating portfolio in Theorem 7.5 of the previous chapter.

Exercise 8.8 Consider a self-financing Markovian portfolio (in continuous time) containing various derivatives of the
single underlying asset in the Black—Scholes model. Denote the value (pricing function) of the portfolio by P(#5). Show
that the following relation must hold between the various greeks of P

Op+rsAp+ %stzl‘p— rP.

Hint: Use Exercise 7.4.

Exercise 8.9 Use the result in the previous exercise to show that if the portfolio is both delta and gamma neutral, then
it replicates the risk free asset, i.e. it has a risk free rate of return which is equal to the short rate

Exercise 8.10 Show that for a European put option the delta and gamma are given by
A =N[dy] -1,
e(dy)

- sJ\jT—I.

1~

Hint: Use put—call parity.

Exercise 8.11 Take as given the usual portfolio P, and investigate how you can hedge it in order to make it both delta
and vega neutral.



9 Several Underlying Assets

9.1 Introduction

In this chapter we will generalize the Black—Scholes model to the case where, apart from the risk free asset, we have
several underlying assets. We thus assume that we have # a priori given assets (“stocks”) with price processes S,(?),. . . ,
S (). The entire asset price vector is denoted by S(9), and in matrix notation we will write it as a column vector

8100
S(r) =
S, (1)

The main problems are those of pricing and hedging contingent claims of the form
x= ® (S(T)),
where T as usual is a fixed exercise time.

The first problem to be attacked is how to construct a “reasonable” mathematical model for the dynamics of the asset
price vector S, and in this context we have two demands. We of course want the model to be free of arbitrage
possibilities, and we also want the model to be such that we have a unique arbitrage free price process Il (4 x) for
any given claim y.

From the Meta-theorem 7.3.1 we know that we may generically expect absence of arbitrage if we have at least as many
sources of randomness as we have underlying assets, so it is natural to demand that the price vector S should be driven
by at least # independent Wiener processes.

If, on the other hand, we want a unique price process for every claim, then we need a complete market model, and
according to Meta-theorem 7.3.1 this will only occur if we have at least as many assets as we have sources of
randomness. In order to obtain a nicely behaved model we are thus forced to model the stock price dynamics using
exactly » independent Wiener processes, and we now go on to specify the formal model.

Assumption 9.1.1 We assume the following,
o Under the objective probability measure P, the S-dynamics are given by
dS,(1) = cySi(Odt + 5,(0) Y ayd (0),
Ji=1

9.1)
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fori=1,. .., n HereW,. .., Ware independent P-Wiener processes.

* The coefficients wand o above are assumed to be known constants.
e The volatility matrix

L
o= {§}ij1

is nonsingular.
o We bave the standard risk free asset with price process B, where

dB(1) = rB(n)dL.

9.2)

The assumption that the coefficients are constants is made for ease of exposition. Later on we will see that we may

allow the coefficients to be functions of current time and current stock prices, i.e. o, = o, (4 5(9), 0, = o, (¢, $(?)).

In the sequel we will let I7(7) denote the column vector

W (1)

and it will be convenient to define the row vector o, as the 7/th row of the volatility matrix o, i.e.
gy = [‘711.-- . -.«C’m]-
With this notation we may write the stock price dynamics more compactly as
ds,(H) = «S;(Hdt + S,(DadT (1)
9.3)

It is in fact possible to write the S-dynamics even more compactly. For any #-vector x = (x

-+ » X)) we let D[x] denote

the diagonal matrix

xl ﬂ 0
0 X2 0
Dlx] =
0 0 Xp
and we let o denote the column vector
551
o=
”‘J’I
Using this notation we can write the S-dynamics as 9.4

ds(r) = D[S()] adt + D[S(1)] cdT ().

(9.5)
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9.2 Pricing

We take the market model above as given and we consider a fixed T-claim of the form
& (S(T)).

The problem is to find the arbitrage free price process IT (£ x) for y, and we will do this by using a slight variation of
the technique for the one-dimensional case. As before we start by assuming that there actually is a market price
process for the claim, and that the price process is of the form

IT (4 x)=F(SW),
for some deterministic function

FR, x R"—=R

Our problem is to find out what ' must look like, in order not to introduce any arbitrage possibilities, if we are allowed
to trade in the derivative as well as in the underlying assets. More precisely, we want the market
[S1(0)....Sa(0), TI (£x)] to be free of arbitrage, and the basic scheme is as follows.

* Take the model for the underlying assets, the contract function ®, and the pricing function F as given.

¢ Form a self-financing portfolio, based on S,,. . ., §,B and F Since we have » + 2 assets, and the portfolio
weights must add to unity, this will give us 7 + 1 degrees of freedom in our choice of weights.

¢ Choose the portfolio weights such that the driving Wiener processes are canceled in the portfolio, thus leaving
us with portfolio dynamics of the form

dV (D =V (Hk(DHdL

Since we have # driving Wiener processes this will “use up” 7 degrees of freedom.
e Use the remaining degree of freedom in order to force the value dynamics to be of the form

dvn = (r+ OV (Hdt,

where § is some fixed nonzero real number. In the equation above we think of 3 as being a positive real number,
so we are in effect trying to “beat the risk free asset” B by constructing a synthetic risk free asset with higher rate
of return than the money account. It turns out that this is technically possible if and only if a certain matrix is
nonsingular.

¢ Since we assume that the market is free of arbitrage possibilities, it is impossible to beat the risk free asset in the
way described above. Therefore, the matrix mentioned above has to be singular.
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* The singularity condition of the matrix leads to a PDE for the pricing function F; and the solution of this PDE

is thus the unique arbitrage free pricing function for the claim y.

To put these ideas into action we start by computing the price dynamics of the derivative. The multidimensional It6

formula gives us (see Remark 3.7.1), after some reshuffling,

dF = F  agdt + F * o zdW,

where

1)
ap(f) — %[ﬁ + Zaﬂs’fﬁf + %n-{g*msl F.D[S] o) }
1

n
. 1 E : ,
ar(t) — I S oy
1

Here the arguments 7 and S(# have been suppressed, and we have used the notation

o= sy,

SR
By = g S®),

arr "
Fy = { 05,05, u,s(m}‘_ .

Note that F and F, are scalar functions, whereas F_ is an # X » matrix-valued function.

9.6)

9.7)

9.8)

We now form a portfolio based on §,. .., S ,Band F. For §,,. .., § and Fwe use the notation #,. . . , #,and #, for the

corresponding portfolio weights, which gives us the weight #. for the money account as
p gp gnts, g ght 7, y

14

tip— 1 — (Zu,- + u;r)_

1

The dynamics of the value process for the corresponding self-financing portfolio are given by

n
das; dF dB
dV_V[ U; 3 + tp ¥ + tp B },

1

and substituting the expression for #, above, as well as inserting the dynamics of the processes involved, gives us
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1] 1

dv —V- [ZH’{(C\(I‘ —r) +up(ar—r)+ r]df—i— V- [Z“’fg" + u;;g;,«]dW_

1 1

We now try to choose the weights so that, first of all, the value process is locally risk free, i.e. it has no driving Wiener
process. This means that we want to solve the equation

]

E uio; + tpoy — 0.

1

Supposing for the moment that this can be done, we now have value dynamics of the form
1)
dv —V - [qu(ax —r)+up(ar—r) + r]d.’.,
1

and now we try to beat the market by choosing the weights such that we obtain a rate of return on the portfolio
equaling  + B. Mathematically this means that we want to solve the equation

]

Zu,-(oq —r)tuplar—r)+r—r+4
1

In order to see some structure, we now write these equations in matrix form as

Wy —F L Wy —F wg — [”S] [ﬂ]
(}'1* 0’,: (}'; uf‘l a 0 ’
9.9)

(note that 4" is a column vector) where we have used the notation

Let us now take a closer look at the coefficient matrix in eqn (9.9). Denoting this matrix by H, we see thatitis an (z +
1) X (» + 1) matrix, and we have two possibilities to consider, namely whether H is invertible or not.

If H is invertible, then the system (9.9) has a unique solution for every choice of 3. In economic terms this means that
we are able to form a self-financing portfolio with the dynamics

dV () = (r+ OV (Hdt,

which in turn means that we have constructed a “synthetic bank” with » + 3 as its rate of interest. This will of course
lead to arbitrage opportunities. We just solve the system for, say, 8 = 0.10, then we borrow a (large) amount of money
from the bank and invest it in the portfolio. By this arrangement our net outlays
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at #= 0 are zero, our debt to the bank will increase at the rate 7, whereas the value of our portfolio will increase at a rate
which is 10% higher.

Since we assume absence of arbitrage we thus see that H must be singular, and in order to see the implications of this
we choose, for readability reasons, to study its transpose H', given by

o) —Fr 0
(‘j'.n r O—H

Qg —rF Oof

(9.10)

(recall that o, is a row vector). We can write this somewhat more compactly by defining the #-dimensional column
vector 1 as

With this notation we have

Since H' is singular this means that the columns are linearly dependent, and since the matrix o was assumed to be
nonsingular we draw the conclusion that the first column of H" can be written as a linear combination of the other
columns. Thus there exist real numbers A,,. . ., A such that

1)
o —F— E JU'AJ'., i—1,...mn
J=1

; (9.11)
ar—r— Y ok,
J=1
(9.12)
where o, denotes the jth component of the row vector o,
There is an economic interpretation of the multipliers A ,. . ., A as so called “market prices of risk” (cf. standard CAPM

theory), and later on we will discuss this in some detail. For the moment the main logical point is that eqn (9.12) is the
equation which will determine the derivative pricing function F. In order to use this equation we need, however, to get
hold of the A-vector, and as we shall see, this vector is determined by the system (9.11).

Writing (9.11) in vector form we see that the vector

A1
A:
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is the solution of the 7 X # linear system
a—rly,=0cl,
and since ¢ by assumption is nonsingular we see that A is in fact uniquely determined as

A=0 a—1rl,].

(9.13)
We now want to substitute this expression for A into (9.12), but first we rewrite (9.12) in vector form as
QF —7r= GFF,\ﬁ
and from the definition of o, in (9.8) we see that we may write 6, more compactly as 9.14)
IF— % S, SeE o
Inserting (9.13) and (9.15) into (9.14) and using ¢ 67" = I, we obtain the relation (9.15)
aF—r— % ISy Sl ] [ =11y,
and finally we insert the expression for «, from (9.7) into (9.16) to obtain, after some calculations, 9.106)
Fet Y rSiFi+ é.fr (o' D[S|FD[S]a} — rF = 0.
i—1
(9.17)

Note that this equation is a stochastic equation. For ease of reading we have suppressed most of the arguments, but if
we backtrack we will see that, for example, the term 7§F, in the equation above is just shorthand for the expression

rsf(z)%(r,sm).

Thus eqn (9.17) must hold, at each # with probability 1 for every possible value of the price vector S(#. Now, in our
model for the price process it can be shown that the support (the set of possible values) for the vector S(7) is the entire
set R’} , and thus eqn (9.17) must also hold for each deterministic # and 5. By a standard argument we must also have
HIS(T) = @ ($(1)), so we have proved our main pricing result.

Theorem 9.1 Consider the contractx = & (S(T)) . In order to avoid arbitrage possibilities, the pricing function F(t,s) must solve the
boundary value problem

"
Fits) + Y rsti(ts) + gtr{o DISIF D[S o} — b (ts) =0,
=1
F(Ts) — & (s).

(9.18)
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Remark 9.2.1 To be more explicit we recall that we can write the quadratic term above as
- 4
* y Y — - YW
tr{o DISIFuD[S10) = Y s, s, 85, ()5
Lj=1

where

*
Cy= [oo ]U'

Remark 9.2.2 As in the one-dimensional case we notice that the drift vector a, of the price process, does not appear in
the pricing equation. Again we see that the only part of the underlying price process which influences the price of a
financial derivative is the diffusion matrix o. The reason for this phenomenon is the same as in the scalar case and we
refer the reader to our earlier discussion on the subject.

Remark 9.2.3 In the derivation of the result above we have assumed that the drift vector o and the volatility matrix o
in the price dynamics eqn (9.1) are constant. Going through the arguments it is, however, easily seen that we may allow
the coefficients to be functions of current time and current stock price, i.e. they may be of the form

a =a(t8(1),
o —a(£8().

If we assume that the volatility matrix o (#) is invertible for each (#s), then Theorem 9.1 will still hold, the only
difference being that the term

tr{o D[S]FD[S]o}
in the pricing equation is replaced by the term

tr{c (t)D[s]F (t5)D[s]o(t5)} .

9.3 Risk Neutral Valuation

As in the scalar case there is a natural economic interpretation of Theorem 9.1 in terms of risk neutral valuation. From
the Feynman—Kac¢ representation theorem 4.8 we may immediately obtain a probabilistic formula for the solution to
the pricing equation.

Theorem 9.2 The pricing function F(t,s) of Theorem 9.1 has the following representation.

F(ts)=e T2 Lo (s(1)).

Here the excpectation is to be taken with respect to the martingale measure Q, defined by the fact that the Q-dynamics of the price process §
are given by
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dS;=rSidt + SiodW. i=1,...n

Adhering to the notational convention 6.4.1 the expression Eg [] indicates, as usnal, that the expectation shall be taken under Q, given the
initial condition S(7) = s. By the same convention, W is a Q-Wiener process.

Again we see that the arbitrage free price of a derivative is given as the discounted expected value of the future cash
flow, and again the main moral is that the expected value is not to be taken with respect to the objective probability
measure P. Instead we must use the martingale measure (. This martingale measure, or risk adjusted measure , is
characterized by the following equivalent facts. The proof is left as an exercise to the reader.

Proposition 9.3 The martingale measure Q is characteriged by any of the following equivalent conditions.

1. Under Q every price process I1 (), be it underlying or derivative, has the risk neutral valuation property

1(f) = e—"‘r‘”ﬁg [1(1)].

2. Under Q every price process I1 (9, be it underlying or derivative, has the short rate of interest as its local rate of return, i.e. the Q-
dynamics are of the form

dI1(D = rTI(DHdt + TI( D o (HAW,

where the volatility vector o is the same under Q as under P
3. Under Q every price process 11 (9), be it underlying or derivative, whas the property that the normalized price process

I(7)
B(1)

Is a martingale, i.e. it has a vanishing drift coefficient.

As before we may summarize the moral as follows.

When we compute arbitrage free prices of derivative assets, we can carry out the computations as if we live in a
risk neutral world.

e This does not mean that we de facto live, or think that we live, in a risk neutral world.

* The formulas above hold regardless of the investot's preferences, and attitude towards risk, as long as he/she
prefers more deterministic money to less.

9.4 Reducing the State Space

From Theorem 9.1 we see that in order to compute the price of a financial derivative based on # underlying assets, we
have to solve a PDE with # state
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variables, and for a general case this has to be done by numerical methods. Sometimes it is, however, possible to reduce
the dimension of the state space, and this can lead to a drastic simplification of the computational work, and in some
cases even to analytical formulas. We will now present a theory which will allow us to obtain analytical pricing formulas
for some nontrivial multidimensional claims which quite often occur in practice. The theory presented here is based on
an analysis of the pricing PDE, but there also exists a corresponding probabilistic theory. See Chapter 19 below:

Let us assume that we have the model
dS; (1) — oS, (H)dt + S,-(r)iavdﬁ’ A i—1,. ..
J=1
(9.19)

We consider a T-claim of the form x = ® (S(7)), and the crucial assumptions are the following,

Assumption 9.4.1

o For the rest of the section we assume that the contract function D is homogeneous of degree 1, i.e. that
D (Ls)=1"F(s),

Sor all t >0 and for all s € R'.

o The volatility matrix o is constant.

For a homogeneous @ we see that, by choosing ;= s, we have the relation

P (51, . Sy) =5, @ (El’s . ‘si?,;l'al)‘

i & n

This naturally gives us the Idea that perhaps also the corresponding pricing function ¥ has the same homogeneity
property, so we try the ansatz

Fts, .. .8,) = -‘nG(rs._v_Ls- . sh;l')
S In

(9.20)

where G is some function
GR, x R" =R
First of all, if there is a solution to the pricing PDE of the form (9.20), then it has to satisfy the boundary Condition
F(T.s) = @ (s5), Vs,
and translated into G this gives the boundary condition
G(Tz) =W(z), Vaz,

9.21)
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where the function W : R — K is defined by
Wz, . . wZn_1) = ®(21... .2p_1.1).

(9.22)

The main problem is now to see whether there is a function G such that the ansatz (9.20) satisfies the pricing PDE. We
therefore compute the various partial derivatives of F in terms of G, and substitute the result into the PDE. After
some tedious calculations we have the following relations, where for brevity g denotes the vector z = (j—; - s,;_;1)
Subscripts denotes partial derivatives.

Ff('f')s) = S}I(}f(r:vz):
Fi(fv"') = GI(I?Z)D i= 1) <ot :»n I
n—1
~y § :*‘“J -
Fy(ts) —G(tz) — J,_(J_,r'(raz):
n

=1

2

1 ;.
FI_}"(r’S) = EGI_}(Z:Z)) f,j = 19 c el 13

n—1

. 8 — .
Fi(ts) —Fpi(ts) — — Z_‘;ij(rﬁz)'! i— 1. =1,
J=1""
ni—1
J"SJ;
Fon = — Z—:,GU(I,Z)-
iji—1 Si
As in Remark 9.2.1 we write the pricing PDE as
1 | n—=1
Fits) + Y rsFits) + 5 Y sisFy(ts)Cy— rF(1s) = 0.
i=1 ij=1

(9.23)

Substituting the expressions above for the partial derivatives of F into eqn (9.23) may look fairly forbidding, but in fact
there will be many cancelations, and we end up with the following PDE for G.

n=1
1
G12) + 5 z2,Gy(t2)Dy=0,
ij=1

where 9.24)

DI_‘,I = C;J + Cun + Cip + an‘

(9.25)
We have thus proved the following result.

Proposition 9.4 Assume that the contract function O is homogeneous of degree 1, and that the volatility matrix o is constant. Then the
pricing function F is given by

J‘(r("(v"—) - JPIG[:a:{L\ .o -1ﬁ;1-)a

1 “.P’I
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where G(1,3,,. . . , g,,) Solves the boundary valne problem

n—1
1
Gi(1z) + 3 ZZIZJGI}(ZJ)D;}' =0,
G(Tz) =W(z).

(9.26)
Here the matrix D is defined in (9.25), where C is given by Remark 9.2.1. The function \V is defined in (9.22).

The point of this result is that, instead of having to solve a PDE with 7 state variables (and one time variable), we have
reduced the problem to that of solving a PDE with only #—1 state variables.

Remark 9.4.1 The crucial assumption in Proposition 9.4 is of course the homogeneity of the contract function, but
one may wonder where we used the assumption of a constant volatility matrix. The point is that, with a state
dependent o, the PDE (9.24) is no longer a PDE in only the # — 1 state variables g,. . ., g, ,, because the matrix D now

depends on the entire price vector s,. . ., .

> Y

It is interesting to note that the PDE satisfied by G is of parabolic type. By inspection we see that it can in fact be
interpreted as the pricing PDE, in a world with zero interest rate, for a claim of the form Y = W (Z(1)), where the
n — 1 underlying price processes satisfy an SDE of the form

dZ(#) — D[Z)(H)dt + D[Z] odW (1),

where the drift vector y is as usual of no importance, the process I is an (# — 1)-dimensional standard P-Wiener
process, and the covariance matrix satisfies

¥

o = 1.

Example 9.5 We illustrate the technique of state space reduction by a simple example of some practical importance.
We consider a model with two underlying price processes S, and S, satisfying (under P) the following system of SDEs.

dSl — S]Oq’.]df + S]_O']_dW].,
dS2 — Sgchdf + S?'O'?,dW}

As usual W, and W, are independent, so in this model the price processes are also independent, but this is just for

notational simplicity.

The claim to be studied is an exchange option , which gives the holder the right, but not the obligation, to exchange
one S, share for one S, share at time 1. Formally this means that the claim is defined by x = max [S,(T) — $,(7).0],
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and we see that we have indeed a contract function which is homogeneous of degree 1. A straightforward application
of Theorem 9.1 would give us the PDE

Fol rsyFytorsyFy | %aEFu | %gg,vﬂ rFo=0

F(T,s,8) =max[s;  £.0].

Using Proposition 9.4 we can instead write
. . s
F(151,57) = 53 ° G(L-,L),
2
where G(#3) satisfies
1 2 2 2
Gitz) | 52°Gx(t2)(oy 1 03) =0,
G(Tz) =max[z 1,0].

We see that this is the pricing equation, in a world with short rate » = 0, for a European call option with strike price K
= 1 written on a single stock with volatility 1/012 +0,2. Thus G can be obtained directly from the Black—Scholes
formula, and after some minor calculations we get

F(ts1.82) = siN[d1(12)] — s:N [da(12) ],
where z — ;—1 N is as usual the cumulative distribution function for the N [0,1] distribution and
_ 1
Vo2 +2r—n

dy(1z) =dy(12) — (o 1 oDNT D).

d(1z)

{lm+ Lo+ DT - r)},

9.5 Hedging

When we introduced the model
ds,(1) = oS, (Ddt + S,(Do,diT (1)
(9.27)

for the price vector process, one reason for the assumption of an invertible volatility matrix was that we wanted a
complete market, and the goal of this section is to show that our model is in fact complete. From Chapter 7 we recall
the following definition.

Definition 9.6 We say that a T-claim y can be replicated , alternatively that it is reachable or hedgeable , 7f there exists a self
[Jinancing portfolio b such that

V’&(T) =y, P—a.us.
(9.28)

In this case we say that b is a hedge againsi , alternatively a replicating portfolio for . If every contingent claim is reachable we
say that the market is complete .
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Since we lack the necessary probabilistic machinery, we will not be able to show that we can hedge every contingent 1-
claim y. As in the scalar case, we will “only” be able to prove completeness for simple claims, i.e. we will prove that
every claim of the form

x= %S,
can be replicated.
Let us thus fix a date of delivery T, and a claim x = & (S(T")). We denote portfolio weights by #',#,. . ., #, where # is
the weight on asset 7 for 7 = 1,. . ., #, whereas #’ is the weight on the risk free asset. From Lemma 5.5 it is clear that if
we can find a process I, and weight processes #’,#',. . ., #' such that

V(T) = & (S(D)), P — a.s.

(9.29)
dv =v {-u" ‘1{9 + Zu’ (’?‘“ }
-1
(9.30)
ZHJ =1,
=0
(9.31)
then #’,4/,. . ., #" is a replicating portfolio for y, and [”is the corresponding value process. For future use we note that
eqns (9.30)—(9.31) can be written as
n 1 1
av—v- L S) Z]d S
i=1 i=1 i=1
(9.32)

The structure of the proof is that we will make an educated guess about the nature of the value process 1] so we will
make an ansatz. Given this ansatz we then compute the stochastic differential 41 and at last, comparing the
expression thus obtained to (9.32), we identify the portfolio weights by inspection.

We now go on to produce a natural candidate for the role as value process, and to this end we recall from Section 7.1
that, for a hedgeable claim, we should have the relation I1(£ x) =V (1) .

Thus the obvious candidate as the value process for the replicating portfolio (if it exists at all) is the price process
[I(£ x) for the claim. On the other hand we have already computed the price process as

(£ x) = F(LS(D),
where F solves the pricing PDE of Theorem 9.1.

Let us thus define I as the solution to the pricing PDE, and then define the process I by /(%) = F(25(7). Our task is
to show that I”in fact is the value process of a replicating portfolio, i.e. to show that the relation (9.29) is satisfied, and
that the dynamics for 17 can be written in the form (9.32). Equation (9.29)
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is obviously (why?) satisfied, and using the identity (by definition) ' = 1] we obtain from (9.6)
dV = Foapdt + FopdW .
So, from (9.7)—(9.8)

Fe+ Sl + tr(c D[S1F D[S] o) ,

av =v 7

n
. Z S},Ff ﬁsdﬁ'_
1

t

(9.33)

Comparing the diffusion part of (9.33) to that of (9.32) we see that the natural candidates as #,. . . , #" are given by

oo SEL
u (1) = a i=1,. . .n
(9.34)
Substituting these expressions into (9.33) gives us
"\ . Fi+34r(c D[S|FyD|S)0) S
Aav=V- Zu“f I 7 dt | V*Zua‘.dl’f",
1 1
and, using the fact that I satisfies the pricing PDE, we obtain
~ SUrSiFy + rF ~
dv —v- {Zu'mf + %}cﬁ +V- Zufcrde_
1 1
Again using the definition (9.34), this reduces to
wov. {(1 S Z}d S o,
1 1 1
(9.35)

which is exactly eqn (9.32). We have thus proved the second part of the following theorem.
Theorem 9.7 Assume that the volatility matrix o is invertible. Then the following hold.

o The market is complete, i.e. every claim can be replicated.
o For a T-claim~ of the formx = ® (S(T)), the weights in the replicating portfolio are given by

_ Sf(‘f)Ff(?:S(I)) :
O OFS(n)y T 7

1

L =1-) ),

i=1

u'(1)

'ana

where I by definition is the solution of the pricing PDE in Theorem 9.1.
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We have only proved that every simple contingent claim can be replicated, so we have not proved the first item above
in full generality. Using more advanced probabilistic tools (the martingale representation theorem for Wiener
filtrations) it can in fact be proved that every (sufficiently integrable) claim can be replicated, but this is beyond the
scope of the present text.

9.6 Exercises

Exercise 9.1 Prove Proposition 9.3.
Exercise 9.2 Check all calculations in the derivation of the PDE in Proposition 9.4.

Exercise 9.3 Consider again the exchange option in Example 9.5. Now assume that I/, and W, are no longer

independent, but that the local correlation is given by dlWW, - dW, = o dt. (We still assume that both Wiener processes
have unit variance parameter, i.e. that 4w} — @3 — dt.) How will this affect the Black—Scholes-type formula given in
the example?

Exercise 9.4 Consider the stock price model in Example 9.5. The T-contract y to be priced is defined by
x = mux [@S;(7).bS,(T)],

where 2 and b are given positive numbers. Thus, up to the scaling factors # and 4, we obtain the maximum of the two
stock prices at time 1. Use Proposition 9.4 and the Black—Scholes formula in order to derive a pricing formula for this
contract. See Johnson (1987).

Hint: You may find the following formula (for x> 0) useful.
max [x,1] =1 + max [x — 1,0].

Exercise 9.5 Use the ideas in Section 9.4 to analyze the pricing PDE for a claim of the form y = @ (S(7)) where we
now assume that @ is homogeneous of degree B, i.e.

O (18)=1"d (5), V1> 0.



10 Incomplete Markets

10.1 Introduction

In this chapter we will investigate some aspects of derivative pricing in incomplete markets. We know from the meta-
theorem that markets generically are incomplete when there are more random sources than there are traded assets, and
this can occur in an infinite number of ways, so there is no “canonical” way of writing down a model of an incomplete
market. We will confine ourselves to study a particular type of incomplete market, namely a “factor model”, i.e. a
market where there are some nontraded underlying objects. Before we go on to the formal description of the models
let us briefly recall what we may expect in an incomplete model.

* Since, by Assumption, the market is incomplete we will not be able to hedge a generic contingent claim.
* In particular there will not be a unique price for a generic derivative.

10.2 A Scalar Nonpriced Underlying Asset

We will start by studying the simplest possible incomplete market, namely a market where the only randomness comes
from a scalar stochastic process which is not the price of a traded asset. We will then discuss the problems which arise
when we want to price derivatives which are written in terms of the underlying object. The model is as follows.

Assumption 10.2.1 The only objects which are a priori given are the following,

o An empirically observable stochastic process X, which is not assumed to be the price process of a traded asset, with P-dynamics
given by

dX () = p(tL.X(H))dt + o(£.X(D))dW (1).

(10.1)
HereWis a standard scalar P-Wiener process.
o A risk free asset (money account) with the dynamics

dB(1) = rB(NHd!,
(10.2)

where r as usual is the deterministic short rate of interest.
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We now consider a given contingent claim, written in terms of the process X. More specifically we define the T-claim
Y by

¥=2(X(T)),

(10.3)

where @ is some given deterministic function, and our main problem is that of studying the price process II (£ ¥) for
this claim.

In order to give some substance to the discussion, and to understand the difference between the present setting and
that of the previous chapters, let us consider a specific concrete, interpretation of the model. We may, for example,
interpret the process X as the temperature at some specific point on the earth, say the end of the Palace Pier in
Brighton. Thus X(?) is the temperature (in centigrade) at time 7 at the Palace Pier. Suppose now that you want to go to
Brighton for a holiday, but that you fear that it will be unpleasantly cold at the particular time T when you visit
Brighton. Then it may be wise to buy “holiday insurance”, i.e. a contract which pays you a certain amount of money if
the weather is unpleasant at a prespecified time in a prespecified place. If the monetary unit is the pound sterling, the
contract function @ above may have the form

100, it x<20,
0, if x> 20.

H

P(x) =

In other words, if the temperature at time T is below 20°C (degrees centigrade) you will obtain 100 pounds from the
insurance company, whereas you will get nothing if the temperature exceeds 20°C.

The problem is now that of finding a “reasonable” price for the contract above, and as usual we interpret the word
“reasonable” in the sense that there should be no arbitrage possibilities if we are allowed to trade the contract. This last
sentence contains a hidden Assumption which we now formalize.

Assumption 10.2.2 There is a liguid market for every contingent claim.

If we compare this model with the standard Black—Scholes model, we see many similarities. In both cases we have the
money account B, and in both cases we have an a priori given underlying process. For the Black—Scholes model the
underlying process is the stock price S, whereas we now have the underlying process X, and in both models the claim
to be priced is a deterministic function @ of the underlying process, evaluated at time 1.

In view of these similarities it is now natural to assume that the results from the Black—Scholes analysis will carry over
to the present case, i.e. we are (perhaps) led to believe that the price process for the claim ¥ is uniquely determined by
the P-dynamics of the underlying process X. It is, however, very important to understand that this is, most
emphatically, not the case, and the reasons are as follows.

1. If we consider the a priori given market, which only consists of the money account B, we see that the number R
of random sources in this case equals
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one (one driving Wiener process), while the number M of traded assets (always excluding the money account B)
equals zero. From the meta-theorem it now follows that the market is incomplete. The incompleteness can also
be seen from the obvious fact that in the a priori given market there are no interesting ways of forming self-
financing portfolios. The only strategy that is allowed is to invest all our money in the bank, and then we can
only sit down and passively watch our money grow at the rate 7 In particular we have no possibility to replicate
any interesting derivative of the form @ (X(7)). We thus conclude that, since we cannot replicate our claim, we
cannot expect to obtain a unique arbitrage free price process.

One natural strategy to follow in order to obtain a unique price for the claim X is of course to imitate the
scheme for the Black—Scholes model. We would assume that the price process II (4¥) is of the form
II (£Y)=F(LX(1)), and then we would form a portfolio based on the derivative I' and the underlying X.
Choosing the portfolio weights such that the portfolio has no driving Wiener process would give us a riskless
asset, the rate of return on which would have to equal the short rate 7, and this last equality would finally have
the form of a PDE for the pricing function F This approach is, however, completely nonsensical, since in the
present setting the process X is (by Assumption) not the price of a traded asset , and thus it is meaningless to
talk about a “portfolio based on X”. In our concrete interpretation this is eminently clear. Obviously you can
buy any number of insurance contracts and put them in your portfolio, but it is also obvious that you cannot
meaningfully add, for example, 15°C to that portfolio.

We can summarize the situation as follows.

The price of a particular derivative will not be completely determined by the specification (10.1) of the X-
dynamics and the requirement that the market [B(s), II (£¥)] is free of arbitrage.

The reason for this fact is that arbitrage pricing is always a case of pricing a derivative in terms of the price of
some undetlying assets. In our market we do not have sufficiently many underlying assets.

Thus we will not obtain a unique price of a particular derivative. This fact does not mean, however, that prices of
various derivatives can take any form whatsoever. From the discussion above we see that the reason for the

incompleteness is that we do not have enough underlying assets, so if we adjoin one more asset to the market, without
introducing any new Wiener processes, then we expect the market to be complete. This Idea can be expressed in the
following ways.

Idea 10.2.1

We cannot say anything about the price of any particular derivative.
The requirement of an arbitrage free derivative market implies that prices of different derivatives (i.c. claims
with different contract functions or
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different times of expiration) will have to satisfy certain internal consistency relations in order to avoid
arbitrage possibilities on the bond market. In terms of our concrete interpretation this means that even if we are
unable to produce a unique price for a fixed weather insurance contract, say the “20°C contract”

100, if x< 20,
0, if x> 20,

H

P(x) =

for the fixed date T, there must be internal consistency requirements between the price of this contract and the
) y 1req p
price of the following “25°C contract”

100, 1if x<25,
I'(x) = .
0, if x> 25,

with some expiration date T' (where of course we may have T=T").
In particular, if we take the price of one particular “benchmark" derivative as a priori given, then the prices of all
other derivatives will be uniquely determined by the price of the benchmark. This fact is in complete agreement
with the meta-theorem, since in an a priori given market consisting of one benchmark derivative plus the risk
free asset we will have R=M=1, thus guaranteeing completeness. In our concrete interpretation we expect that
the prices of all insurance contracts should be determined by the price of any fixed benchmark contract. If, for
example, we choose the 20°C contract above as our benchmark, and take its price as given, then we expect the
25°C contract to be priced uniquely in terms of the benchmark price.

To put these ideas into action we now take as given two fixed T-claims, ¥ and Z, of the form

¥ =2,
& ()

where @ and I' are given deterministic real valued functions. The project is to find out how the prices of these two
derivatives must be related to each other in order to avoid arbitrage possibilities on the derivative market. As above we
assume that the contracts are traded on a frictionless market, and as in the Black—Scholes analysis we make an
Assumption about the structure of the price processes.

Assumption 10.2.3 We assume that

There is a liquid, frictionless market for each of the contingent claimsy andy .
The market prices of the claims are of the form

T (I; Yj :F(rafk,(r)ja
I (£2) —G(LX(D)),

where Fand G are smooth real valued functions.
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We now proceed exactly as in the Black—Scholes case. We form a portfolio based on Fand G, and choose the weights
so as to make the portfolio locally riskless. The rate of return of this riskless portfolio has to equal the short rate of
interest, and this relation will give us some kind of equation, which we then have to analyze in detail.

From the Assumption above, the 1t6 formula, and the X-dynamics we obtain the following price dynamics for the
price processes F(2,X(?) and G(£,X(?)).

dF = apFdt + ogFdW,

_ 10.4
dG = 0‘.{_‘;Gdf + J(}dey. ( )

(10.5)

Here the processes «, and o, are given by

Fr pFe+ 0 Fo
uF - F a

and correspondingly for o, and o,. As usual we have suppressed most arguments, so in more detail we have, for
example,

uFy = u(r X () 2L x ().

We now form a self-financing portfolio based on F and G, with portfolio weights denoted by #, and #_ respectively.
According to (5.13), the portfolio dynamics are given by

A RE S 2}

and using the expressions above we get
AV =V {ug* ap + g agldt +V {up* op + ug* o} dW.
(10.6)

In order to make this portfolio locally riskless we must choose #, and #_ such that #. - o, + #_, -0, = 0, and we must
also remember that they must add to unity. Thus we define #, and #_ as the solution to the following system of
equations.

{ urptuz =1,

Ug-opt+ug-og —0.

The solution to this system is given by

oF—0g’
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and inserting this into the portfolio dynamics equation (10.6) gives us

Frp — 07

We have thus created a locally riskless asset, so using Proposition 6.6, absence of arbitrage must imply the equation

Q" Oy — Q"0 —
Op — 03

After some reshuffling we can rewrite this equation as

QpF — 7T Qg — T

OF o G
The important fact to notice about this equation is that the left hand side does not depend on the choice of G, while
the right hand side does not depend upon the choice of F. The common quotient will thus depend neither on the
choice of F nor on the choice of G, and we have proved the following central Result.

Proposition 10.1 Assume that the market for derivatives is free of arbitrage. Then there exists a universal process \ () such that, with
probability 1, and for all t, we have
—— = A(D),
o (4,
(10.7)
regardless of the specific choice of the derivative F.

There is a natural economic interpretation of this Result, and of the process L. In eqn (10.7) the numerator is given by
o, — r, and from (10.4) we recognize a, as the local mean rate of return on the derivative I The numerator o, — r1is
thus the local mean excess return on the derivative I over the riskless rate of return 7 i.e. the risk premium of F In the
denominator we find the volatility o, of the F process, so we see that A has the dimension “risk premium per unit of
volatility”. This is a concept well known from CAPM theory, so A is commonly called “the market price of risk”.
Proposition 10.1 can now be formulated in the following, slightly more flashy, form.

* In a no arbitrage market all derivatives will, regardless of the specific choice of contract function, have the same
market price of risk.

We can obtain more explicit information from eqn (10.7) by substituting our eatlier formulas for «, and o, into it. After
some algebraic manipulations we then end up with the following PDE.

Fi+ {p— Ao} o+ %azﬁ'ﬂ — i =0,

This is really shorthand notation for an equation which must hold with probability 1, for each 7 when all terms are
evaluated at the point (£#.X(#). Assuming
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for the moment that the support of X is the entire real line, we can then draw the conclusion that the equation must
also hold identically when we evaluate it at an arbitrary deterministic point (%x). Furthermore it is clear that we must
have the boundary Condition

F(Tx)=%®(x), VxeR,

so we finally end up with the following Result.

Proposition 10.2 (Pricing equation) Assuming absence of arbitrage, the pricing function F(t,x) of the I-claim ® (X(1)) solves
the following boundary value problem.

Fo(bx) + AF(tx) — rF(1x) =0, (1x) €(0.7) = R,

(10.8)

F(Tx)=®(x), xR,

(10.9)

where

AF(83) = (%) = XX (63) } I e(t3) + 302 (43)F ee(83).

At first glance this Result may seem to contradict the moral presented above. We have stressed earlier the fact that,
because of the incompleteness of the market, there will be no unique arbitrage free price for a particular derivative. In
Proposition 10.2, on the other hand, we seem to have arrived at a PDE which, when solved, will give us precisely the
unique pricing function for any simple claim. The solution to this conundrum is that the pricing equation above is
indeed very nice, but in order to solve it we have to know the short rate of interest 7, as well as the functions u(#x), o
(tx), @ (x) and A (£x). Of these, only 7, p(4x), o (£,x) and @ (x) are specified exogenously. The market price of risk A,
on the contrary, is not specified within the model. We can now make Idea 10.2.1 above more precise.

Firstly we see that, even though we cannot determine a unique price for a particular derivative, prices of different
derivatives must satisfy internal consistency requirements. This requirement is formulated precisely in Proposition
10.1, which says that all derivatives must have the same market price of risk. Thus, if we consider two different
derivative assets with price processes I'and G, these may have completely different local mean rates of return («, and
), and they may also have completely different volatilities (o, and o). The consistency relation which has to be
satisfied in order to avoid arbitrage between the derivatives is that, at all times, the quotient

QF — 7T
OF

must equal

Qe — T

e

Secondly, let us assume that we take the price process of one particular derivative as given. To be concrete let us fix the
“benchmark” claim I"(X(T)) above and
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assume that the pricing function G(%,.x), for I'(X(1)), is specified exogenously. Then we can compute the market price
of risk by the formula

_ out) 1
A(Lx) = oa(1x)
(10.10)

Let us then consider an arbitrary pricing function, say the function F for the claim @ (X(1)). Since the market price of
risk is the same for all derivatives we may now take the expression for A obtained from (10.10) and insert this into the
pricing equation (10.8)—(10.9) for the function FX Now everything in this equation is well specified, so we can (in
principle) solve it, in order to obtain F Thus we see that the price FFof an arbitrary claim is indeed uniquely determined
by the price G of any exogenously specified benchmark claim.

We can obtain more information from the pricing equation by applying the Feynman—Kac representation. The Result
can be read off immediately and is as follows.

Proposition 10.3 (Risk neutral valuation) Assuming absence of arbitrage, the pricing function F(t,x) of the T-claim ® (X(1)) s
given by the formula

Fx) = e T8 (o (1)),

(10.11)

where the dynamics of X under the martingale measure Q are given by
dX () = {u(tX(0) — MLX())o(t.X (1)) }di + o (LX(D)dW (1).
Here W is a Q-Wiener process, and the subscripts tx indicate as usnal that X() = x.

Again we have an “explicit” risk neutral valuation formula for the pricing function. The arbitrage free price of the
claim is given as the discounted value of the mathematical expectation of the future claim. As before the expectation is,
however, not to be taken under the objective measure P, but under the martingale (“risk adjusted”) measure Q. Note
that there is a one-to-one correspondence between the martingale measure and the market price of risk. Thus,
choosing a particular A is equivalent to choosing a particular (). The characterization of ( is just the same as in
Proposition 9.3. The proof is left to the reader.

Proposition 10.4 The martingale measure Q is characterized by any of the following equivalent facts.

o The local mean rate of return of any derivative price process I1 (7) equals the short rate of interest, i.e. the I1 (3)-dynamics have the
Jollowing structural form under Q

dI1(t) = rTI(Hdt + oll(H (HAW

where W is a Q-Wiener process, and o,is the same under Q as under P.
o With I1 as above, the process I1 (0)/B(?) is a O-martingale, i.e. it has a zero drift term.
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As for the pricing equation above, we have to know A in order to compute the expected value in the risk neutral
valuation formula. Thus, in the present context, and in contrast to the Black—Scholes case, the martingale measure Q is
not (generically) determined within the model.

It is instructive to see how the standard Black—Scholes model can be interpreted within the present model. Let us
therefore assume, in contrast to our eatlier assumptions, that X is in fact the price of a stock in a Black—Scholes model.
This of course means that the P-dynamics of X are given by

dx = aGdt + oGdw

for some constants a and o. Thus, in terms of the notation in (10.1), u (£x) = x -« and o (x) = x - . Our project is
still that of finding the arbitrage free price for the claim ® (X(1)), and to this end we follow the arguments given
above, which of course are still valid, and try to find a suitable benchmark claim I'. In the present setting we can make
a particularly clever choice of I" (X(1)), and in fact we define the claim by

D(X(T)) = X(T).

This is the claim which at time T gives us exactly one share of the underlying stock, and the point is that the price
process G(#,X(9) for this claim is particularly simple. We have in fact G(£X(%)) = X(#), the reason being that the claim
can be trivially replicated using a buy-and-hold strategy which consists of one unit of the stock itself. Note that for this
argument to hold we use critically our new Assumption that X really is the price of a traded asset. Using the identity 4G
= dX we now trivially obtain the G-dynamics as

dG = o Xdt + o XdW.

Thus, in terms of our earlier discussion we have o, (£x) = « and o, (£x) = 6. We can now determine the market price
of risk as

XNz — T
ARy = =7 =0T

and the point to note is that, because of our tradability Assumption, A is now determined within the model. We now
go on to the pricing PDE, into which we substitute A given as above. The critical part, 4#, of the PDE now becomes

AP (%) = (p(x) — NEX)o(63)} Fo(ex) + 30 (10 Fos(£5)

= {o:x e 7 'ox}ﬁ'x | %xzozFﬁ
o

=rxF,+ %ngsz

so we end up (as expected) with the Black—Scholes equation
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Fi+ rxky + %xzo o — ¥ =0,

F(Tx) =%o(x),
and in the risk neutral valuation formula we will get the old Black—Scholes (O-dynamics

daX =rXdt + o XdW.

10.3 The Multidimensional Case

We will now go on to study pricing in a model with more than one non-priced underlying asset. The model is as
follows.

Assumption 10.3.1 The only objects which are a priori given are the following,
o An empirically observable k-dimensional stochastic process
X=(Xy... .Xp.
which Zs not assumed to be the price process of a traded asset, with P-dynamics given by

dX () = w(LX (D)t + 5,(tX (AT (D, i=1,. .. k

(10.12)
whereW = (W, ..., W)'is a standard n-dimensional P-Wiener process.
e A risk free asset (money account) with the dynamics
dB(1) = rB(n)dL.
(10.13)

The object is to find an arbitrage free price process for a T-claim ¥ of the form

Y =&(X(T)).

Drawing on our experiences from the previous two sections we expect the following;

¢ We cannot say anything precise about the price process of any particular contingent claim.

* Different claims will, however, have to satisfy certain internal consistency requirements in order to avoid
arbitrage on the derivative market.

*  More precisely, since we now have 7 sources of randomness we can (generically) specify the price processes of #
different “benchmark” claims. The price processes of all other claims will then be uniquely determined by the
prices of the benchmarks.
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As usual we assume that there is a liquid market for all contingent claims, and in order to use the ideas above we fix
exactly 7 claims Y,.... ¥, of the form

Yi=®,(eLX(T)),i=1,..., n
We furthermore assume that the price processes, [IT'(?),. . ., IT"(%)], for these claims exist, and that they are of the form
(D = F LX), i—1,..., n

Remark 10.3.1 Note that we use superscripts to distinguish between the various pricing functions. This is done in
order to allow us to use subscripts to denote partial derivatives.

These claims are our “benchmarks”, and we now study the claim
Y=2(X(T))
above, the price of which is assumed to have the form

I = F(L,X(D).

Using the same notational conventions as in Section 9.2, the price dynamics of the various derivatives are given by
dF —O«:FFdf‘i‘JFFdW.,
dF' = oF'di+ o F'dW, i=1,

1t

where

_ _ .
Fi+ Xh Flpj+ 2 (57 FL8)

oy =

>
i

i
(10.14)
_ ZiaFe
o ———————
FI
(10.15)
k 1 *
Fot 354 F iy 1 Str {8 Fyb)
Qi — j‘r ]
(10.16)
s
_ EJ—IFféi
I.‘TF— f‘f‘ .
(10.17)

We can now follow the reasoning of Section 9.2 word for word. To recapitulate, we form a self-financing portfolio
based on the price processes [B,E,F,. . . ,F’]. We then choose the weights so as to make the portfolio locally riskless,
and finally we try to “beat the bank” by forcing the portfolio to have a higher rate of return than the short rate .



146 INCOMPLETE MARKETS

The conclusion will once again be that, in order to have an arbitrage free market, the matrix
o) —Fr 0

iy r T

Qg —rF Oof
(10.18)
must be singular (recall that o, is a row vector). Assuming that the #» X 7 matrix

1

Tp

is invertible (with probability 1 for each 7) we thus deduce the existence of multiplier processes A, (£X(?),. . . , A (£,X(9)
such that

f
o —r— E Jrj'/\j'.,i—l.,...., 1,
J=1

and

QF —F— ZJFj/\j.
=1
(10.19)

Since the claim @ (X(1)) was chosen arbitrarily we see that the risk premium, o, — 7, of any asset can be written as a
linear combination of the volatility components, o,, of the asset, the important point being that the multipliers are the
same for all assets. The vector process A(%,X(?) is (see Sections 9.2 and 10.2) known as the market price (vector) of
tisk (cf. CAPM), and we see that the individual component A has the dimension “risk premium per unit of j-type
volatility”.

Using the notational conventions of Section 9.2, the A-vector is determined by the equation
a—rl,=0l,
Le.
A=0 a—1rl,].
(10.20)

This is precisely eqn (9.13), but in the present setting the volatility matrix o and the vector of returns o are no longer
given a priori, so A is not determined within the model. We can summarize this as follows.

* If the derivatives are traded in a no arbitrage market, then there will exist a market price of risk vector which is
the same for all assets.
e The market price of risk is not determined within the a priori specified model.
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* If we exogenously specify the prices of any # assets such that the corresponding volatility matrix process o is
nonsingular with probability 1 for all 7 then the market price of risk will be uniquely determined by this
specification and by eqn (10.20). Thus all derivatives will be priced in terms of the benchmark prices.

Note that we can choose the (smooth) benchmark pricing functions above in any way whatsoever, subject only to the
following conditions.

e The boundary conditions F(T}x) = @, (x),; = 1,. . ., n are satisfied.
¢ The volatility matrix o (%x) is invertible for all (£x).

The first Condition is obvious. The second is the mathematical formulation of the requirement that the family of
benchmark derivatives is rich enough to span the entire space of derivatives.

We can easily obtain a PDE for derivative pricing, by writing out eqn (10.19) in detail. Using (10.16)—(10.17) we obtain,
after some simplification, the following Result.

Proposition 10.5 (Pricing equation) it If the market is arbitrage free, then the arbitrage free price process I1 (% D) zs
gven by I (t, ©) = F(#,X(9), where F solves the boundary value problem

rf+ Sih ) + n{o‘ Fo8Y —rF -0,
I

F(Tx) =&(x),

where N, . . ., hare universal in the sense that they do not depend on the spectfic choice of derivative.
A standard application of the Feynman—Kac technique gives us a risk neutral valuation formula.

Proposition 10.6 (Risk neutral valuation) If the market is arbitrage free, then there exists a martingale measure Q, such that the
pricing function F in the proposition above can be represented as

(1) = e OB [o(x ()],
(10.21)
where the Q-dynaniics of the process X are given by
dX' = {p;— 6 \Ydi+ 6dW,i—1,. .., k
where N, . . ., \are universal.

We have the usual characterization of the martingale measure Q.

Proposition 10.7 The martingale measure Q has the following properties.
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1. Under Q every price process I1 (), be it underlying or derivative, has the risk neutral valuation property

—r(T—1)

1 =e £2 111 ().

2. Under Q every price processTI(L) , be it underlying or derivative, has the short rate of interest as its local rate of return, i.e. the Q-
dynamics are of the form

dI1(t) = rTI(Hdt + TI{(Hon(HdW ,

where the volatility vector o is the same under Q as under P.
3. Under Q every price process 11 (9), be it underlying or derivative, has the property that the normalized price process

I1(5)
B(1)

s a martingale, i.e. it has a vanishing drift coefficient.

Remark 10.3.2 The model formulation above also includes the case when some, or all, of the X-components, say

X, o ., X, are traded assets (e.g. exogenously given stock prices), whereas the remaining components (if any) are

nontraded state variables. As a special case we see that if 7 = £ = 7, then we are back in the case of a complete market
treated in Chapter 9.

10.4 A Stochastic Rate of Interest

In the theory derived above we have assumed a constant short rate of interest . Let us now assume that we have
exactly the same situation as in Section 10.3 with the following difference.

Assumption 10.4.1 The short rate of interest is assumed to be a deterministic function of the factors, i.e.
() =r(X(N).
(10.22)

Here we have used a slightly sloppy notation: the » on the left hand side denotes a stochastic process, whereas the r
appearing on the right hand side denotes a deterministic function. We have thus assumed that the factor vector X
completely determines the short rate, and as a special case we can of course have one of the factors equal to the short
rate itself.

For this model, we can now go through all our earlier arguments once again, and we will easily obtain the following
version of Proposition 10.5.

Proposition 10.8 (Pricing equation) The arbitrage free price process I1 (t; D) is given by 11 (#; @) = F(2,X(?)), where F solves
the boundary valne problem

Fg“rZ( ZOU)\ )F + 1‘:{5 Fné} —r(x)F -0,

F(Tx) =3(x),

where N, . . ., hare the same for all derivatives.
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Again a standard application of the Feynman—Kac¢ technique gives us a risk neutral valuation formula.
Proposition 10.9 (Risk neutral valuation) There exists a martingale measure Q, such that the pricing function F in the
proposition above can be represented as

T
F(tx) — Eg[ [e - X o (X(1)) |,

(10.23)

where the O-dynamics of the process X are given by
AdX' = {p— 6 X\Ydt+ 6dW,i—1,..., k,

and h,, . . ., hare the same for all derivatives.

10.5 Summing Up

We may now sum up our experiences from the preceding sections.
Result 10.5.1

* Inan arbitrage free market, regardless of whether the market is complete or incomplete, there will exist a market
price of risk process, A(#), which is common to all assets in the market. More precisely, let IT (/) be any price
process in the market, with P-dynamics

ani(n =1 (Hog(Hde + (D ex(HAT(1).
Then the following holds, for all t, and P-a.s.

arq() —r=on(HA).

* Ina complete market the price of any derivative will be uniquely determined by the requirement of absence of
arbitrage. In hedging terms this means that the price is unique because the derivative can equally well be
replaced by its replicating portfolio. Phrased in terms of pricing PDEs and risk neutral valuation formulas, the
price is unique because a complete market has the property that the martingale measure Q, or equivalently the
market price of risk A, is uniquely determined within the model.

* Inan incomplete market the requirement of no arbitrage is no longer sufficient to determine a unique price for
the derivative. We have several possible martingale measures, and several market prices of risk. The reason that
there are several possible martingale measures simply means that there are several different price systems for the
derivatives, all of which are consistent with absence of arbitrage.

Schematically speaking the price of a derivative is thus determined by two major factors.
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¢ We require that the derivative should be priced in such a way so as to not introduce arbitrage possibilities into
the market. This requirement is reflected by the fact that all derivatives must be priced by formula (10.11) where
the same Q) is used for all derivatives, or equivalently by the pricing PDE (10.8)—(10.9), where the same X is used
for all derivatives.

* Inanincomplete market the price is also partly determined, in a nontrivial way, by aggregate supply and demand
on the market. Supply and demand for a specific derivative are in turn determined by the aggregate risk aversion
on the market, as well as by liquidity considerations and other factors. All these aspects are aggregated into the
particular martingale measure used by the market.

When dealing with derivative pricing in an incomplete market we thus have to fix a specific martingale measure 0, or
equivalently a A, and the question arises as to how this is to be done.

Question:

Who chooses the martingale measure?

From the discussions above the answer should by now be fairly clear.

Answer:

The market!

The main implication of this message is that, within our framework, it is not the job of the theorist to determine the
“correct” market price of risk. The market price of risk is determined on the market, by the agents in the market, and
in particular this means that if we assume a particular structure of the market price of risk, then we have implicitly
made an Assumption about the preferences on the market. To take a simple example, suppose that in our
computations we assume that A = 0. This means in fact that we have assumed that the market is risk neutral (why?).

From this it immediately follows that if we have a concrete model, and we want to obtain information about the
prevailing market price of risk, then we must go to the concrete market and get that information using empirical
methods. It would of course be nice if we were able to go to the market and ask the question “What is today's market
price of risk?”, or alternatively “Which martingale measure are you using?”, but for obvious reasons this cannot be
done in real life. The information that can be obtained from the market is price data, so a natural Idea is to obtain
implicit information about the market price of risk using the existing prices on the market. This method, sometimes
called “calibrating the model to market data”, “backing out the parameters”, or “computing the implied parameter
values”, can schematically be described as follows.



SUMMING UP 151

Let us take a concrete model as given, say the one defined by eqn (10.1). We assume that we know the exact form of p
and o. Our problem is that of pricing a fixed claim @ (X(T)), and in order to do this we need to know the market price
of risk A (£x), and we have to consider two possible scenarios for the derivative market, which we are trying to model.

The first case occurs if there is no existing market for any derivative product with X as its underlying object, i.e. no
weather insurance contracts for Brighton are traded. Then we are stuck. Since the market price of risk is determined by
the market, then if there is no market, there is no market price of risk.

The second case occurs if some contracts are already traded. Let us thus assume that there exists a market for the
claims @, (X(1)), = 1,. .., n. Let us furthermore assume that we want to choose our market price of risk from a
parameterized family of functions, i.e. we assume a priori that A is of the form

A= AoLx, 8), {J‘ERL’.

We have thus a priori specified the functional form of A but we do not know which parameter vector 8 we should use.
We then carry out the following scheme. We are standing at time 7 = 0.

¢ Compute the theoretical pricing functions F (#,x) for the claims @, ---, @ . This is done by solving the pricing
PDE for each contract, and the Result will of course depend on the parameter B, so the pricing functions will be
of the form

Fl=Fux.8),i—1,..., n

* In particular, by observing today's value of the underlying process, say X(0) = x,, we can compute today's
theoretical prices of the contracts as

IT'(0;, 8) = F'(0.xq; 8).

¢ We now go to the concrete market and observe the actually traded prices for the contracts, thus obtaining the
observed prices

'’ (0),

where the superscript * indicates an observed value.
¢ We now choose the “implied” parameter vector §° in such a way that the theoretical prices are “as close as
possible” to the observed prices, i.e. such that

M (0) =0 87), i~ 1., n
One way, out of many, of formalizing this step is to determine 3" by solving the least squares minimization

problem

. ico- @) — g*..qg}
min [ Y (1, ) - 1" ©0))?]

GeR i—1
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In the theory of interest rates, this procedure is widely used under the name of “the inversion of the yield curve” and in
that context we will study it in some detail.

As we have repeatedly stressed, the problem of determining the market price of risk is not a theoretical one, but an
empirical one. It should, however, be pointed out that the truth of this statement depends on our particular
framework, where we have not specified individual preferences at all. An alternative framework is that of a general
equilibrium model, where we have specified the utility functions of a number of individuals, and the production
functions of a number of firms. In such a model all prices, derivative or underlying, as well as the market price of risk,
will be determined endogenously within the model, so we no longer have to go to the market to find . The price we
have to pay for a general equilibrium approach is that we must then specify the individual preferences, which in turn is
essentially equivalent to a specification of the market price of risk.

10.6 Exercises

Exercise 10.1 Consider a claim @ (X(1)) with pricing function F(#x). Prove Proposition 10.4, i.e. prove that /F under
QO has the form

dF = rFdi+ {..}dw,

where W is a O-Wiener process.
Hint: Use It6's formula on F, using the O-dynamics of X. Then use the fact that I satisfies the pricing PDE.

Exercise 10.2 Convince yourself, either in the scalar or in the multidimensional case, that the market price of risk
process A really is of the form

A= NLX (D).
Exercise 10.3 Prove Proposition 10.7.

Exercise 10.4 Consider the scalar model in Section 10.2 and a fixed claim I' (X(1)). Take as given a pricing function
G(t,x), for this claim, satisfying the boundary Condition G(T,x)=I" (x), and assume that the corresponding volatility
function o, (%) is nonzero. We now expect the market [B,G| to be complete. Show that this is indeed the case, 1.e.
show that every simple claim of the form @ (X(T)) can be replicated by a portfolio based on B and G.

Exercise 10.5 Consider the multidimensional model in Section 10.3 and a fixed family of claims @, (X(1)),:=1,. ..,
n. Take as given a family of pricing functions F/(x), 7 = 1,. . . ,n, for these claims, satisfying the boundary Condition
F(T,x) = ®(x),7=1,. .. ,n,and assume that the corresponding volatility matrix o(%x) is nonzero. Show that the market
[B,F,. .. ,["] is complete, i.e. show that every simple claim of the form @ (X(1)) can be replicated by a portfolio based
on [B,F,. .. F].

Exercise 10.6 Prove the propositions in Section 10.4.
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11 Dividends

The object of the present chapter is to study pricing problems for contingent claims which are written on dividend
paying underlying assets. In real life the vast majority of all traded options are written on stocks having at least one
dividend left before the date of expiration of the option. Thus the study of dividends is important from a practical
point of view. Furthermore, it turns out that the theory developed in this chapter will be of use in the study of currency
derivatives and we will also need it in connection with futures contracts.

11.1 Discrete Dividends

11.1.1 Price Dynamics and Dividend Structure

We consider an underlying asset (“the stock”) with price process S, over a fixed time interval [0,7]. We take as given a
number of deterministic points in time, T, ..., T, where

n
0<T, <Ty_1<..<Ty<T<T.

The interpretation is that at these points in time dividends are paid out to the holder of the stock. We now go on to
construct a model for the stock price process as well as for the dividend structure, and we assume that, under the
objective probability measure P, the stock price has the following dynamics, between dividends .

ds = aSdt + oSdw .

(11.1)

To be quite precise we assume that the S-process satisfies the SDE above on each half open interval of the form [T,
T),:=1,..,n— 1, as well as on the intervals [0,T) and [T,,T].

The first conceptual issue that we have to deal with concerns the interpretation of §, as “the price of the stock at time
#’, and the problem to be handled is the following: do we regard § as the price immediately after , or immediately
before , the payment of a dividend? From a logical point of view we can choose any interpretation—nothing is
affected in real terms, but our choice of interpretation will affect the notation below. We will in fact choose the first
interpretation, i.e. we view the stock price as the price ex dividend . If we think of the model on an infinitesimal time
scale we have the interpretation that, if #is a dividend point, dividends are paid out, not at the time point # but rather at
t — dt or, if you will, at 7—.

Next we go on to model the size of the dividends.
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Assumption 11.1.1 We assume as given a deterministic continuons function 8 |4

UR—R

The dividend 8, at a dividend time 1, is assumed to have the form
6=06[S,_1.

Note that the assumption above guarantees that the size of the dividend 8 at a dividend time #is already determined at
.

Our next problem concerns the behavior of the stock price at a dividend point # and an easy arbitrage argument (see
the exercises) gives us the following result.

Proposition 11.1 (Jump condition) Iz order to avoid arbitrage possibilities the following jump condition must hold at every dividend
point t:

SI=S3_ - 5[3;_]

(11.2)

The stock price structure can now be summarized as follows.

¢ Between dividend points the stock price process satisfies the SDE

ds = aSdt + oSdw .

* Immediately before a dividend time 7 i.e. at # — = 7 — df, we observe the stock price S, .
e Given the stock price above, the size of the dividend is determined as & [S].

*  “Between” # — df and 7 the dividend is paid out.

e At time 7 the stock price has a jump, determined by

SI=SI— - 5[3;_]

11.1.2 Pricing Contingent Claims
As usual we consider a fixed contingent T-claim of the form
x=®(S7),

where @ is some given deterministic function, and our immediate problem is to find the arbitrage free price process
[I(£ x) for the claim y. We will solve this problem by a recursive procedure where, starting at T and then working
backwards in time, we will compute TI(% x) for each intra-dividend interval separately.

T </<T

We start by computing I1(% x) for # € [T, T]. Since our interpretation of the stock price is ex dividend, this means
that we are actually facing
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a problem without dividends over this interval. Thus, for T| < # < T, we have ITI(£ x) = F(£S;) where " solves the
usual Black—Scholes equation

OF 8F 12 208%F

rs £ rF =0
o1 oy 207 g ?

F(I.s) —&(s).

In particular, the pricing function at 7| is given by F(T,,s).
T, <:<T;

Now we go on to compute the price of the claim for T, < # < T|. We start by computing the pricing function F at
the time immediately before T}, i.e. at # = T,—. Suppose therefore that we are holding one unit of the contingent
claim, and let us assume that the price at time T,— is S7, = . This is the price cum dividend, and in the next
infinitesimal interval the following will happen.

e The dividend & [s] will be paid out to the shareholders.

e At time T, the stock price will have dropped to s — & [4].

¢ We are now standing at time T, holding a contract which is worth F (T, s — & [s]). The value of FFat T, has,
however, already been computed in the previous step, so we have the jump condition

F(Ty — ) = F(Tys = 6[sD).
(11.3)

It now remains to compute F for T, < # < T, but this turns out to be quite easy. We are holding a contingent
claim on an underlying asset which over the interval [T,, T)) is not paying dividends. Thus the standard
Black—Scholes argument applies, which means that F has to solve the usual Black—Scholes equation

OF | OF 1220 _

+ 15—+ =
ar oy T287 T2

rF=0,
over this interval. The boundary value is now given by the jump condition (11.3) above. Another way of putting
this is to say that, over the half open interval [T,, T)), we have F(#s) = F'(#s) where I solves the following boundary
value problem over the closed interval [T, T)].

or! oF' 122 0°F! 1

I rs =t - r =0,
ot s 2* 7 a5t

FUIs) = F(Tps—6[s]).
Thus we have determined F on [T, T)).
T, <t<T;
Now the story repeats itself. At T, we will again have the jump condition
F(Ty — ) = F(Tys — O[s]),
and over the half open interval [T}, T)) F has to satisfy the Black—Scholes equation.
We may summarize our results as follows.

Proposition 11.2 (Pricing equation) The pricing function F(t,s) is determined by the following recursive procedure.
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*  On the interval [T, 1| F solves the boundary value problem

oF L OF 12 20F

rs £ rF =0
a1 Os 2' 7 o5 ’

F(I.s) —&(s).

o At each dividend point T, F has to satisfy the jump condition (1.4

F(T; — &) = F(Tws — O[s]).
(11.5)

o On every half open interval of the form [T, 1), i =12,...n— 1, as well as on the interval [0,T), I solves the Black—Scholes

equation

2
OF + rs—aF + lszaz—a ‘Z —rF=0.

ot s 2 s
Another way of formulating this result in order to stress the recursive nature of the procedure is as follows. (11.6)
Proposition 11.3
*  On the interval [T, 1| we have F(t,5) = F'(t,5), where F'solves the boundary value problem
0 0 250
or I rs oF I ,llrznr2 6 F rF° =0,
ot Os 2 a5t
#Urs) = els).
(11.7)

*  On each half open interval [T,

+12

T) we have F(#,5) = F(t,5) for i = 1,2,. . ., where I, over the closed interval [T, T}, solves the
boundary value problem

OF' OF 1228 F i
- rS— I =8 - rF =0,
& ds 2 o2

Fi(Tw) =F “Tws—6ls])

(11.8)

Throughout the entire section we have assumed the standard Black—Scholes price dynamics (11.1) between dividends.
It is easy to see that we also have the following more general result.

Proposition 11.4 Assume that the stock price dynamics between dividends are of the form

dS; = Suou(1.8)dt + S,0(1.8,)dW ..

Assume furthermore that the dividend structure as before is given by (11.9)

6=06[8_].

Then the results of Propositions 11.2 and 11.3 still hold, provided that the constant o is replaced by the function o (1,5) in the PDEs.
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We now turn to the possibility of obtaining a probabilistic “risk neutral valuation” formula for the contingent claim
above, and as in the PDE approach this is done in a recursive manner.

For T, < # < T the situation is simple. Since we have no dividend points left we may use the old risk neutral valuation
formula to obtain

IR HCIENE

#ots) =e
(11.10)
Here the Q-dynamics of the stock price are given by
dS = rSdt + oSdW

and we have used the notation I to emphasize that in this interval there are zero dividend points left. Note that the (-
dynamics of § above are only defined for the interval [T, T].

For T, < # < T the situation is slightly more complicated. From Proposition 11.3 we know that the pricing function,
which on this interval is denoted by I, solves the PDE
ar! oF' 12 20%°F! 1

I ry ¥ - 5
a1 O 2 a5t

FHILs) = FO(Ts — 615

We may now apply the Feynman—Kac¢ Theorem 4.6 to obtain the stochastic representation

F(ts) = e "N [Fo(TuXy, 81X 7, ])]
(11.11)
where the process X, which at this point only acts as a computational dummy, is defined by
dX = rXdt+ o XdW.
(11.12)

Notice that the dummy process X is defined by (11.12) over the entire closed interval [T}, T|] (whereas the pricing
function F' is the relevant pricing function only over the half open interval [T, T})). This implies that X has continuous
trajectories over the closed interval [T, T}], so in particular we see that ;- =7, We may thus rewrite (11.11) as

i = e M08 FO(Ty X, 61X, D]

(11.13)
still with the X-dynamics (11.12) on the closed interval [T, T)].

Let us now define the {-dynamics for § over the closed interval [T, T}] by writing
dS = rSdt + oSdW
for the half open interval [T, T)) and adding the jump condition

S‘Tl :S‘Tl_ ﬁ[S’Tl_]-
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In this notation we can now write (11.13) as

F 1) = e T OB (#0180 )1,

and, plugging in our old expression for I, we obtain

~r(Ty —ﬂE

Flts)=e g[e"”‘mfg

T1.5(T1) [4)(5?)] ] }

Taking the discount factor out of the expectation, and using standard rules for iterated condition al expectations, this
formula can be reduced to

—r(T—t)EQ

Flts)=e s [20SD].

We may now iterate this procedure for each intra-dividend interval to obtain the following risk neutral valuation result,
which we formulate in its more general version.

Proposition 11.5 (Risk neutral valuation) Consider a T-claim of the form D (S.) as above. Assume that the price dynamics
between dividends are given by

ds; = a(t,S)S; dt + o(1.8)S; dW,
and that the dividend size at a dividend point t is given by
6=26[S:_1].
Then the arbitrage free pricing function F(t,s) has the representation

Fts) = e "TEL [0(sp)],

where the Q-dynamics of S between dividends are given by

(11.14)
dSz = fSr dt + J(I,Sz)S: dW.,
with the jump condition (11.15)
Sp=8r_ — 0[S ]
at each dividend point, i.e. att =T, T,. .., T. (11.16)
We end this section by specializing to the case when we have the standard Black—Scholes dynamics
ds = oSdt + oSAW
between dividends, and the dividend structure has the particularly simple form (11.17)
§[s] = 56,
(11.18)

where 6 on the right hand side denotes a positive constant.

As usual we consider the T-claim @ (§,) and, in order to emphasize the role of the parameter 5, we let F,(#s5) denote the
pricing function for the claim ®. In particular we observe that F, is our standard pricing function for @ in a model
with no dividends at all. Using the risk neutral valuation formula above, it is not hard to prove the following result.
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Proposition 11.6 Assume that the P-dynamics of the stock price and the divi-dend structure are given by (11.17)—(11.18). Then the
Jfollowing relation holds.

Fo(15) = Fo(t.(1 = 8"+ 9,
(11.19)
where n is the number of dividend points in the interval (1,T].
Proof See the exercises.

The point of this result is of course that in the simple setting of (11.17)—(11.18) we may use our “old” formulas for no
dividend models in order to price contingent claims in the presence of dividends. In particular we may use the standard
Black—Scholes formula for European call options in order to price call options on a dividend paying stock. Note,
however, that in order to obtain these nice results we must assume both (11.17) and (11.18).

11.2 Continuous Dividends

In this section we consider the case when dividends are paid out continuously in time. As usual S, denotes the price of
the stock at time # and by D(#) we denote the cumulative dividends over the interval [0,4. Put in differential form this
means that over the infinitesimal interval (77 + 47 the holder of the stock receives the amount dD(%) = D(¢ + df) — D(?).

11.2.1 Continuous Dividend Yield

We start by analyzing the simplest case of continuous dividends, which is when we have a continuous dividend
yield .

Assumption 11.2.1 The price dynamics, under the objective probability measure, are given by
dSy =S¢+ oSy dt+ S+ o(S,) dW,.
(11.20)
The dividend structure is assumed to be of the form
dD(f) = S, 6[S,] dt,
(11.21)
where & is a continnous deterministic function.

The most common special case is of course when the functions a and o above are deterministic constants, and when
the function 8 is a deterministic constant. We note that, since we have no discrete dividends, we do not have to worry
about the interpretation of the stock price as being ex dividend or cum dividend.

The problem to be solved is again that of determining the arbitrage free price for a T-claim of the form ® (§.). This
turns out to be quite easy, and we can in fact follow the strategy of Chapter 6. More precisely we recall the following
scheme.

1. Assume that the pricing function is of the form F(zS).
2. Consider «, o, @, F & and r as exogenously given.
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3. Use the general results from Section 5.2 to describe the dynamics of the value of a hypothetical self-financed
portfolio based on the derivative instrument and the underlying stock.

4. Form a self-financed portfolio whose value process " has a stochastic differential without any driving Wiener
process, i.e. it is of the form

dV () =V{(DHk(H) di.

5. Since we have assumed absence of arbitrage we must have &£ = .

6. The condition £ = rwill in fact have the form of a partial differential equation with " as the unknown function.
In order for the market to be efficient F must thus solve this PDE.

7. The equation has a unique solution, thus giving us the unique pricing formula for the derivative, which is
consistent with absence of arbitrage.

We now carry out this scheme and, since the calculations are very close to those in Chapter 6, we will be rather brief.

Denoting the relative weights of the portfolio invested in the stock and in the derivative by #, and #, respectively we
obtain (see Section 5.3) the value process dynamics as

dG daF
av =17 - {1&'3 SS Uy F },

where the gain differential 4G, for the stock is given by
dGs = dS + dD,
Le.
dGs = S(a + §)dt + oSdW .
From the It6 formula we have the usual expression for the derivative dynamics
dF = apFdt + ogFdW,

where

1) oar LOF 1 2.2 8'F
oF F{mJ”’“Saerz"b 8;}’

Collecting terms in the value equation gives us
av =V {us(a+ 6) + upagldt + V- {usc + upop} dW,

and we now determine the portfolio weights in order to obtain a value process without a driving Wiener process, 1.e.
we define #, and #, as the solution to the system

HSO'+IJFJF=0,
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s +ur=1
This system has the solution
s — 7E
Or — 0
—
Up = s
OgF — 0

and leaves us with the value dynamics
dV =7~ {Hs(Dt + 6) + IJFCEF} dt.

Absence of arbitrage now implies that we must have the equation

HS(Oc + 5) + Ui =T,

with probability 1, for all z and, substituting the expressions for #, #, «, and o, into this equation, we get the equation

OF o OF lzzé‘zF_ _
— + (r §>SBS+QJS 92 rF=0.

ot
The boundary value is obvious, so we have the following result.
Proposition 11.7 The pricing function F(t,s) of the claim O (S) solves the boundary value problem

OF OF 1 22 0°F B
o1 b (r 5)3W boos 0. Fo=0

E

F(T.s5) — ().

Applying the Feynman—Kac representation theorem immediately gives us a risk neutral valuation formula (11.22)
Proposition 11.8 (Pricing equation) The pricing function has the representation
Fts) = e "TEL [0(sp)],
where the Q-dynamics of S are given by (11.23)
dS, = (r — 6[S:1)Sdt + o(S)SAWs.
(11.24)

In contrast with the case of discrete dividends we see that the appropriate martingale measure in the dividend case

differs from that of the no dividend case. It is left as an exercise to prove the following result.

Proposition 11.9 (Risk neutral valuation) Under the martingale measure Q, the normalized gain process

-+
G“(H=e S(1) + / e "dD(T)
0

s a Q-martingale.
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Note that this property is quite reasonable from an economic point of view: in a risk neutral world today's stock price
should be the expected value of all future discounted earnings which arise from holding the stock. In other words, we
expect that

S(0) = E¥

i
/ e 7dD(7) + e S(D) |,
J0

and in the exercises the reader is invited to prove this “cost of carry” formula. (11.25)

As in the discrete case it is natural to analyze the pricing formulas for the special case when we have the standard
Black—Scholes dynamics

ds = «Sdt + oSdw

(11.26)

where a and o are constants. We also assume that the dividend function 8 is a deterministic constant. This implies that
the martingale dynamics are given by

dS = (r — 6)Sdt + oSdW,

(11.27)

Le. S is geometric Brownian motion also under the risk adjusted probabilities. Again we denote the pricing function by
F, in order to highlight the dependence upon the parameter 6. It is now easy to prove the following result, which
shows how to price derivatives for a dividend paying stock in terms of pricing functions for a nondividend case.

Proposition 11.10 Assume that the functions 6 and & are constant. Then, with notation as above, we have
Fo(ts) = Fo(tuse ™79y,
(11.28)
11.2.2 The General Case

We now consider a more general dividend structure, which we will need when dealing with futures contracts in
Chapter 20 below.

Assumption 11.2.2 The price dynamics, under the objective probability measure, are given by

dS; =S a(S)dt + S, o (S)dW .

The dividend structure is assumed to be of the form (11.29)

dD(1) = 8;+ 6[S;dt + Sy [S:1dW .,

where & and vy are continuous deterministic functions. (11.30)

We again consider the pricing problem for a contingent T-claim of the form
x=®(S7),

and the only difference from the continuous yield case is that now we have to assume that the pricing function for the
claim is a function of D as well as $. We thus assume a claim price process of the form

(4 x) = F(45:Dp)s

and then we carry out the standard program 1-7 of the previous section.
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After a large number of simple, but messy and extremely boring, calculations which (needless to say) are left as an
exercise, we end up with the following result.

Proposition 11.11 (Pricing equation) The pricing function F(t,5,D) for the claimx = ®(St) solves the boundary value problem

OF B
o TAF —rF =0,

F(Ts.D) =%(s),

(11.31)
where
_foytor—6c ) OF bo + 9 —qo |\ GF
AF _( o+ )6 8$+[ o+ )JSD
1 212 &°F 1_2282}? 2 8*F
+21:rs Py +2,vs 7 tow 2¢0D

Using the Feynman—Kac technique we have the following risk neutral valuation result.

Proposition 11.12 (Risk neutral valuation) The pricing function has the representation
FitsD) = e "TTES [a(sp)],

where the Q-dynamics of S and D are given by

ds, — SE(M)& + SedW,,
o+ -y

dp, — Si(w)m + SpdW .
T by

Remark 11.2.1 In the expressions of the propositions above we have suppressed §, and s in the functions «, o, 8, Y.
The role of the martingale measure is the same as in the previous section.
Proposition 11.13 The martingale measure Q is characteriged by the following facts

o There exists a market price of risk process k such that the Q-dynamics are in the form

ds =S(a Xo)dt | SedW,
dD  — 86— My)dt + SydW.

»  The normalized gains process G, defined by

t
= 5t L
Zi=3+ /0 5-4D(7),

s a Q-martingale.
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This result has extensions to multidimensional factor models. We will not go into details, but are content with stating
the main result.

Proposition 11.14 Consider a general factor model of the form in Sections10.3—10.4. If the market is free of arbitrage, then there will
exist universal market price of risk processes h = (N, . . ., N) such that

*  For any T-claim  the pricing function F has the representation
F(tx) = EZ [e (Trx @ (X (T) )]
(11.32)

o The Q-dynamics of the factor processes X', . . ., Xtare of the form

dX'= {p— 6\ dt+ 6dW, i—1,. . k.

o For any price process S (underlying or derivative) with dividend process D, the normalized gains process

is a Q-martingale.

11.3 Exercises

Exercise 11.1 Prove Proposition 11.1.

Exercise 11.2 Prove the cost of carry formula (11.25).

Exercise 11.3 Derive a cost-of-carry formula for the case of discrete dividends.
Exercise 11.4 Prove Proposition 11.9.

Exercise 11.5 Prove Proposition 11.10.

Exercise 11.6 Consider the Black—Scholes model with a constant continuous dividend yield 8. Prove the following
put—call parity relation, where ¢, (p,) denotes the price of a European call (put).

p6=c6—se 70 4 ke T,
Exercise 11.7 Consider the Black—Scholes model with a constant discrete dividend, as in eqns (11.17)—(11.18). Derive
the relevant put—call parity for this case, given that there are # remaining dividend points.

Exercise 11.8 Consider the Black—Scholes model with a constant continuous dividend yield 8. The object of this
exercise is to show that this model is complete. Take therefore as given a contingent claim y = ®(S(7)). Show that this
claim
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can be replicated by a self-financing portfolio based on B and §, and that the portfolios weights are given by

F(ts) sFy(Ls)

By —

i (ta“!') - 1"(f,s:) s
s _ SF(1s)

u”(t.s) Fits)

where I is the solution of the pricing eqn (11.8).
Hint: Copy the reasoning from Chapter 7, while using the self-financing dynamics given in Section 5.3.

Exercise 11.9 Consider the Black—Scholes model with a constant continuous dividend yield 8. Use the result from the
previous exercise in order to compute explicitly the replicating portfolio for the claim ® (§5(1)) = S(1).

Exercise 11.10 Check that, when y = 0 in Section 11.2.2, all results degenerate into those of Section 11.2.1.

Exercise 11.11 Prove Propositions 11.11-11.13.



12 Currency Derivatives

In this chapter we will study a model which incorporates not only the usual domestic equity market, but also a market
for the exchange rate between the domestic currency and a fixed foreign currency, as well as a foreign equity market.
Financial derivatives defined in such situations are commonly known as quanto products . We will start by studying
derivatives written directly on the exchange rate X, and then go on to study how to price (in the domestic currency)
contracts written on foreign equity.

12.1 Pure Currency Contracts

Consider a situation where we have two currencies: the domestic currency (say pounds sterling), and the foreign
currency (say US dollars). The spot exchange rate at time # is denoted by X(?), and by definition it is quoted as

units of the domestic currency
unit of the foreign currency

L.e. in our example it is quoted as pounds per dollar. We assume that the domestic short rate 7, as well as the foreign
short rate 7, are deterministic constants, and we denote the cotresponding riskless asset prices by B, and B, respectively.
Furthermore we assume that the exchange rate is modelled by geometric Brownian motion. We can summarize this as
follows. Assumption 12.1.1 We take as given the following dynamics (under the objective probability measure P)

dX = Xouydt + Xo ydW,

(12.1)
dBy = ryBadt,

(12.2)
dBy=rgB pdt,

(12.3)

where o, G are deterministic constants, andWis a scalar Wiener process.
Our problem is that of pricing a currency derivative, i.e. a T-claim 2 of the form
Z=2(X(T)),

where @ is some given deterministic function. To take a concrete and important example, we can consider the case
when Z = max [X(T) — K,0], i.e. we have a
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European call which gives the owner the option to buy one unit of the foreign currency at the price K (in the domestic
currency).

At first glance it may perhaps seem that the problem of pricing the call option above is solved by use of the standard
Black—Scholes formula, where we use domestic rate 7, as the short rate of interest, and the stock price S is replaced by
the exchange rate X. It is, however, important to understand that this line of argument is incorrect, and the reason is as
follows. When we buy a stock (without dividends), this means that we buy a piece of paper, which we keep until we sell
it. When we buy a foreign currency (say US dollars) we will, on the contrary, not just keep the physical dollar bills until
we sell them again. Instead we will typically put the dollars into an account where they will grow at a certain rate of
interest. The obvious implication of this fact is that a foreign currency plays very much the same role as a domestic
stock with a continuous dividend , and we will show below that this is indeed the case. First we formalize the
institutional assumptions.

Assumption 12.1.2 A// markets are frictionless and liguid. Al holdings of the foreign currency are invested in the foreign riskless asset,
z.e. they will evolve according to the dynamics

chf = !‘focf!,
Remark 12.1.1 Interpreted literally this means that, for example, US dollars are invested in a US bank. In reality this

does not have to be the case—US dollars bought in Europe will typically be placed in a European so called Eurodollar
account where they will command the Eurodollar rate of interest.

Applying the standard theory of derivatives to the present situation we have the usual risk neutral valuation formula
11(5,2) = e T2 [0 (X (1)1,

and our only problem is to figure out what the martingale measure ) looks like. To do this we use the result from
Proposition 9.3, that 0 is characterized by the property that every domestic asset has the short rate 7, as its local rate
of return under Q. In order to use this characterization we have to translate the possibility of investing in the foreign
riskless asset into domestic terms. Since B(7) units of the foreign currency are worth B(7) - X(7) in the domestic currency
we immediately have the following result.

Lemma 12.1 The possibility of buying the foreign currency, and investing it at the foreign short rate of interest, is equivalent to the
possibility of investing in a domestic asset with price processy , where

Bo(1) = B,(5) - X(D).

The dynamics o) g are given by

dBy=B(ay + rp)dt + Byo ydl¥.
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Summing up we see that our currency model is equivalent to a model of a domestic market consisting of the assets B,
and p . It now follows directly from the general results that the martingale measure Q has the property that the O-
dynamics of p are given by

d;éf: ?'d:éfdl-i-:éf()'_,q—dw,

(12.4)

where IWis a (-Wiener process. Since by definition we have
B
X(1) = Bfgr) :

(12.5)

we can use 1to's formula, (12.2) and (12.4) to obtain the Q-dynamics of X as
dX = X(ry — ry)dt + Xo ydW.
(12.6)

The basic pricing result follows immediately.

Proposition 12.2 (Pricing formulas) The arbitrage free price I1 (D) for the 1-claimZ = &(X(T)) is given by 1T (DP)=F(z,
X(2)), where

Ftx) = e T8 o (X (1)),

(12.7)
and where the Q-dynamics of X are given by
dX = X(ry — !‘f)df + Xo ydW.
(12.8)
Alternatively (2, x) can be obtained as the solution to the boundary value problem
OF OF 122 8°F
a1 I x(ry r;—)a | X0y ox raF =0,
F(T'x) —&(x).
(12.9)

Proof The risk neutral valuation formula (12.7)—(12.8) follows from the standard risk neutral valuation formula and
(12.6). The PDE result then follows via Feynman—Kac.

Comparing (12.8) to (11.27) we see that our original guess was correct: a foreign currency is to be treated exactly as a
stock with a continuous dividend. We may thus draw upon the results from Section 11.2 (see Proposition 11.10), which
allows us to use pricing formulas for stock prices (without dividends) to price currency derivatives.

Proposition 12.3 (Option pricing formula) Lez F, (2, x) be the pricing function for the claimZ = (X (T)) , in a world where we
interpret X as the price of an ordinary stock without dividends. 1et F(t, x) be the pricing function of
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the same claim when X is interpreted as an exchange rate. Then the following relation holds
P (1) = Fo(txe /770,

In particular, the price of the European call, Z = max [X(T) — K,0], on the foreign currency, is given by the modified Black—Scholes
Sformula

Fitx) —xe VION[d)] — e RN [dy],

where (12.10)
1

dy(1x) = T\/:{In(%) | [rd o %aﬁ,)(r f)},
dy(tx) —oxp|T 1

12.2 Domestic and Foreign Equity Markets

In this section we will model a market which, apart from the objects of the previous section, also includes a domestic
equity with (domestic) price S, and a foreign equity with (foreign) price S, The restriction to a single domestic and
foreign equity is made for notational convenience, and in most practical cases it is also sufficient.

dy(1X)

We model the equity dynamics as geometric Brownian motion, and since we now have three risky assets we use a
three-dimensional Wiener process in order to obtain a complete market.

Assumption 12.2.1 The dynamic model of the entire economy, under the objective measure P, is as follows.

dX = Xouydt + Xo ydW,

dasSy; = Sdo:ddr+SdaddH_’, (1211)

ASy =S poupdt | S‘J,-Jj-le_", (12.12)

dBy = ryBadt, (1213)

chf = !‘focf!, (1214)

where (12.15)
7\
M_f = W?
w

3
is a three-dimensional Wiener process (as usual with independent components). Furthermore, the (3% 3)-dimensional matrix o, given by

Tx Tx1 Ox29x3
o= | Tg | — | Td1 FTd2 T43 |,

of R IS v

is assumed to be invertible.
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Remark 12.2.1 The reason for the assumption about o is that this is the necessary and sufficient condition for
completeness. See Proposition 12.4 below.

Remark 12.2.2 It is also possible, and in many situations convenient, to model the market using three scalar correlated
Wiener processes (one for each asset). See Remark 12.2.4 below.

Typical T-contracts which we may wish to price (in terms of the domestic currency) are given by the following list.

* A foreign equity call, struck in foreign currency , i.e. an option to buy one unit of the foreign equity at the
strike price of K units of the foreign currency. The value of this claim at the date of expiration is, expressed in the
foreign currency, given by

7/ = max [S(T)  K.0].

(12.16)

Expressed in terms of the domestic currency the value of the claim at T is
7% = X(T) - max [Sp(T)  K,0].
(12.17)

* A foreign equity call, struck in domestic currency , i.e. a European option to buy one unit of the foreign
equity at time T} by paying K units of the domestic currency. Expressed in domestic terms this claim is given by

7% = max [X(T) - S;(T)  K,0].
(12.18)

* An exchange option which gives us the right to exchange one unit of the domestic equity for one unit of the
foreign equity. The corresponding claim, expressed in terms of the domestic currency, is

7% = max [X(T) - S(T)  S4(T).0].

(12.19)

More generally we will study pricing problems for T-claims of the form
Z=0(X(T),854(D)Sp(T)),
(12.20)

where 2 is measured in the domestic currency. From the general theory of Chapter 9 we know that the pricing
function F(# x, s, s) is given by the risk neutral valuation formula

0
Fltxsgsp)=e "0 PEC (D)),

so we only have to find the correct risk adjusted measure . We follow the technique of the previous section and
transform all foreign traded assets into domestic terms. The foreign bank account has already been taken care of, and
itis obvious that one unit of the foreign stock, worth § (7 in the foreign currency, is worth X(7) - §(7) in domestic terms.

We thus have the following equivalent domestic model, where the asset dynamics follow from the It6 formula.
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Proposition 12.4 The original market (12.11)—~(12.15) is equivalent to a market consisting of the price processes S, s, p » B, where

By(1) =X(1)Bs(1),
Sp(t) = X(D)SHD).
The P-dynamics of this equivalent model are given by

dSy = Syaudt + Sdaddﬁ_’,

. L. _ (12.21)
dSy=Si(ar+ oy +osoy)di+ Splor+ ox)dW,
.. — (12.22)
dBf: Bf(:OdX + ?f)df + BfO’;{dW,
dBy = ryBydt. (1223)
(12.24)

Here we have used * to denote transpose, so

3

¥
lTj'(le'/ = E lTﬂ'(TXI'.

-1
Note that, because of Assumption 12.2.1, the volatility matrix above is invertible, so the market is complete.

Since §, &, p,can be interpreted as prices of domestically traded assets, we can easily obtain the relevant O-dynamics.
Proposition 12.5 The Q-dynamics are as follows.

dSy = Saradt + SyodW,

. . (12.25)
de = Sf.?'ddf + Sf((?’f + ox)dW,
.. . (12.26)
dBf: Bff‘ddl + BfO’XdW,
dX = X(ry — !‘f)d! + Xo ydW, (1227)
AS;=S(ry osoy)dt | SsodW. (12.28)
(12.29)

Proof Equations (12.25)—(12.27) follow from Proposition 9.3. The equation for X follows from (12.27), the relation
X=B/B, and It6's formula. A similar computation applied to the relation §,=7 /X gives us (12.29).

We can now immediately obtain the risk neutral valuation formula, and this can in fact be done in two ways. We can
either use (X, S, §) as state variables, or use the equivalent (there is a one-to-one mapping) set (X, 5, ¢ ). Which set to
use is a matter of convenience, depending on the particular claim under study, but in both cases the arbitrage free price
is given by the discounted expected value of the claim under the (-dynamics. (It is of course quite possible to use the

set (3, 3, g, also, but there seems to be no point in doing so.)
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Proposition 12.6 (Pricing formulas) For a claim of the form

7= ®(X(T),S4(T).S (1))

the corresponding pricing function F(t, x, s, 3 ) is given by

Ftasgip) =e " 9T087  [@(x(1).8,(T).S(T)],
""-:xﬁdrvf

where the Q-dynamics are given by Proposition 12.5. (12.30)

The pricing PDE is

ar

ar ar  ~ arF
ot +x(rg —ry) ox + §47 o5, + 8574

as s

L) of |eéir | o) [eo*r 2| | 2 v a'F
+§ Xox|"™—— tsifoa 2 +sp(flos|” + lox +20p0x5)—5

Sd 3}f

2

¢ A - s 2, A'F
+SrfodJXW+Sfx[O’fJX+ a7

A5y ox

o2
+Sd}f(0'40'; +0’d0'_;) 9 FN
(‘)A’d (‘)J’f
!‘dF =0,

F(Tx,80.5 1) = B(x.84.5 7).

Proposition 12.7 For a claim of the form
Z=o(X(T),84(1),Sp(T))
the corresponding pricing function F(t, x, s, 5) is given by
0
Flxsgsp =e ™0 OB ®X(D).S(D)SH(T)],

where the Q-dynamics are given by Proposition 12.5. (12.31)

The pricing PDE is

aF aF aF . aF
8f +x(rd—rf-) 836 +Sdrd 8Sd +J'j'(?'f—0'fo'X) 8_5‘f

2
+l xz 2 aF
2 ast

i
*
| S4XTGT 3

2
2—(; JZ + s:‘;
X

oy ad

2 . 92 I
m { Sj-xrrf(r}'rm | .vdlvjﬁdﬁj-m
—!‘arF = 0,

F(Txsg.57) = B(x85.57).
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Remark 12.2.3 In many applications the claim under study is of the restricted form
Z=®(X(T),8¢(T)).

In this case all partial derivatives w.r.t. 5, vanish from the PDEs above. A similar reduction will of course also take place
for a claim of the form

Z=®(X(T).S(D)).

We end this section by pricing the contracts (12.16) and (12.18) above.

Example 12.8 (Foreign call, struck in foreign currency) We recall that the value of the claim, at time T, expressed
in the foreign currency, is

7/ = max [S(T)  K.0].

Let us denote the pricing function, again in the foreign currency, for this claim at time # by F(2, s). (It will obviously not
involve x.) Furthermore we denote value of the claim at time #, expressed in the domestic currency, by F/(7, x, 5). Now
an elementary arbitrage argument (which?) immediately gives us the relation

Fl(txsp) =xF(157),

so it only remains to compute F(7, s). This, however, is just the value of 2 European call on a stock with volatility || o, I,
in an economy with a short rate equal to 7. Thus the value is given by the Black-Scholes formula, and the pricing
formula in domestic terms is as follows.

Fl(txsp) = xspNdy] - xe 7T OkN[d,],

where

d(tsy) =

IT_ ; {]n[jér) + (rf- + é"cfj-"z)(f— f)};

dz(l‘,Sf) = d]_ (I)Sf) ‘|0’]‘| r—t

er

See also Remark 12.2.4 for another formalism.

Example 12.9 (Foreign call, struck in domestic currency) The claim, expressed in domestic terms, is given by
7" = max [X(T) - Sp(T) K]
which we write as
2% = max [S (T) — K.0].

As we have seen above, the process g can be interpreted of the price process of a domestically traded asset, and from
Proposition 12.5 we see that its volatility
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is given by |l o, + o, |l. Thus we may again use the Black—Scholes formula to obtain the pricing function F(# ) as
F(157) =5;N[dy] — e T kN [d,],

where

na ‘I SJ( ‘I
dl(fjai"j') = In - +(f'd+,?
||0'}{ + O'Xh' T—1 K -

dy(tsp) =dy(Lsy) —

Nr—n).

l_'?'j"l'O'}'r

0’_}{+0’X T—1t

See also Remark 12.2.4 for another formalism.

Remark 12.2.4 In practical applications it may be more convenient to model the market, and easier to read the
formulas above, if we model the market using correlated Wiener processes (see Section 3.8). We can formulate our
basic model (under Q) as

dX = Xaydt+ X6ydV y,
AS; = Syogdt+ Sy8,dVy,
dSy =Syogdt | S¢6.dV ;,
dBy; = ryBydt,
dBy =rpBgdl,

where the three processes ¥, ¥, ¥, are one-dimensional correlated Wiener processes. We assume that 8,,6,5, are
positive. The instantaneuos correlation between ¥, and 7, is denoted by g,, and correspondingly for the other pairs.

We then have the following set of translation rules between the two formalisms

ls] - 5, i— Xd.f,
o0, = 56,03 ij=XdJ,
loi+ o] = & 1681286, ij=Xdf.

12.3 Domestic and Foreign Market Prices of Risk

This section constitutes a small digression in the sense that we will not derive any new pricing formulas. Instead we will
take a closer look at the various market prices of risk. As will be shown below; we have to distinguish between the
domestic and the foreign market price of risk, and we will clarify the connection between these two objects. As a by-
product we will obtain a somewhat deeper understanding of the concept of risk neutrality.

Let us therefore again consider the international model X, S, §, B, B, with dynamics under the objective measure P
given by (12.11)—(12.15). As before we transform the international model into the domestically traded assets S, &, B
», with P-dynamics given by (12.21)—(12.24).

P»
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In the previous section we used the general results from Chapter 9 to infer the existence of a martingale measure (),
under which all domestically traded assets command the domestic short rate 7, as the local rate of return. Our first
observation is that, from a logical point of view, we could just as well have chosen to transform (12.11)—(12.15) into
equivalent assets traded on the foreign market. Thus we should really denote our “old” martingale measure Q by 0, in
order to emphasize its dependence on the domestic point of view. If we instead take a foreign investot's point of view
we will end up with a “foreign martingale measure”, which we will denote by ), and an obvious project is to
investigate the relationship between these martingale measures. A natural guess is perhaps that O =0, but as we shall
see this is generically not the case. Since there is a one-to-one correspondence between martingale measures and
market prices of risk, we will carry out the project above in terms of market prices of risk.

We start by taking the domestic point of view, and applying Result 10.5.1 to the domestic price processes
(12.21)—(12.24), we infer the existence of the domestic market price of risk process

Aa1(0)
Ag () = | Aaa2(2)
Aaz(D)

with the property that if IT is the price process of any domestically traded asset in the model, with price dynamics
under P of the form

dri(n) = (O am(Ndt + (D on(HdW (1),
then, for all # and P-a.s., we have
aq(l) —rgy = oglH (0.
Applying this to (12.21)—(12.23) we get the following set of equations

Qg —Tq = 04" Ng»

(12.32)
g I oy | (ffﬂ';; }‘d=(ﬂf | ('T‘;()z\d,
(12.33)
oy + ry—ri=oy: }\d‘
(12.34)

In passing we note that, since the coefficient matrix
g
o— |95 (%
Tx

is invertible by Assumption 12.2.1, A, is uniquely determined (and in fact constant). This uniqueness is of course
equivalent to the completeness of the model.

We now go on to take the perspective of a foreign investor, and the first thing to notice is that the model
(12.11)—(12.15) of the international market does not
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treat the foreign and the domestic points of view symmetrically. This is due to the fact that the exchange rate X by
definition is quoted as

units of the domestic currency
unit of the foreign currency

From the foreign point of view the exchange rate X should thus be replaced by the exchange rate

1
X1

()=

which is then quoted as

unit of the foreign currency
units of the domestic currency ’

and the dynamics for X, S, §, B, B, should be replaced by the dynamics for Y, 5, 5, B, B. In order to do this we only
have to compute the dynamics of Y] given those of X and an easy application of It6's formula gives us

dY = Yoydt + YoudWV,

where (12.35)
ay— — oy + IO'X]lza
(12.36)
Fy= — Oy.
(12.37)

Following the arguments from the domestic analysis, we now transform the processes Y S, §, B, B, into a set of asset

prices on the foreign market, namely S, &, p, where
Sd =V7- S‘d,
By —Y-By.

If we want to obtain the P-dynamics of §, ¢, », we now only have to use (12.21)—(12.24), substituting Y for X and ,

for . Since we are not interested in these dynamics per se, we will, however, not carry out these computations. The
object that we are primarily looking for is the foreign market price of risk A, and we can easily obtain that by writing
down the foreign version of the system and substituting , for ;and Y for X directly in (12.32)—(12.34). We get

ap—ry =op g,
oy + oy + 040y — rr —(og+oy)Apn
ay+ g —ry =0y An
and, inserting (12.36)—(12.37), we finally obtain
op—rp=os s
(12.38)
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2 +

2
oy | lexyl® 1 ry

ry=

rf= (ﬂd (TX)’\_]-)

vy (12.39)

(12.40)

After some simple algebraic manipulations, the two systems (12.32)—(12.34) and (12.38)—(12.40) can be written as

0(}'r+ ?'j'— g

K —

Ty Ad,

,\d:‘

-0y

ar+ ofor;[ —ry =05 M

C‘Y—"lﬂ'yl‘i‘?’j'—?’d :0';(')\]',
+
O — G40y — T4 =04 Ap
Otf—?'f :O'Jf"/\f.
These equations can be written as
& :J)ld,
@ =0Ap,
where
2
”-X""j' rq G‘Y_“J‘Yl +f‘f—?‘d
§= Qg Ty ,p= +

ol crfo;,— ry

Qg —0dCx — T4

Ctj' — ?'j'
so, since o is invertible,
A = 6_157
A\p =0 _]'kp.
Thus we have
-1
and since
*
':TYG—X
+ *
§ p=|o4oy | =00y,
+*
O'J-.TX
we obtain

Ad =

We have thus proved the following central result.

oNE @y=o"

+ *
TTy = Ty
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Proposition 12.10 The foreign market price of risk is uniquely determined by the domestic market price of risk, and by the exchange
rate volatility vector o, through the formula

*

(12.41)

Remark 12.3.1 For the benefit of the probabilist we note that this result implies that the transition from 0, to 0, is
effected via a Girsanov transformation, for which the likelihood process L. has the dynamics

dL = LoydW,
L(0) —1.

Proposition 12.10 has immediate consequences for the existence of risk neutral markets. If we focus on the domestic
market can we say that the market is (on the aggregate) risk neutral if the following valuation formula holds, where IT,
is the price process for any domestically traded asset.

() — e T O8F ()| 2 .

(12.42)

In other words, the domestic market is risk neutral if and only if P=0 . In many scientific papers an assumption is
made that the domestic market is in fact risk neutral, and this is of course a behavioral assumption, typically made in
order to facilitate computations. In an international setting it then seems natural to assume that both the domestic
market and the foreign market are risk neutral, i.e. that, in addition to (12.42), the following formula also holds, where
I, is the foreign price of any asset traded on the foreign market

Ms(2) = e FTIR" M1 ,(T) 3 ,].

This seems innocent enough, but taken together these assumptions imply that (12.43)

P=0,=0y
(12.44)

Proposition 12.10 now tells us that (12.44) can never hold, unless 6,=0 , i.c. if and only if the exchange rate is
deterministic.

At first glance this seems highly counter-intuitive, since the assumption about risk neutrality often is interpreted as an
assumption about the (aggregate) attitude towards risk as such . However, from (12.42), which is an equation for
objects measured in the domestic currency, it should be clear that risk neutrality is a property which holds only relative
to a specified numeraire . To put it as a slogan, you may very well be risk neutral w.r.t. pounds sterling, and still be
risk averse w.r.t. US dollars.

There is nothing very deep going on here: it is basically just the Jensen inequality. To see this more cleatly let us
consider the following simplified situation. We assume that 7,=7,=0, and we assume that the domestic market is risk
neutral. This means in particular that the exchange rate itself has the following risk neutral valuation formula

X(0) = E[X(D)].
(12.45)

Looking at the exchange rate from the foreign perspective we see that if the foreign market also is risk neutral, then it
must hold that
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Y(0) =E[Y(D],

(12.40)
with Y=1/X. The Jensen inequality together with (12.45) gives us, however,
Yy — ——— —1 zx{ L }—E[r{;r)].
X(0)  E[X(D)] X(T)
(12.47)

Thus (12.45) and (12.46) can never hold simultaneously with a stochastic exchange rate.

12.4 Exercises

Exercise 12.1 Consider the European call on the exchange rate described at the end of Section 12.1. Denote the price
of the call by ¢(7, x), and denote the price of the corresponding put option (with the same exercise price K and exercise
date T) by p(# x). Show that the put—call parity relation between p and ¢ is given by

p=c—xe 77D 4 goraT=H

Exercise 12.2 Compute the pricing function (in the domestic currency) for a binary option on the exchange rate.
This option is a T-claim, «, of the form

Z = 1ggpn(X(T)),
Le if a = X(I) = b then you will obtain one unit of the domestic currency, otherwise you get nothing;

Exercise 12.3 Derive the dynamics of the domestic stock price S, under the foreign martingale measure Q.

Exercise 12.4 Compute a pricing formula for the exchange option in (12.19). Use the ideas from Section 9.4 in order
to reduce the complexity of the formula. For simplicity you may assume that the processes S, §, and X are
uncorrelated.

Exercise 12.5 Consider a model with the domestic short rate 7, and two foreign currencies, the exchange rates of
which (from the domestic perspective) are denoted by X, and X respectively. The foreign short rates are denoted by 7,
and 7, respectively. We assume that the exchange rates have P-dynamics given by

dX; = Xodt + X,00dW,, i=12,
where 7 ,, W, are P-Wiener processes with correlation p.

(a) Derive the pricing PDE for contracts, quoted in the domestic currency, of the form Z = &(X,(7),X,(T)).
(b) Derive the corresponding risk neutral valuation formula, and the  -dynamics of X, and X,
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(c) Compute the price, in domestic terms, of the “binary quanto contract” Z, which gives, at time T, K units of
foreign currency No. 1, if « < X (T) < b, (where 2 and b are given numbers), and zero otherwise. If you want to

facilitate computations you may assume that o =0.

Exercise 12.6 Consider the model of the previous exercise. Compute the price, in domestic terms, of a quanto
exchange option, which at time T gives you the option, but not the obligation, to exchange K units of currency No. 1

for 1 unit of currency No. 2.

Hint: It is possible to reduce the state space as in Section 9.4.

12.5 Notes

The classic in this field is Garman and Kohlhagen (1983). See also Reiner (1992). A more technical treatment is given
in Amin and Jarrow (1991).



13 Barrier Options

The purpose of this chapter is to give a reasonably systematic overview of the pricing theory for those financial
derivatives which are, in some sense, connected to the extremal values of the underlying price process. We focus on
barrier options, ladders and lookbacks, and we confine ourselves to the case of one underlying asset.

13.1 Mathematical Background

In this chapter we will give some probability distributions connected with barrier problems. All the results are standard,
see e.g. Borodin—Salminen (1997).

To start with some notational conventions, let {X(f); 0<s<oc} be any process with continuous trajectories taking
values on the real line.

Definition 13.1 For any y € R, the hitting time of y, © (X, ), sometimes denoted by © (y) or <, is defined by
r(y)=inl {120 |X()=y}.
The X-process absorbed at y is defined by
X,(6) =X(tAr)
where we have used the notation o A B = min [o, B].
The running maximum azd minimum processes, M (9) and m (9, are defined by

My = sup X(s),

O=z<f
1y (f) = inf ;‘,(A‘“))
O=z<f
where we sometimes suppress the subscript X.

We will be mainly concerned with barrier problems for Wiener processes, so naturally the normal distribution will play
a prominent role.

Definition 13.2 Ler @ (3, 0) denote the density of a normal distribution with mean . and variance c*, i.e.

. 2
: exp - % :
Ty 2m 20

P(x; o) =
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The standardized density @ (30, 1) is denoted by & (x), and the cummuiative distribution function of § (x) is as usual denoted by N(x), .
e

ra|

1 X 1,2
N(x)= f e dz.

Let us now consider a Wiener process with (constant) drift u and (constant) diffusion o, starting at a point a, i.e.
dX () = pdt + odW,,

(13.1)

X(0) = o

(13.2)

We are primarily interested in the one-dimensional marginal disttibution for X,(#), i.e. the distribution at time # of the
X-process, absorbed at the point 8. The distribution of X,(#) is of course a mixed distribution in the sense that it has a
point mass at x = {3 (the probability that the process is absorbed prior to time #) and a density. This density has its
support on the interval (B, ©) if « > 3, whereas the support is the interval (—0, 8) if a < 3. We now cite our main result
concerning absorption densities.

Proposition 13.3 The density f,(x:t, o) of the absorbed process X (7), where X is defined by (13.1)—~(13.2), is given by
S p(x o) = (o it | rw,ol/_f) exp { M}q}(x; HE ol 26,01/_{)_
a
The support of this density is the interval (8, ©) if « > B, and the interval (=0, B) if o < B.

We end this section by giving the distribution for the running maximum (minimum) processes.

Proposition 13.4 Consider the process X defined by (13.1)—(13.2), and let M () denote the running maximum (minimum,) processes
as in Definition 13.1. Then the distribution functions for M(?) (n:(2)) are given by the following expressions, which hold for x 2 o and x =
o respectively.

Fagnlx) =N

X o m)_m {2_ ;a(x;a)}N(_ x—u+p.c),

X—x— e {2_ ."*(J‘:“) ]»N r—atu
rJ\({_ o J oy

Fopls) =N

13.2 Out Contracts

In this section we will undertake a systematic study of the relations between a “standard” contingent claim and its
different “barrier” versions. This will provide us with some basic insights and will also give us a number of easy
formulas to



184 BARRIER OPTIONS

use when pricing various barrier contracts. As usual we consider the standard Black—Scholes model

d¥ = ouldt + aSdl¥,
dB  =rbdi,

with fixed parameters o, ¢ and 7.
We fix an exercise time T and we consider as usual a contingent claim z of the form

Z—2(5(T).

(13.3)

We denote the pricing function of z by F(#s5T,D), often suppressing the parameter T For mnemo-technical purposes
we will also sometimes use the notation @ (# 5), i.e. the pricing function (as opposed to the function defining the claim)
is given in bold.

13.2.1 Down-And-Out Contracts

Fix a real number L. < §(0), which will act as the barrier, and consider the following contract, which we denote by Z;5:

* If the stock price stays above the barrier I during the entire contract period, then the amount £ is paid to the
holder of the contract.

e If the stock price, at some time before the delivery time T; hits the barrier I, then the contract ceases to exist,
and nothing is paid to the holder of the contract.

The contract Z; is called the “down-and-out” version of the contract Z above, and our main problem is to price Z;o.
More formally we can describe Z;» as follows.

Definition 13.5 Take as given a T-contractZ = ®(S(T)) . Then the T-contractZisis defined by

_ | ®ESI), if S(H>L for all t < [0.T]
e 0 if S(f)y<IL for some t € [0,7].

E

(13.4)

Concerning the notation, I as a sub script indicates a “down”-type contract, whereas the letter O indicates that we are
considering an “out” claim. You may also consider other types of barrier specifications and thus construct a “down-
and-in” version of the basic contract . A “down-and-in” contract starts to exist the first time the stock price hits a
lower barrier. Going on we may then consider up-and-out as well as up-and-in contracts. All these types will be given
precise definitions and studied in the following sections.

In order to price Z;» we will have use for the function ®,, which is the original contract function @ in (13.3)
“chopped off” below L.

Definition 13.6 For a fixed function O the function D, is defined by

(13.5)
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In other words, @, (x) = @ (x) - I{x > L}, where I denotes the indicator function.

For further use we note that the pricing functional F(7, S;®) is linear in the d-argument, and that the “chopping”
operation above is also linear.

Lemma 13.7 For all reals o« and B, and all functions ® and P, we have

F(rs,a®+BY) =aF(rs, ®)+ BF(1s V),
(0@ +pY); =a®; + Y,

Proof For F the linearity follows immediately from the risk neutral valuation formula together with the linearity of the
expectation operator. The linearity of the chopping operation is obvious.

Our main result is the following theorem, which tells us that the pricing problem for the down-and-out version of the
contract ® is essentially reduced to that of pricing the nonbarrier claim @,. Thus, if we can price a standard
(nonbarrier) claim with contract function @, then we can also price the down-and-out version of the contract ®@.

Theorem 13.8 (Pricing down-and-out contracts) Consider a fixed T-claimZ = ®(S(T)) . Then the pricing function, denoted
by F,, of the corresponding down-and-out contractZyeis given, for S > 1, by

I 2 12
Fro(ts, ®) = F(Ls, Pr) - (—) ozF(t, %).

£ 5
(13.6)
Here we have used the notation

~ 1 2
r=r 20.

Proof Without loss of generality we may set #= 0 in (13.6). Assume then that §(0) = s > L, and recall that §, denotes
the process § with (possible) absorption at L. Using risk neutral valuation we have

F (0,5 ) = e_rTF,Oi [(Z.0] = e‘”Eff;. [¢(S(T)) I inf S(r)>1) ]
0=f=T
= eS| @p(SL(T) T { inf S(1) > L} | = e L [®4(S1(T)].
05 0<t<T 0
It remains to compute the last expectation, and we have

ES [04(S.(T)] = f" DL (x)h(x)dx.
L

where 4 is the density function for the stochastic variable §, (T).
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From standard theory we have
S(Ty=exp {ln s+rT+aW (D)} =),
where the process X is defined by

dx(t) =rdt+odW(1),
X(0) =l s

Thus we have
Sp()=exp {Xp (D},

SO we may write

o)

E10,(5,(T))] = / By (¢) £ (x)elx,
In L

where fis the density of the stochastic variable X | (1). This density is, however, given by Proposition 13.3 as
Fx :J'.p(x;;T+In s,u,/?)

2

e {_ 2ln s-ln L)
[}

rp(x-,';?’—]n s+ 2n L,mﬁ)

——r

L%

2
=LD(A,.;T+!II s,aﬁ)— &) cv(a,;:?’-f]n(%

oyT)

Thus we have

B [04(5L(T)] = fh: 0L (1)

= fh: d:-r_(;z’)tp(x; T+ Ins‘,u'ﬁ}a'x

e 2
[i)”g_[m ‘PL(e")tp(x; i+l "r's ),UV{T}M
= /'oo fl‘y_(s'x)tp(x; T+ lm,o'ﬁ}dx

(F ® outeNolx 7T [ | oy T
)/ ool

Inspecting the last two lines we see that the density in the first integral is the density of X(T) under the usual martingale
measure 0, given the starting value S(0) = s The density in the second integral is, in the same way, the density (under
) of X(1), given the starting point S(0) = I.*/s. Thus we have

S5
& 1901 = 8 1020501 - (£) 8% 10005001

£

which gives us the result.
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We again emphasize the point of this result.

The problem of computing the price for a down-and-out claim reduces to the standard problem of
computing the price of an ordinary (related) claim without a barrier.

For future use we also note the fact that down-and-out pricing is a linear operation.
Corollary 13.9 For any contract functions © and Y, and for any real numbers o and B3, the following relation holds.

Frolts af v B¥) = aF golts ®) 1 BF olts ).

Proof The result follows immediately from Theorem 13.8 together with the linearity of the ordinary pricing functional
F and the linearity of the chopping operation.

13.2.2 Up-And-Out Contracts

We again consider a fixed T-contract of the form z=ewm), and we now describe the up-and-out version of z. This is
the contract which at the time of delivery, T, will pay z if the underlying price process during the entire contract period
has stayed below the barrier .. If, at some time during the contract period, the price process exceeds L, then the
contract is worthless. In formal terms this reads as follows.

Definition 13.10 Take as given the T-contractz=vw . Then the 'I-contract ¢ is defined by

o [PED). ¥ SW<L for al te[0T]
“ 0, i SO 2L for come te[0T).

(13.7)
The pricing functional forz*is denoted by F°(t, 5;D), or according to our earlier notational convention, by ® '°(1, J).

L as a super script indicates an “up”-type contract, whereas the superscript O indicates that the contract is an “out”
contract. As in the previous sections we will relate the up-and-out contract to an associated standard contract. To this
end we need to define, for a fixed contract function @, the function ®", which is the function ®@ “chopped off” above
L.

Definition 13.11 For a fixed function © the function ®"is defined by

oty = t(x), for x<l
U,  for x>2L

(13.8)
In other words, ®"(x) = D(x) - I {x < L}.

The main result of this section is the following theorem, which is parallel to Theorem 13.8. The proof is almost
identical.
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Theorem 13.12 (Pricing up-and-out contracts) Consider a fixed 1-claimz=o&). Then the pricing function, F°, of the
corresponding up-and-out contractz*° is given, for S < L, by
B0 00) = Fles 0t - [%)u_;ﬁ'(z,%,m*}

where we have used the notation

(13.9)

13.2.3 Examples

In this section we will use Theorems 13.8 and 13.12, together with the linearity lemma 13.7, to give a systematic
account of the pricing of a fairly wide class of barrier derivatives, including barrier call and put options. Let us define
the following standard contracts, which will be the basic building blocks in the sequel.

Definition 13.13 Fix a delivery time 'I. For fixed parameters K and 1. define the claims ST, BO, H and C by

ST(xy==z. ¥x

D) =1. V¥x (13.10)
e (1317
Cla K) = max  [x- K01 (1312)

(13.13)

The contract ST (§T for “stock”) thus gives the owner (the price of) one unit of the underlying stock at delivery time 7;
whereas BO is an ordinary zero coupon bond paying one at maturity 1. The H-contract (H stands for the Heaviside
function) gives the owner one if the value of the underlying stock exceeds L at delivery time T, otherwise nothing is
paid out. The C-claim is of course the ordinary European call with strike price K. We note in passing that H(x;L) =
H, (x).

We now list the pricing functions for the standard contracts above. The value of §T at time #is of course equal to the
value of the underlying stock at the same time, whereas the value of BO at #is ¢"™. The value of C is given by the
Black—Scholes formula, and the value of H is easily calculated by using risk neutral valuation. Thus we have the
following result.

Lemma 13.14 The contracts (13.10)—(13.13) with delivery time T are priced at time t as follows (with the pricing function in bold).

8Tit,s) =s,
BOt,s) = e—x\’l’—t),
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His 1) =T 0

HT-6+ I.n(%)
oft-¢ |
Cite K) ~elts K),

where «(t, 5;K) is the usual Black—Scholes formula.

We may now put this machinery to some use and start with the simple case of valuing a down-and-out contract on a
bond. This contract will thus pay out 1 dollar at time T'if the stock price is above the level L during the entire contract
period, and nothing if the stock price at some time during the period is below or equal to L.

A direct application of Theorem 13.8 gives us the formula
B

ar
F10(0,80) = #(t2,801) - (£) 2 F(z.T, wr.).

Obviously we have BO, (x) = H(x;L) for all x so we have the following result.
Lemma 13.15 The down-and-out bond with barrier L is priced, for s > L, by the formula

F
BO;alts) = Hits L) - [%),:H

1
o L),
£

(13.14)
where H (2, ;1) is given by Lemma 13.14.

We continue by pricing a down-and-out contract on the stock itself (no option is involved). Thus we want to compute
F, (% 55T) and Theorem 13.8 gives us

A
Fro(ts, ST) = F(ts, ST7) - [%)ﬁi-'( A Srr.).

(13.15)
A quick look at a figure gives us the relation
ST((x) =L-H(x. L) + Clx. I).
Substituting this into (13.15) and using linearity (Lemma 13.7) we get
STio(ts) = Frolts ST)

= (s, LH(* L)+ C(*.L) - [r)%g

Fy

72 }
L L= 1y - o I

-ﬂ-F(r,s,H(*;L))—L-(L):_ZF

&

L2 ..
I,T,H( ,L))

.

A 2
R OOV ) = (é)«z F(I,LT, o f.))

Summarizing we have the following,
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Lemma 13.16 The down-and-out contract on the underlying stock is given by

e 2
STio(ts) =-L-HtsL)-L- [%)GZ}I[I,LT; ﬂ}

2
A [E) 2
&

2
z.L—,f.},
&

where H and C are given by 1emma 13.14.

We now turn to a more interesting example—a down-and-out European call with strike price K. From the main

proposition we immediately have
Frolts. C(7.K)) =F(s Coi(™ . K)

_[éj%f?(; L o K))
5 - e

and we have to treat the two cases I. < K and L. > K separately. The result is as follows.
Proposition 13.17 (Down-and-out call) The down-and-out European call option is priced as follows.

For 1. < K:

Ed 2
Cralte &) = Cles K) - [%)a"c(r,%, K).

For L. > K:

Crolts Ky = €lts By + (1 - KYH(Ls, 1)

Pt

Proof For L. < K it is easily seen (draw a figure) that C, (x, K) = C(x, K), so from (13.16) we get
Cros. K) =F(s.C(*.K))

_(é).%ﬁ(r Ll g K))
5 -

which proves (13.17).
For I > K the situation is slightly more complicated. Another figure shows that

Crlm Ky =Cla Ly v (L - KMz L)

Putting this relation into (13.16), and using the linear property of pricing, we get (13.18).

(13.16)

(13.17)

(13.18)
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As we have seen, almost all results are fairly easy consequences of the linearity of the pricing functional. In Section 8.1
we used this linearity to prove the standard put—call parity relation for standard European options, and we can now
derive the put—call parity result for down-and-out options.

Drawing a figure we see that P(x;K) = K — x + C(x;K), so, in terms of the standard contracts, we have

P(x.K) = K - BO() - §T(x) 1+ Clx: K.
Using Corollary 13.9 we immediately have the following result. Note that when L. = 0 we have the usual put—call parity.
Proposition 13.18 (Put—call parity) The down-and-ont put price P |, and call price C |, are related by the formula

Piofts K=K -Brolts) — STioits) + Crolts X)),

(13.19)

Here B | jand ST | are given by Lemmas13.15and13.16, whereas C | is given by Proposition13.17.
We end this section by computing the price of a European up-and-out put option with barrier L and strike price K.
Proposition 13.19 (Up-and-out call) The price of an up-and-ont European call option is given by the following formulas.

If L>K then, for s < L.:

E 2
P e B = Pl ) - (%)ﬂzl’(f,%,}{).

(13.20)
If L>K; then for s < L.:
P05 ) = Plts, L) - (K - L)H(ts, L)
_[%)j_x{p :,%;L) - (K—L)I[(ﬁ.%;l.}}
+{1 - %J:—i](ﬁ— £ye T
(13.21)

Proof If I > K then P"(5K) = P(5K), and then (13.20) follows immediately from Proposition 13.12.
If I. < K then it is easily seen that
PL(X) =P LY+ (K=L)-BO(x)- (K-L) - H(x. L).

Linearity and Proposition 13.12 give us (13.21).



192 BARRIER OPTIONS

13.3 In Contracts

In this section we study contracts which will start to exist if and only if the price of the underlying stock hits a
prespecified barrier level at some time during the contract period. We thus fix a standard T-claim of the form z=ewm),
and we also fix a barrier I.. We start by studying the “down-and-in” version of z, which is defined as follows.

* If the stock price stays above the barrier L during the entire contract period, then nothing is paid to the holder
of the contract.

* If the stock price, at some time before the delivery time T, hits the barrier I, then the amount z is paid to the
holder of the contract.

We will write the down-and-in version of z as 7z, and the formal definition is as follows.
Definition 13.20 Take as given the 1-contractz=o@@y . Then the 1-contractzuis defined by

L[ 0 sweL jr a1 e[07)
TV, f S EL for come e[0T

(13.22)
The pricing function forzwis denoted by F, (1, 5;D), or sometimes by ® | (1, 5).

Concerning the notation, I as a sub script indicates a “down” contract, whereas the subscript I denotes an “in”
contract. Pricing a down-and-in contract turns out to be fairly easy, since we can in fact price it in terms of the
corresponding down-and-out contract.

Lemma 13.21 [In—out parity]

Fiilte @) =Flts ®) - Frolts 1. Vs

Proof If, at time # you have a portfolio consisting of a down-and-out version of z as well as a down-and-in version of
z (with the same barrier I) then obviously you will receive exactly z at time 1. We thus have

Fits @) =Filts ®) v Frolts )

We can now formulate the basic result.

Proposition 13.22 (Pricing down-and-in contracts) Consider a fixed 1-contractz=o) . Then the price of the corresponding
down-and-in contractzis given by

e 2
Firea, ®) = Fes, 04 + [%):31«'(:.%.@;.).
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Proof From the equality @ = @, + ®" we have
F(ts, ®) = F L5, ®r) + F (L5, D7),

Now use this formula, the lemma above, and Theorem 13.8.

The treatment of “up-and-in” contracts is of course parallel to down-and-in contracts, so we only give the basic
definitions and results. We denote the up-and-in version of z by 7%/, and the definition of 7! is as follows.

 If the stock price stays below the barrier I during the entire contract period, then nothing is paid to the holder
of the contract.

* If the stock price, at some time before the delivery time 7T, hits the barrier I, then the amount Z is paid to the
holder of the contract.

Corresponding to Lemma 13.21, we have
FH (15 ) = F(1s ®) - FX9>s5 @), Vs,
(13.23)

and from this relation, together with the pricing formula for up-and-out contracts, we have an easy valuation formula.

Proposition 13.23 (Pricing up-and-in contracts) Consider a fixed T-contractZ = ®(S(T)). Then the price of the
corresponding up-and-in contract 74 is given by

o 2
FH (s, ®) = FLs, @) + [%) ”2F(1,LT; ‘DL)

We end this section by giving, as an example, the pricing formula for a down-and-in European call with strike price K.
Proposition 13.24 (Down-and-in European call) For s > L the down-and-in European call option is priced as follows.

Forl. < K:

2 2
Cuths K) = (&) c(:,%-, f:).

For1. > K:

Coilts K) = [%]_ {c(:,%:; K) +(L —KJH(:,%:; L]}

—(L-K)H(ts, L).
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13.4 Ladders

Let us take as given
* A finite increasing sequence of real numbers
0=C[0"~'C(1‘: “:UN.

This sequence will be denoted by a.
* Another finite increasing sequence of real numbers

0=Po<fr< ... <Pn
This sequence will be denoted by .

Note that the number N is the same in both sequences. The interval [, o ,,) will play an important role in the sequel,
and we denote it by D, with D, defined as D, = [a,, ). For a fixed delivery time T'we will now consider a new type of
contract, called the “(«,@)-ladder”, which is defined as follows.

Definition 13.25 The («,B)-ladder with delivery time T is a "I-claim , described by

N
4= Zﬁn'o{ {sup S(H)elb,}.

n=0 =7

(13.24)

In other words, if the realized maximum of the underlying stock during the contract period falls within the interval D,
then the payout at T'is 3. A typical ladder used in practice is the forward ladder call with strike price K. For this
contract « is exogenously specified, and 8 is then defined as

Bp=max [a,-K,0].
(13.25)

The a-sequence in this case acts as a sequence of barriers, and the ladder call allows you to buy (at time T) the
underlying asset at the strike price K, while selling it (at T) at the highest barrier achieved by the stock price during the
contract period. The ladder call is intimately connected to the lookback forward call (see the next section), to which it
will converge as the a-partition is made finer.

The general (x, B)-ladder is fairly easy to value analytically, although the actual expressions may look formidable. To see
this let us define the following series of up-and-in contracts.

Definition 13.26 For a given pair («, B), the series of contractsZy .. . . ., Zis defined by

Zy =PBo-7{smp S() =20},

=T

Zy, =(By-PBuo1)-{{sup S(H=a,}, n=1,..., N.
=T
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The point of introducing the Z,-contracts is that we have the following obvious relation

N
2= 1,
n=o

Thus a ladder is simply a sum of a series of up-and-in contracts. We see that in fact Z, is an up-and-in contract on 8 —
B, bonds, with barrier o . Thus we may use the results of the preceding sections to value Z,. The result is as follows.

Proposition 13.27 (Ladder pricing formula) Consider an («, B)-ladder with delivery time T. Assume that S(?) = s and that
M) € D,. Then the price, I1 (2), of the ladder is given by

N
Mngs =g, + Z ynﬁru”r(: ts, BQ),

n=m+l

wherey, = B, — B, and

a

Foles 00y = (ﬁ)?e SOR RIS
g ofT ¢

o)

£ oy T—¢

e—r(?’-ﬂ(“n):_gyl HT-0- L“[%] |
Proof Exercise for the readet.

13.5 Lookbacks

Lookback options are contracts which at the delivery time T allow you to take advantage of the realized maximum or
minimum of the underlying price process over the entire contract period. Typical examples are

(- ;‘gi?_S(ﬁ) lookback call
I;najs(x) =3(T) lookback put
ad
max [m‘a;(:l'(z) -K0]  forward lookback call
i<

max [ £ — minS(2),0]  forward leokback put.
&7

We will confine ourselves to give a sketch of the pricing of a lookback put; for further results see the Notes below.
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From general theory, the price of the lookback put at # = 0 is given by

ey =e ’TEQ[%;S@) - 8D

= a_rTEQ[m_a;:S(:‘)] - TE9 5T
1=

With S(0) = s, the last term is easily obtained as
e =,
and it remains to compute the term E¢[max,_ ., S(9)]. To this end we recall that S(%) is given by
S =ep (la s17er o) =T,

where

4X - rdt + cdl¥,
X0 ~he

Thus we see that
M1 =MD,

and the point is of course that the distribution for M (1) is known to us from Proposition 13.4. Using this proposition
we obtain the distribution function, F, for M (1) as

poy=nf FoEFT) ) k) () skt T
|Tﬁ l.I? Jﬁ

for all x 2 In s. From this expression we may compute the density function f = I, and then the expected value is given
by

BPlase)] = 2P :/:e”_f(_x)dx.
After a series of elementary, but extremely tedious, partial integrations we end up with the following result.
Proposition 13.28 (Pricing formula for lookback put) The price, at t = 0, of the lookback put is given by
N = oWl d)+oe™ W] -+ 0fT]+o 0 Mia1 - &L N[ - a+ oyT],

where

142
T+ 1
_.’T 2{1?’

e
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13.6 Exercises

In all exercises below we assume a standard Black—Scholes model.

Exercise 13.1 An “all-or-nothing” contract, with delivery date T, and strike price K, will pay you the amount K, if the
price of the underlying stock exceeds the level L at some time during the interval [0, 4. Otherwise it will pay nothing.
Compute the price, at # < T; of the all-or-nothing contract. In order to avoid trivialities, we assume that S(s) < L for all
s %

Exercise 13.2 Consider a binary contract, i.e. a T-claim of the form
X=T1ap)(ST),

where as usual [ is the indicator function. Compute the price of the down-and-out version of the binary contract
above, for all possible values of the barrier ..

Exercise 13.3 Consider a general down-and-out contract, with contract function ®, as descibed in Section 13.2.1. We
now modifiy the contract by adding a fixed “rebate” .4, and the entire contract is specified as follows.

e If 5@ > L forall # < T then ® (5(1)) is paid to the holder.
e If §(» = L for some # = T then the holder receives the fixed amount 4.

Derive a pricing formula for this contract.
Hint: Use Proposition 13.4.
Exercise 13.4 Use the exercise above to price a down-and-out European call with rebate A.

Exercise 13.5 Derive a pricing formula for a down-and-out version of the T contract x=®(S(T)), when § has a
continuous dividend yield 8. Specialize to the case of a European call.

13.7 Notes

Most of the concrete results above are standard. The general Theorem 13.8 and its extensions seem, however, to be
new. For barrier options we refer to Rubinstein and Reiner (1991), and the survey in Carr (1995). Two standard papers
on lookbacks are Conze and Viswanathan (1991), and Goldman ez a/. (1979). See also Musiela and Rutkowski (1997).



14 Stochastic Optimal Control

14.1 An Example

Let us consider an economic agent over a fixed time interval [0, T]. At time # = 0 the agent is endowed with initial
wealth x, and his/her problem is how to allocate investments and consumption over the given time hotizon. We
assume that the agent's investment opportunities are the following;

* The agent can invest money in the bank at the deterministic short rate of interest 7 i.e. he/she has access to the
risk free asset B with

B = rBet.

(14.1)

e The agent can invest in a risky asset with price process §, where we assume that the S-dynamics are given by a
standard Black—Scholes model

dS = aSdt + aSdW .

(14.2)

We denote the agent's relative portfolio weights at time 7 by 4 (for the riskless asset), and 4! (for the risky asset)
respectively. His/her consumption rate at time # is denoted by «¢.

We restrict the consumer's investment—consumption strategies to be self-financing, and as usual we assume that we live
in a world where continuous trading and unlimited short selling is possible. If we denote the wealth of the consumer at
time # by X, it now follows from Lemma 5.4 that (after a slight rearrangement of terms) the X-dynamics are given by

dX, = X, [wr+uta)dl - cdt +ul oX dW,.

(14.3)

The object of the agent is to choose a portfolio—consumption strategy in such a way as to maximize his/her total utility
over [0, T], and we assume that this utility is given by

E[/?F(Iaﬁz)d!*q’(i’r) ,
0

(14.4)

where F is the instantaneous utility function for consumption, whereas @ is a “legacy” function which measures the
utility of having some money left at the end of the period.
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A natural constraint on consumption is the Condition
€20, VIz0,

and we also have of course the constraint (14.5)

u?*i-ufl =1, Vi=0.
(14.6)

Depending upon the actual situation we may be forced to impose other constraints (it may, say, be natural to demand
that the consumer's wealth never becomes negative), but we will not do this at the moment.

We may now formally state the consumert's utility maximization problem as follows.

T
max E[/ Fle)dt+®(X7)

«°u'c Lo
dX,= X, [ur +u 0] dl - cdi + u} oX ,dW, (14.7)
Xo = xo, (14.8)
Ci20, VI=0, (14.9)
ul +uf =1, Viz0. (14.10)
(14.11)

A problem of this kind is known as a stochastic optimal control problem . In this context the process X is called
the state process (or state variable), the processes #', #', ¢ are called control processes , and we have a number of
control constraints . In the next sections we will study a fairly general class of stochastic optimal control problems.
The method used is that of dynamic programming , and at the end of the chapter we will solve a version of the
problem above.

14.2 The Formal Problem

We now go on to study a fairly general class of optimal control problems. To this end, let u (7, x, #) and o (7, x, #) be
given functions of the form

YRy x R x R

wxd

oORy x R" « R . R

For a given point x, € R we will consider the following controlled stochastic differential equation.

Ay = e K paagddt v O(8 K paae)d Wy,
. (14.12)
(14.13)

We view the #-dimensional process X as a state process , which we are trying to “control” (or “steer”). We can (partly)
control the state process X
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by choosing the £-dimensional control process # in a suitable way. W is a d-dimensional Wiener process, and we must
now try to give a precise mathematical meaning to the formal expressions (14.12)—(14.13).

Remark 14.2.1 In this chapter, where we will work under a fixed measure, all Wiener processes are denoted by the
letter W,

Our first modelling problem concerns the class of admissible control processes. In most concrete cases it is natural to
require that the control process # is adapted to the X process. In other words, at time 7 the value #, of the control
process is only allowed to “depend” on past observed values of the state process X. One natural way to obtain an
adapted control process is by choosing a deterministic function g(#, x)

gRy + R'=E"
and then defining the control process # by

u= gt Xy

Such a function g is called a feedback control law , and in the sequel we will restrict ourselves to consider only
feedback control laws. For mnemo-technical purposes we will often denote control laws by u (% x), rather than g(#, x),
and write #=u (%, X). We use boldface in order to indicate that u is a function . In contrast to this we use the notation
# (italics) to denote the value of a control at a certain time. Thus u denotes a mapping, whereas # denotes a point in R,

Suppose now that we have chosen a fixed control law u (4 x). Then we can insert u into (14.12) to obtain the standard
SDE

dXs= e st Xe)de 1 o0t X rule X ))d Wy,

(14.14)

In most concrete cases we also have to satisfy some control constraints , and we model this by taking as given a fixed
subset U €& R* and requiring that # € U for each # We can now define the class of admissible control laws .

Definition 14.1 A control law  is called admissible zf

e u(t,x)eUforalte R, andall x € R.
*  For any given initial point (¢, x) the SDE

dX; = e Xouls X ))ds v 00 X uls X ))d W,
Xf =x

has a unique solution.
The class of admissible control laws is denoted byv.

For a given control law u , the solution process X will of course depend on the initial value x, as well as on the chosen
control law u . To be precise we should therefore denote the process X by X**, but sometimes we will suppress x or u
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We note that eqn (14.14) looks rather messy, and since we will also have to deal with the It6 formula in connection
with (14.14) we need some more streamlined notation.

Definition 14.2 Consider eqn (14.14), and let' denote matrix transpose.
*  For any fixed vector u € R, the functions ', c'and C'(t, x) are defined by
ey = s ),

o¥(ex) = oixw),
C¥(ex) = Olxu)Oltxu).

o For any control law a | the functions y* , o*, C* (¢, x) and F* (¢, x) are defined by

PR = plxednx)),
oMex) = Oltxalix)),
CMea) = ol () ol i),
FYtx) T Fltauiix)).

o For any fixed vector u € R, the partial differential operatora*is defined by

u_ N u P 1 8’
A= i (Ex) + O (e, .
;M( * da; EZ y(Ex) dxydag

! -1

o For any control law a | the partial differential operator a* is defined by

n n 2
A= Yen 0o+ 1N et 2
;M( * da; EIJZ—I y(Ex) dxydag

Given a control law u we will sometimes write eqn (14.14) in a convenient shorthand notation as

dX§ = e v oMW,

(14.15)

For a given control law u with a corresponding controlled process X" we will also often use the shorthand notation u
instead of the clumsier expression ues).

The reader should be aware of the fact that the existence assumption in the definition above is not at all an innocent
one. In many cases it is natural to consider control laws which are “rapidly varying”, i.e. feedback laws u (7 x) which
are very irregular as functions of the state variable x. Inserting such an irregular control law into the state dynamics will
easily give us a very irregular drift function p (% x, u (% x)) (as a function of x), and we may find ourselves outside the
nice Lipschitz situation in Proposition 4.1, thus leaving us with a
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highly nontrivial existence problem. The reader is referred to the literature for details.

We now go on to the objective function of the control problem, and therefore we consider as given a pair of functions

i

FRy = K'Y o« R
" R

£,

Now we define the value function of our problem as the function
JuiU » R,
defined by

-
Jolu) =f:[ f FEX ugdt + DT |,
(1]

where X" is the solution to (14.14) with the given initial Condition X = x;.

Our formal problem can thus be written as that of maximizing Juw over all vev, and we define the optimal value 7,

by

A
Jn = sup Spla).

uelf

If there exists an admissible control law G with the property that
Jo@ =Jo,

then we say that 0 is an optimal control law for the given problem. Note that, as for any optimization problem, the
optimal law may not exist. For a given concrete control problem our main objective is of course to find the optimal
control law (if it exists), or at least to learn something about the qualitative behavior of the optimal law.

14.3 The Hamilton—Jacobi—Bellman Equation

Given an optimal control problem we have two natural questions to answer:

(a) Does there exist an optimal control law?
(b) Given that an optimal control exists, how do we find it?

In this text we will mainly be concerned with problem (b) above, and the methodology used will be that of dynamic
programming . The main Idea is to embed our original problem into a much larger class of problems, and then to tie
all these problems together with a partial differential equation (PDE) known as the Hamilton—]Jacobi—Bellman
equation. The control problem is then shown to be equivalent to the problem of finding a solution to the HJB
equation.

We will now describe the embedding procedure, and for that purpose we choose a fixed point #in time, with 0 < #= T
We also choose a fixed point x in the state space, i.e. x € R’. For this fixed pair (4 x) we now define the following
control problem.
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Definition 14.3 The control problemrs is defined as the problem to maximize
i‘f'r,x[ [ Tl a s+ o0xD |,
given the dynamics
AKX = (s X u(s. X M))ds + Ols X2 u(s X 2))d W,

Xf:JL

and the constraints

w(ey)el Wi e[eT] = R

203

(14.16)

(14.17)
(14.18)

(14.19)

Observe that we use the notation s and y above because the letters 7 and x are already used to denote the fixed chosen

point (7, x).

We note that in terms of the definition above, our original problem is the problem r@s. A somewhat drastic
interpretation of the problem rex is that you have fallen asleep at time zero. Suddenly you wake up, noticing that the
time now is #and that your state process while you were asleep has moved to the point x. You now try to do as well as

possible under the circumstances, so you want to maximize your utility over the remaining time, given the fact that you

start at time 7 in the state x.
We now define the value function and the optimal value function .
Definition 14.4
e The value function
JRy x R' x U=R

Is defined by

T
J{txm) = aU Fle X3 ng)ds + DLAT)
3

given the dynamics (14.17)—(14.18).
e  The optimal value function

Ry » R"—R
Is defined by

V(tx) = sup (£x,u).
L

Thus 7= =20 JExw. jg the expected utility of using the control law u over the time interval |7 T], given the fact that you
start in state x at time # The optimal value function gives you the optimal expected utility over [ T] under the same

initial conditions.
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The main object of interest for us is the optimal value function, and we now go on to derive a PDE for 7 It should be
noted that this derivation is largely heuristic. We make some rather strong regularity assumptions, and we disregard a
number of technical problems. We will comment on these problems later, but to see exactly which problems we are
ignoring we now make some basic assumptions.

Assumption 14.3.1 We assume the following.

1. There extsts an optimal control law 1.
2. The optimal value function V" is regular in the sense that 1 € C.
3. A number of limiting procedures in the following arguments can be justified.

We now go on to derive the PDE, and to this end we fix (# x) € (0, T) X R". Furthermore we choose a real number /
(interpreted as a “small” time increment) such that 7+ 4 < T. We choose a fixed but arbitrary control law u , and define
the control law u * by

u(sy), (sy)elee+h] * &'

II'(:y)- N
ulsy). (sydclt+h?] = A"

In other words, if we use u * then we use the arbitrary control u during the time interval [# # + /], and then we switch
to the optimal control law during the rest of the time period.

The whole Idea of dynamic programming actually boils down to the following procedure.

e Tirst, given the point (7 x) as above, we consider the following two strategies over the time interval [z, T]:

Strategy I. Use the optimal law .

Strategy II. Use the control law u * defined above.

* We then compute the expected utilities obtained by the respective strategies.

* TFinally, using the obvious fact that Strategy I by definition has to be at least as good as Strategy 11, and letting /4
tend to zero, we obtain our fundamental PDE.

We now carry out this program.
Expected utility for strategy I: This is trivial, since by definition the utility is the optimal one given by s =rex.

Expected utility for strategy II: We divide the time interval [ T] into two parts, the intervals [7, 7+ /) and (# + 5, T]
respectively.

e The expected utility, using Strategy II, for the interval [ # + ) is given by

t+i
z»:,,{ / F(_.S,X;‘.u,}dsJ.
f
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* Intheinterval [+ A, T] we observe that at time 7+ 5 we will be in the (stochastic) state ¥4 . Since, by definition,
we will use the optimal strategy during the entire interval [# + 4, T] we see that the remaining expected utility at
time 7+ 4 is given by 7¢+#x%). Thus the expected utility over the interval [# + 4, T], conditional on the fact that
at time / we are in state x, is given by

B U+ X,

Thus the total expected utility for Strategy 1I is

t+h
E,,{ [ PlsXRug)ds 1 F(e 1 BEP) |
|3

Comparing the strategies: We now go on to compare the two strategies, and since by definition Strategy I is the
optimal one, we must have the inequality

tin
Fiex)» S,,{ / Pls X u)ds 1 (e sx‘)(;‘ﬂ,)J
#

(14.20)

We also note that the inequality sign is due to the fact that the arbitrarily chosen control law u which we use on the
interval [# # + /4] need not be the optimal one. In particular we have the following obvious fact.

Remark 14.3.1 We have equality in (14.20) if and only if the control law u is an optimal law G. (Note that the optimal
law does not have to be unique.)

Since, by assumption, I is smooth we now use the 1td6 formula to obtain (with obvious notation)

v u T *h ar u —
(VX)) =V (ex) ?(S.X_s) VAV (5K ) pds
t J

14k
+ V_, V[:SJ{:] U“d Ws
Jt

(14.21)

If we apply the expectation operator E, _to this equation, and assume enough integrability, then the stochastic integral
will vanish. We can then insert the resulting equation into the inequality (14.20). The term 17(7, x) will cancel, leaving us
with the inequality

i u ar u u u
By [ FlsX: a0 ?(SX,} PO (s X |ds | <0,
3

(14.22)
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Going to the limit: Now we divide by 4, move / within the expectation and let 4 tend to zero. Assuming enough
regularity to allow us to take the limit within the expectation, using the fundamental theorem of integral calculus, and
recalling that X = x, we get

Flexu) + i:;i(r,x) + A4 (1x) < 0,
I

(14.23)

where # denotes the value of the law u evaluated at (4 x), i.e. # = u (4 x). Since the control law u was arbitrary, this
inequality will hold for all choices of # € U, and we will have equality if and only if #» = 4(% x). We thus have the
following equation

av [ e -
—— () v osup (Flexu) AV (X)) =0
ot ucll

During the discussion the point (% x) was fixed, but since it was chosen as an arbitrary point we see that the equation

holds in fact for all (# x) € (0, T) X R’ Thus we have a (nonstandard type of) PDE, and we obviously need some
boundary conditions. One such Condition is easily obtained, since we obviously (why?) have (1] x) = @ (x) for all x
€ R". We have now arrived at our goal, namely the Hamilton—Jacobi-Bellman equation, (often referred to as the HJB
equation.)

Theorem 14.5 (Hamilton—Jacobi—-Bellman equation) Under Assumption 14.3.1, the following hold.

1. V7 satisfies the Hamilton—Jacobi—Bellman equation

%(ﬁ,x) Vsup (Plexw) ' AV (ex)) =0, Yiex e = R
uell

V(Tx) —d(x), vxeR”

2. Foreach (1, x) € |0, 1] X R'the supremum in the H|B equation above is attained by u = (2, x).

Remark 14.3.2 By going through the arguments above, it is easily seen that we may allow the constraint set U to be
time- and state-dependent. If we thus have control constraints of the form

ultx)ye Uitx), Yix
then the HJB equation still holds with the obvious modification of the supremum part.

It is important to note that this theorem has the form of a necessary Condition. It says that if [”is the optimal value
function, and if Gis the optimal control, then [ satisfies the HJB equation, and (7 x) realizes the supremum
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in the equation. We also note that Assumption 14.3.1 is an ad hoc assumption. One would prefer to have conditions in
terms of the initial data yu, o, F'and ® which would guarantee that Assumption 14.3.1 is satisfied. This can in fact be
done, but at a fairly high price in terms of technical complexity. The reader is referred to the specialist literature.

A gratifying, and perhaps surprising, fact is that the HJB equation also acts as a sufficient Condition for the optimal
control problem. This result is known as the verification theorem for dynamic programming, and we will use it
repeatedly below. Note that, as opposed to the necessary conditions above, the verification theorem is very easy to
prove rigorously.

Theorem 14.6 (Verification theorem) Suppose that we have two functions H(t, x) and g(t, x), such that

o H is sufficiently integrable (see Remark (14.3.4) below), and solves the HJB equation

%(s,x)usup (Fleaw) v AH(ex)y =0, Vex)e(®D = R
3 uell
H(Tx) - d(x), YxeR”

o The function g is an admissible control law.
»  For each fixed (t, x), the supremum in the expression

sup (Flexu) v A¥N X))

ucll
Is attained by the choice n = g(t, x).
Then the following hold.
1. The optimal value function 1 to the control problem is given by

Fiex) =Hiex).

2. There exists an optimal control law G, and in fact G(2, x) = g(t, x).

Remark 14.3.3 Note that we have used the letter H (instead of 1) in the HJB equation above. This is because the
letter 17 by definition denotes the optimal value function.

Proof Assume that F and g are given as above. Now choose an arbitrary control law wev, and fix a point (7, x). We
define the process X" on the time interval [# T] as the solution to the equation

dXy = pNeXds v 0N XA,
Xe =x

Inserting the process X* into the function H and using the It6 formula we obtain

.
H(TXY) =Hix)+ ] ( QH (5.X3) + (A" (_S‘Xs")‘l-fs
AT I

.
+ / Vo H (e X0 e X d We.
Jr
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Since H solves the H]B equation we see that

aif

L)+ Flexu) + AYH(x) =0
Bt

for all # € U, and thus we have, for each s and P-a.s, the inequality

a1

T(S-X;) (AN (X 5 - FM X,
1

From the boundary Condition for the HJB equation we also have uxh=ewd , so we obtain the inequality

T T
Hitx)z f #odds + PLKT) + f V(s 30 AW
H H
Taking expectations, and assuming enough integrability, we make the stochastic integral vanish, leaving us with the
inequality

T
Hitx) = a'.,x[ [ FMa K ds + PLAT) | = Jltxm).
3

Since the control law u was arbitrarily chosen this gives us

Hitx) = sup Jtxn) =V (ex).

uell

(14.24)

To obtain the reverse inequality we choose the specific control law u (1, x) = g (% x). Going through the same
calculations as above, and using the fact that by assumption we have

%(r,x) + Fg(ex) + ABH(1x) - 0,
&
we obtain the equality

T E E
Hitx) = Epy [ FEa X yds + DAT) | = Jitxg)
3

(14.25)

On the other hand we have the trivial inequality

Vitx) 2 Jexg).

(14.20)

so, using (14.24)—(14.26), we obtain

H(ex) 2 V(ex) 2 J(exg) = H(ex).
This shows that in fact
H(ex) =V(ex) = Jexg).

which proves that H = 1] and that g s is the optimal control law.
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Remark 14.3.4 The assumption that H is “sufficiently integrable” in the theorem above is made in order for the
stochastic integral in the proof to have expected value zero. This will be the case if, for example, H satisifes the
Condition

Vo HE AN Y s XN e £2
for all admissible control laws.

Remark 14.3.5 Sometimes, instead of a maximization problem, we consider a minimization problem. Of course we
now make the obvious definitions for the value function and the optimal value function. It is then easily seen that all
the results above still hold if the expression

sup (Flexu) + AN (6x))

uclV
in the HJB equation is replaced by the expression

infU[F{!.x,u] + AV (1))

Remark 14.3.6 In the Verification Theorem we may allow the control constraint set U to be state and time dependent,
i.e. of the form U(# x).

14.4 Handling the HJB Equation

In this section we will describe the actual handling of the H]JB equation, and in the next section we will study a classical
example—the linear quadratic regulator. We thus consider our standard optimal control problem with the
corresponding HJB equation:

3

4 (tx)+ sup (#(txa) + AV(Ex)) =0,
: ual

FiTx) =®(x).

(14.27)
Schematically we now proceed as follows.

1. Consider the HJB equation as a PDE for an unknown function 1/
2. Fix an arbitrary point (% x) € [0, T] X R" and solve, for this fixed choice of (7, x), the static optimization problem

maz [F(txu) + AV (x)]

Note that in this problem # is the only variable, whereas 7 and x are considered to be fixed parameters. The
functions F, p, o and 17 are considered as given.

3. The optimal choice of #, denoted by G, will of course depend on our choice of 7and x, but it will also depend on
the function 17 and its various partial derivatives (which are hiding under the sign 44). To highlight these
dependencies we write 0 as

u=u(Lx V).

(14.28)
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4. The function G (4, x; ) is our candidate for the optimal control law, but since we do not know [ this
description is incomplete. Therefore we substitute the expression for u in (14.28) into the PDE (14.27), giving
us the PDE

% (x) + Fﬁ(fax) + Aa(!.«x)l"(_m') =0,

(14.29)
V(T.x) = ®(x).

(14.30)

5. Now we solve the PDE above! (See the Remark below.) Then we put the solution [ into expression (14.28).
Using the verification theorem 14.6 we can now identify 1" as the optimal value function, and 4 as the optimal
control law.

Remark 14.4.1 The hard work of dynamic programming consists in solving the highly nonlinear PDE in step 5 above.
There are of course no general analytic methods available for this, so the number of known optimal control problems
with an analytic solution is very small indeed. In an actual case one usually tries to guess a solution, i.e. we typically
make an ansatz for ] parameterized by a finite number of parameters, and then we use the PDE in order to identify
the parameters. The making of an ansatz is often helped by the intuitive observation that if there is an analytical
solution to the problem, then it seems likely that [ inherits some structural properties from the boundary function @
as well as from the instantaneous utility function F

For a general problem there is thus very little hope of obtaining an analytic solution, and it is worth pointing out that
many of the known solved control problems have, to some extent, been “rigged” in order to be analytically solvable.

14.5 The Linear Regulator

We now want to put the ideas from the previous section into action, and for this purpose we study the most well
known of all control problems, namely the linear quadratic regulator problem. In this classical engineering example we
wish to minimize

T
E[/ {;Y;’QJYE + U;’RH;} di+ JY_T’H;YT .
0

(where ' denotes transpose) given the dynamics
dX;= {AX;+ Bug} di+ CdW,.

One interpretation of this problem is that we want to control a vehicle in such a way that it stays close to the origin
(the terms x'Ox and x'Hx) while at the same time keeping the “energy” #Ru small.

As usual X € R and u , € R, and we impose no control constraints on # The matrices O, R, H, A, B and C are
assumed to be known. Without loss of
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generality we may assume that O, R and H are symmetric, and we assume that R is positive definite (and thus
invertible).

The HJB equation now becomes

OV 2y + inf {¥'Ox+uwRu+ [ V] (t) [Ax + Bu] )
ot ueR*
1 %y
+ANT 9V aec; =0,
22 gy 05, 1
I’j
V(T x)=xHx

For each fixed choice of (4 x) we now have to solve the static unconstrained optimization problem to minimize
' Ru+ [ V] (6x)[4Ax + Bu].
Since, by assumption, R>0 we get the solution by setting the gradient equal to zero, thus giving us the equation
2w'R= - (V,V)B,
which gives us the optimal # as

M

= ;R“B*(er/)*.

Here we see clearly (compare point 2 in the scheme above) that in order to use this formula we need to know 1/ and
we thus try to make an educated guess about the structure of I From the boundary value function x'Hx and the
quadratic term x'Qx in the instantaneous cost function it seems reasonable to assume that 17 is a quadratic function.
Consequently we make the following ansatz

V(6x) = x"P(H)x +g(1),

where we assume that P(#) is a deterministic symmetric matrix function of time, whereas ¢(?) is a scalar deterministic
function. It would of course also be natural to include a linear term of the form L(7)x, but it turns out that this is not
necessary.

With this trial solution we have, suppressing the #variable and denoting time derivatives by a dot,
ov P
—(1x) =x'Px+gq,
5, ) g

VV(tx) =2x'P,
V. V(tx) =2P
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M

u= R'B'Px
Inserting these expressions into the HJB equation we get

x'Px+q+x'Ox+x' PBRIRR™B' Px + 2x' PAx

2x' PBR™'B' Px + Z P [CC'],=0.
iJ

We note that the last term above equals #{C'PC], where # denote the trace of a matrix, and furthermore we see that
2x'P Ax = x'A' Px + x' P Ax (this is just cosmetic). Collecting terms gives us

x' {p+Q PBR"R*p+AfP+PA}_x+};+zr[c*PC] = 0.

(14.31)

If this equation is to hold for all x and all # then firstly the bracket must vanish, leaving us with the matrix ODE
P=PBR ‘B'P-A'P-PA-Q.
We are then left with the scalar equation
g= - tr[C'PC].

We now need some boundary values for P and ¢, but these follow immediately from the boundary conditions of the
HJB equation. We thus end up with the following pairs of equations

P —PBR'BP—AP—PA-Q,

P(T) =H.
g =-wr[CPrC], (14.32)
q(T) =0
(14.33)

The matrix equation (14.32) is known as a Riccati equation , and there are powerful algorithms available for solving
it numerically. The equation for ¢ can then be integrated directly.

Summing up we see that the optimal value function and the optimal control law are given by the following formulas.

Note that the optimal control is linear in the state variable.

V(tx)=xP()x+ /T,fr [C"P()C]ds,
4

(14.34)

u(tx) = - R B P()x.

(14.35)



OPTIMAL CONSUMPTION AND INVESTMENT 213

14.6 Optimal Consumption and Investment
14.6.1 A Generalization

In many concrete applications, in particular in economics, it is natural to consider an optimal control problem, where
the state variable is constrained to stay within a prespecified domain. As an example it may be reasonable to demand
that the wealth of an investor is never allowed to become negative. We will now generalize our class of optimal control
problems to allow for such considerations.

Let us therefore consider the following controlled SDE
d‘]r{' = p("s‘yfsul)di + 0( f.«‘rrnuf)dwh

(14.36)

4¥0 = X0.
(14.37)

where as before we impose the control constraint # € U. We also consider as given a fixed time interval [0, T], and a
fixed domain D € [0, T] X R’, and the basic Idea is that when the state process hits the boundary 0 D of D, then the
activity is at an end. It is thus natural to define the stopping time t by

r=inf {1=0 |(£X}) € D} AT,

where x A y =min [x, y]. We consider as given an instantaneous utility function F(# x, #) and a “bequest function” @ (7,
x), L.e. a mapping ®:0 D— R. The control problem to be considered is that of maximizing

;
E[/ F(s,X;‘,llgf}ds+¢(er';) .
0

(14.38)

In order for this problem to be interesting we have to demand that X € D, and the interpretation is that when we hit
the boundary 0 D, the game is over and we obtain the bequest ®(1.X,) . We see immediately that our eatlier situation
corresponds to the case when D = [0, T] X R’ and when ® is constant in the #variable.

In order to analyze our present problem we may proceed as in the previous sections, introducing the value function
and the optimal value function exactly as before. The only new technical problem encountered is that of considering a
stochastic integral with a stochastic limit of integration. Since this will take us outside the scope of the present text we
will confine ourselves to giving the results. The proofs are (modulo the technicalities mentioned above) exactly as
before.

Theorem 14.7 (HJB equation) Assume that

o The optimal value function V" is in C*.
o An optimal law G exists.

Then the following hold.
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1. V7 satisifies the H]B equation

a_V (tx)+ sup [F(tam)+ AV (X)) =0, Yix)cD
d uell

Viex) =®ix), Yix)edDd

2. Foreach (1, x) € D the supremum in the H]B equation above is attained by n = G(t, x).
Theorem 14.8 (Verification theorem) Suppose that we have two functions H(t, x) and g(t, x), such that

o H is sufficiently integrable, and solves the HJB equation

24 (tx) + sup (Fltam)+ A“H(Ex)) =0, Yix)cl
at uel

Higx) =®(ex), Viex)e dD

o The function g is an admissible control lam.
o For each fixed (t, x), the supremum in the expression

sup {F(txa) + A“H(tx))

uell
Is attained by the choice n = g(t, x).
Then the following hold.
1. The optimal value function 1 to the control problem is given by

Vitx) = H(1x).
2. There exists an optimal control law G, and in fact G(2, x) = g(t, x).

14.6.2 Optimal Consumption

In order to illustrate the technique we will now go back to the optimal consumption problem at the beginning of the
chapter. We thus consider the problem of maximizing

E[/TF(J,L'r)dt + m(,’f;)},

0
given the wealth dynamics (14.39)

dx,= x}[u{’r-e-u,_'u]d: cdt +u' OX, AW,

As usual we impose the control constraints (14.40)

In a control problem of this kind it is important to be aware of the fact that one may quite easily formulate a
nonsensical problem. To take a simple example,
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suppose that we have @ =0, and suppose that F is increasing and unbounded in the ¢-variable. Then the problem
above degenerates completely. It does not possess an optimal solution at all, and the reason is of course that the
consumer can increase his/her utility to any given level by simply consuming an arbitrarily large amount at every # The
consequence of this hedonistic behavior is of course the fact that the wealth process will, with very high probability,
become negative, but this is neither prohibited by the control constraints, nor punished by any bequest function.

An elegant way out of this dilemma is to choose the domain D of the preceding section as D= [0,7] x {x |x>0} .
With 1 defined as above this means, in concrete terms, that

r=inf {#>0 ]Xx=0} AT,

A natural objective function in this case is thus given by

E[ ] rF(r,ct)a’r},
]

which automatically ensures that when the consumer has no wealth, then all activity is terminated.

(14.41)

We will now analyze this problem in some detail. Firstly we notice that we can get rid of the constraint 4 +4' =1 by
defining a new control variable » as w = #', and then substituting 1—» for #. This gives us the state dynamics

dXi=wi[d—r] Xt + (rX;— cp)dt + woX (dW s,
(14.42)

and the corresponding HJB equation is

v o v .. v .12 223

——+ sup (Fl{te)y+tmwx(d-—r)—+{mx-c)——+ xwo—— =0,

ot C<0,ch{ dx dx 2 dxt }
VilTx)y =0,
V(10) =0.

We now specialize our example to the case when F is of the form

F(te) = e_ﬁécy.,
where 0 <y < 1. The economic reasoning behind this is that we now have an infinite marginal utility at ¢ = 0. This will
force the optimal consumption plan to be positive throughout the planning period, a fact which will facilitate the
analytical treatment of the problem. In terms of Remark 14.4.1 we are thus “rigging” the problem.

The static optimization problem to be solved w.r.t. ¢ and w is thus that of maximizing

. a2
VU:.OI

+ %xz.,' 2 .,
dxx

e %Y 4 wx(d — r)% + (rx - r.)%
X x
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and, assuming an interior solution, the first order conditions are

Ve -lo, &V_P,

where we have used subscripts to denote partial derivatives.

(14.43)

(14.44)

We again see that in order to implement the optimal consumption—investment plan (14.43)—(14.44) we need to know
the optimal value function 17 We therefore suggest a trial solution (see Remark 14.4.1), and in view of the shape of the

instantaneous utility function it is natural to try a [“function of the form
V(tx) = e On(naY,
where, because of the boundary conditions, we must demand that

WT) =0.
Given a [ of this form we have (using - to denote the time derivative)

o e_ﬁrp’;xx?— Ge_&hxy,
ot

Inserting these expressions into (14.43)—(14.44) we get

a-r

w(Lx) = — ,
o (l-y)

c(tx) =xh() VO 9

(14.45)

(14.46)

(14.47)

(14.48)

(14.49)

(14.50)

(14.51)

This looks very promising: we see that the candidate optimal portfolio is constant and that the candidate optimal
consumption rule is linear in the wealth variable. In order to use the verification theorem we now want to show that a
I“function of the form (14.45) actually solves the HJB equation. We therefore substitute the expressions

(14.47)—(14.51) into the HJB equation. This gives us the equation

¥ {h(z) + AR(1) + Bh(5) Y0 ‘”} =0,
where the constants .4 and B are given by

4 ooya@-n' o 1ye-nt o

F(1-y) 21—y
B =1-y
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If this equation is to hold for all x and all # then we see that / must solve the ODE

W) + A + Ba(n 'V =g,

(14.52)

WT) =0.
(14.53)

An equation of this kind is known as a Bernoulli equation , and it can be solved explicitly (see the exercises).

Summing up, we have shown that if we define 1”as in (14.45) with / defined as the solution to (14.52)—(14.53), and if
we define w and ¢ by (14.50)—(14.51), then " satisfies the HJB equation, and W, ¢ attain the supremum in the equation.
The verification theorem then tells us that we have indeed found the optimal solution.

14.7 The Mutual Fund Theorems

In this section we will briefly go through the “Merton mutual fund theorems”, originally presented in Merton (1971).

14.7.1 The Case With No Risk Free Asset

We consider a financial market with # asset prices S, . . ., 5. To start with we do not assume the existence of a risk free
asset, and we assume that the price vector process S(7) has the following dynamics under the objective measure P,

ds = D(S)ad1t + D(S)0dW .
(14.54)

Here W is a A-dimensional standard Wiener process, a is an #-vector, ¢ is an 7 X £ matrix, and D(S) is the diagonal
matrix

D(8) = diag[S1,....5:].
In more pedestrian terms this means that

dS; = S,odt + S;0,dW,
where o, is the /th row of the matrix o.

We denote the investment strategy (relative portfolio) by #, and the consumption plan by ¢ If the pair (1 o) is self-
financing, then it follows from the S-dynamics above, and from Lemma 5.4, that the dynamics of the wealth process X
are given by

dX = Xw'ad!— cdt + Xw' odW .
(14.55)

We also take as given an instantaneous utility function F{(7 ¢), and we basically want to maximize
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E[][;TF(!,C;)LII}

where T'is some given time horizon. In order not to formulate a degenerate problem we also impose the Condition
that wealth is not allowed to become negative, and as before this is dealt with by introducing the stopping time

=l {40 X;=0} AT.

Our formal problem is then that of maximizing

E[ f rF(r,q)dt}
0

given the dynamics (14.54)—(14.55), and subject to the control constraints

"
wa = l.-
1

(14.56)
¢c=0
(14.57)
Instead of (14.50) it is convenient to write
e'w=1,
where ¢ is the vector in R” which has the number 1 in all components, ie. ¢ = (1, ... ,1).

The HJB equation for this problem now becomes

ﬂ(r,x,s) + sup {F(re)+A""V(txs)) =0,
af e'w=1,=0

V(Txs) =0,

V(t0s5) =0.

In the general case, when the parameters « and o are allowed to be functions of the price vector process S, the term
A“"V (tx,s) turns out to be rather forbidding (see Merton's original paper). It will in fact involve partial derivatives to
the second order with respect to all the variables x; s,. . ., s

n

If, however, we assume that « and ¢ are deterministic and constant over time, then we see by inspection that the wealth
process X is a Markov process, and since the price processes do not appear, neither in the objective function nor in the
definition of the stopping time, we draw the conclusion that in this case X itself will act as the state process, and we
may forget about the underlying S-process completely.
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Under these assumptions we may thus write the optimal value function as (% x), with no s-dependence, and after
some easy calculations the term 4%y turns out to be

; ) ~2
Ay = g OV OV %xzw, 5,0 I;
dx dx Ax
where the matrix ¥ is given by
z=g0

We now summarize our assumptions.
Assumption 14.7.1 We assume that

o The vector o is constant and deterministic.
o The matrix o is constant and deterministic.
o The matrix o has rank n, and in particular the matrix ¥ = o o' is positive definite and invertible.

We note that, in terms of contingent claims analysis, the last assumption means that the market is complete. Denoting

partial derivatives by subscripts we now have the following HJB equation

Vitx)+ sup {F(!,c) + (xw'd—-c)V, (Lx) + %xzw’ Ewax(t,.x)} =0,

Wwe=1,020
V(Tx) =0,
V(t0) =0.

If we relax the constraint #'e = 1, the Lagrange function for the static optimization problem is given by
L=F(te)+ (xwd—e)V (1x) + %A‘zw'Ewax(}.‘,x‘) +A(l—w'e).

Assuming the problem to be regular enough for an interior solution we see that the first order Condition for ¢ is

ﬁ =
3 (he) = Va(hx).

The first order Condition for w is
xa'lV, + szuw‘ Z=Ae',

so we can solve for » in order to obtain

(14.58)
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Using the relation éw = 1 this gives A as

A= xZVH + xV e’ s'a

-1
el e

and inserting this into (14.58) gives us, after some manipulation,

R
W= 1 sle+ Vi z—1|:eZ ae—c}.

ez e W e’z le
To see more clearly what is going on we can write this expression as (14.59)
w(l) =g+ Y(D)h,
where the fixed vectors g and 4 are given by (14.60)
g= L s,
e's e
. E_{ esla c} (14.61)
ez le -
whereas Y is given by (14.62)
viy = VatX®)
X(OV o (LX(1))
(14.63)

Thus we see that the optimal portfolio is moving stochastically along the one-dimensional “optimal portfolio line”
g+ sh,
in the (#—1)-dimensional “portfolio hyperplane” A, where

A= {(weR" le'w=1}.

We now make the obvious geometric observation that if we fix two points on the optimal portfolio line, say the points
w =g+ aband »’ = g+ bh, then any point » on the line can be written as an affine combination of the basis points »
and »/. An easy calculation shows that if » = g + s then we can write

w' = pw? + (1 - pyw’,

where

The point of all this is that we now have an interesting economic interpretation of the optimality results above. Let us
thus fix » and »/ as above on the optimal portfolio line. Since these points are in the portfolio plane A we can interpret



THE MUTUAL FUND THEOREMS 221

them as the relative portfolios of two fixed mutual funds. We may then write (14.60) as

w(l) = pow? + (1 - p(o)w’,
(14.64)
with

¥(t) b
a-b

p) =

Thus we see that the optimal portfolio W can be obtained as a“super portfolio” where we allocate resources between
two fixed mutual funds.

Theorem 14.9 (Mutual fund theorem) Assume that the problem is regular enough to allow for an interior solution. Then there

exists a one-dimensional parameteriged family of mutual funds, given by w = g+ sh, where g and b are defined by (14.61)—(14.62), such
that the following hold.

1. For each fixed s the relative portfolio w'stays fixed over time.

2. For any fixed choice of a F b the optimal portfolio u(7) 7s, for all values of t, obtained by allocating all resources between the fixed
Sfunds w'and W, i.e.

w(r) = piw +u" (w’,

P+t =1

3. The relative proportions (u,\") of the portfolio wealth allocated to w'and w'respectively are given by

PN (R
pin =
b a_ Y(1)
(0 —2,

where Y is given by (14.63).

14.7.2 The Case With a Risk Free Asset

Again we consider the model
ds = D(S)ads + D(S)adW (1),

(14.65)

with the same assumptions as in the preceding section. We now also take as given the standard risk free asset B with
dynamics

dB = rBdlt.

Formally we can denote this as a new asset by subscript zero, i.e. B = §,, and then we can consider relative portfolios

of the form w = (w,, w,,. . ., w)" where
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of course Tgw; = 1. Since B will play such a special role it will, however, be convenient to eliminate , by the relation

i
wo=1- wa,
1
and then use the letter » to denote the portfolio weight vector for the risky assets only. Thus we use the notation

w= (W]_., -:""n) £

and we note that this truncated portfolio vector is allowed to take any value in K.

Given this notation it is easily seen that the dynamics of a self-financing portfolio are given by

i i
dX=X- {Z we+ (1= w,)r}a’r —cdt+ X - w' adW.
1 1

That is,
dX = X -w (a-re)di+ (rX — &)di + X - w odW,
(14.66)
where as before ¢€ R" denotes the vector (1,1,. .., 1)".

The HJB equation now becomes

Vi(tx) + sup {ﬁ'(jr,c)+A’“"“"V{;t,x)} =0,

c‘r:{J,wEH”
ViTx) =0,
v(t0y =0.

where
AV = 3w (A= re)V, (1x) + (rx— )V (1x) + %xzw' EWV e (1,X).
The first order conditions for the static optimization problem are
(1) =viem),

RS
- AV 2 (a=re),

x>

and again we have a geometrically obvious economic interpretation.
Theorem 14.10 (Mutual fund theorem) Given assumptions as above, the following hold.

1. The optimal portfolio consists of an allocation between two fixed mutual funds n'and w.
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2. The fund ' consists only of the risk free asset.
3. The fund weonsists only of the risky assets, and is given by

wl=371 (a—re).

4. At each t the optimal relative allocation of wealth between the funds is given by

V. .(t.X(1))
XV, (LX)~

pn =11 (@),
Note that this result is not a corollary of the corresponding result from the previous section. Firstly it was an essential
ingredient in the previous results that the volatility matrix of the price vector was invertible. In the case with a riskless
asset the volatility matrix for the entire price vector (B, S,,. . ., ) is of course degenerate, since its first row (having
subscript zero) is identically equal to zero. Secondly, even if one assumes the results from the previous section, i.e. that

the optimal portfolio is built up from two fixed portfolios, it is not at all obvious that one of these basis portfolios can
be chosen so as to consist of the risk free asset alone.

wn =-

14.8 Exercises

Exercise 14.1 Solve the problem of maximizing logarithmic utility

E[/?{f—ahl(ﬁ;)df + K- ].ll(irr):|,

0

given the usual wealth dynamics
dX,:= X, [upr + u,_lu]d! cudt + 2! OX dW,,

and the usual control constraints

Exercise 14.2 A Bernoulli equation is an ODE of the form

: y O

X + AI.XI + b!"! = 0.,
where A and B are deterministic functions of time and « is a constant.

If o =1 this is a linear equation, and can thus easily be solved. Now consider the case o # 1 and introduce the new
variable y by

Show that y satisfies the linear equation

-j’x + (1 =)y, + (1 —a)B; = 0.
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Exercise 14.3 Use the previous exercise in order to solve (14.52)—(14.53) explicitly.

Exercise 14.4 The following example is taken from Bjork ez a/ (1987). We consider a consumption problem without
risky investments, but with stochastic prices for various consumption goods.

N = the number of consumption goods,
P = price, at 7, of good 7 (measured as dollars per unit per unit time),

20 =@, - -, 201,

¢(?) = rate of consumption of good 7

) =@, ..., a0l
X(# = wealth process,

r = short rate of interest,
T = time horizon.

We assume that the consumption price processes satisfy
dp, = p(p)dt+20,(p)dW,
where W, . .., I are independent. The X-dynamics become
dX = rXdt - ¢' pdt,

and the objective is to maximize expected discounted utility, as measured by

E[ f rF(r,q)dt}
0

r=ml {0, X;=0} AT

where 1 is the time of ruin, i.e.

(a) Denote the optimal value function by (7, x, p) and write down the relevant H|B equation (including boundary
conditions for # = T and x = 0).
(b) Assume that F is of the form

where 6 >0, 0 < o, < 1 and a=5{a, < 1. Show that the optimal value function and the optimal control have the
structure

Vitsp) =e %x%a7G(np),

k a;
o(txp) = -EfA(p)VG(:,pJ,

X
P;
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where G solves the nonlinear equation

N N 2
9G4 (ar-0)G+ (1-0a¥c ¥+ 3 199 + 3522 G =,
d¢ - 2y, - dpf

G(I.p) =0,peR".
If you find this too hard, then study the simpler case when N = 1.
(c)Now assume that the price dynamics are given by GBM, i.e.
dp, = ppdr + ﬁp,U;de.
Try to solve the G-equation above by making the ansatz
G(Lp) =g/ (p).
Warning: This becomes somwhat messy.

Exercise 14.5 Consider as before state process dynamics
d‘]f! = P'(J,}L'—!_,Hz)df + U(":*"fauﬁ)'dw.f

and the usual restrictions for # Our entire derivation of the HJB equation has so far been based on the fact that the
objective function is of the form

T
/ F(f,;ybh‘g)df + ¢’(4¥;r),
0

Sometimes it is natural to consider other criteria, like the expected exponential utility criterion

E[cxp []TF(I,,Y',,er)dt +P(X4) } } .
0

For this case we define the optimal value function as the supremum of

Fpy [cxp {/TF(J,X@%){?; +P(X4) } } .
t

Follow the reasoning in Section 14.3 in order to show that the HJB equation for the expected exponential utility
criterion is given by

%(Lx) +sup (V(Lx)F(txu) + AV (tx)) =0,
i

V(Tx) =e%0
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Exercise 14.6 Solve the problem to minimize

T
E[cxp {] ufdr + X; H
0

dX = (ax +w)di + odW

given the scalar dynamics

where the control # is scalar and there are no control constraints.

Hint: Make the ansatz

V(tx) = e’mkg*'g(ﬂ.

Exercise 14.7 Study the general linear—exponential-qudratic control problem of minimizing
T
F:[cxp {] (X OX;+ 0 Ry} dt + XI,HXTH
0

given the dynamics

dX.= {AX,+ Bu;} di + CdW,.

Exercise 14.8 The object of this exercise is to connect optimal control to martingale theory. Consider therefore a
general control problem of minimizing

T
E[ / FLX up)dt+ d(XYT
0

given the dynamics
dX ;= u(LXu)dt + o(LX u) dW,
and the constraints
u(Lx) e U,

Now, for any control law u , define the total cost process C(%u ) by
T
C(f', I.I) - fF(J,-Y;I,HSJdJ + ES,X;I |:f F(-wa’?,us)df"' ¢)(4¥?' :|,
0 t
Le.
C(f,u) = fF(A‘,A’?,us)ds +J(LX ).
0

Use the HJB equation in order to prove the following claims.

(a) If u is an arbitrary control law, then C is a submartingale.
(b) If u is optimal, then C is a martingale.



NOTES 227

14.9 Notes

Standard references on otpimal control are Fleming and Rishel (1975) and Krylov (1980). A very clear exposition can
be found in Dksendal (1995). For more recent work, using viscosity solutions, see Fleming and Soner (1993). The
classical papers on optimal consumption are Merton (1969) and Merton (1971). See also Karatzas ez al. (1987), and the
survey paper Duffie (1994). For optimal trading under constraints, and its relation to derivative pricing see Cvitani¢
(1997) and references therein. See also the book by Korn (1997).



15 Bonds and Interest Rates

15.1 Zero Coupon Bonds

In this chapter we will begin to study the particular problems which appear when we try to apply arbitrage theory to
the bond market. The primary objects of investigation are zero coupon bonds , also known as pure discount
bonds , of various maturities. All payments are assumed to be made in a fixed currency which, for convenience, we

choose to be US dollars.

Definition 15.1 4 zero coupon bond w:th maturity date 1, also called a T-bond, is a contract which guarantees the holder 1
dollar to be paid on the date 1. The price at time t of a bond with maturity date T is denoted by p(t, T).

The convention that the payment at the time of maturity, known as the principal value or face value , equals one is
made for computational convenience. Coupon bonds , which give the owner a payment stream during the interval [0,
1] are treated below. These instruments have the common property, that they provide the owner with a deterministic
cash flow, and for this reason they are also known as fixed income instruments.

We now make an assumption to guarantee the existence of a sufficiently rich and regular bond market.
Assumption 15.1.1 We assume the following.

o There exists a (frictionless) market for 1-bonds for every 1T>0.
o The relation p(t, ) = 1 holds for all ¢.
o For each fixed 1, the bond price p(t, ) is differentiable mr.t. time of maturity I.

Note that the relation p(#, ) = 1 above is necessary in order to avoid arbitrage. The bond price p(# 1) is thus a
stochastic object with two variables, # and T, and, for each outcome in the underlying sample space, the dependence
upon these variables is very different.

e Fora fixed value of £ p(7, T) is a function of T. This function provides the prices, at the fixed time 7 for bonds of
all possible maturities. The graph of this function is called “the bond price curve at 7°, or “the term structure at
7’. Typically it will be a very smooth graph, i.e. for each # p(z, T) will be differentiable w.r.t. T. The smoothness
property is in fact a part of our assumptions above, but this is mainly for convenience. All models to be
considered below will automatically produce smooth bond price curves.
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* For a fixed maturity T, p(#, T) (as a function of 7) will be a scalar stochastic process. This process gives the prices,
at different times, of the bond with fixed maturity T, and the trajectory will typically be very irregular (like a
Wiener process).

We thus see that (our picture of) the bond market is different from any other market that we have considered so far, in
the sense that the bond market contains an infinite number of assets (one bond type for each time of maturity). The
basic goal in interest rate theory is roughly that of investigating the relations between all these different bonds.
Somewhat more precisely we may pose the following general problems, to be studied below.

*  What is a reasonable model for the bond market above?

*  Which relations must hold between the price processes for bonds of different maturities, in order to guarantee
an arbitrage free bond market?

e Is it possible to derive arbitrage free bond prices from a specification of the dynamics of the short rate of
interest?

* Given a model for the bond market, how do you compute prices of interest rate derivatives, such as a European
call option on an underlying bond?

15.2 Interest Rates

15.2.1 Definitions

Given the bond market above, we may now define a number of interest rates, and the basic construction is as follows.
Suppose that we are standing at time 7, and let us fix two other points in time, $ and T, with # < §' < T. The immediate
project is to write a contract at time 7 which allows us to make an investment of one (dollar) at time §, and to have a
deterministic rate of return, determined at the contract time 4 over the interval [, T]. This can easily be achieved as

follows.
1. At time 7 we sell one S-bond. This will give us p(#, 5) dollars.
2. We use this income to buy exactly p(# 5)/p(#, T) T-bonds. Thus our net investment at time # equals zero.
3. At time S the S-bond matures, so we are obliged to pay out one dollar.
4. At time T the T-bonds mature at one dollar a piece, so we will receive the amount p(%, 5)/p(4, T) dollars.
5. 'The net effect of all this is that, based on a contract at £ an investment of one dollar at time § has yielded p(Z, )/

P, T) dollars at time T.
6. Thus, at time 7, we have made a contract guaranteeing a riskless rate of interest over the future interval [, T].
Such an interest rate is called a forward rate .

We now go on to compute the relevant interest rates implied by the construction above. We will use two (out of many
possible) ways of quoting forward rates, namely as continuously compounded rates or as simple rates.
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The simple forward rate (or LIBOR rate) L, is the solution to the equation

1+ (I'—S)L: p(IJLS‘) .
' ' p(tT)

whereas the continuously compounded forward rate K is the solution to the equation

RT3 - PLS)
p(tT)

The simple rate notation is the one used in the market, whereas the continuously compounded notation is used in
theoretical contexts. They are of course logically equivalent, and the formal definitions are as follows.

Definition 15.2
1. The simple forward rate for [S, T] contracted at 7 henceforth referred to as the LIBOR forward rate, is defined as

B (T-8)p(tT)
2. The simple spot rate for [S, T\ , henceforth referred to as the LIBOR spot rate, is defined as
Lisgy= - L&D 1
o (T-8)p(8.1)
3. The continuously compounded forward rate for [S, 7] contracted at 7 is defined as

log p(1.7) log p(1.5)
T-5

R(fa S‘JJ') = -

4. The continuously compounded spot rate , R(S, 1), for the period (S, 1| is defined as

res = PELED).

5. The instantaneous forward rate with maturity I, contracted at 7, is defined by

g dlog p(1,T)
Sn) —ar
6. The instantaneous short rate at time 7 is defined by
HOENSI))

We note that spot rates are forward rates where the time of contracting coincides with the start of the interval over
which the interest rate is effective, i.e. # = §. The instantaneous forward rate, which will be of great importance
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below; is the limit of the continuously compounded forward rate when § — T. It can thus be interpreted as the riskless
rate of interest, contracted at # over the infinitesimal interval [T, T + JT].

We now go on to define the money account process B.

Definition 15.3 The money account process is defined by

By = exp {fr(.s)d,r},
0

{dﬁ(r) = r($)B(H)dL,

ze.

B(O) =1.

The interpretation of the money account is the same as before, i.e. you may think of it as describing a bank with a
stochastic short rate of interest. It can also be shown (see below) that investing in the money account is equivalent to
investing in a self-financing “rolling over” trading strategy, which at each time 7 consists entirely of “just maturing”
bonds, i.e. bonds which will mature at # + 4.

As an immediate consequence of the definitions we have the following useful formulas.

Lemma 15.4 For + < s < T we have
T
p(LT) = p(Ls) * exp {— / S (!,w)du},
£

and in particular

T
p(LT) = exp {— / S (u)da'}‘
t

If we wish to make a model for the bond market, it is obvious that this can be done in many different ways.

¢ We may specify the dynamics of the short rate (and then perhaps try to derive bond prices using arbitrage
arguments).

¢ We may directly specify the dynamics of all possible bonds.

¢ We may specify the dynamics of all possible forward rates, and then use Lemma 15.4 in order to obtain bond
prices.

All these approaches are of course related to each other, and we now go on to present a small “toolbox” of results to
facilitate the analysis below. These results will not be used until Chapter 18, and the proofs are somewhat technical, so
the next two subsections can be omitted at a first reading

15.2.2 Relations Between df(t, T), dp(t, T) and dr(t)

We will consider dynamics of the following form.
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Short rate dynamics
dr() = a(di + b(HAW (1),
Bond price dynamics (15.1)
dp(L.T) = p(tT)m(L.T)dt + p(tT)v(LT)AW ({).
Forward rate dynamics (15.2)
df (1.7) = a(t,T)di + o(L.TYdW (1).

(15.3)

The Wiener process W is allowed to be vector valued, in which case the volatilities »(z, T) and o (%, T) are row vectors.
The processes a(?) and b(#) are scalar adapted processes, whereas (7, 1), v(#, T), « (¢, 1) and o (# T) are adapted
processes parameterized by time of maturity 1. The interpretation of the bond price equation (15.2) and the forward
rate equation (15.3) is that these are scalar stochastic differential equations (in the #variable) for each fixed time of
maturity 1. Thus (15.2) and (15.3) are both infinite dimensional systems of SDE:s.

We will study the formal relations which must hold between bond prices and interest rates, and to this end we need a
number of technical assumptions, which we collect below in an “operational” manner.

Assumption 15.2.1

1. For each fixed w, t all the objects m(t, 1), v(t, 1), o (¢, 1) and o (¢, 1) are assumed to be continnously differentiable in the 1-
variable. This partial T-derivative is sometimes denoted by m,. (t, T) ete.

2. Al processes are assumed to be regular enongh to allow us to differentiate under the integral sign as well as to interchange the order
of integration.

The main result is as follows. Note that the results below hold, regardless of the measure under consideration, and in
particular we do not assume that markets are free of arbitrage.

Proposition 15.5
1. Ifpt, 1) satisfies (15.2), then for the forward rate dynamics we have
df (L,T) = a(L,T)di + o(1,TYdW(1).

where a and o are given by

a(tTy =vI(tT) - v(tT) —mp(t.T),
o(t,T)y = vu(,T).
2. Ifft, 1) satisfies (15.3) then the short rate satisfies (15.4)

dr() = a(Ddt+ b(HdW (i),
where

a() = fr(a) +a(1y),
h(t) =o(Lr).

(15.5)
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3. Ifft, 1) satisfies (15.3) then p(t, ) satisfies

dp(t.1) = p(t1) {r(r) +A(T) + 2 S(1) 2}dr+ PUTIS(LTYAW (1),
where || | denotes the Euclidean norm, and

7

ATy = —/ a(zs)ds,
t
T

S(t1) = —/ a{t,5)ds.
t

(15.6)

Proof The first part of the proposition is left to the reader (see the exercises). For the second part we integrate the
forward rate dynamics to get

r(6)= f(0,4) + f a(s,d)ds + f o(s,0)dW (s).

0 0
Now we can write

(15.7)
a(sf) =a(ss) + f ap(s)du,

t
o(st) =0(ss)+ / Or(su)du,
JE

and, inserting this into (15.7), we have

r() = f(0.0) +/G(Ar,s)dx+f/ﬂay(s,u)dud,r
0 0 Js

t t [t
+/ a(s5)dW  + / / Or(su)dudW .
JO JO Sy

Changing the order of integration and identifying terms we obtain the result.

For the proof of the third part we give a slightly heuristic argument. The full formal proof, see Heath ez a/ (1987), is an
integrated version of the proof given here, but the infinitesimal version below is (hopefully) easier to understand. Using
the definition of the forward rates we may write

p(r'JT) = e}‘(i,y,)'l

where Y is given by (15.8)

T
Y(r) = -/ S (1s)ds.
t

(15.9)

From the It6 formula we then obtain the bond dynamics as
dp(tT) = p(tT)AY(1T) + 3 p(tT) (@Y (LT)),

(15.10)
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and it remains to compute &Y (#, T). We have
T
dy(tT) = - d(/ f(f,.s')d.s'),
t

and the problem is that in the integral the #variable occurs in two places: as the lower limit of integration, and in the
integrand f{#, ). This is a situation that is not covered by the standard It6 formula, but it is easy to guess the answer.
The # appearing as the lower limit of integration should give rise to the term

2 T
E(/lf f(f,.s‘)d.s‘)df,

Furthermore, since the stochastic differential is a linear operation, we should be allowed to move it inside the integral,

thus providing us with the term
T
( / df(:,.;)ds),
4

We have therefore arrived at
o ([T T
dY(LT) = - E(/ f{f,.s‘)ds)d!—/ df (1,5)ds,
t t
which, using the fundamental theorem of integral calculus, as well as the forward rate dynamics, gives us

T T
dY(L.T) =f(£,f)d!—/ cx(t,.r)dfds—/ o(L8)dW «ls.
t t

We now exchange df and 4W, with ds and recognize f{#, /) as the short rate #(#), thus obtaining

dY(L.T) = r(Ddt + A(LTYdt + S(L,T)d Wy,
with A and S as above. We therefore have
@r@my’= Jsen|a

and, substituting all this into (15.10), we obtain our desired result.

15.2.3 An Alternative View of the Money Account

The object of this subsection is to show (heuristically) that the risk free asset B can in fact be replicated by a self-
financing strategy, defined by “rolling over” just-maturing bonds. This is a “folklore” result, which is very easy to prove
in discrete time, but surprisingly tricky in a continuous time framework.
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Let us consider a self-financing portfolio which at each time 7 consists entirely of bonds maturing x units of time later
(where we think of x as a small number). At time 7 the portfolio thus consists only of bonds with maturity # + x, so the
value dynamics for this portfolio is given by

_dp(Lt+x)

av(n=y(n: 1 =2 =,

(15.11)

where the constant 1 indicates that the weight of the # + x-bond in the portfolio equals one. We now want to study the
behavior of this equation as x tends to zero, and to this end we use Proposition 15.5 to obtain

dp(rr+x) _

. S(LE+x)
p(tt+x) '

{rin +acesn +5

2 } dt+ S(tt+ x)dW ().

Letting x tend to zero, (15.6) gives us

limA(tt+x) =0
x—+0

limS(r+x) =0.

1—+0

]

Furthermore we have

limp(re+x) =1,

20
and, substituting all this into eqn (15.11), we obtain the value dynamics
dV () = r(NDV{HdlL,
(15.12)
which we recognize as the dynamics of the money account.

The argument thus presented is of course only heuristical, and it requires some hard work to make it precise. Note, for
example, that the rolling over portfolio above does not fall into the general framework of self-financing portfolios,
developed earlier. The problem is that, although at each time 7 the portfolio only consists of one particular bond
(maturing at 7 + x), over an arbitrary short time interval, the portfolio will use an infinite number of different bonds. In
order to handle such a situation, we need to extend the portfolio concept to include measure valued portfolios. This is
done in Bjork ez al. (1997a), and in Bjork ez al (1997b) the argument above is made precise.

15.3 Coupon Bonds, Swaps and Yields

In most bond markets, there are only a relative small number of zero coupon bonds traded actively. The maturities for
these are generally short (typically between half a year and two years), whereas most bonds with a longer time to
maturity are coupon bearing, Despite this empirical fact we will still assume the existence of a market for all possible
pure discount bonds, and we now go on to introduce and price coupon bonds in terms of zero coupon bonds.
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15.3.1 Fixed Coupon Bonds

The simplest coupon bond is the fixed coupon bond . This is a bond which, at some intermediary points in time, will
provide predetermined payments (coupons) to the holder of the bond. The formal description is as follows.

* Fix a number of dates, i.e. points in time, T, . .., T. Here T is interpreted as the emission date of the bond,
whereas T, ..., T are the coupon dates.
e Attime T,7=1,... 4 the owner of the bond receives the deterministic coupon ¢.

e At time T the owner receives the face value K.

We now go on to compute the price of this bond, and it is obvious that the coupon bond can be replicated by holding

a portfolio of zero coupon bonds with maturities T, 7= 1, .. ., n. More precisely we will hold ¢, zero coupon bonds of
maturity T, 7=1,...,7— 1,and K+ ¢ bonds with maturity T, so the price, p(?), at a time ¢ < T, of the coupon bond is
given by

1
p(H) =K p(t1,)+ Y ¢ p(tT).
i=1

(15.13)

Very often the coupons are determined in terms of return , rather than in monetary (e.g dollar) terms. The return for
the 7th coupon is typically quoted as a simple rate acting on the face value K, over the period [T, |, T]. Thus, if, for
example, the /th coupon has a return equal to 7, and the face value is K, this means that

¢ =r(Ti-Ti_ K.

For a standardized coupon bond, the time intervals will be equally spaced, i.e.
T, = TO + fli
and the coupon rates 7, . . . 7, will be equal to a common coupon rate 7. The price p(#) of such a bond will, for #= T},
be given by
p(H) =K (p(t1,) +r8y - p(£1)).
i=1

(15.14)

15.3.2 Floating Rate Bonds

There are various coupon bonds for which the value of the coupon is not fixed at the time the bond is issued, but
rather reset for every coupon period. Most often the resetting is determined by some financial benchmark, like a
market interest rate, but there are also bonds for which the coupon is benchmarked against a nonfinancial index.
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As an example (to be used in the context of swaps below), we will confine ourselves to discussing one of the simplest
floating rate bonds, where the coupon rate 7, is set to the spot LIBOR rate I(T, ,, T). Thus

¢ = (T =T LT 1. THK,

and we note that (T, T) is determined already at time T, ,, but that ¢ is not delivered until at time T. We now go on
to compute the value of this bond at some time # < T}, in the case when the coupon dates are equally spaced, with T —
T._, =8, and to this end we study the individual coupon ¢. Without loss of generality we may assume that K = 1, and

inserting the definition of the LIBOR rate (Definition 15.2) we have

=5 1 p(T,_1,7) = 1 1
Op(Ti_1.T)) p(Ti1.T3)

C;

The value at # of the term —1 (paid out at T), is of course equal to
_p(.fnTI)ﬁ

and it remains to compute the value of the term which is paid out at 7.

1
plli_n13) 2
This is, however, easily done through the following argument.

* Buy, at time % one T, -bond. This will cost p(z, T, ).

* Attime T, | you will receive the amount 1.

e Invest this unit amount in T-bonds. This will give you exactly m bonds.

e At T the bonds will mature, each at the face value 1. Thus, at time T, you will obtain the amount

1
p(Tr'—laTr'_\) .

This argument shows that it is possible to replicate the cash flow above, using a self-financing bond strategy, to the
initial cost p(#, T. ). Thus the value at 7, of obtaining at T, is given by p(#, T, ), and the value at 7 of the
coupon ¢, is

pIi-11) 0

p(tTi_y) — p(LTy).

Summing up all the terms we finally obtain the following valuation formula for the floating rate bond
p(1) = p(t1,) + Y [p(4Ti-1) = p(LT)] = p(tTy).
i=1
(15.15)

In particular we see that if # = T, then p(1,) = 1. The reason for this (perhaps surprisingly easy) formula is of course
that the entire floating rate bond can be replicated through a self-financing portfolio (see the exercises).
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15.3.3 Interest Rate Swaps

In this section we will discuss the simplest of all interest rate derivatives, the interest rate swap. This is basically a
scheme where you exchange a payment stream at a fixed rate of interest, known as the swap rate , for a payment
stream at a floating rate (typically a LIBOR rate).

There are many versions of interest rate swaps, and we will study the forward swap settled in arrears , which is
defined as follows. We denote the principal by K, and the swap rate by R. By assumption we have a number of equally
spaced dates T, . . ., T, and payment occurs at the dates T),. .., T (not at T,). If you swap a fixed rate for a floating

0

rate (in this case the LIBOR spot rate), then, at time T, you will receive the amount
EOL(T;-1.T))s

which is exactly K¢, where ¢ is the 7th coupon for the floating rate bond in the previous section. At T, you will pay the
amount

KOR.
The net cash flow at T’ is thus given by
Kﬁ[L(TI—I:TI) - R] B
and using our results from the floating rate bond, we can compute the value at 7 < T, of this cash flow as
Kp(£.T,-1) — K(1 + OR) p(LT}).
The total value IT (7, at 7, of the swap is thus given by
NH=K>  [p(tI;1) - (1 +3R)p(£1)],
i=1
and we can simplify this to obtain the following result.
Proposition 15.6 The price, for T, < t < T, of the swap above is given by
N5 =Kp(tTo) K> dip(t1)),
i=1
where

d, =R8,i=1,...n 1,
d, =1+R5.

The remaining question is how the swap rate R is determined. By definition it is chosen such that the value of the swap
equals zero at the time when the contract is made. We have the following easy result.
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Proposition 15.7 If, by convention, we assume that the contract is written at t = 0, the swap rate is gven by

R= p(O,TU) p(OaTﬂ) .
521 p(0.77)

In the case that T, = 0 this formula reduces to

_ 1 p(O,Tn)_
521 p(0.17)

15.3.4 Yield and Duration

Consider a zero coupon T-bond with market price p(#, T). We now look for the bond's “internal rate of interest”, i.c.
the constant short rate of interest which will give the same value to this bond as the value given by the market.
Denoting this value of the short rate by j we thus want to solve the equation

p(tTy=e” 00,
where the factor 1 indicates the face value of the bond. We are thus led to the following definition.

Definition 15.8 The continunously componnded zero coupon yield , y(z, 1), is given by

_ log p(e7)

1) =
y(eI) T

For a fixed t, the function T (2, ) is called the (zero coupon) yield curve .

We note that the yield y(# T) is nothing more than the spot rate for the interval [£ T]. Now let us consider a fixed
coupon bond of the form discussed in Section 15.3.1 where, for simplicity of notation, we include the face value in the
coupon ¢. We denote its market value at # by p(#). In the same spirit as above we now look for its internal rate of
interest, i.e. the constant value of the short rate, which will give the market value of the coupon bond.

Definition 15.9 T)e yield to maturity , y(2, 1), of a fixed coupon bond at time t, with market price p, and payments cat I for i =
1,. .. ,n, is defined as the value of y which solves the equation

1
p(1) = Z cie? T 0,

i=1

An important concept in bond portfolio management is the “Macaulay duration”. Without loss of generality we may
assume that 7 = 0.

Definition 15.10 For the fixed coupon bond above, with price p at t = 0, and yield to maturity y, the duration , D, is defined as

—yT.
D= —ZTT“?‘?’ i ‘.
r
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The duration is thus a weighted average of the coupon dates of the bond, where the discounted values of the coupon
payments are used as weights, and it will in a sense provide you with the “mean time to coupon payment”. As such it is
an important concept, and it also acts a measure of the sensitivity of the bond price w.r.t. changes in the yield. This is
shown by the following obvious result.

Proposition 15.11 With notation as above we have

1

=%{Zc{e yT*}= -D-p

1

17

3

(15.16)

Thus we see that duration is essentially for bonds (wir.t. yield) what delta (see Section 8.2) is for derivatives (wir.t. the
underlying price). The bond equivalent of the gamma is convexity , which is defined as

2
Cc= af,
dy

15.4 Exercises

Exercise 15.1 A forward rate agreement (FRA) is a contract, by convention entered into at # = 0, where the parties
(a lender and a borrower) agree to let a certain interest rate, R', act on a prespecified principal, K, over some future
period [5, T]. Assuming that the interest rate is continuously compounded, the cash flow to the lender is, by definition,
given as follows:

e At time S: —K
e At time T: K&,

The cash flow to the borrower is of course the negative of that to the lender.

(a) Compute for any time 7 < S, the value, IT (9, of the cash flow above in terms of zero coupon bond prices.
(b) Show that in order for the value of the FRA to equal zero at # = 0, the rate R" has to equal the forward rate R(0;
S, T) (compare this result to the discussion leading to the definition of forward rates).

Exercise 15.2 Prove the first part of Proposition 15.5.
Hint: Apply the It6 formula to the process log p(#, T), write this in integrated form and differentiate with respect to T.

Exercise 15.3 Consider a coupon bond, starting at T, with face value K, coupon payments at T, .. .,T’ and a fixed
coupon rate 7. Determine the coupon rate 7, such that the price of the bond, at T}, equals its face value.

Exercise 15.4 Derive the pricing formula (15.15) directly, by constructing a self-financing portfolio which replicates
the cash flow of the floating rate bond.

Exercise 15.5 Let {y(0, T); T = 0} denote the zero coupon yield curve at # = 0. Assume that, apart from the zero
coupon bonds, we also have exactly one
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fixed coupon bond for every maturity T. We make no particular assumptions about the coupon bonds, apart from the
fact that all coupons are positive, and we denote the yield to maturity, again at time # = 0, for the coupon bond with
maturity T, by y,(0, T). We now have three curves to consider: the forward rate curve f0, T), the zero coupon yield
curve (0, T), and the coupon yield curve y, (0, T). The object of this exercise is to see how these curves are connected.

(a) Show that

0.1 = vi0O.7" 4. ay(G)T)
SO =y(0.1) +1 — 37
(b) Assume that the zero coupon yield cuve is an increasing function of I. Show that this implies the inequalities
NMur (O‘T) N .}?(O:T) < I(O:Tja VT«

(with the opposite inequalities holding if the zero coupon yield curve is decreasing). Give a verbal economic
explanation of the inequalities.

Exercise 15.6 Prove Proposition 15.11.

Exercise 15.7 Consider a consol bond , i.e. 2 bond which will forever pay one unit of cash at 7= 1, 2, . . . . Suppose
that the market yield y is constant for all maturities.

(a) Compute the price, at # = 0, of the consol.

(b) Derive a formula (in terms of an infinite series) for the duration of the consol.

(c) Use (a) and Proposition 15.11 in order to compute an analytical formula for the duration.
(d) Compute the convexity of the consol.

15.5 Notes

Fabozzi (1995), and Sundaresan (1997) are standard textbooks on bond markets.
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16.1 Generalities

In this chapter we turn to the problem of how to model an arbitrage free family of zero coupon bond price processes
{p(+.1).,T=0} .

Since, at least intuitively, the price, p(4,1), should in some sense depend upon the behavior of the short rate of interest
over the interval [#T], a natural starting point is to give an a priori specification of the dynamics of the short rate of
interest. This has in fact been the “classical” approach to interest rate theory, so let us model the short rate, under the
objective probability measure P, as the solution of an SDE of the form

dar(t) = p(Lr(0)dt + o(Lr(H))dw (1).
(16.1)

The short rate of interest is the only object given a priori, so the only exogenously given asset is the money account,
with price process B defined by the dynamics

dB(f) = r(HB(Hdt.
(16.2)

As usual we interpret this as a model of a bank with the stochastic short rate of interest . The dynamics of B can then
be interpreted as the dynamics of the value of a bank account. To be quite clear let us formulate the above as a
formalized assumption.

Assumption 16.1.1 We assume the existence of one exogenously given (locally risk free) asset. The price, B, of this asset has dynamics
given by eqn (16.2), where the dynamics of v, under the objective probability measure P, are given by eqn (16.7). As in the previous
chapter, we make an assumption to guarantee the existence of a sufficiently rich bond market.

Assumption 16.1.2 We assume that there exists a market for gero coupon T-bonds for every value of T. We thus assume that our
market contains all possible bonds (plus, of course, the risk free asset above). Consequently it is a market containing an
infinite number of assets, but we again stress the fact that only the risk free asset is exogenously given. In other words,
in this model the risk free asset is considered as the underlying asset whereas all bonds are regarded as derivatives of
the “underlying” short rate 7 Our main goal is broadly to investigate the relationship which must hold in an arbitrage
free market between the price processes of bonds
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with different maturities. As a second step we also want to obtain arbitrage free prices for other interest rate derivatives
such as bond options and interest rate swaps.

Since we view bonds as interest rate derivatives it is natural to ask whether the bond prices are uniquely determined by
the given 7 dynamics in (16.1) and the Condition that the bond market shall be free of arbitrage. This question, and its
answer, are fundamental.

Question:
Are bond prices uniquely determined

by the P-dynamics of the short rate r?

Answer:

No!

For the reader who has studied Chapter 10, this negative result should be fairly obvious. The arguments below are
parallel to those of Section 10.2, and the results are in fact special cases of the general results in Section 10.4. If you
have already studied these sections you can thus browse quickly through the text until the term structure equation
(16.2). In order to keep this part of the book self-contained, and since the discussion is so important, we will (with
some apologies) give the full argument.

Let us start by viewing the bond market in the light of the meta-theorem 7.3.1. We see that in the present situation the
number M of exogenously given traded assets excluding the risk free asset equals zero. The number R of random
sources on the other hand equals one (we have one driving Wiener process). From the meta-theorem we may thus
expect that the exogenously given market is arbitrage free but not complete. The lack of completeness is quite clear:
since the only exogenously given asset is the risk free one we have no possibility of forming interesting portfolios. The
only thing we can do on the a priori given market is simply to invest our initial capital in the bank and then sit down
and wait while the portfolio value evolves according to the dynamics (16.2). It is thus impossible to replicate an
interesting derivative, even such a simple one as a T-bond.

Another way of seeing this problem appears if we try to price a certain T-bond using the technique used in Section 6.3.
In order to imitate the old argument we would assume that the price of a certain bond is of the form F(#n(?).
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Then we would like to form a risk free portfolio based on this bond and on the underlying asset. The rate of return of
this risk free portfolio would then, by an arbitrage argument, have to equal the short rate of interest, thus giving us
some kind of equation for the determination of the function FX Now, in the Black-Scholes model the underlying asset
was the stock S, and at first glance this would correspond to 7 in the present situation. Here, however, we have the
major difference between the Black-Scholes model and our present model. The short rate of interest 7 is not the price
of a traded asset, i.e. there is no asset on the market whose price process is given by 7. Thus it is meaningless to form a
portfolio “based on 7. Since there sometimes is a lot of confusion on this point let us elaborate somewhat. We observe
then that the English word “price” can be used in two related but different ways.

The first way occurs in everyday (informal) speech, and in this context it is not unusual (or unreasonable) to say that
the short rate of interest reflects the price of borrowing money in the bank. In particular we often say that it is
expensive to borrow money if the rate of interest is high, and cheap when the rate of interest is low.

The second (formalized) use of the word “price” occurs when we are dealing with price systems in the context of, for
example, general equilibrium theory. In this setting the word “price” has a much more precise and technical meaning
than in everyday language. Firstly a price is now measured in a unit like, say, pounds sterling. The short rate of interest,
on the contrary, is measured in the unit (#me)™', though for numerical reasons it is sometimes given as a precentage.
Secondly the price of an asset tells you how many pounds stetling you have to pay for one unit of the asset in question.
If, say, the price of ACME INC. stock is 230 pounds this means that if you pay 230 pounds then you will obtain one
share in ACME INC. If, on the other hand, the short rate of interest is 11%, this does not mean that you can pay 11
(units of what?) in order to obtain one unit of some asset (what would that be?).

This does not at all imply that the everyday interpretation of the interest rate as “the price of borrowing money” is
wrong. This aspect of the short rate already appears in fact in the equation, dB = rBdt, for the money account, where it
is obvious that if 7 is high, then our debt to the bank grows at a high rate.

When we use the word “price” in this text it is exclusively as in the second formalized meaning above, and a sloppy
usage will easily lead to nonsense and chaos.

To sum up:

* The price of a particular bond will not be completely determined by the specification (16.1) of the ~dynamics
and the requirement that the bond market is free of arbitrage.

* The reason for this fact is that arbitrage pricing is always a case of pricing a derivative in terms of the price of
some underlying assets. In our market we do not have sufficiently many underlying assets.
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We thus fail to determine a unique price of a particular bond. Fortunately this (perhaps disappointing) fact does not
mean that bond prices can take any form whatsoever. On the contrary we have the following basic intuition.

Idea 16.1.1

*  Prices of bonds with different maturities wil/ have to satisfy cerfain internal consistency relations 7 order to avoid
arbitrage possibilities on the bond market.

o Ifwe take the price of one particular “benchmark” bond as given then the prices of all other bonds will be uniguely determined
in terms of he price of the benchmark bond (and the r-dynamics).

This fact is in complete agreement with the meta-theorem, since in the a priori given market consisting of one
benchmark bond plus the risk free asset we will have R = M = 1 thus guaranteeing completeness.

16.2 The Term Structure Equation

To make the ideas presented in the previous section more concrete we now begin our formal treatment.

Assumption 16.2.1 We assume that there is a market for T-bonds for every choice of T and that the market is arbitrage free. We
assume furthermore that, for every I, the price of a T-bond has the form

pT) =F(tr(). T),
(16.3)
where F is a smooth function of three real variables.

Conceptually it is perhaps easiest to think of I as a function of only two variables, namely r and # whereas T is
regarded as a parameter. Sometimes we will therefore write F'(#7) instead of F(#5T). The main problem now is to find
out what F" may look like on an arbitrage free market.

Just as in the case of stock derivatives we have a simple boundary Condition. At the time of maturity a T-bond is of
course worth exactly 1 pound, so we have the relation

F(Tor,T)=1, lorall r.
(16.4)

Note that in the equation above the letter » denotes a real variable, while at the same time 7 is used as the name of the
stochastic process for the short rate. To conform with our general notational principles we should really denote the
stochastic process by a capital letter like K, and then denote an outcome of R by the letter 2 Unfortunately the use of »
as the name of the stochastic process seems to be so fixed that it cannot be changed. We will thus continue to use ras a
name both for the process and for a generic outcome of the process. This is somewhat sloppy, but we hope that the
meaning will be clear from the context.

In order to implement the ideas above we will now form a portfolio consisting of bonds having different times of
maturity. We thus fix two times of maturity §
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and T. From Assumption 16.2.1 and the It6 formula we get the following price dynamics for the T-bond, with
corresponding equations for the S-bond.

dF ' = Flapdt+ Flomdw,

where, with subindices » and 7 denoting partial derivatives,

(16.5)
Flepr] + ;UEF?Z
T= 7 >
r
_or] (16.6)
or=—r.
r
Denoting the relative portfolio by («, #,) we have the following value dynamics for our portfolio. (16.7)
T 3
av =V {u-j- dFT + uﬂd’i },
F F*
(16.8)

and inserting the differential from (16.5), as well as the corresponding equation for the S-bond, gives us, after some
reshuffling of terms,

dVr=7- {urcri-usqs}df'l'l"" {IJ]’OT +u5-03}dﬁ.

Exactly as in Section 6.3 we now define our portfolio by the equations

(16.9)
1758 + Ug = 1,
UrOr + UgOs = 0. (1610)
With this portfolio the 4 -term in (16.9) will vanish, so the value dynamics reduce to (16.11)
dV=V- {M_TCII + 1',{303} dt.
The system (16.10)—(16.11) can easily be solved as (16.12)
Uy = O-S E
Or-0Os
o= 9T (16.13)
Or—0s
and substituting this into (16.12) gives us (16.14)
av=v- {M}f,
Or— Og
(16.15)

Using Proposition 6.6, the assumption of no arbitrage now implies that this portfolio must have a rate of return equal
to the short rate of interest. Thus we have the Condition

Us0r—Ards _

r(r), forall rwith probability 1,
Or—0s

(16.16)
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o, written differently,

ag(n) r() _ ay(n) r(n)

as(1) ar(f)

(16.17)

The interesting fact about eqn (16.17) is that on the left hand side we have a stochastic process which does not depend
on the choice of T, whereas on the right hand side we have a process which does not depend on the choice of §. The
common quotient will thus not depend on the choice of either T or S, so we have thus proved the following
fundamental result.

Proposition 16.1 Assume that the bond market is free of arbitrage. Then there exists a process \ such that the relation

ap(f) r(f) = ACH)
or() -

(16.18)
holds for all t and for every choice of maturity time I.

Observe that the process A is universal in the sense that it is the same A which occurs on the right hand side of (16.18)
regardless of the choice of T. Let us now take a somewhat closer look at this process.

In the numerator of (16.18) we have the term o, () — (7). By eqn (16.5), a,(7) is the local rate of return on the T-bond,
whereas ris the rate of return of the risk free asset. The difference a.(?) — (%) is thus the risk premium of the T-bond.
It measures the excess rate of return for the risky T-bond over the riskless rate of return which is required by the

market in order to avoid arbitrage possibilities. In the denominator of (16.18) we have o.(7), i.e. the local volatility of the
T-bond.

Thus we see that the process A has the dimension “risk premium per unit of volatility”. The process A is known as the
market price of risk , and we can paraphrase Proposition 16.1 by the following slogan.

* In a no arbitrage market all bonds will, regardless of maturity time, have the same market price of risk.

Before we move on, a brief word of warning: the name “market price of risk” is in some sense rather appealing and
reasonable, but it is important to realize that the market price of risk is not a price in the technical (general equilibrium)
sense reserved for the word “price” in the rest of this text. We do not measure A in SEK, and A is not something which
we pay in order to obtain some commodity. Thus the usage of the word “price” in this context is that of informal
everyday language, and one should be careful not to overinterpret the words “market price of risk” by assuming that
properties holding for price processes in general equilibrium theory also automatically hold for the process A.

We may obtain even more information from eqn (16.18) by inserting our earlier formulas (16.6)—(16.7) for o, and o,
After some manipulation we then obtain one of the most important equations in the theory of interest rates—the
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so called “term structure equation”. Since this equation is so fundamental we formulate it as a separate result.

Proposition 16.2 (Term structure equation) [z an arbitrage free bond market, F'will satisfy the term structure equation

Fl+ (u-roy Fl+ %UZF;{_J_FT =0,

FI(rr =1

(16.19)

The term structure equation is obviously closely related to the Black-Scholes equation, but it is a more complicated
object due to the appearance of the market price of risk A. It follows from eqns (16.6), (16.7) and (16.18) that A is of the
form X = A (%7) so the term structure equation is a standard PDE, but the problem is that A is not determined within
the model. In order to be able to solve the term structure equation we must specify A exogenously just as we have to
specify p and o.

Despite this problem it is not hard to obtain a Feynman-Kac representation of F'. This is done by fixing (#7) and then

using the process
El
exp{—/ r'(u)du}f"f(fn’(ﬂ)-
t

If we apply the It6 formula to (16.20) and use the fact that " satisfies the term structure equation then, by using

(16.20)

exactly the same technique as in Section 4.5, we obtain the following stochastic representation formula.

Proposition 16.3 (Risk neutral valuation) Bond prices are given by the formula p(t,T) = F(t,/(2);1) where
F(trT)= B [e‘ f"‘“"‘“}

(16.21)

Here the martingale measure Q and the subscripts t,r denote that the expectation shall be taken given the following dynamics for the short
rate.

dr(s) = {H— Ao} ds + adW (s),

(16.22)

r(f)=r.
(16.23)
The formula (16.21) has the usual natural economic interpretation, which is most easily seen if we write it as

! Trglds
F(1r,T) = £ [e‘ e

(16.24)

We see that the value of a T-bond at time #is given as the expected value of the final payoff of one pound, discounted
to present value. The deflator used is the
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natural one, namely exp { - [;/r(x)ds} , but we observe that the expectation is not to be taken using the underlying
objective probability measure P. Instead we must, as usual, use the martingale measure Q) and we see that we have
different martingale measures for different choices of A.

The main difference between the present situation and the Black-Scholes setting is that in the Black-Scholes model the
martingale measure is uniquely determined. It can be shown (see Chapters 9 and 10) that the uniqueness of the
martingale measure is due to the fact that the Black-Scholes model is complete. In the present case our exogenously
given market is not complete, so bond prices will not be uniquely determined by the given (P-)dynamics of the short
rate 7. To express this fact more precisely, the various bond prices will be determined partly by the P-dynamics of the
short rate of interest, and partly by market forces. The fact that there are different possible choices of A simply means
that there are different conceivable bond markets all of which are consistent with the given ~dynamics. Precisely which
set of bond price processes will be realized by an actual market will depend on the relations between supply and
demand for bonds in this particular market, and these factors are in their turn determined by such things as the forms
of risk aversion possessed by the various agents on the market. In particular this means that if we make an ad hoc
choice of A (e.g. such as A = 0) then we have implicitly made an assumption concerning the aggregate risk aversion on
the market.

We can also turn the argument around and say that when the market has determined the dynamics of one bond price
process, say with maturity T, then the market has indirectly specified A by eqn (16.18). When A is thus determined, all
other bond prices will be determined by the term structure equation. Expressed in another way: all bond prices will be
determined in terms of the basic T-bond and the short rate of interest. Again we see that arbitrage pricing always is a
case of determining prices of derivatives in terms of some a priori given price processes.

There remains one important and natural question, namely how we ought to choose A in a concrete case. This question
will be treated in some detail, in Section 17.2, and the moral is that we must go to the actual market and, by using
market data, infer the market's choice of A.

The bonds treated above are of course contingent claims of a particularly simple type; they are deterministic. Let us
close this section by looking at a more general type of contingent T-claim of the form

X=®(r(1)),
(16.25)

where @ is some real valued function. Using the same type of arguments as above it is easy to see that we have the
following result.

Proposition 16.4 (General term structure equation) L ety be a contingent I-claim of the formx = ®(r(T)) . In an arbitrage
free market the price I1 (t, D) will be given as



250 SHORT RATE MODELS

ML P =FLr(n),
where I solves the boundary value problem

(16.26)
Fe+ (U=AOYF,+ 50°F = rF =0,
F(T.r) =@(r).
Furthermore F has the stochastic representation (16:27)
0 T
F(Lr,Ty=F, cxp{ ] r(.r)a’.r} X ‘1’(’(7))},
t
(16.28)

where the martingale measure Q and the subscripts t,r denote that the expectation shall be taken using the following dynamics.
dr(s) = {H— Ao} ds + adW (s),

(16.29)

r(H=r.
(16.30)
16.3 Exercises

Exercise 16.1 We take as given an interest rate model with the following P-dynamics for the short rate.
dar(t) = p(Lr(0)dt + o(Lr(H))dw (1).
Now consider a T-claim of the form x=®(r(T)) with corresponding price process IT (7).

(a) Show that, under any martingale measure (), the price process I1 () has a local rate of return equal to the short
rate of interest. In other words, show that the stochastic differential of IT (#) is of the form

dN(H = r(HN(HA + o {(HdW (1).

(b) Show that the normalized price process

) M
Z(1) = %

is a (O-martingale.

Exercise 16.2 The object of this exercise is to connect the forward rates defined in Chapter 15 to the framework
above.

(a) Assuming that we are allowed to differentiate under the expectation sign, show that

FtI) = Eg(z)[’"(f)ew { — [7r(s)ds) ]
| ng(s)[':xv{ j;r_?,f‘(‘r)ds]}
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(b) Check that indeed n(%) = f{£,9).

Exercise 16.3 (Swap a fixed rate vs. a short rate) Consider the following version of an interest rate swap. The
contract is made between two parties, A and B, and the payments are made as follows.

e A (hypothetically) invests the principal amount K at time 0 and lets it grow at a fixed rate of interest R (to be
determined below) over the time interval [0,T].

e At time T the principal will have grown to K, SEK. A will then subtract the principal amount and pay the
surplus K — K, to B (at time T).

* B (hypothetically) invests the principal at the stochastic short rate of interest over the interval [0,T].

e At time T the principal will have grown to K, SEK. B will then subtract the principal amount and pay the
surplus K — K, to A (at time 7).

The swap rate for this contract is now defined as the value, R, of the fixed rate which gives this contract the value zero
at = 0. Your task is to compute the swap rate.

Exercise 16.4 (Forward contract) Consider a model with a stochastic rate of interest. Fix a T-claim y of the form
X=®(r(T)), and fix a point in time % where # < I. From Proposition 16.4 we can in principle compute the arbitrage
free price for y if we pay at time 7 We may also consider a forward contract (see Section 6.6.1) on ycontracted at 7
This contract works as follows, where we assume that you are the buyer of the contract.

* At time T you obtain the amount y SEK.
e At time T you pay the amount K SEK.
* The amount K is determined at #

The forward price for ycontracted at 7 is defined as the value of K which gives the entire contract the value zero at
time 7 Give a formula for the forward price.

16.4 Notes

The exposition in this chapter is standard. For further information, see the notes at the end of the next chapter.
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17.1 Q-Dynamics

Let us again study an interest rate model where the P-dynamics of the short rate of interest are given by
dr(1) = p(Lr(0)dt + o(1r(H))dw.

(17.1)
As we saw in the previous chapter, the term structure (i.e. the family of bond price processes) will, together with all
other derivatives, be completely determined by the general term structure equation
Fo+ {H—AC) T, + %cran. _F =0,

F(Tr) =),

(17.2)
as soon as we have specified the following objects.

e The drift term p.
¢ The diffusion term o.
e The market price of risk A.

Consider for a moment o to be given a priori. Then it is clear from (17.2) that it is irrelevant exactly how we specify u
and A per se. The object, apart from o, that really determines the term structure (and all other derivatives) is the term pu
— Ao in eqn (17.2). Now, from Proposition 16.4 we recall that the term g — A o is precisely the drift term of the short
rate of interest under the martingale measure Q. This fact is so important that we stress it again.

Result 17.1.1 The term structure, as well as the prices of all other interest rate derivatives, are completely determined by specifying the t-
dynamics under the martingale measure Q.

Instead of specifying u and A under the objective probability measure P we will henceforth specify the dynamics of the
short rate r directly under the martingale meaure Q. This procedure is known as martingale modeling , and the
typical assumption will thus be that » under O has dynamics given by

dr(t) = p(tr(H))di+ o(Lr(H))dW (1),

(17.3)

where p and o are given functions. From now on the letter y will thus always denote the drift term of the short rate of
interest under the martingale measure Q.



INVERSION OF THE YIELD CURVE 253

In the literature there are a large number of proposals on how to specify the (-dynamics for . We present a (far from
complete) list of the most popular models. If a parameter is time dependent this is written out explicitly. Otherwise all
parameters are constant.

1. Vasicek
dr=(b—ar)di+ adW, (a>0),

2. Cox-Ingersoll-Ross (CIR) (17.4)
dr=a(b- r)dr+ oy rdw,

3. Dothan (17.5)

dr = ard!t + ordW .

4. Black-Derman-Toy (17.6)
dr=0(Drdt + o(HrdW,

5. Ho-Lee 17.7)

dr=0Q(Hdt + adW
6. Hull-White (extended Vasicek) (17.8)
dr= (000 — a(H)r)dt+ o(HdW, (a(f) > 0),
7. Hull-White (extended CIR) (17.9)

dr=(0(f) - a(t)r)dr+ o(t) rdW. (a(t) > 0).
(17.10)
17.2 Inversion of the Yield Curve

Let us now address the question of how we will estimate the various model parameters in the martingale models
above. To take a specific case, assume that we have decided to use the Vasicek model. Then we have to get values for
a, b, and o in some way, and a natural procedure would be to look in some textbook dealing with parameter estimation
for SDEs. This procedure, however, is unfortunately completely nonsensical and the reason is as follows.

We have chosen to model our 7-process by giving the (-dynamics, which means that @, b and o are the parameters
which hold under the martingale measure (). When we make observations in the real world we are not observing
under the martingale measure ¢, but under the objective measure P. This means that if we apply standard statistical
procedures to our observed data we will not get our {-parameters. What we get instead is pure nonsense.

This looks extremely disturbing but the situation is not hopeless. It is in fact possible to show that the diffusion term is
the same under P and under Q, so “in principle” it may be possible to estimate diffusion parameters using P-data. (The
reader familiar with martingale theory will at this point recall that a Girsanov transformation will only affect the drift
term of a diffusion but not the diffusion term.)
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When it comes to the estimation of parameters affecting the drift term of » we have to use completely different
methods.

From Section 10.5 we recall the following moral.

Question:

Who chooses the martingale measure?

Answer:

The market!

Thus, in order to obtain information about the (-drift parameters we have to collect price information from the
market, and the typical approach is that of inverting the yield curve which works as follows. (See the more detailed
discussion in Section 10.5.)

*  Choose a particular model involving one or several parameters. Let us denote the entire parameter vector by .
Thus we write the 7~dynamics (under Q) as

dr(f) = p(er(n), aydi+ o(Lr(). OdW (1),

(17.11)
* Solve, for every conceivable time of maturity 1, the term structure equation
rlaprl+ %ozﬁ,'{ 7T =0,
Fl(rr =1
(17.12)

In this way we have computed the theoretical term structure as
p(LT @) = Fi(Lr q).

Note that the form of the term structure will depend upon our choice of parameter vector. We have not made
this choice yet.

¢ Collect price data from the bond market. In particular we may today (i.e. at # = 0) observe p(0, T) for all values
of T. Denote this empirical term structure by {»'(0, 1); T = 0}.

*  Now choose the parameter vector « in such a way that the theoretical curve {p(0, T; o); T'= 0} fits the empirical
curve {p'(0, T); T = 0} as well as possible (according to some objective function). This gives us our estimated
parameter vector o .
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e Insert o "into p and 6. Now we have pinned down exactly which martingale measure we are working with. Let
us denote the result of inserting « " into p and o by u ~and o * respectively.

¢ We have now pinned down our martingale measure ¢, and we can go on to compute prices of interest rate
derivatives, like, say, x=(r(7)). The price process is then given by IT (4I") = G(#, (7)) where G solves the term
structure equation

- * *.2 - -
Gitp G+ 5[0 ]7°G—rG =0,

b3 | —

G(T.,r) =T(r).

(17.13)

If the above program is to be carried out within reasonable time limits it is of course of great importance that the
PDEs involved are easy to solve. It turns out that some of the models above are much easier to deal with analytically
than the others, and this leads us to the subject of so called affine term structures .

17.3 Affine Term Structures
17.3.1 Definition and Existence
Definition 17.1 If the term structure {p(t, 1); 0 < ¢+ < T, T"> O} has the form

p(T) = F(tr(0). T),

(17.14)
where F bas the form

F(’r 7 T) - eJﬂ(if,T)—B(ﬂ,T)!"

(17.15)
and where A and B are deterministic functions, then the model is said to possess an affine term structure (ATS).

The functions A and B above are functions of the two real variables #and T, but conceptually it is easier to think of .4
and B as being functions of £ while T serves as a parameter. It turns out that the existence of an affine term structure is
extremely pleasing from an analytical and a computational point of view, so it is of considerable interest to understand
when such a structure appears. In particular we would like to answer the following question.

* For which choices of u and o in the (J-dynamics for » do we get an affine term structure?

We will try to give at least a partial answer to this question, and we start by investigating some of the implications of an
affine term structure. Assume then that we have the Q-dynamics

dr(6) = p(tr(D)di+ o(4r(D)dw (1),

(17.16)

and assume that this model actually possesses an ATS. In other words we assume that the bond prices have the form
(17.15) above. Using (17.15) we may easily
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compute the various partial derivatives of I} and since I'' must solve the term structure equation (16.19), we thus obtain
A(LT) ~ {1+ BU(LT)) r— p(t,r)B(LT) + 20* (1) B (1T) = 0.

(17.17)
The boundary value F(T, nT) = 1 implies

A(T.T) =0,
B(T,T) =0.

(17.18)

Equation (17.17) gives us the relations which must hold between A4, B, yu and o in order for an ATS to exist, and for a
certain choice of p and o there may or may not exist functions .4 and B such that (17.17) is satisfied. Our immediate
task is thus to give conditions on p and o which guarantee the existence of functions .4 and B solving (17.17).
Generally speaking this is a fairly complex question, but we may give a very nice partial answer. We observe that if p
and ¢’ are both affine (i.e. linear plus a constant) functions of 7 with possibly time dependent coefficients, then eqn
(17.17) becomes a separable differential equation for the unknown functions .4 and B.

Assume thus that u and o have the form

o(r) =y y(r+a8(t).

{u(t,r) =a()r + B0,

(17.19)
Then, after collecting terms, (17.17) transforms into
ALT) = BOYBLT) + S0(0B (4T
- {1 + B.(tT) + Q(H)B(1T) — %y(f.)Bz(r,T)}r =0
(17.20)

This equation holds for all 7 T and 7, so let us consider it for a fixed choice of T and £ Since the equation holds for all
values of r the coefficient of » must be equal to zero. Thus we have the equation

By(tT) + a(£)B(1T) - %y(t')Bz(r,T) =1
(17.21)
Since the 7~term in (17.20) is zero we see that the other term must also vanish, giving us the equation
A(LT) = B(HB(LT) — %o(r)gz(gr}_
(17.22)

We may thus formulate our main result.
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Proposition 17.2 (Affine term structure) Assume that y. and c are of the form

piLr)  =al)r+ B,

o(r) =y y(r+a8(t).

(17.23)
Then the model admits an ATS of the form (17.15), where A and B satisfy the system
BALT) + A(DB(LT) - SYOBXET) = - 1.
B(T.T) =0.
(17.24)
ALY = BIDB(LT) - S8(HEX(AT),
A(T.T) =0.
(17.25)

We note that eqn (17.24) is a Ricatti equation for the determination of B which does not involve 4. Having solved eqn
(17.24) we may then insert the solution B into eqn (17.25) and simply integrate in order to obtain A.

An interesting question is if it is only for an affine choice of  and ¢” that we get an ATS. This is not generally the case,
but it can fairly easily be shown that if we demand that y and ¢” are time independent, then a necessary Condition for
the existence of an ATS is that u and ¢” are affine. Looking at the list of models in the previous section we see that all
models except the Dothan and the Black-Derman-Toy models have an ATS.

17.3.2 A Probabilistic Discussion

There are good probabilistic reasons why some of the models in our list are easier to handle than others. We see that
the models of Vasicek, Ho-Lee and Hull-White (extended Vasicek) all describe the short rate using a linear SDE. Such
SDEs are easy to solve and the corresponding ~processes can be shown to be normally distributed. Now, bond prices

are given by expressions like
p0,T) = E[cxp{ fi r(.c)d.c}},
0

and the normal property of r is inherited by the integral [;r(s)ds (an integral is just a sum). Thus we see that the
computation of bond prices for a model with a normally distributed short rate boils down to the easy problem of
computing the expected value of a log-normal stochastic variable. This purely probabilistic program can in fact be
carried out for all the linear models above (the interested reader is invited to do this), but it turns out that from a
computational point of view it is easier to solve the system of equations (17.24)—(17.25).

(17.26)

In contrast with the linear models above, consider for a moment the Dothan model. This model for the short rate is
the same as the Black-Scholes model for the underlying stock, so one is easily led to believe that computationally this
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is the nicest model conceivable. This is, however, not the case. For the Dothan model the short rate will be log-
normally distributed, which means that in order to compute bond prices we are faced with determining the distribution
of an integral [Jr(s)ds of log-normal stochastic variables. It is, however, a sad fact that a sum (or an integral) of log-
normally distributed variables is a particularly nasty object, so this model leads to great computational problems. It also
has the unreasonable property that the expected value of the money account equals plus infinity.

As for the Cox-Ingersoll-Ross model and the Hull-White extension, these models for the short rate are roughly
obtained by taking the square of the solution of a linear SDE, and can thus be handled analytically (see the exercises for
a simplified example). They are, however, quite a bit messier to deal with than the normally distributed models. See the
notes.

From a computational point of view there is thus a lot to be said in favour of a linear SDE describing the short rate.
The price we have to pay for these models is again the Gaussian property. Since the short rate will be normally
distributed this means that for every 7 there is a positive probability that 7(7) is negative, and this is unreasonable from
an economic point of view. For the Dothan model on the other hand, the short rate is log-normal and thus positive
with probability 1. It is also possible to show that the Cox-Ingersoll-Ross model will produce a strictly positive short
rate process. See Rogers (1995) for a discussion on these problems.

We end this section with a comment on the procedure of calibrating the model to data described in the previous
section. If we want a complete fit between the theoretical and the observed bond prices this calibration procedure is
formally that of solving the system of equations

p(0,T,0)=p (0,T) forall T> 0.

(17.27)

We observe that this is an infinite dimensional system of equations (one equation for each T) with « as the unknown,
so if we work with a model containing a finite parameter vector o (like the Vasicek model) there is no hope of
obtaining a perfect fit. Now, one of the main goals of interest rate theory is to compute prices of various derivatives,
like, for example, bond options, and it is well known that the price of a derivative can be very sensitive with respect to
the price of the underlying asset. For bond options the underlying asset is a bond, and it is thus disturbing if we have a
model for derivative pricing which is not even able to correctly price the underlying asset.

This leads to a natural demand for models which can be made to fit the observed bond data completely, and this is the
reason why the Hull-White model has become so popular. In this model (and related ones) we introduce an infinite
dimensional parameter vector « by letting some or all parameters be time dependent. Whether it is possible to actually
solve the system (17.27) for a concrete model such as the Hull-White extension of the Vasi¢ek model, and how this is
to be done in detail, is of course not clear a priori but has to be dealt with in
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a deeper study. We carry out this study for the Hull-White model in the next section.

It should, however, be noted that the introduction of an infinite parameter, in order to fit the entire initial term
structure, has its dangers in terms of numerical instability of the parameter estimates.

There is also a completely different approach to the problem of obtaining a perfect fit between today's theoretical bond
prices and today's observed bond prices. This is the Heath-Jarrow-Morton approach which roughly takes the observed
term structure as an initial Condition for the forward rate curve, thus automatically obtaining a perfect fit. This model
will be studied in the next chapter.

17.4 Some Standard Models

In this section we will apply the ATS theory above, in order to study the most common affine one factor models.

17.4.1 The Vasi¢ek Model
To illustrate the technique we now compute the term structure for the Vasicek model
dr=(b-ar)dt+ odWw.
(17.28)

Before starting the computations we note that this model has the property of being mean reverting (under Q) in the
sense that it will tend to revert to the mean level 4/a. The equations (17.24)—(17.25) become

B(tT) —aB(tT) = -1,
B(T,T) =0.
(17.29)
A(LT) = bB(LT) - 3BT,
A(T.T) =0.
(17.30)
Equation (17.29) is, for each fixed T, a simple linear ODE in the #variable. It can easily be solved as
sepqn = 1 J 1 —a(T-0)
B(tT) a{l e }
(17.31)
Integrating eqn (17.30) we obtain
2 [T T
A(LT) = 7/ B;'[:.S',T)dd‘— b/ B(s.T)ds,
t t
(17.32)

and, substituting the expression for B above, we obtain the following result.
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Proposition 17.3 (The Vasicek term structure) [z the VVasicek model, bond prices are given by

p(r,T} - eJﬂ(if,T)—B(ﬁ,T)f({f)-’
where
B(tT) = é {1 - eﬂ”(”)},

(BT) T+1)(ab 10"  o8%T)

2
a 4a

ATy =

For the Vasicek model, there is also an explicit formula for European bond options. See Proposition 17.9 below.

17.4.2 The Ho-Lee Model

For the Ho-Lee model the ATS equations become

B(tT) =-1,
B(T,T) =0.

A(LT) = OMNB(T) - 3BT,
A(T.T) =0.

These are easily solved as
B(tT) =T-1

T 2 3
ATy = / O(s)(s—Tds + o  (I-9 _
Jt 2 3

It now remains to choose ® such that the theoretical bond prices, at # = 0, fit the observed initial term structure {p'(0,
T); T= 0}. We thus want to find ® such that p(0, T) = p(0, T) for all T > 0. This is left as an exercise, and the solution
is given by
.S (0.
[S] = M2/
(0 37

+ ot

where £(0, /) denotes the observed forward rates. Plugging this expression into the ATS gives us the following bond
prices.

Proposition 17.4 (The Ho-Lee term structure) For the Ho-Lee model, the bond prices are given by

(0T 2
pOT) - L'w{(T-OJ’(ﬂH - ZuT-0-(7- r)r(r)}

p (01)
For completeness we also give the pricing formula for a European call on an underlying bond. We will not derive this
result by solving the pricing PDE (this is in fact very hard), but instead we refer the reader to Chapter 19 where we will
present a rather general option pricing formula (Proposition 19.14). It is then an easy exercise to obtain the result
below as a special case.
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Proposition 17.5 (Bond options) For the Ho-1 ee nodel, the price at 1, of a European call option with strike price K and exercise
date I, on an underlying S-bond, we have the following pricing formula.

‘-‘(f)TstS) = p(f,S)N(d) - p(f:T) K- N(d_ op)a

where (17.33)
5 e

0,=0(5-T1) ﬁ (17.34)

(17.35)

17.4.3 The CIR Model

The CIR model is much more difficult to handle than the Vasicek model, since we have to solve a Riccati equation. We
cite the following result.

Proposition 17.6 (The CIR term structure) The term structure for the CIR model is given by

FT(tr) = Ag(T - £ 20,

where
y:c_ .
Bl - 2(e¥ - 1) ,
(yta)(e¥ —1)+2y
2ab ] o
{a+yixi2)
do(x) = | — e ,
(y+a)(e¥™ 1y+2y
and

y=ya*+20%

It is possible to obtain closed form expressions for European call options on zero coupon bonds within the CIR
framework. Since these formulas are rather complicated, we refer the reader to Cox-Ingersoll-Ross (1985b).

17.4.4 The Hull-White Model

In this section we will make a fairly detailed study of a simplified version of the Hull-White extension of the Vasicek
model. The ¢-dynamics of the short rate are given by

dr= {©() —ar}dt+ adW (1),
(17.36)

where « and o are constants while ® is a deterministic function of time. In this model we typically choose « and o in
order to obtain a nice volatility structure whereas © is chosen in order to fit the theoretical bond prices {p(0, T); T >
0} to the observed curve {p'(0, T); T > 0}.
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We have an affine structure so by Proposition 17.2 bond prices are given by

p(r,T) - e_'q(f,T)—B(f,T)f‘(f)’
where A4 and B solve
(17.37)
Bt Ty =aB(tT)-1,
B(T.T) =0.
AT = O(HB(LT) - %02132(1,1"), (17.38)
A(T.T) =0.
The solutions to these equations are given by (17.39)
yrpan = 1 [ —a(T-1)
b(r,l_)—a{l e }
= [Tl 28201 — 0\ BsT Vs 17.40
A(LT) = 50°B*(T) - ©(s)B(s.T) ds. (17.40)
t
(17.41)

Now we want to fit the theoretical prices above to the observed prices and it is convenient to do this using the forward
rates. Since there is a one-to-one correspondence (see Lemma 15.4) between forward rates and bond orices, we may
just as well fit the theoretical forward rate curve {f(0,7); >0} to the observed curve {.f o), 1> 0} , where of
course [ is defined by s )= 3'““;‘_'"-7’. In any affine model the forward rates are given by

S(0.T) = Br(0.T)r(0) — Ar(0.7),
which, after inserting (17.40)—(17.41), becomes (17.42)

r T ' =3] 2 g
SO.I) =7 (0) + f 90 (s)ds - T (1- )2,
0 2a

(17.43)
Given an observed forward rate structure f our problem is to find a function ® which solves the equation

N T 2
£ = o) + [ T oas - O (1 e vrso,
. . . . U
One way of solving (17.44) is to write it as

2a

. (17.44)
where x and g are defined by 1T
(17.45)
x = —ax(f) + 9,
x(0) =7(0),
2 . 2
g =1 = T840,
We now have 2a
(17.40)

O(T) =x(T)+ax(T) = f7(0.T) +g(T) + ax(T)
=70 +g(My +a{f (O -g(T)},
(17.47)
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so we have in fact proved the following result.

Lemma 17.7 Fix an arbitrary bond curve {p'(0, T); T > 0}, subject only to the Condition that p'(0, 1) is twice differentiable mr.1. T.
Choosing © according to (17.47) will then produce a term structure {p(0, T1); T > 0} such that p(0, T) = p(0, T) for all T > 0.

By choosing ® according to (17.47) we have, for a fixed choice of # and o, determined our martingale measure. Now
we would like to compute the theoretical bond prices under this martingale measure, and in order to do this we have to
substitute our choice of ® into eqn (17.41). Then we perform the integration and substitute the result as well as eqn
(17.40) into eqn (17.37). This leads to some exceedingly boring calculations which (of course) are left to the reader. The
result is as follows.

Proposition 17.8 (The Hull-White term structure) Conusider the Hull-W hite model with a and o fixed. Having inverted the
yield curve by choosing © according to (17.47) we obtain the bond prices as

p(0.7)

pT) = 2(0.0

exp{s(z,r)f*(o,r) E;BI(I,T)(I ) B(r,T)r(f)},

(17.48)
where B is given by (17.40).

We end this section by giving, for the Hull-White, as well as for the Vasicek model, the pricing formula for a European
call option with time of maturity T and strike price K on an S-bond, where of course T < 5. We denote this price by (7,
T, K, S). At the present stage the reader is not encouraged to derive the formula below. In Chapter 19 we will instead
present a technique which will greatly simplify computations of this kind, and the formula will be derived with relative
ease in Section 19.6 (see Proposition 19.16). Note that the bond prices p(#, T) and p(#, 5) below do not have to be
computed at time £ since they can be observed directly on the market.

Proposition 17.9 (Bond options) Using notations as above we have, both for the Hull-White and the 1 asicek models, the following
bond option formula.

‘-‘(f)TstS) = p(f,S)N(d) - p(f:T) K- N(d_ op)a

(17.49)
where
_ 1 p(LS) 1
=, {pr:r,m} 2%
(17.50)
_1 —a(s- 02 - -
GP—E{l e™® T)}-‘/%u e 2Ty

(17.51)
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17.5 Exercises

Exercise 17.1 Consider the Vasicek model, where we always assume that « > 0.

(a) Solve the Vasicek SDE explicitly, and determine the distribution of (7. Hint: The distribution is Gaussian
(why?), so it is enough to compute the expected value and the variance.

(b) As # — o, the distribution of 7(?) tends to a limiting distribution. Show that this is the Gaussian distribution
Nl[b/ao/ @ ] . Thus we see that, in the limit, » will indeed oscillate around its mean reversion level 4/a.

(c) Now assume that 7/(0) is a stochastic variable, independent of the Wiener process W, and by definition having the
Gaussian distribution obtained in (b). Show that this implies that 7{#) has the limit distribution in (b), for all
values of 7 Thus we have found the stationary distribution for the Vasicek model.

(d) Check that the density function of the limit distribution solves the time invariant Fokker-Planck equation, i.e. the

Fokker-Planck equation with the <

5, “term equal to zero.

Exercise 17.2 Show directly that the Vasicek model has an affine term structure without using the methodology of
Proposition 17.2. Instead use the characterization of p(#, T) as an expected value, insert the solution of the SDE for 7,
and look at the structure obtained.

Exercise 17.3 Try to carry out the program outlined above for the Dothan model and convince yourself that you will
only get a mess.

Exercise 17.4 Show that for the Dothan model you have E9[B(1)] = w.
Exercise 17.5 Consider the Ho-Lee model
dr=0Q(Hdi+ adW (1).

Assume that the observed bond prices at # = 0 ate given by {p'(0, T); = 0}. Assume furthermore that the constant o is
given. Show that this model can be fitted exactly to today's observed bond prices with ® as

#*

o = aé;;_

(0.0) + 0™,
where / denotes the observed forward rates. (The observed bond price curve is assumed to be smooth.)
Hint: Use the affine term strucuture, and fit forward rates rather than bond prices (this is logically equivalent).

Exercise 17.6 Use the result of the previous exercise in order to derive the bond price formula in Proposition 17.4.
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Exercise 17.7 It is often considered reasonable to demand that a forward rate curve always has an horizontal
asymptote, Le. that lim,  _f{# T) exists for all 7 (The limit will obviously depend upon 7 and n(%)). The object of this
exercise is to show that the Ho-Lee model is not consistent with such a demand.

(a) Compute the explicit formula for the forward rate curve f#, T) for the Ho-Lee model (fitted to the initial term
structure).

(b) Now assume that the initial term structure indeed has a horizontal asymptote, i.e. thatlim,_ (0, T) exists. Show
that this property is not respected by the Ho-Lee model, by fixing an arbitrary time # and showing that £z, T)
will be asymptotically linear in 1.

Exercise 17.8 The object of this exercise is to indicate why the CIR model is connected to squares of linear diffusions.
Let Y be given as the solution to the following SDE.

Ay = (2a¥ + o* )t + 20\ Yaw, ¥(0) = y,,

Define the process Z by Z(z) = ¥(#). It turns out that Z satisfies a stochastic differential equation. Which?

17.6 Notes

Basic papers on short rate models are Vasic¢ek (1977), Hull and White (1990), Ho and Lee (1986), Cox e al (1985b),
Dothan (1978), and Black ez a/. (1990). For extensions and notes on the affine term structure theory, see Duffie and
Kan (1996). An extensive analysis of the linear quadratic structure of the CIR model can be found in Magshoodi
(1996). The bond option formula for the Vasi¢ek model was first derived by Jamshidian (1989). For examples of two-
factor models see Brennan and Schwartz (1979), (1982), and Longstaff and Schwartz (1992). Rogers (1997) shows
how it is possible to generate a wide class of short rate models by modelling the state price density directly under P and
using resolvents. A completely different approach to interest rate theory is given in Platen (1996) where the short rate
is derived as a consequence of an entropy related principle. See also Platen and Rebolledo (1995). For an overview of
interest rate theory see Bjork (1997).



18 Forward Rate Models

18.1 The Heath-Jarrow-Morton Framework

Up to this point we have studied interest models where the short rate 7 is the only explanatory variable. The main
advantages with such models are as follows.

* Specifying r as the solution of an SDE allows us to use Markov process theory, so we may work within a PDE
framework.
* In particular it is often possible to obtain analytical formulas for bond prices and derivatives.

The main drawbacks of short rate models are as follows.

* From an economic point of view it seems unreasonable to assume that the entire money market is governed by
only one explanatory variable.

e It is hard to obtain a realistic volatility structure for the forward rates without introducing a very complicated short
rate model.

¢ As the short rate model becomes more realistic, the inversion of the yield curve described above becomes
increasingly more difficult.

These, and other considerations, have led various authors to propose models which use more than one state variable.
One obvious Idea would, for example, be to present an a priori model for the short rate as well as for some long rate,
and one could of course also model one or several intermediary interest rates. The method proposed by Heath-Jarrow-
Morton is at the far end of this spectrum—they choose the entire forward rate curve as their (infinite dimensional)
state variable.

We now turn to the specification of the Heath-Jarrow-Morton (HJM) framework. We start by specifying everything
under a given objective measure P

Assumption 18.1.1 We assume that, for every fixed T > O, the forward rate £+, 'T) has a stochastic differential which nnder the

objective measure P is given by
df (¢.7) = a(t.T)dt + o(1.T)dW (1),

(18.1)

£ = £ 01,
(18.2)
whereW is a (d-dimensional) P-Wiener process whereas o, 1) and o(+, T) are adapted processes.

Note that conceptually eqn (18.1) is one stochastic differential in the #variable for each fixed choice of T. The index T
thus only serves as a “mark” or “parameter” in order to indicate which maturity we are looking at. Also note that we
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use the observed forward rated curve {f(0, T); T = 0} as the initial Condition. This will automatically give us a petfect
fit between observed and theoretical bond prices at # = 0, thus relieving us of the task of inverting the yield curve.

Remark 18.1.1 It is important to observe that the HJM approach to interest rates is not a proposal of a specific
model , like, for example, the Vasicek model. It is instead a framework to be used for analyzing interest rate models.
Every short rate model can be equivalently formulated in forward rate terms, and for every forward rate model, the
arbitrage free price of a contingent T-claim y will still be given by the pricing formula

ne; x) = EQ[CXP {/Tr‘(m)d‘r} . X}
0

where the short rate as usual is given by 7{s) = f{s, J).

Suppose now that we have specified a, o and {/(0, T); T = 0}. Then we have specified the entire forward rate structure
and thus, by the relation

T
p(LT) = exp { - / f(u)ds},
4

(18.3)

we have in fact specified the entire term structure {p(# T); T > 0, 0 < # < T}. Since we have 4 sources of randomness
(one for every Wiener process), and an infinite number of traded assets (one bond for each maturity T), we run a clear
risk of having introduced arbitrage possibilities into the bond market. The first question we pose is thus very natural:
How must the processes « and o be related in order that the induced system of bond prices admits no arbitrage
possibilities? The answer is given by the HJM drift Condition below:

Theorem 18.1 (HJM drift Condition) Assume that the family of forward rates is given by (18.1) and that the induced bond

market is arbitrage free. Then there exists a d-dimensional column-vector process
A = [MD,. A (D]

with the property that for all T = 0 and for all t < T, we have
T
a(,T) = O(!,T)/ o(s) ds — o(L,THA(L).
t

(18.4)
In these formmulas " denotes transpose.

Proof From Proposition 15.5 we have the bond dynamics

dp(t.1) = p(tT) {rm +A(LT) + %Ib‘(:r;f')

Z}dr + p(L1)S(LT)AW (1),

(18.5)
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where

A(eT) - /Ta(u)ds,
t

T
- j a{t,5)ds.
t

S(t.1)

The risk premium for the T-bond is thus given by (18.6)

A(LT) + SIS,
and, applying Result 10.5.1, we conclude the existence of a d-dimensional column-vector process A such that
| d
ACLTY + SIS(LOIP =D S[(L1AD).
i=1

Taking the T-derivative of this equation gives us eqn (18.4).

18.2 Martingale Modeling

We now turn to the question of martingale modeling, and thus assume that the forward rates are specified directly
under a martingale measure Q as

df (,.T) = a(,T)dt + o(4,THdW (1),

7.1 =7"(0,1), (18.7)

(18.8)

where W is a (d-dimensional) O-Wiener process. Since a martingale measure automatically provides arbitrage free
prices, we no longer have a problem of absence of arbitrage, but instead we have another problem. This is so because
we now have the following two different formulas for bond prices

T
p(0.7) =0Xp{ /f(O,‘rjr:?.v},
0

;
0,7) =E<|exp{ - chfJ}],
p(0.1) [p{ [

where the short rate » and the forward rates f are connected by #{#) = f#, /). In order for these formulas to hold
simultaneously, we have to impose some sort of consistency relation between « and o in the forward rate dynamics.
The result is the famous Heath-Jarrow-Morton drift Condition.

Proposition 18.2 (HJM drift Condition) Under the martingale measure Q, the processes o and o must satisfy the following
relation, for every t and every T 2 1.

a(rT) = cr(f,T)[Tcr(f,x)'dx,
t

(18.9)
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Proof A short and brave argument is to observe that if we start by modelling directly under the martingale measure,
then we may apply Proposition 18.1 with A = 0. A more detailed argument is as follows.

From Proposition 15.5 we again have the bond price dynamics

dp(1.T) = p(L,T) {r(_!) +A(LT) + %IS(!,T)

"‘}m + p(LT)S(LT)AW (1).

We also know that, under a martingale measure, the local rate of return has to equal the short rate . Thus we have the
equation

P(f) + A(LT) + SIS = r(8),

which gives us the result.

The moral of Proposition 18.2 is that when we specify the forward rate dynamics (under ¢J)) we may freely specify the
volatility structure. The drift parameters are then uniquely determined. An “algorithm” for the use of an HJM model
can be written schematically as follows.

1. Specify, by your own choice, the volatilities o (7, T).
2. The drift parameters of the forward rates are now given by

a(T) = O(I,T')fTO(f,s)'dJ‘,
t

(18.10)
3. Go to the market and observe today's forward rate structure
{70170},
4. Integrate in order to get the forward rates as
STy = /701) "'/O(G(Jaﬂdé'*fﬂ(ssT)dW(é')‘
(18.11)
5. Compute bond prices using the formula
T
pien)=ep{ - [ reusyas},
(18.12)

6. Use the results above in order to compute prices for derivatives.

To see at least how part of this machinery works we now study the simplest example conceivable, which occurs when
the process o is a deterministic constant.
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With a slight abuse of notation let us thus write 6 (7, T) = o, where 6 > 0. Equation (18.9) gives us the drift process as

T .
a(LT) = o/ ods = o*(T- 1),
T

so eqn (18.11) becomes

(18.13)
SUT)= /7 07) + fo o*(T - s)ds + /: odw (s),

e (18.14)
ran=rn (- L)+ aw .

In particular we see that ris given as (18.15)
r)= /=17 00+ crz% + 0 (1),

so the short rate dynamics are (18.16)

dr(t) = { Fo00,0) + ozr}dz-:- odW (1),
(18.17)

which is exactly the Ho-Lee model, fitted to the initial term structure. Observe in particular the ease with which we
obtained a perfect fit to the initial term structure.

18.3 The Musiela Parameterization

In many practical applications it is more natural to use time to maturity, rather than time of maturity, to parametrize
bonds and forward rates. If we denote running time by # time of maturity by T, and time to maturity by x, then we
have x = T — # and in terms of x the forward rates are defined as follows.

Definition 18.3 For all x = 0 the forward rates 1(t, x) are defined by the relation
r(ex) = [(11+x).
(18.18)

Suppose now that we have the standard HJM-type model for the forward rates under a martingale measure Q
df (L,T) = a(L,T)di + o(4,TYdW(1).

(18.19)

The question is to find the {-dynamics for 17, x), and we have the following result, known as the Musiela equation.
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Proposition 18.4 (The Musiela equation) Assume that the forward rate dynamics under Q are given by (18.19). Then
drtx) = { Fritx) + D(ix)}dt+ go(1,x)dW (1),
(18.20)
where
Op(tx) =0(tt+x),
D(x) = UD(I,x)foo(t,s)‘ds,
; 0

ERS

F
Proof Using a slight variation of the It6 formula we have
dr(tx) =df (14 + )+ 9L o yar,
or
where the differential in the term df(#, #+x) only operates on the first £ We thus obtain
dr(tx) = a(tt + x)di+ o(Ld+ x)dW (1) + %r(_u)d:,
X

and, using the HJM drift Condition, we obtain our result.

The point of the Musiela parameterization is that it highlights eqn (18.20) as an infinite dimensional SDE. It has
become an indispensible tool of modern interest rate theory.

18.4 Exercises
Exercise 18.1 Show that for the Hull-White model
dr=(0(1) - ar)di + odW
the corresponding HJM formulation is given by
df (tT) = a(t.T)dt + ce T Daw.
Exercise 18.2 (Gaussian interest rates ) Take as given an HJM model (under the risk neutral measure () of the form
df (,T) = a(,T)dt + o(1,THdW (1)
where the volatility 6 (7 1) is a deterministic function of 7 and T.

(a) Show that all forward rates, as well as the short rate, are normally distributed.
(b) Show that bond prices are log-normally distributed.
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Exercise 18.3 Consider the domestic and a foreign bond market, with bond prices being denoted by p (%, T) and p(7, T)
respectively. Take as given a standard HJM model for the domestic forward rates f(#, 1), of the form

dfd(fﬂT) =dy (I:"F)d!q. Dd(f,T)dW{f),

where IV is a multidimensional Wiener process under the domestic martingale measure Q. The foreign forward rates
are denoted by f(#, T), and their dynamics, still under the domestic martingale measure 0, are assumed to be given by

cff‘f(f,T) = CIJ(()‘,T)J! + O'f(.“,ﬂdW(f),

Note that the same vector Wiener process is driving both the domestic and the foreign bond market. The exchange
rate X (denoted in units of domestic currency per unit of foreign currency) has the ¢ dynamics

dX () = (N X{OHdi+ X(DH oy (HdW (1),

Under a foreign martingale measure, the coefficient processes for the foreign forward rates will of course satisfy a
standard HJM drift Condition, but here we have given the dynamics of f under the domestic martingale measure Q.
Show that under this measure the foreign forward rates satisfy the modified drift Condition

ar(tT) = or(LT) {/To_f’ (1.8)ds — U‘y’(f)},

t

Exercise 18.4 With notation as in the exercise above, we define the yield spread g(7, T) by
g(faT) = ff(f:T) - ,fd(faT)‘

Assume that you are given the dynamics for the exchange rate and the domestic forward rates as above. You are also
given the spread dynamics (again under the domestic measure Q) as

dg(t,T) = 0, (¢,T)dt + 0, (£,T)dW (1).
Detive the appropriate drift Condition for the coefficient process «, in terms of o, o, and o, (but not involving o).

Exercise 18.5 A consol bond is a bond which forever pays a constant continuous coupon. We normalize the coupon
to unity, so over every interval with lenght 47 the consol pays 1 - 4% No face value is ever paid. The price C(7), at time
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#, of the consol is the value of this infinite stream of income, and it is obviously (why?) given by

(1) =/ pits)ds.
¢

Now assume that bond price dynamics under a martingale measure (J are given by
dp(.T) = p(LT)r(Hdt + p(LT)v(LT)dW (1),

where I is a vector valued (-Wiener process. Use the heuristic arguments given in the derivation of the HJM drift
Condition (see Section 15.2.2) in order to show that the consol dynamics are of the form

dC(H =C(H(r(H - Ddt+ oDHdW (1),

where

C’r:.*(f_‘}:fup(i.,s')v(r,s)ds.
¢

18.5 Notes

The basic paper for this chapter is Heath ez a/ (1987). The Musiela parameterization was first systematically
investigated in Musiela (1993), and developed further in Brace and Musiela (1994). In Shirakawa (1991), Bjork (1995),
Bjork er al. (1997a,b), and Jarrow and Madan (1995) the theory has been extended to more general driving noise
processes. There is a growing literature on defaultable bonds. See Merton (1974), Duffie and Singleton (1994), Leland
(1994), Jarrow et al/ (1997) and Lando (1997). A number of authors have recently considered forward rate models with
so called lognormal volatility structure. This approach leads to a theoretical justification of Black-type bond option
formulas. See Miltersen ef a/ (1997) and Brace ef a/ (1997). Concerning practical estimation of the yield curve see
Anderson ez al (1996).



19 Change of Numeraire

19.1 Introduction

Eatlier in this text we encountered two probability measures: the objective probability measure P, and the “risk neutral”
martingale measure Q. In the present chapter we will introduce a whole new class of probability measures, including O
as a member of that class. These probability measures are connected to a technique called “change of numeraire”, and
in many practical situations the amount of computational work needed in order to obtain a pricing formula can be
drastically reduced by a suitable choice of numeraire.

To get some feeling for where we are heading, let us consider the pricing problem for a contingent claim y, in a model
with a stochastic short rate of interest 7(#). From the general theory we know that the price at #= 0 of i is given by the

formula
T
neo; x) = EQ[OKp{ / r(x)d‘r} ‘X}-
0

The problem with this formula from a computational point of view is that in order to compute the expected value we
have to get hold of the joint distribution (under Q) of the two stochastic variables [jr(x)ds and y, and finally we have
to integrate with respect to that distribution. Thus we have to compute a double integral, and in most cases this turns
out to be rather hard work.

(19.1)

Let us now make the (extremely unrealistic) assumption that 7 and y are independent under Q. Then the expectation
above splits, and we have the formula

n(o; x) = EQ[cxp{ / Tr(s)dx}] -E9[X],
]

which we may write as

N(0: x) = p(0.7) - E<[x].

(19.2)

We now note that (19.2) is a much nicer formula than (19.1), since

*  We only have to compute the single integral F°[y| instead of the double integral < [exp { - [y r(s)ds} - x| -
e The bond price p(0, T) in formula (19.2) does not have to be computed theoretically at all. We can observe it (at
¢t = 0) directly on the bond market.
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The drawback with the argument above is that, in most concrete cases, 7and  are not independent under (), and if y is
a contingent claim on an underlying bond, this is of course obvious. What may be less obvious is that even if y is a
claim on an underlying stock which is P-independent of 7 it will still be the case that y and » will be dependent
(generically) under Q. The reason is that under Q the stock will have 7 as its local rate of return, thus introducing a Q-
dependence.

This is the bad news. The good news is that there exists a general pricing formula (see Theorem 19.8), a special case
of which reads as

N0, x) = p(0.7) - E" [x].
(19.3)

Here E" denotes expectation wir.t. the so called forward neutral measure @', which we will discuss below. We see
from this formula that we do indeed have the multiplicative structure of (19.2), but the price we have to pay for
generality is that the measure 0" depends upon the choice of maturity date T.

In order to understand why formulas of this type have anything to do with the choice of numeraire let us give a very
brief and informal argument.

We start by recalling that the risk neutral martingale measure Q has the property that for every choice of a price
process IT (#) for a traded asset, the quotient

ne)
B(t)

is a O-martingale. The point here is that we have divided the asset price I1 () by the numeraire asset price B(?). It is
now natural to investigate whether this martingale property can be generalized to other choices of numeraires, and we
are (optimistically) led to the following conjecture.

Conjecture 19.1.1 Consider a fixed financial market, and a fixed “numeraire” asset price process S (2) on the market. Then there exists
a probability measure, denoted O, such that

1C))
So(8)

s a OP-martingale for every asset price process I1 (7).

Let us for the moment assume that the conjecture is true. We then fix a certain date of maturity T, and we choose the
bond price process p(#, 1) (for this fixed T) as numeraire. According to the conjecture there should then exist a
probability measure, which we denote by ', such that the quotient

1C))
p(tT)

is a martingale under the measure (', for every I1 (/) which is the price process of a traded asset. In particular we have
(using the relation p(1;T) = 1)
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neo) =Er[ ne) ]=Erlmm
(1) | p(10) o

(19.4)

where E" denotes expectation under 0. Let us now choose the derivative price process I (% y) as IT (7 above. Then
we have IT (1) = IT (T; x) = y, and (19.4) becomes

N, x) _,r
p(0.1) £ .

which gives us the formula (19.3). (19.5)

The main object of this chapter is to prove the truth of the conjecture above. This is done in Theorem 19.8, and the
rest of the chapter is devoted to applications of this technique.

19.2 The Normalized Economy

As our exogenously given model we take a factor model of the type discussed in Section 10.3, with the difference that
we allow for stochastic rate of interest. Thus, by X = (X,. . . . X*") we will denote the factors of the model, with the
notational convention that X*' is always the short rate 7 We make no a priori market assumptions, so whether or not a
particular component is the price process of a traded asset in the market will depend on the particular application. It
turns out that it is convenient to specify the model directly under a fixed martingale measure Q.

Assumption 19.2.1 The following objects are given a priori.

o An empirically observable (k + 1)-dimensional stochastic process

with the notational convention

X = ().

o A fixed martingale measure Q, under which the factor dynamics have the form
dX'(0 = W UX(dt+ 8 (LX(DAW (D, i=1,. .., k+1,

where W = (W,,. .. ,W)s a standard d-dimensional O-Wiener process.
o A risk free asset (money account) with the dynamics

dB(H) = r(H)B(NHd!.

From Proposition 10.9 we recall the following fact. (19.6)

Proposition 19.1 The price process for a given simple claim X = ®(X(T)) is given byN(t, Y ) = F(£.X(1)), where F is defined by

o [ 4
F(tx) = B cxp{ / r(.v)dx} . Y}
t
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For the model above we will now consider a fixed price vector S, consisting of # arbitrage free asset price processes
S®y .., S (). We could in fact consider the infinite set of all conceivable price processes in our model, but in order
not to get into conceptual problems concerning an infinite set of assets we confine ourselves to a finite set. This set
can, however, be chosen completely arbitrarily, subject only to the condition that all price processes can be interpreted
as prices for simple contingent claims. It turns out to be convenient to adjoin B as the #th component of the price
vector above, and we now make the formalized assumption, while also setting the notation.

Assumption 19.2.2

o We consider a fixed set of price processes S,(2),. . . , S (2), each of which is assumed to be the price process for some simple contingent
claim in the model above.
*  Under the martingale measure Q, the S-dynamics are written as

d
dS;(£) = r(NS(Hdt+S,() D oy(tX(1)dW (8),
=1

(19.7)
fori=0, ..,n—1
o The nth asset price is always given by

Sp(8) = B(D),
and thus (19.7) also holds for i = n with o, = 0 for j = 1,. . ., d.
Example 19.2 A typical example of the setup above is the following extension of the Black—Scholes model (under Q).

dSo(4) = r(H)Se(Ndt+ OSo(H)dW (1),

(19.8)
dr(£) = p(Lr())di+ o(Lr(£))dW (1),
(19.9)
dB(1) = r(f)B(n)dt.
(19.10)

In terms of our notation the factor vector X is given by
X=(XLx% = (8.

i.e. one of the factors (X' = §,) is a price process, whereas the other (X* = 7) is not. In this setting it would be natural to
study (among other things) the price vector § = (5, S,) with §, as above and S, a bond price process:

S1(0) = p(1.T1)

where T, is some fixed date of maturity.
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Remark 19.2.1 The assumption that all prices above are prices for simple contingent claims is needed for technical
reasons, to ensure that the volatility components o, above are functions of the state vector X at time 4 rather than
adapted functionals of the entire state trajectory over the interval [0, 4 (which would take us outside the scope of this
book).

We now go on to introduce the numeraire process.

Assumption 19.2.3 We assume the existence of a stochastic process 3, referred to as the numeraire process, which is assumed to satisfy
(under Q) an SDE of the form

dp(f) = pp(r.X(0)d1 + op(.X(H)dW (1).
(19.11)
The numeraire is furthermore assumed to have the property that 3 (7) > 0, with probability 1, for each = 0.

Remark 19.2.2 Note that, at this stage, the numeraire process could be almost any positive process. It can be a
financial index, like a price index or the price of a traded asset, but it can also be a nonfinancial index, like the
temperature (measured in Kelvin) at some given spot on the globe. The single most important special case occurs
when 8 is one of the asset prices S, . . ., §, above, so in that case $ will in fact be the price of a traded asset. There are
however interesting applications when 8 is not the price of a traded asset, an obvious one being the case when 3 equals
a price index.

Now we go on to introduce the normalized economy, which simply means that instead of looking at the price vector
process S(%) we look at the normalized price vector process S(?)/B (7).

Definition 19.3 T)e normalized economy (also referred to as the ““Z-economy”) is defined by the price vector process Z, where

RO

20= By

ze.

So() Si1(0) S0 S, ]
BN B BM) T B

Z() = Zo(8) ... Zy(D)] = [
Our main objective is to price contingent claims of the form
Y = ®(S(T).X(T)),
and the program to be carried out is schematically the following,

e Instead of pricing the claim Y directly in the S-economy, we study the normalized claim Y = Y /B(T).
e View the Z-model as a standard model for a financial market, and apply standard procedures in order to obtain
the arbitrage free price (in Z-terms) for the claim Y 7.
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e Transform the results back to the S-economy.

In order to implement the scheme above we have to deal with the problem of exactly how the Z-model is related to the
S-model. In particular we have to investigate if and how arbitrage free prices in the Z-model are related to arbitrage
free prices in the S-model. To be more precise, assume that a certain contract Y can be replicated in the Z-model,
using a portfolio strategy 4. We then have the following nontrivial questions.

e Is Y also replicable in the S-economy?

¢ If that is the case, how do we find the S-replicating portfolio?

* A given portfolio process 4 can, in our setting, be interpreted in two different ways: either as a portfolio in the S-
model, or as a portfolio in the Z-model. Assume that / is self-financing in the S-model. Is it then the case that
is also self-financing in the Z-model?

In order to analyze the problems we need some notation.
Definition 19.4

e A portfolio strategy s any adapted (n+1)-dimensional process
h(0) = [he(D (D) 5. .., Ia(D)]
e The S-value process [7(%h) corresponding to the portfolio b is given by

VI ) = hi(DSH(D).

i=0

*  The Z-value process V7(t; h) corresponding to the portfolio b is given by (1912
VAL =Y h(DZi(0).
i=0
« A portfilio is said to be S-self-financing if S
dvsit = Zh,(r)d&“(f)‘
i=0
o A portfolio is said to be Z-self-financing i (19
AVt h) = Zh,(i)dz.(f)<
i=0
(19.15)

o A contingent T-claim Y is said to be S-reachable if there exists an S-self-financing portfolio strategy b such that
VT = Y,

with probability 1.
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o A contingent T-claim Y is said to be Z-reachable if there exists a Z-self-financing portfolio strategy b such that
VAT =Y,

with probability 1.

The intuitive feeling is that the concept of a self-financing portfolio should not depend upon the particular choice of
numeraire. That this is indeed the case is shown by the main result of this section, which is the invariance lemma
below. It says roughly that the S-model and the Z-model are equivalent in a very strong sense.

Lemma 19.5 (Invariance lemma) With assumptions and notation as above, the following hold.
(1) The value processes V7 and V7are connected by

Vit hy = ﬁ V(e h).
IR

(1) A portfolio b is S-self-financing if and only if it is Z-self-financing,
(11i) A claim Y is S-reachable if and only if the claim

So(T)
is Z-reachable.

Proof The relation (i) follows immediately from the definitions, and (iii) follows from (i) and (ii), so it only remains to
prove (ii). Assume therefore that the portfolio 4 is S-self-financing. Denoting the scalar product between vectors by the
“scalar dot” -, using the notation o (9 = B7'(/), and suppressing the ~variable, we have from this assumption that

Z=B7's,
V= he S, (19.16)
yZ=pglys, (19.17)
ave=n-ds. (19.18)
(19.19)
We now want to prove that in fact
dave=h-dz.
Using the Ito formula on Z = 37§, we thus want to prove that
davZ= B h-ds+h-Sdp™ + h-dsdp.
(19.20)

Now, from (19.18) we have
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avi=prlavS +viapT +aplav®.
Substituting (19.17) and (19.19) into this equation gives
avi=p1h-as+n-sdgt+dpgth- s,
which is what we wanted to prove.

In the spirit of Definition 19.4, we may define the concepts of S-arbitrage portfolios and Z-arbitrage portfolios, S-
completeness and Z-completeness, and so on, but these definitions should by now be obvious. We have the following
easy result.

Proposition 19.6 With notation as above, the following hold.

o The S-market is arbitrage free if and only if the Z-market is arbitrage free.
o The S-market is complete if and only if the Z-market is complete.
o The process I1 (2) is an arbitrage free price process in the S-model if and only if the process

ne)
Bt

Is an arbitrage free price process in the Z-model.

Proof Since both arbitrage portfolios and reachable claims are defined entirely in terms of self-financing portfolios, the
results follow directly from the invariance lemma.

19.3 Pricing

We take as given the model of the previous section, as well as a T-claim Y . Observe now that the claim o can be
considered as a claim, either in the S-market, or in the Z-market. The corresponding arbitrage free prices of the claim
will be denoted by M(x, Y) and N“(x, Y) respectively. We then have the following simple but useful result.

Lemma 19.7 The following relation holds:

Y-}

nis Y )= N ——).
( ) =Bt ( BT

Proof We know by definition that M(4 Y ) is an arbitrage free price process in the S-market, and from Proposition
19.6 it then follows that
ne Y)
B(1)
is an arbitrage free price process in the Z-market. It only remains to compute the value of this latter price process at
time 7, and using the relation M(7, Y )= Y we obtain
nry) _ Y
B(T) By’

which gives us the result.
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Thus we see that the problem of computing the S-price of Y is reduced to the problem of computing the Z-price of
% At this level of generality, very little can be said about this price, but if we assume that the numeraire process is
the price process of a traded asset, we can obtain much stronger results.

Assumption 19.3.1 For the rest of this section, the numeraire process 3 is assumed to be the price process of a traded asset . I
technical terms we thus assume that 3 is the arbitrage free price process for some (simple) contingent clains, and without loss of generality we
may assume that this asset has index number zero, i.e. 3 () = S,(9).

Remark 19.3.1 Note that S, does not have to be one of the “underlying” assets in the a priori given model. It can
equally well be a derivative of the underlying, in which case we simply adjoin it to the original model, and give it index
number zero.

Because of this assumption and our normalization, we have a very simple structure for Z-prices, and in order to see
this, we recall that in the Z-market we have one particularly simple asset price, namely the process

o Sp(t) _
Lglty = —=—=1.
olf) So(f)

Thus the Z-market is a market where the riskless rate of return equals zero , and this fact immediately gives us the
following fundamental result, which shows the correctness of Conjecture 19.11.

Theorem 19.8 (Main theorem) Lez the numeraire S be the price process for a traded assset with S,() > O for all t. Then there
exists a probability measure, denoted by O, with the following properties.

o For every T-claim Y , we have

NGt Y) = 5o(NE [ﬁ],
(19.21)
where E'denotes expectation wr.t. (.
o The OI'-dynamics of the Z-processes are given by
dZ,=Z.[0,—05)dW, i=0,.. ., n
(19.22)
o The O'-dynamics of the price processes are given by
ds; = S;(r + 0,0, )dt + 5,0dW°,
(19.23)

where W'is a O'-Wiener process.
o The O'-dynamics of the X-processes are given by

dx'(f)= (Y + 8a, ydt+ 8aw’(s).

(19.24)
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o The measure Q' depends upon the choice of numeraire asset S

\» but the same measure is used for all claims, regardless of their exercise
dates.

Proof Since, in the Z-model, the riskless rate equals zero, it follows from Proposition 10.6 that there exists a measure
0, such that

N6 & = £y [€]

for any contingent T-claim &. This formula (with §= Y /8,(7)) together with Lemma 19.7 gives us the pricing formula
(19.21). The Q-dynamics of Z, are easily obtained as

dz; = Z;(10,* - 6,0, )dt + Z;(0; - Og)dW

and from the fact that, under a martingale measure, all price processes have a local rate of return equal to the short rate
of interest, while the diffusion part remains unchanged, we have (19.22) for the ¢’-dynamics for Z.

Since by definition %, = % we can obtain the (-dynamics of S, by writing S, = B/Z , applying 1td's formula on the
quotient, and using the Q -dynamics for Z given by (19.22). (The B-dynamics are the same under ¢’ as under Q.) We
can then write §, = Z, - §,, and use the §,-dynamics just obtained together with (19.22) in order to get the (/-dynamics
for §. for 7 # 0. Thus we have identified the A-process of Proposition 10.6 as A =

(19.24) follow from Proposition 10.6.

o,, and now the factor dynamics

Remark 19.3.2 We emphasize again that the reason why we need the numeraire process to be the price of a traded
asset in the theorem above is that this assumption implies that the normalized economy has a risk free asset with zero
rate of return. In a more abstract approach the “tradability” assumption is formalized by an assumption that the
numeraire asset has the property that S,()/B(# is a martingale under the (not necessarily unique) risk neutral
martingale measure Q.

Remark 19.3.3 For the probabilist we note that the result above implies that the likelihood process

_ dg°
L(H)= -
has the dynamics
dL = LogdW,

i.e. the Girsanov transformation is determined by the numeraire volatility.

The main point of Theorem 19.8 is the pricing formula (19.21), which is particularly useful when the claim Y is of the
form

Y =80(T) &
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since then we obtain the simple expression

ML Y)=So(DE i, [€].

A typical example when this situation occurs is when we want to compute derivatives of several underlying assets.
Assume for example that we are given two asset prices S, and 5, as well as a stochastic rate of interest 7, and that the
contract Y to be priced is of the form Y = ®(So(7).51(7)), where ® is a given linearly homogeneous (see Section
9.4) function. Using the standard machinery we would have to compute the price as

" T
N, X)= Ef;.{.(é) [cxp{ / r(x)ds}@(.i‘u(T),SI(T))},
' o

which essentially amounts to the calculation of a triple integral. If we instead use §, as numeraire we have
(L X) = So(DE i [9(Z1(T)] & .

(19.25)

where @ () = @ (1, 3) and Z,(T) = S,(1)/5,(T). Note that the factor S, (9 is the price of the traded asset S, at time 4 so
this quantity does not have to be computed—it can be directly observed on the market. Thus the computational work
is reduced to that of computing a single integral, and for the actual computation we use the (’-dynamics of Z given by
(19.22).

Example 19.9 We now go back to Example 9.5 to see how the results above can be applied. Assume that we have two
stocks, S, and S, with price processes of the following form under the objective probability P,

dSy = dgSoddt + OuSdW .

(19.26)

(.ES]_ = o.]_Slfjf + U]_S]_Cfﬁ}l.
(19.27)

Here w ,and w, are assumed to be independent P-Wiener processes, but it would also be easy to treat the case when
there is a coupling between the two assets.

Under the standard risk neutral measure ¢ (with B as numeraire) the price dynamics will be given by
dSo - ?'Sodf + U@SOCIWO,

(19.28)

dSl = I‘Sldf + crlSldWl.

(19.29)

The T-claim to be priced is an exchange option , which gives the holder the right, but not the obligation, to exchange
one S, share for one §, share at time 1. Formally this means that the claim is given by Y = max [S(T) - §o(7),0], and
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we note that we have a linearly homogeneous contract function. From Theorem 19.8, and using homogeneity, the
price at # = 0 is given by

N0, Y) = So(0)E’ [max [Z,(T) - 1.0] ],

with Z () = 5,(9)/S,(?). We are thus in fact valuing a European call option on Z (1), with strike price K = 1. Again from
Theorem 19.8 we have the Z-dynamics under (' as

dZy = Z, [01dW) - opdWy],

which we can write as

dzy =7y o + ordv’®

where 1”7 is a (-Wiener process. The price is thus given by the formula
N(0; X) = So(0) - ¢(0.2,(0)).

Here «(7, z,) is given directly by the Black—Scholes formula as the price of a European call option, valued at 0, with time
of maturity T, strike price K = 1, short rate of interest » = 0, on a stock with volatility 1/ o; + 0 and price 3.

19.4 Forward Measures
19.4.1 Using the T-Bond as Numeraire

We now go on to apply the general results above to the bond market. Let us therefore consider an arbitrary T-claim

Y , and choose the numeraire §, as the bond maturing at T, i.e. §,(7) = p(#, T). Note that the maturity date of the bond
coincides with the maturity date of the derivative. From Theorem 19.8 we infer the existence of a measure (', known
as the T-forward neutral measure. such that

Y

. L I
N Y)=pDE vo gy

15

(19.30)
which reduces to the following fundamental formula.

Proposition 19.10 With Q" denoting the forward neutral measure, and E'denoting expectation under Q", the following relation holds for
every 1-claimy .

N, Y) = p(DE [ Y]
(19.31)
We have thus finally proved the formula (19.3). Note that in the degenerate case when ris deterministic, the forward

measure ()" is equal to the risk neutral measure Q.

Lemma 19.11 If the short rate r is deterministic, then

Jor every choice of maturity T.



286 CHANGE OF NUMERAIRE

Proof In the case of a deterministic short rate, it is trivial to see that bond prices are given by

p(L.T) = exp { - /Tr(.r)d.f},
t

SO p(LT) = B(1) exp { — [ r(x)ds}) . Thus (19.30) is satisfied by setting 0" equal to Q.

The forward neutral measures are natural to use when dealing with interest rate derivatives, but for options (on bonds
or stocks) there are even further simplifications to be made, which we will meet in the next section.

We finish this section with a note on the connection between () and Q". First we notice that for any contingent 1-claim

we have the relations
T
neo, Y ) =EQ[exp{ —] r(s)ds} Y:|
0

N, Y) =pOnNE [Y].

Generalizing this argument from the case 7 = 0 to an arbitrary # we have the following results, which connect the
forward neutral measures to the risk neutral measure.

Proposition 19.12 For any simple T-claim Y , the following relation holds.

El

E'[Y]= EQl exp { — [gr(s)ds} | v

r(0.7)
(19.32)
; Eﬁ,z [exp{— f(f'r(;)ds} Y]
LY p(t1) '
(19.33)

Remark 19.4.1 The probabilist will identify

exp { — Jor(s)ds)
p(0,1)

as the Radon—Nikodym derivative ddQQT (on & 7).

19.4.2 An Expectation Hypothesis

We now move to the forward rate process f{#, T). The economic interpretation of £z, T) is that this is the riskless rate of
return which we may have on an investment over the infinitesimal interval [T, T + 41] if the contract is made at £z On
the other hand, the short rate /(7) is the riskless rate of return over the infinitesimal interval [T, T + 41], if the contract
is made at 1. Thus it is natural
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to view f{#, T) (which can be observed at /) as an estimate of the future short rate 7/(T). More explicitly it is argued that if
the market expects the short rate at T"to be high, then it seems reasonable to assume that the forward rate £z, T) is also
high, since otherwise there would be profits to be made on the bond market.

Our task now is to determine whether this reasoning is correct in a more precise sense, and to this end we study the
most formalized version of the argument above, known as the “unbiased expectation hypothesis” for forward rates. If
we set # = 0, this hypothesis says that in an efficient market we must have

SO =E[r(D],
(19.34)

i.e. the forward rate is an unbiased estimator of the future spot rate. If we interpet the expression “an efficient market”
as “an arbitrage free market” then we may use our general machinery to analyze the problem.

First we notice that there is no probability measure indicated in (19.34), so we have to make a choice.

Of course there is no reason at all to expect the hypothesis to be true under the objective measure P, but it is often
claimed that it holds “in a risk neutral world”. This more refined version of the hypothesis can then be formulated as

£(0.7) = E€[r(D)],

(19.35)
where ( is the usual risk neutral martingale measure.
We now use the definition
101 = - L mp(o.1),
to obtain
dp(0,7)
0,7) = 87
J(0.1) 20.T)
On the other hand we have
T
p(0.7) =F:Q[cxp{ / r(x)d.cH,
0
so, by differentiating under the expectation sign, we obtain
- el Lo
=  E¥|r(T)-exp r(s)ds) |.
or 0
We thus have
T ..
0.7) = £2| r(T) - exp { — o r(s)ds} ,
s l (). TR
(19.36)

which shows that the conjecture (19.35) is generically not true, except of course for the case when 7 is deterministic.
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For a more positive result, we see from formula (19.32) that in fact we have the following useful relation.

Lemma 19.13
[0y =E' [7(D)].

(19.37)

Thus the expectation hypothesis turns out to be true under the forward neutral measure. Note, however, that we have
different measures for different maturities 1.

19.5 A General Option Pricing Formula

The object of this section is to give a fairly general formula for the pricing of European call options. Assume therefore
that we are given a financial market with a (possibly stochastic) short rate of interest 7, and a strictly positive asset price

process S(7).

The option under consideration is a European call on § with date of maturity T and strike price K. We are thus
considering the T-claim

x=max [S(T) - K,0].
(19.38)
and, for readability reasons, we confine ourselves to computing the option price IT (% y) at time # = 0.

The main reason for the existence of a large number of explicit option pricing formulas is that the contract function
for an option is piecewise linear. We can capitalize on this fact by using a not so well known trick with indicator
functions. Write the option as

X=[S(T)-K] - IT{S(T) 2K},
where [ is the indicator function, i.e.

s gy < | HESMZE
T8 =Ky = 0IfS(T) < K.
We obtain
N0 x) =£9[B7 () [S(1) - K11 {S(T) =K} ]

= Eg[e:&p { —/T?'(ﬂ)dﬂ} S(T)-I{8(I) =K} ]

0

T
—KEQ[exp{—] r(x)ds} -1{3(1’)3&}].
0

In the first term above, we use the measure @' having § as numeraire, and for the second term we use the T-forward
measure. From Theorem 19.8 and formula (19.31) we then obtain the following basic option pricing formula, which is
a substantial extension of the standard Black—Scholes formula.
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Proposition 19.14 (General option pricing formula) Given the assumptions above, the option price is given by
N(0. ) = S()Q(S(T) 2 K) = Kp(0.1)Q" (S(T) 2 K).
(19.39)

Here Q"denotes the T-forward measure, whereas (O denotes the martingale measure for the numeraire process S(7).

In order to use this formula in a real situation we have to be able to compute the probabilities above, and the standard
Condition which ensures computability turns out to be that volatilities should be deterministic. Hence we have the
following assumption.

Assumption 19.5.1 Assume that the process 7. defined by

2520 = 0
(19.40)
has a stochastic differential of the form
AZg (1) = Zg r(Dmg r()dt + Zg 7 (1) Os 7 (DAW,
(19.41)

where the volatility process o (7 is deterministic .

The crucial point here is of course the assumption that the row-vector process o, ., is deterministic. Note that the
volatility process as always is unaffected by a change of measure, so we do not have to specify under which measure we
check the Condition. It can be done under P as well as under Q.

We start the computations by writing the probability in the second term of (19.39) as

S(1)
p(131)

QN(S(I) =K) = QT( zk) = Q7 (Zs (1) = K).

(19.42)

Since Z; . is an asset price, normalized by the price of a T-bond, it has zero drift (Theorem 19.8) under ¢, so its O'-
dynamics are given by

dZs (1) = Zs 7 ()05 1 (AW .

(19.43)

This is basically GBM, driven by a multidimensional Wiener process, and it is easy to see that the solution is given by

Tt T
SLINEY
ad 0

de+ /TO‘SJ(:)JW "}
0

Os,T

(19.44)

In the exponent we have a stochastic integral and a deterministic time integral. Since the integrand in the stochastic
integral is deterministic, an easy extension
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of Lemma 3.15 shows that the stochastic integral has a Gaussian distribution with zero mean and variance
2 T 2
22 (1) = f los. (1) 1%L,
0

(19.45)

The entire exponent is thus normally distributed, and we can write the probability in the second term in (19.39) as
Q' (S(T) zK) = N[ds].

where

5(0) 12
hl( KP(O,T) ) sz,TLTJ

|55 2(T)

dgz

(19.46)

Since the first probability term in (19.39) is a (’-probability, it is natural to write the event under consideration in terms
of a quotient with § in the denominator. Thus we write

0% (S(T) = K) = QS[ ";(TI? < Ki) = o(rsrm < 1),
(19.47)
where Y|, is defined by
p(tT) _ 1

Vo = .
510 =5ty T Zes)

Again using Theorem 19.8 we see that under ' the process Y| , has zero drift, so its (’-dynamics are of the form

dYs r(t) = Yg.7(£) s (AW,

Since ¥gr= Z}ST’IT , an easy application of Itd's formula gives us 8, () = —o, (. Thus we have
_ p(0,T) 1 [T 2 ! 5
=) -4 - wes,

YS,T(T) S(O) e\p{ 2‘/0 Os,1 (DHd1 l US‘I(»")CJ

and again we have a normally distributed exponent. Thus, after some simplification,
Q*(S(T)zK) = N[d1],

where

dy=dy+ Z:‘;’r(f)-

(19.48)

We have thus proved the following result.
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Proposition 19.15 (Option pricing) Under the conditions given in Assumption 19.5.1, the price of the call option defined in
(19.38) is given by the formula

neo, x) =SO)N[d,] - K p(O.T)N[d,].

Here d,and d,are given in (19.46) and (19.48) respectively, whereasZy, ,(T) is defined by (19.45). (1949)

19.6 The Hull-White Model

As a concrete application of the option pricing formula of the previous section, we will now consider the case of
interest rate options in the Hull-White model (extended Vasicek). To this end recall that in the Hull-White model the
(O-dynamics of r are given by

dr= (®(1) - ar) di + odW.

From Section 17.3 we recall that we have an affine term structure

(19.50)
P(LT) = A6D-BEDNO,
where A and B are deterministic functions, and where B is given by (19.51)
B(LT) = é (1-e@TDy
(19.52)

The project is to price a European call option with date of maturity T, and strike price K, on an underlying bond with
date of maturity T,, where T, < T,. In the notation of the general theory above this means that T'= T, and that S(%) =
pt, T,). We start by checking Assumption 19.5.1, i.e. if the volatility, o, of the process

Z[f) - p(faTZ)

p(tIy)

(19.53)
is deterministic. (In terms of the notation in Section 19.5Z cortesponds to Z; , and o_cotresponds to o, ..)
Inserting (19.51) into (19.53) gives

Z(1) = exp {A(LTy) - A(LTy) - [B(LT2) - B(LT)]r(0) }.
Applying the It6 formula to this expression, and using (19.50), we get the (O-dynamics
dZ(D=Z(D{...}dt+Z{1)* 0,(HdW,
where (19.54)
o(ty= o[B(tTy)  BET)] = ZeM[e™2 M.
(19.55)

Thus o_is in fact deterministic, so we may apply Proposition 19.15. We obtain the following result, which also holds
(why?) for the Vasi¢ek model.
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Proposition 19.16 (Hull-White bond option) iz the Hull-White model (19.50) the price, at t = 0, of a European call with
strike price K, and time of maturity T, on a bond maturing at Tis given by the formula

(0, x) = p(0.T2)N [dy] — K+ p(0.T))N [d:],

where

(19.56)
P72 12
(£or) =52
dg - 2
*
dy = dy + E} (19.57)
E?'=0—2_{1—e_zarl} {1 —e_a(T3_T‘)}2. (19-58)
2a°
(19.59)
We end the discussion of the Hull-White model, by studying the pricing problem for a claim of the form
Z = &(r(T)).
Using the T-bond as numeraire, we have, from Proposition 19.10 and with r as the only X-factor,
T(4 2) = p(tT)E,, [®(r(T))],
(19.60)

so we must find the distribution of /(1) under (', and to this end we will use Theorem 19.8 (with p(# T) chosen as .§).
We thus need the volatility of the 1-bond, and from (19.51)—(19.52) we obtain bond prices (under Q) as

dp(.T) = r() p(LD)dt + v(LT) p(LT)AW
where the volatility »(, T) is given by

(19.61)
v(L,T) = — oB(LT).
Thus, using Theorem 19.8 the ('-dynamics of the short rate are given by (19.62)
dr— [0 —ar — ozv(f,T)]dJ + odW?,
(19.63)

where W is a O'-Wiener process.

We observe that, since #(#, T) and ® (4) are deterministic, 7 is a Gaussian process, so the distribution of 7(T) is
completely determined by its mean and variance under ¢". Solving the linear SDE (19.63) gives us

T
HT) =e U0, f e T [0(s) — o2v(s,T)]ds
{
T ape - rpe
+o / e U am ().
JF

(19.64)
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We can now compute the conditional ('-variance of n(1T), o*(1T), as

. T 2 .
oF(1T) = o* / e MU = T (1 — 7MY
{

(19.65)

Note that the O-mean of (1), m(4,T) — Efr [#(T)], does not have to be computed at all. We obtain it directly from
Lemma 19.13 as

m.?‘(‘{:T) = f(f«T)«
which can be observed directly from market data.

Under (', the conditional distribution of /(T) is thus the normal distribution N[f7, T), o(#, T)], and performing the
integration in (19.60) we have the final result.

Proposition 19.17 Given the assumptions above, the price of the claim X = © (1(1)) is given by

- 2
_ Iz= /(D] } i

1 x)
II{#, X) = p(1.7T) 77— 2
(4= D'!/me(rj’) ./_m (z)exp{ 207 (1)

: o
where st (1,T) is given by (19.65). (19.66)

19.7 The General Gaussian Model

In this section we extend our earlier results, by computing prices of bond options in a general Gaussian forward rate
model. We specify the model (under Q) as

df (11) = a(L1)dt + o (LTYAW (D).

where IW'is a d-dimensional (-Wiener process.

Assumption 19.7.1 We assume that the volatility vector function e
o(LT) = [o1(LT), ooy 04 (LT)]
s a deterministic function of the variables t and 'T.
Using Proposition 15.5 the bond price dynamics under @ are given by
dp(1.T) = p(tT)r(H)dl + p(LT)v(LT)YAW (1),
where the volatility is given by (19.68)
T
v(r,T) = — [ o(1.8)ds.
(19.69)

We consider a European call option, with expiration date T, and exercise price K, on an underlying bond with maturity
T, (where of course T, < T)). In
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order to compute the price of the bond, we use Proposition 19.15, which means that we first have to find the volatility
ar,1, of the process

T
Z(1) = %
An easy calculation shows that in fact
1
or.1,(0 =v(tT) —v(1,Tp) = —/;0 o(1.8)ds.
(19.70)
This is cleatly deterministic, so Assumption 19.5.1 is satisfied. We now have the following pricing formula.
Proposition 19.18 (Option prices for Gaussian forward rates) The price, at t = 0, of the option
x = max [p(To.T1) — K,0]
Zs given by
(0. x) = p(0.T)N [d,] — K+ p(0.To)N [d:],
(19.71)
where

£.7)) 12
—_— -3
]n[ Ep(0.Tq) ) + 27 T1.Ty
d]_ - 2 s
“ETLTQ

2
dz :d]_ ET],TQ’
2 To
ET]»TU =
Jo

Proof Follows immediately from Proposition 19.15.

2
O—T],Tg(s) d.!n',

ando s given by (19.70).

19.8 Caps and Floors

The object of this section is to present one of the most traded of all interest rate derivatives—the cap—and to show
how it can be priced.

An interest rate cap is a financial insurance contract which protects you from having to pay more than a prespecified
rate, the cap rate , even though you have a loan at a floating rate of interest. There are also floor contracts which
guarantee that the interest paid on a floating rate loan will never be below some predetermined floor rate . For
simplicity we assume that we are standing at time # = 0, and that the cap is to be in force over the interval [0,T].
Technically speaking, a cap is the sum of a number of basic contracts, known as caplets , which are defined as follows.
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e The interval [0, T] is subdivided by the equidistant points
0= To,T]_,, - Tn=T

We use the notation & for the length of an elementary interval, i.e. 6 = T, — T . Typically, 8 is a quarter of a year,
or half a year.

* The cap is working on some principal amount of money, denoted by K, and the cap rate is denoted by R.

e The floating rate of interest underlying the cap is not the short rate 7, but rather some market rate, and we will
assume that over the interval [T, T] it is the LIBOR spot rate I(T.,, T) (see Section 15.2).

e Caplet 7 is now defined as the following contingent claim, paid at T,

=K§ max [L(T;,_1.T7;) — RO].

We now turn to the problem of pricing the caplet, and without loss of generality we may assume that K = 1. We will
also use the notation x* = max [x, 0], so the caplet can be written as

x=6L-R)",
where L = I(T._,, T). Denoting p(1,_, T) by p, and recalling that

l—p
I =
§7)

>

we have

L Copy b b _fl=p *
x =6L-R)'"'=6-R) _5( - R)

:(% (1|ﬁR))+:(% R+)+:%[Rl+ p)+,

R

where R" =1 + 8 R. It is. however, easily seen (why?) that a payment of
payment of R ( . —p7 at time T .

at time T is equivalent to a

Consequently we see that a caplet is equivalent to R” put options on an underlying T-bond, where the exercise date of
the option is at T, | and the exercise price is 1/R". An entire cap contract can thus be viewed as a portfolio of put
options, and we may use the eatlier results of the chapter to compute the theoretical price.

19.9 Exercises

Exercise 19.1 Derive a pricing formula for European bond options in the Ho-Lee model.
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Exercise 19.2 A Gaussian interest rate model

Take as given an HJM model (under the risk neutral measure Q) of the form
df () = a(tT)dt + o1+ (T = HAW (1) + o3¢~y (1)

where o, and o, are constants.

(a) Derive the bond price dynamics.
(b) Compute the pricing formula for a European call option on an underlying bond.

Exercise 19.3 Prove that a payment of ; (4—p)* at time T is equivalent to a payment of (A—p)" at time T, where p
=p(T_,, T), and A is a deterministic constant.

Exercise 19.4 Use the technique above in order to prove the pricing formula of Proposition 17.5 for bond options in
the Ho-Lee model.

19.10 Notes

The first to use a numeraire different from the risk free asset B were, independently, Geman (1982) and (in a Gaussian
framework) Jamshidian (1989), who both used a bond maturing at a fixed time 1T'as numeraire. A systematic study has
been carried out by Geman, El Karoui and Rochetin a series of papers, and many of the results above can be found, in
a more abstract setting, in Geman e/ a/. (1995).



20 Forwards and Futures

Consider a financial market of the type presented in the previous chapter, with an underlying factor process X, and
with a (possibly stochastic) short rate 7. (If ris stochastic we include it, for brevity of notation, as one component of X.)
We assume that the market is arbitrage free, and that pricing is done under some fixed risk neutral martingale measure
O (with, as usual, B as numeraire).

Let us now consider a fixed simple T-claim Y ,i.e. a claim of the form Y =W(X7), and assume that we are standing
at time % If we buy Y and pay today , i.e. at time # then we know that the arbitrage free price is given by

]_[(f, Y ) = G(\I,‘X}" T:\ Y )a
(20.1)

where the pricing function G is given by
T
Gltxe, T,Y ) = FIS l Y - cxp{ / r(lr)ds} ‘|,
t

and the payment streams are as follows.

(20.2)

1. At time 7 we pay II(# Y ) to the underwriter of the contract.
2. At time T we receive Y from the underwriter.

There are two extremely common variations of this type of contract, namely forwards and futures . Both these
contracts have the same claim Y as their underlying object, but they differ from our standard contract above by the
way in which payments are made.

20.1 Forward Contracts

We will start with the conceptually easiest contract, which is the forward contract. This is an agreement between two
parties to buy or sell a certain underlying claim at a fixed time T in the future. The difference between a forward
contract and our standard claims studied so far is that for a forward contract all payments are made at time 1. To be
more precise we give a definition.

Definition 20.1 Lez Y be a contingent 1-claim. A forward contract oz Y , contracted at 7, with time of delivery T, and
with the forward price [(4T,Y ), is defined by the following payment scheme.

o The holder of the forward contract receives, at time I, the stochastic amount X from the underwriter.
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o The holder of the contract pays, at time T, the amouni f (4, T,Y ) to the underwriter.

o The forward price f (£, T,Y ) is determined at time 1.

o The forward price f (£. T.Y ) is determined in such a way that the price of the forward contract equals zero, at the time t when the
contract is made.

Forward markets are typically not standardized, so forward contracts are usually traded as OTC (“over the counter”)
instruments. Note that even if the value of a specific forward contract equals zero at the time 7 of writing the contract,
it will typically have a nonzero market value which varies stochastically in the time interval [# T].

Our immediate project is to give a mathematical formalization of the definition above, and to derive a theoretical
expression for the forward price process [ (£ 7,Y ). This turns out to be quite simple, since the forward contract itself
is a contingent T-claim &, defined by

E=Y — [(LT.Y).
We are thus led to the following mathematical definition of the forward price process.

Definition 20.2 Lez Y be a contingent 1-claim as above. By the forward price process we mean a process f (£ T,Y ) of the
Jorm (LT, Y ) = [ (X5 T.Y ), where [ is some determinstic function, with the property that

e, Y = f(LXeT.Y)) =0.

(20.3)

Writing the forward price as f(£X; 7.Y ) formalizes the fact that the forward price is determined at # given the
information that is available at that time.

We now have the following basic formula for the forward price process.

Proposition 20.3 The forward price process is given by any of the following expressions.

. T8 Y
LY )= ——7—+
R T
SUETY)= (X5 T.Y), (20.4)
where 20.5)
T
1 ?
flxT.Y)= mﬂi l Y- cxp{ ]; r(x)ds}‘|,
SUxT.Y)=EL[Y]. (20.6)
(20.7)

Proof Using (20.3) and risk neutral valuation we immediately have the following identities, where we write f# x)
instead of f(tx, T, Y)

T
0 =1l Y .fi.c.X,JJ=£'Ey![LY fu.x,_u-cxp{ frf_s_)dsH
#

T T
T B:rp[ —/ r('c'}ds} FlEE e:;p[ —f r('c."}ds}“
t ¢

T
=II( 1) —f(z.X,]Efkr’Vexp{ —] r(s)ds}“
t

=II{& YY) - FeX)pT)

o 2
= Sf,x, - Er,x,
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This immediately gives us (20.4)—(20.6). The relation (20.7) then follows from (20.5) and Proposition 19.12.

Note that when dealing with forward contracts there is some risk of conceptual confusion. If we fix # T'and ¥, and let
s be a fixed point in time with # < s < T} then there will be two different prices.

1. The forward price f (s, 7.Y ) which is paid to the underwriter at time T for a forward contract made at time .
2. The (spot) price, at time s, of a fixed forward contract, entered at time 7 and with time T of delivery. This spot
price is easily seen to be equal to

s, Y) = p(e.DS(LT.Y).

20.2 Futures Contracts

A futures contract is very much like a forward contract in the sense that it is an agreement between two parties to buy
or sell a certain claim at a prespecified time T in the future. The principal difference between the two contracts lies in
the way in which payments are being made. We first give a verbal definition of the futures contract.

Definition 20.4 Lez Y be a contingent I-claim. A futures contract oz Y , with time of delivery T, is a financial asset with
the following properties.

(i) At every point of time t with 0 < t < T, there exists in the market a quoted object F(t, T,Y ), known as the futures price
Sfor Y at 1, for delivery at T

(1) At the time T of delivery, the holder of the contract paysF(T, T.Y ) and receives the claim Y .

(il) During an arbitrary time interval (s, 1] the holder of the contract receives the amonm F(£T.Y ) — F(s, T.Y ).

(iv) The spot price, at any time t prior to delivery, of obtaining the futures contract, is by definition equal to Zero.

A rough way of thinking about a futures contract is to regard it as a forward contract where the payments are made
continuously in time in the way described above, rather than all payments being made at time 1. As the forward price
increased, you would then get get richer, and as the forward price decreased you would lose money. The reason that
this way of looking at the futures contract is not entirely correct is the fact that if we start with a standard forward
contract,
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with its associated forward price process f, and then introduce the above payment scheme over time, this will (through
supply and demand) affect the original forward price process, so generically we will expect the futures price process I
to be different from the forward price process /. The payment schedule above is known as “marking to market”; it is
organized in such a way that the holder of a futures position, be it short or long, is required to keep a certain amount
of money with the broker as a safety margin against default.

Futures contracts, as opposed to forward contracts, are traded in a standardized manner at an exchange. The volumes
in which futures are traded over the world are astronomical, and one of the reasons for this is that on many markets it
is difficult to trade (or hedge) directly in the underlying object. A typical example is the commodity market, where you
actually have to deliver the traded object (tons of copper, timber, or ripening grapes), and thus are not allowed to go
short. In these markets, the futures contract is a convenient financial instrument which does not force you to physically
deliver the underlying object, while still making it possible for you to hedge (or speculate) against the underlying object.

We now note some properties of the futures contract.
* From (ii) and (iv) above it is clear that we must have
F(LT.Y)=Y.

(20.8)

Thus there is really no economic reason to actually deliver either the underlying claim or the payment at time 1. This
is also an empirical fact; the vast majority of all futures contracts are closed before the time of delivery.

e If you enter a futures contract a time # with a corresponding futures price (£ 7.Y ), this does not mean that
you are obliged to deliver Y at time T at the price (£ 7.Y ). The only contractual obligation is the payment
stream defined above.

* The name futures price is therefore somewhat unfortunate from a linguistic point of view. If today's futures
price is given by F(£ 7.Y ) (with # < T) this does not mean that anyone will ever pay the amount F(£ 7,Y ) in
order to obtain some asset. It would perhaps be more clear to refer to F(£, T,Y ) as the futures quotation .

* Since, by definition, the spot price of a futures contract equals zero, there is no cost or gain of entering or
closing a futures contract.

e If the reader thinks that a futures contract conceptually is a somewhat complicated object, then the author is
inclined to agree.

We now turn to the mathematical formalization of the futures contract, and is should by now be clear that the natural
model for a futures contract is an asset with dividends.

Definition 20.5 T)e futures contract on an underlying I-claim Y is a financial asset with a price process I1 () and a dividend
process D(2) satispying the following conditions.
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DIH=F(T,Y).

F(.T.Y)=Y. (20.9)
[H=0. vi<T. (20.10)
(20.11)

It now remains to investigate what the futures price process looks like. This turns out to be quite simple, and we can
now prove the main result of the section.

Proposition 20.6 ez Y be a given contingent I-claim, and assume that market prices are obtained from the fixed risk nentral
martingale measure Q. Then the following hold.

o The futures price process is given by
FURTY) = ES [ Y],
(20.12)
o If the short rate is deterministic, then the forward and the futures price processes coincide, and we have
FTY)=F(RTY )= ES [ Y],

(20.13)

Proof From Proposition 11.14, it follows that the discounted gains process

t
G4 = n}g:) + fo B%dﬁ'(s; T.Y)

has the representation
de = hdW,

for some adapted process 4. In our case we furthermore have IT (/=0 for all 7, so we obtain the representation

L
By

dF (L 1,Y) = hdW,.
Multiplying by B, on both sides we get
AF (L T.Y) = BhdW,,

which implies that #(z 7.Y) is a (O-martingale. Using the martingale property, the fact that we are in a Markovian
framework (see Lemma 4.9), and (20.10), we obtain

FULTY) = By [F(LTY)] = By 1],

which proves the first part of the assertion. The second part follows from the fact that Q'=Q when the short rate is
deterministic (see Lemma 19.11).
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20.3 Exercises

Exercise 20.1 Suppose that § is the price process of a non dividend paying asset. Show that the forward price
Sx, T.Y) for the T-claim ¥ = Sy is given by

S
SIS =Jan

Exercise 20.2 Suppose that §' is the price process of a dividend paying asset with dividend process D.

(a) Show that the forward price f7, x; T, §,) is given by the cost of carry formula

. B 1 o T iy
flxTSy) = M(.‘.} By l/z exp /tr(u)dfx db,| ).

Hint: Use the cost of carry formula for dividend paying assets.
(b) Now assume that the short rate 7 is deterministic but possibly time-varying. Show that in this case the formula

flx TSy) = 5 o /Tcx /Tr(r;)dfx dan
¥y £ ATY p(I,T) I ; p g 7 |-

Exercise 20.3 Suppose that § is the price process of an asset in a standard Black--Scholes model, with 7 as the
constant rate of interest, and fix a contingent T-claim @ (5(7)). We know that this claim can be replicated by a portfolio
based on the money account B, and on the underlying asset . Show that it is also possible to find a replicating
portfolio, based on the money account and on futures contracts for S(1).

above can be written as

20.4 Notes

For a wealth of information on forwards and futures, see Hull (1997) and Duffie (1989).
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A* 64

A7, 201

absorbed process, 182; density of, 183

adapted, 30

adjoint operator, 64

affine term structure, 255, 257

arbitrage, 8, 17, 80

ATS, see affine term structure

backing out parameters, 150

backward equation, see Kolmogorov

barrier contract, 182—193; down-and-inEuropean call, 193gen-
eral pricing formula, 192; down-and-out, 184bond,
189European call, 190general pricing formula, 185put-call
parity, 191stock, 190; in-out-parity, 192; ladder,
194-195definition of, 194pricing, 195; up-and-ingeneral
pricing formula, 193; up-and-outEuropean call, 191general
pricing formula, 188

binomial algorithm, 24

binomial model, 6-26; multiperiod, 15-25pricing, 25; single
period, 6-15pricing, 13

Black's formula, 92

Black-Scholes; equation,
options, 90; model,
dividends, see dividends

bond options, see interest rate models

bonds, 228-229, 241; bond price dynamics, 232; consol, 241;

240; coupon bond, 228; discount, 228;
duration, 228; fixed coupon, 2306;
floating rate, 237; maturity, 228; principal value, see face
value; yieldto maturity, 239zero coupon, 239; zero
coupon, 228

bull spread, 117

calibration, 150

change of numeraire, 274-296

complete market, 11, 18, 99-107, 131, 165; definiton of, 99

consol, see bonds

consumption process, 72

contingent claim, 3, 10, 18, 78; Z-reachable, 280; hedgeable,
99; reachable, 11, 18, 99, 131; simple, 78

contract function, 10, 18, 78

control process, see optimal control

convexity, se¢ bonds

cost of carry, 163, 302

currency derivatives, 167-181; including foreign equity,
170-175pricing formula, 173; pure currency contracts,
167-1700ption pricing, 169pricing formulas, 169

84; formula for European call
77completeness of, 100-105with

convexity,
239; face wvalue,

delta, 110; for European call, 112; for European put, 118; for
underlying stock, 115; hedging, 113-117

?, see delta

delta neutral, see portfolio

derivative, 3, 77

diffusion, 27

diffusion term, 27

dividends, 7475, 154-166; completeness,
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162risk neutral valuation, 162; cumulative, 74; discrete,
154-160jump condition, 155pricing equation, 157risk
neutral valuation, 159; general continuous, 163—165pric-
ing equation, 164risk neutral valuation, 164with stochastic
short rate, 165

drift term, 27

duration, see bonds

dynamic programming, see optimal control

Dynkin operator, 58

exchange rate, 167; Q-dynamics of, 169

expectation hypothesis, 286

exponential utility, 225

E[Y | F), 33

teedback control law, see optimal control

Feynman-Kac formula, 59-61, 67, 68

filtration, 30

financial derivative, 10

fixed income instrument, 228

flow of information, see filtration

Fokker-Planck equation, 63

forward; contract, 1, 90, 251, 297; price, 2, 91, 297formula,
91, 298relation to futures price, 92, 301

forward equation, se¢e Kolmogorov

forward measure, 275, 285

forward rate agreement, 240

forward rate of interest, see interest rates

futures; contract, 91, 299; options on, 92; price,
299formula, 92, 301relation to forward price, 92, 301

F* 29

gain process, 75, 162

gamma, 110; for European call, 112; for European put, 118;
for underlying stock, 115; hedging, 113-117

G, see gamma

gamma neutral, see portfolio

GBM, see geometric Brownian motion

geometric Brownian motion, 53-56; expected value of, 55;
explicit solution for, 55

greeks, 110

Hamilton-Jacobi-Bellman equation, see optimal control

Health-Jarrow-Morton (HJM), see interest rate models

heaviside, 188

hedge, 99

Hessian, 51

HJB, see Hamilton-Jacobi-Bellman

Ho-Lee, see interest rate models

91,

homogeneous contract, 128, 284; pricing equation, 129;
pricing formula, 284

Hull-White, see interest rate models

implied parameters, 150

incomplete market, 134-153; multidimensional, 144—152pric-

ing equation, 147risk neutral valuation, 147; scalar,

309

135pricing equation, 141risk neutral valuation, 142; with
stochastic interest rate, 148-149pricing equation, 148risk
neutral valuation, 149

infinitestimal operator, 57

information, 29-30

interest rate cap, 294

interest rate floot, 294

interest rate models; Black-Derman-Toy, 253; CIR, 253,
265bond prices, 261; Dothan, 253, 264; Gaussian forward
rates, 293-294bond options, 294; HJM, 266drift con-
dition, 267, 268forward rate dynamics, 266; Ho-Lee, 253,
264, 270bond options, 261bond prices, 260; Hull-White,
253, 271, 291bond options, 261bond prices, 263; two-
factor models, 265; Vasicek, 253, 264bond options, 263
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bond prices, 259

interest rate swap, 238, 251; forward swap, 238; pricing, 238;
swap rate, 238; swap rate formula, 239

interest rates, 229-231, 241; forward rate, 229, 250continu-
ously compounded, 230dynamics of, 232expectation
hypothesis, 286instantaneous, 230LIBOR, 230simple,
230; short rate, 76, 230dynamics of, 232, 242, 252; spot
ratecontinuously compounded, 230LIBOR, 230simple,
230

invariance lemma, 280

inversion of the yield curve, 253

It6 operator, 58

1t6's formula, 38, 45, 51; for correlated W, 46; multidimen-
sional, 44

Kolmogorov; backward equation, 62, 63; backward operator,
58; forward equation, 63

£2, 30

LIBOR, see interest rates

lookback contract, 195-197; pricing a lookback put, 196

market price of risk, 124, 140—144, 146, 149-152, 175-180,
247; domestic, 176; foreign, 177

martingale, 33; characterization of diffusion as, 35; connection
to optimal control, 226; harmonic characterization of,
50; PDE characterization of, 62; stochastic integral as, 34

martingale measure, 9, 87, 126, 142, 147, 149-152, 162, 164,
248, 250

martingale modeling, 252

martingale probabilities, 17

maximum option, see option

meta-theorem, 106

money account, 231

multidimensional model, 118-134; completeness of, 133;
hedging, 131-134; pricing equation, 125, 129; reducing
dimension of, 127-131; with stochastic interest rate,
148—-149pricing equation, 148risk neutral valuation, 149

Musiela; equation, 271; parameterization, 270

mutual funds, see optimal consumption-investment

M. (5, 182

m (8, 182

numeraire process, 278

ODE, 28

optimal consumption-investment, 214-227; a single risky
asset, 214-217; mutual fund theoremwith a risk free
asset, 222without a risk free asset, 221; several risky
assets, 217-227; stochastic consumption prices, 224

optimal control, 198-227; control constraint, 200; control
lawadmissible, 200feedback, 200; control process, 200;
dynamic programming, 202; Hamilton-Jacobi-Bellman
equation, 206, 213; martingale characterization, 220;
optimal value function, 203; state process, 199; the linear
regulator, 210; value function, 203; verification theorem,
207, 214

option; American, 94-96; American call, 77, 96; American

put, 96; Asian, 104; bartier, see barrier contract; binary,
180; binary quanto, 181; European call, 2, 77pricing
formula, 90; exercise date, 2, 77; exercise price, 77;
general pricing formula, 289, 291; lookback, 104, see
lookback contract; on bonds, see
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interest rate models; on currencypricing formula, 169; on
dividend paying asset, see dividends; on foreign equity,
171pricing formula, 174; on futures, 92pricing formula,
92; on maximum of two assets, 134; time of maturity, 77;
to exchange assets, 130, 284; to exchange currencies, 181

OTC instrument, 85

partial differential equation, 58—68

PDE, see partial differential equation

portfolio, 7, 16, 68—75; buy-and-hold, 109; delta neutral, 111;
dynamics, 72, 73, 75; gain process, 75; gamma neutral,
115; hedging, 11, 18, 99, 131; locally riskless, 80, 83;
Markovian, 72; relative, 73, 75; replicating, 99, see
hedging; self-financing, 17, 70, 72, 279with dividends, 75;
strategy, 72; value process, 72, 75, 279

portfolio-consumption pair, 72

portfolio-consumption pair; self-financing, 72

2[5, 78

put-call-parity, 109; for currency options, 180; for equity with
dividends, 165

', 282

0", 275, 285

quanto products, 167

random source, 105

rate of return, 76

rho, 110; for European call, 112

?, see tho

Riccati equation, 212

risk adjusted measure, 87, see martingale measure

risk free asset, 76

risk neutral; measure, see martingale measure; valuation, 9, 12,
87, 248

running maximum, 182; density of, 183

running minimum, 182; density of, 183

SDE, see stochastic differential equation

several underlying, see multidimensional model

short rate, 76

spot rate, see interest rates

state process, see optimal control

stochastic differential equation, 52; GBM, 53; linear, 56

stochastic integral, 30-32

straddle, 117

submartingale, 34; connection to optimal control,
subharmonic characterization of, 50

supermartingale, 34

T-claim, 78

team structure equation, 248, 249

theta, 110; for European call, 113

T, see theta

trace of a matrix, 51

220;

two-factor models, see interest rate models
value process, 8
vasicek, see interest rate models
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vega, 110; for European call, 113

0, see vega

verification theorem, see optimal control

volatility, 76, 93; historic, 93; implied, 94; matrix, 120; smile,
94

Wiener process, 27; correlated, 45-48; correlation matrix, 46

yield, see bonds
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